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Research productivity has been sharply declining since 1920. This decline has significant 
implications for inequality. Using an open-economy Schumpeterian growth model, we show 
that domestic research productivity influences income inequality through two opposing forces: a 
positive effect from increased asset returns and a negative effect from the erosion of innovation 
rents through creative destruction. In contrast, foreign research productivity affects inequality 
solely through the asset returns channel. By constructing a long historical data series for 21 OECD 
countries, we find that the asset returns channel has been the dominant driver of inequality over 
the past century. The reduction in both domestic and foreign R&D productivity accounts for 25% 
to 35% of the observed downward trend in income inequality over this period.

1. Introduction

R&D productivity has been markedly declining since 1920, where R&D productivity is measured by patents relative to the number 
of R&D researchers or real R&D expenditure. For the US, Bloom et al. (2020) find that research productivity has decreased by more 
than 5% annually since the 1930s, and Griliches (1994) shows that research productivity has declined by approximately 4.4% annually 
over the period 1920-1990. According to Schmookler (1954), this trend was evident since the late nineteenth century. The significant 
decrease in research productivity is not confined to the US but has been observed across the 21-country sample used in this study. 
Concurrently, income inequality, measured by the top 5% income share or the Gini coefficient, has also markedly decreased over the 
past century, declining by approximately 25% from 1920 to 2019.
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In this paper, we contend that the downward trend in research productivity may have contributed to the decline in income 
inequality over the last century. To show this, we extend the open-economy Schumpeterian quality-ladder model by Chu and Cozzi 
(2018). Our framework predicts that the productivity of domestic research activities has a dual impact on income distribution, 
operating through two conflicting channels. Ceteris paribus, an increase in domestic research productivity increases the rate of 
economic growth and the interest rate. This mechanism tends to favor asset-wealthy households, leading to an increase in income 
inequality (interest-rate channel). Simultaneously, by accelerating the rate of innovation, higher research productivity reduces the 
market value of incumbent firms through creative destruction. The resulting decrease in the value of financial assets mitigates income 
inequality (asset-value channel). While the domestic research productivity operates through the above two channels with opposite 
inequality outcomes, the effect of productivity of research undertaken abroad only operates through the conduit of the interest-rate 
channel, thus having an unambiguously positive effect on income inequality.

Empirically, we examine the model’s predictions using novel data covering over a century for 21 high-income countries. Specifi-

cally, we assess the impacts of domestic and foreign research productivity on the Gini coefficient, the top 5% income share, and the 
factor income ratio using cointegration and local projections (Sections 4-6). The latter procedure is used to perform an event analysis 
simulating the inequality response to an institutional shock that, by relaxing the patent application process, raised ‘measured’ research 
productivity, or the inequality response to an unanticipated shock to R&D productivity. Furthermore, to strengthen our results, we 
conduct a two-stage regression analysis to isolate the effects of domestic research productivity transmitted through the interest-rate 
channel and the asset-value channel, while controlling for foreign research productivity (Section 7). The regression results suggest 
that the interest-rate channel has been more influential in driving inequality than the asset-value channel over the past century. The 
different approaches used to identify the inequality effects of innovation point to a robust causal effect of research productivity on 
inequality. According to our most conservative estimates, the yearly decline of 8.5% in domestic R&D productivity and 7.7% decline 
in foreign R&D productivity from 1920 to 2019 explain between 25% and 35% of the observed downward trend in income inequality 
over the past century.

We make two principal contributions to the literature. First, the paper is likely the first to examine the inequality effects of research 
productivity by explicitly identifying the channels through which research productivity influence inequality. Second, the paper is the 
first to empirically test the inequality effects of domestic and foreign research productivity using long historical panel data. The use of 
cross-country data in this study stands in contrast to most studies on research productivity, which typically focus on the US (see, e.g., 
Aghion et al., 2023; Bloom et al., 2020). A significant benefit derived from the use of panel data is its ability to control for common 
unobserved confounders that vary at the same rate over time across countries. However, we extend this practice by incorporating 
common correlated effects to capture the impact of global shocks to the innovative environment, such as major macro inventions 
that stimulate a cascade of micro innovations and create heterogeneous effects across countries. The global nature of innovations, 
access to technology, and educational resources underscores the importance of addressing endogeneity due to common effects in the 
regressions. Furthermore, studies using aggregate cross-country data on R&D expenditure and patent statistics have been limited by 
short coverage periods from official sources. The use of long-term data not only enhances the efficiency of the estimates but also 
ensures that they are not driven solely by short- or medium-term trends, which are typical features of shorter data spans.

Our research is related to the literature that links innovation to income inequality, which has yielded mixed results (Akcigit et 
al., 2017). Intellectual property rights, including patenting, tend to favor the appropriation of innovation rents, thereby contributing 
to increasing income inequality (Lee and Rodríguez-Pose, 2013) and the capital share of national income (Koh et al., 2020; Guellec, 
2020). O’Mahony et al. (2021) examine the effect of R&D on the labor share of national income. Aghion et al. (2019) argue that 
innovation raises top income inequality and, through the contribution of new inventors, enhances social mobility. A complementary 
perspective suggests that innovation, especially by new entrants, reduces inequality at the upper end of the income distribution by 
fostering turnover among entrepreneurs (Jones and Kim, 2018).1

Another strand of the literature investigates how the relationship between innovation and inequality is affected by patent policy 
(Chu and Peng, 2011; Chu and Cozzi, 2018; Chu et al., 2021), and monetary policy (Chu et al., 2019), and explores the role of 
innovation in shaping income inequality during the transition from pre-industrial stagnation to modern economic growth (Chu and 
Peretto, 2023). Peretto and Seater (2013) propose an R&D-driven growth theory of factor-eliminating technical change in which 
innovation increases the capital share of national income. Grossman and Helpman (2018) examine how firm and worker heterogeneity 
shape the impact of innovation on wage inequality. Sampson (2023) explore how international differences in R&D efficiency contribute 
to the formation of technology gaps and disparities in income levels among different countries.

The rest of the paper is structured as follows. Section 2 lays out the growth set-up. In Section 3, we solve the model and investigate 
how innovation shapes the distribution of income. Section 4 presents the econometric model and describes the dataset. Section 5

summarizes the dynamic properties of the variables and the causality analysis and then presents the results of an extensive long-run 
(cointegration) regression. Section 6 investigates the short-run response of inequality to innovation shocks through the event analysis. 
Section 7 assesses the transmission channels of innovation on income inequality. Finally, Section 8 concludes.

1 Less directly, our research is related to the literature that examines factors responsible for the path of inequality since the early 1980s, including skill-biased 
technical change (Acemoglu, 2002), automation (Acemoglu and Restrepo, 2020; Prettner and Strulik, 2020), education (Prettner and Schaefer, 2021), declining 
unionization (Farber et al., 2021), offshoring of labor-intensive production (Elsby et al., 2013), dominance of superstar firms and rising markups (Autor et al., 2020; 
Boar and Midrigan, 2019). Our paper specifically focuses on the inner source of the long-run trend in income inequality, viz technological development, which 
2

constitutes a major explanatory factor for recent trends in inequality.
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2. Model

To illustrate the impact of innovation on income inequality, we consider a two-country version of the Schumpeterian quality-

ladder model developed by Chu and Cozzi (2018) featuring households with different levels of asset holdings. We depart from this 
model by incorporating endogenous labor supply and cross-country spillovers arising from trade.2 In our setup, both countries engage 
in innovation, but they may have different R&D productivities. The domestic country is denoted by the superscript 𝑑, and the foreign 
country is denoted by the superscript 𝑓 . For the sake of conciseness, we will focus on the domestic economy, noting that for every 
variable and equation related to the home country, there are corresponding expressions for the foreign country. In what follows, we 
will outline the main features of the growth setup. For a more comprehensive explanation of the model and the derivation of key 
equations, refer to Appendix A.1.

2.1. Households

In country 𝑑, there is a unit continuum of households indexed by 𝑥 ∈ [0, 1] with identical preferences for consumption and leisure 
and different levels of asset holdings. The lifetime utility function of household 𝑥 is given by:

𝑈𝑑 (𝑥) =

∞

∫
0

𝑒−𝜌𝑡
[
ln 𝑐𝑑

𝑡
(𝑥) + 𝜃 ln(1 − 𝑙𝑑

𝑡
(𝑥))

]
d𝑡,

where 𝜌 > 0 is the discount rate and 𝑐𝑑
𝑡
(𝑥) is household 𝑥’s consumption of the final good (the numeraire). Each household is endowed 

with one unit of time, which is allocated between work (𝑙𝑑
𝑡
(𝑥)) and leisure (1 − 𝑙𝑑

𝑡
(𝑥)). 𝜃 > 0 is the elasticity of instantaneous utility 

with respect to leisure. Each household earns both asset and labor income and maximizes utility, subject to the following constraint:

�̇�𝑑
𝑡
(𝑥) = 𝑟𝑑

𝑡
𝑎𝑑
𝑡
(𝑥) +𝑤𝑑

𝑡
𝑙𝑑
𝑡
(𝑥) − 𝑐𝑑

𝑡
(𝑥), (1)

where 𝑎𝑑
𝑡
(𝑥) is the value of financial assets owned by household 𝑥, 𝑟𝑑

𝑡
is the interest rate, and 𝑤𝑑

𝑡
is the wage rate (all expressed in 

real terms). At time 0, each household 𝑥 has a share of total assets, 𝜙𝑑
𝑎0(𝑥) ≡ 𝑎𝑑0 (𝑥)∕𝑎𝑑0 , which is exogenously given. We consider a 

general distribution function of the initial wealth share with a mean of one and a standard deviation of 𝜎𝑑
𝑎

.

The Euler equation associated with this intertemporal optimization is:

�̇�𝑑
𝑡
(𝑥)

𝑐𝑑
𝑡
(𝑥)

=
�̇�𝑑
𝑡

𝐶𝑑
𝑡

= 𝑟𝑑
𝑡
− 𝜌, (2)

which shows that the growth rate of consumption is the same across households (upper case letters denote aggregate variables).

2.2. Final good

In country 𝑑, final output, 𝑌 𝑑
𝑡

, is a Cobb-Douglas aggregator of two types of gross outputs produced with domestic and foreign 
intermediate goods, 𝑌 𝑑𝑑

𝑡
and 𝑌 𝑑𝑓

𝑡
, respectively:

𝑌 𝑑
𝑡
=

(𝑌 𝑑𝑑
𝑡

)𝛽 (𝑌 𝑑𝑓
𝑡

)1−𝛽

𝛽𝛽 (1 − 𝛽)1−𝛽
, (3)

where 𝛽 ∈ (0, 1] determines the importance of domestic goods in home final-good production. Final output can be used for con-

sumption and R&D investment. Gross outputs in country 𝑑 are produced using a Cobb-Douglas aggregator over a unit continuum of 
intermediate goods produced domestically, 𝑋𝑑𝑑

𝑡
(𝑖), and imported from the foreign country, 𝑋𝑑𝑓

𝑡
(𝑗) (with 𝑖, 𝑗 ∈ [0, 1]), namely:

𝑌 𝑑𝑑
𝑡

= exp
⎛⎜⎜⎝

1

∫
0

ln𝑋𝑑𝑑
𝑡

(𝑖)d𝑖
⎞⎟⎟⎠ , 𝑌

𝑑𝑓

𝑡
= exp

⎛⎜⎜⎝
1

∫
0

ln𝑋𝑑𝑓
𝑡

(𝑗)d𝑗
⎞⎟⎟⎠ .

Profit maximization yields the conditional demand functions for intermediate goods 𝑋𝑑𝑑
𝑡

(𝑖) and 𝑋𝑑𝑓
𝑡

(𝑗):

𝑋𝑑𝑑
𝑡

(𝑖) =
𝑃 𝑑𝑑
𝑦𝑡

𝑝𝑑𝑑
𝑥𝑡
(𝑖)
𝑌 𝑑𝑑
𝑡
, 𝑋

𝑑𝑓

𝑡
(𝑗) =

𝑃
𝑑𝑓

𝑦𝑡

𝑝
𝑑𝑓

𝑥𝑡
(𝑗)
𝑌
𝑑𝑓

𝑡
, (4)

where 𝑝𝑑𝑑
𝑥𝑡
(𝑖) and 𝑝𝑑𝑓

𝑥𝑡
(𝑗) are, respectively, the price of 𝑋𝑑𝑑

𝑡
(𝑖) and 𝑋𝑑𝑓

𝑡
(𝑗), whereas 𝑃 𝑑𝑑

𝑦𝑡
and 𝑃 𝑑𝑓

𝑦𝑡
are the standard price indices for 

𝑌 𝑑𝑑
𝑡

and 𝑌 𝑑𝑓
𝑡

.

2 Employing a two-country model as a theoretical framework enables us to conduct a more realistic empirical analysis, which allows us to explore the impacts of 
foreign innovation and research productivity spillovers on inequality. Trade facilitates the transfer of technology and innovation across borders, resulting in productivity 
3

gains that have the potential to shape the dynamics of inequality.
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2.3. Intermediate goods

Intermediate goods are freely traded, whilst labor is immobile across the two countries. In each industry 𝑖 ∈ [0, 1], a monopolistic 
leader hires labor to produce intermediate goods and sells them to domestic and foreign firms, 𝑋𝑑𝑑

𝑡
(𝑖) and 𝑋𝑓𝑑

𝑡
(𝑖):

𝑋𝑑𝑑
𝑡

(𝑖) = (𝑧𝑑 )𝑁
𝑑
𝑡
(𝑖)𝐿𝑑𝑑

𝑥𝑡
(𝑖), 𝑋

𝑓𝑑

𝑡
(𝑖) = (𝑧𝑑 )𝑁

𝑑
𝑡
(𝑖)𝐿𝑓𝑑

𝑥𝑡
(𝑖), (5)

where 𝑧𝑑 > 1 is the step size of each productivity improvement, 𝑁𝑑
𝑡
(𝑖) is the number of productivity improvements that have occurred 

in industry 𝑖 as of time 𝑡, while 𝐿𝑑𝑑
𝑥𝑡
(𝑖) and 𝐿𝑓𝑑

𝑥𝑡
(𝑖) denote, respectively, the amount of labor employed in the production of intermediate 

goods 𝑋𝑑𝑑
𝑡

(𝑖) and 𝑋𝑓𝑑
𝑡

(𝑖). As indicated by Eq. (5), innovation is cost-reducing.

The industry leader dominates the market temporarily until the arrival of the next innovation. Given the extant level of technology 
(𝑧𝑑 )𝑁

𝑑
𝑡
(𝑖), the leader’s marginal cost of producing one unit of the intermediate good is 𝑤𝑑

𝑡
∕(𝑧𝑑 )𝑁

𝑑
𝑡
(𝑖). The current and former industry 

leaders engage in a standard Bertrand competition, where the profit-maximizing price is a constant markup, 𝜓 ∈ (1, 𝑧𝑑 ], over the 
marginal cost, namely:

𝑝𝑑𝑑
𝑥𝑡
(𝑖) = 𝑝𝑓𝑑

𝑥𝑡
(𝑖) = 𝜓

𝑤𝑑
𝑡

(𝑧𝑑 )𝑁
𝑑
𝑡
(𝑖)
.

2.4. R&D activity and innovation

Following the standard approach in the literature, we focus on the symmetric equilibrium (for a comprehensive analysis of sym-

metric equilibrium in quality-ladder growth models, see Cozzi et al., 2007). Therefore, in the subsequent discussion, we omit the 
index 𝑖. In each country, there is a unit continuum of R&D entrepreneurs, 𝜄 ∈ [0, 1], that devote 𝑅𝑑

𝑡
(𝜄) units of the final good to R&D 

activities so as to maximize the expected profits, Π𝑑
𝑡
(𝜄) = 𝑣𝑑

𝑡
𝜆𝑑
𝑡
(𝜄) −𝑅𝑑

𝑡
(𝜄), where 𝜆𝑑

𝑡
(𝜄) is the firm-level arrival rate of innovation, and 

𝑣𝑑
𝑡

represents the value of an innovation. Aggregating over entrepreneurs yields the arrival rate of innovations in the home country:

𝜆𝑑
𝑡
=

1

∫
0

𝜆𝑑
𝑡
(𝜄)d𝜄 =

1

∫
0

𝜗𝑑
𝑅𝑑
𝑡
(𝜄)

𝐷𝑑
𝑡
Ω𝑑
𝑡

d𝜄 = 𝜗𝑑
𝑅𝑑
𝑡

𝐷𝑑
𝑡
Ω𝑑
𝑡

, (6)

where 𝜗𝑑 > 0 is an exogenous parameter of technological productivity characterizing the R&D process of the domestic economy.

R&D productivity is often considered a measure of R&D efficiency due to different economic and socio-institutional factors not 
explicitly included in our growth framework. These factors include: (i) knowledge spillovers, absorptive capacity, and technology 
spillovers from the frontier; (ii) intellectual property rights, R&D infrastructure, and education policy; and (iii) lobbying and corrup-

tion, among others. In the empirical analysis below, we will account for most of these confounding factors to isolate the impact of 
the technological component of R&D productivity on income inequality.

In Eq. (6), the term 𝐷𝑑
𝑡
≡ (𝑍𝑑

𝑡
)𝛽 (𝑍𝑓

𝑡
)1−𝛽 denotes the aggregate index of R&D difficulty, which is a combination of the levels of 

technology in the two economies. This term captures the increasing complexity of technology (Segerstrom, 1998; Venturini, 2012). 
Consequently, one unit of R&D outlay is proportionally less effective in creating new technology as products become more sophisti-

cated. Finally, Ω𝑑
𝑡
≡ (𝐿𝑑

𝑡
)𝛽 (𝐿𝑓

𝑡
)1−𝛽 represents a growth trend that depends on the size of the workforce in each country. Scaling the 

arrival rate of innovation with Ω𝑑
𝑡

eliminates the scale effect on long-run growth.

3. Solving the model

We solve the model with a specific focus on the equilibrium characteristics and their implications for income distribution. For a 
more comprehensive analysis, refer to Appendix A.2 for insights into the dynamics of the overall economy, and to Appendix A.3 for 
further information on the effects of R&D productivity on the distribution of wealth and income.

3.1. Aggregate economy

Economic growth in the home country depends on the rates of technological progress in the two economies, which ultimately 
reflects their aggregate rates of innovation.3 Defining aggregate technology in the home country as:

𝑍𝑑
𝑡
≡ exp

⎛⎜⎜⎝
1

∫
0

𝑁𝑑
𝑡
(𝑖)d𝑖 ln𝑧𝑑

⎞⎟⎟⎠ = exp
⎛⎜⎜⎝

𝑡

∫
0

𝜆𝑑
𝑠
d𝑠 ln𝑧𝑑

⎞⎟⎟⎠ ,
the growth rate of 𝑍𝑑

𝑡
becomes:

3 The aggregate effects exceed the domestic effects because the benefits of higher economic growth are shared with other countries through cross-country spillovers 
4

from trade in intermediate goods (Coe and Helpman, 1995; Coe et al., 2009).
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�̇�𝑑
𝑡

𝑍𝑑
𝑡

= 𝜆𝑑
𝑡
ln𝑧𝑑 = 𝜗𝑑

𝑅𝑑
𝑡

Ω𝑑
𝑡
𝐷𝑑
𝑡

ln𝑧𝑑.

The model features a unique and saddle-point stable balanced-growth path (BGP) along which the arrival rate of innovations and 
the interest rate remain constant, while all other aggregate variables grow at a constant and identical rate. In equilibrium, the arrival 

rates of innovation are stationary, 𝜆𝑑 = 𝜗𝑑 (𝜓−1)
𝜓

− 𝜌 and 𝜆𝑓 = 𝜗𝑓 (𝜓−1)
𝜓

− 𝜌, implying that the growth rates of technology, �̇�
𝑑
𝑡

𝑍𝑑
𝑡

and �̇�
𝑓
𝑡

𝑍
𝑓
𝑡

, 

are constant. The domestic variables {𝑎𝑑
𝑡
, 𝑣𝑑
𝑡
, 𝑌 𝑑
𝑡
, 𝜋𝑑
𝑡
, 𝐶𝑑
𝑡
, 𝑤𝑑

𝑡
, 𝐷𝑑

𝑡
} grow at the same rate, 𝑔𝑑 , given by:

𝑔𝑑 = 𝛽𝜆𝑑 ln𝑧𝑑 + (1 − 𝛽)𝜆𝑓 ln𝑧𝑓 = 𝛽
[
𝜗𝑑

(𝜓 − 1)
𝜓

− 𝜌
]
ln𝑧𝑑 + (1 − 𝛽)

[
𝜗𝑓

(𝜓 − 1)
𝜓

− 𝜌
]
ln𝑧𝑓 , (7)

which represents the steady-state growth rate in the domestic economy. Finally, the equilibrium expression for the domestic interest 
rate is given by 𝑟𝑑

𝑡
= 𝑟𝑑 = 𝑔𝑑 + 𝜌.

3.2. Income inequality

The income earned by each household consists of asset income and labor income. In this model, wealthier households enjoy 
greater asset income due to their larger asset holdings. Conversely, they receive lower labor income because they supply less labor.4

When analyzing income inequality, it is possible to show that the distribution function of income share at time 𝑡 has a mean of 
one and a standard deviation (coefficient of variation) of:

𝜎𝑑
𝐼𝑡
=

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∕𝑤𝑑

𝑡

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
+ 1

𝜎𝑑
𝑎
, (8)

which we take as a measure of income inequality (for a derivation of the Gini coefficient of income and the top income shares, 
see Appendix A.3). As can be easily ascertained, the degree of income inequality, 𝜎𝑑

𝐼𝑡
, is increasing in the interest rate, 𝑟𝑑 , and the 

asset-wage ratio, 𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
.

Changes in domestic R&D productivity, 𝜗𝑑 , can have positive or negative net effects on inequality depending on two opposing 
forces. The positive effect operates through the link between innovation and economic growth: an increase in 𝜗𝑑 promotes innovation 
within the domestic economy, leading to a higher arrival rate of innovations, 𝜆𝑑 . This accelerates economic growth (see Eq. (7)). 
The resulting increase in the growth rate, 𝑔𝑑 , translates into a higher rate of return on assets, 𝑟𝑑 = 𝑔𝑑 + 𝜌, which tends to benefit 
wealthier households, thereby increasing income inequality (interest-rate effect). This occurs because the higher growth rate tends 
to favor households with substantial assets. Both components of their income—asset income and labor income—increase relative to 
those of poorer households. The increase in the second component of income is due to the fact that the labor supply of asset-wealthy 
households is more responsive to an increase in the growth rate when their labor supply is elastic. The interest-rate effect can be 
summarized as:

Lemma 1 (Interest-rate effect). An increase in domestic R&D productivity exerts a positive effect on income inequality at home through the 
interest-rate channel:

𝜕 𝜎𝑑
𝐼𝑡

𝜕 𝑟𝑑
𝑡

𝜕 𝑟𝑑
𝑡

𝜕 𝜗𝑑
> 0.

The inequality-reducing effect of increased R&D productivity operates through the asset-wage ratio, 𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
and is related to the 

erosion of innovation rents due to creative destruction. Higher R&D productivity at home, 𝜗𝑑 , speeds up the arrival rate of innovation 
and reduces the market value of the existing firms (wealth dilution). As illustrated in Appendix A.3, this ratio can be expressed as:

𝑎𝑑
𝑡

𝑤𝑑
𝑡

=
𝑎𝑑
𝑡
∕𝑌 𝑑
𝑡

𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡

=
1∕𝜗𝑑

𝜃𝜌∕𝜗𝑑 + (𝜃 + 1)∕𝜓
= 1
𝜃𝜌+ (𝜃 + 1)𝜗𝑑∕𝜓

.

This equation reveals that both the value of assets relative to income, 𝑎𝑑
𝑡
∕𝑌 𝑑
𝑡

, and the wage-income ratio, 𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡

, decrease as 
𝜗𝑑 increases. However, the increase in 𝜗𝑑 results in a larger decrease in financial wealth, 𝑎𝑑 , compared to the decrease in the wage 
rate, 𝑤𝑑 . Consequently, the asset-wage ratio diminishes with 𝜗𝑑 , contributing to a reduction in income inequality (asset-value effect). 
Therefore, the increasing creative destruction tends to mitigate income inequality by decreasing asset income relative to labor income. 
The asset-value effect can be summarized as:

Lemma 2 (Asset-value effect). An increase in domestic R&D productivity exerts a negative effect on income inequality at home through the 
asset-value channel:

4 In a model with inelastic labor supply, an individual’s labor income is not influenced by their share of wealth in the economy. In the case of elastic labor supply, 
such as in our scenario, a negative relationship between wealth and labor income emerges. Indeed, as discussed in greater detail in Appendix A.3, wealthier households 
5

earn lower labor income due to their reduced labor supply.
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𝜕 𝜎𝑑
𝐼𝑡

𝜕 (𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
)
𝜕 (𝑎𝑑

𝑡
∕𝑤𝑑

𝑡
)

𝜕 𝜗𝑑
< 0.

Considering these opposing effects, the impact of a change in domestic R&D efficiency on income inequality in the home country is 
ambiguous. To shed light on the direction of this relationship, we conduct a calibration of this two-country model using aggregate data 
from 1985 to 2019 in Appendix A.4. Through a numerical exercise, we evaluate which of the two effects dominates. Specifically, we 
model a world consisting of the US and a foreign country, representing the weighted combination of six other innovation-intensive 
countries. Our quantitative analysis suggests that an increase in domestic R&D productivity is likely to result in higher income 
inequality.

Finally, it is important to note that an increase in foreign R&D productivity, 𝜗𝑓 , unambiguously influences domestic income 
inequality positively via the interest-rate channel. This is because the interest rate 𝑟𝑑 = 𝑔𝑑 + 𝜌 is affected by both domestic and 
foreign R&D productivity, as it is determined by a weighted average of domestic and foreign growth in technology. The asset-wage 
ratio, on the other hand, is only influenced by domestic R&D productivity. Indeed, an increase in foreign R&D productivity enhances 
economic growth in the home country through cross-country spillovers (see Eq. (7)).5 As a result, domestic income inequality, 𝜎𝑑

𝐼𝑡
, 

increases.

4. Empirics: model specification and data

We now examine the theory’s predictions that domestic research productivity either stimulates income inequality through the 
interest-rate channel or impedes it via the asset-value channel, whereas foreign research productivity affects inequality solely through 
the interest-rate channel. To explore the relationship between research productivity and income inequality, we conduct panel regres-

sion analyses using various approaches. First, we employ cointegration methods to estimate a long-run reduced-form equation, where 
income inequality is regressed on research productivity (Section 5). Second, we utilize local projection analysis following Jordà (2005)

to evaluate the short-term responsiveness of income inequality to exogenous shocks in research productivity, focusing on a change 
in the institutional settings governing international patent competition, and we compare these effects with counterfactual shocks 
(Section 6). Finally, we assess the distinct contributions of asset returns (through the interest-rate channel) and creative destruction 
(via the asset-value channel) using a two-stage regression framework, which helps elucidate how domestic research productivity 
influences income inequality (Section 7). This analysis will shed light on the direction of causality between R&D productivity and 
income inequality.

4.1. Cointegration model specification

To identify the long-run effects of R&D productivity on income inequality, we estimate the following log-linear model:

ln𝜎𝑖𝑡 = 𝛼𝑖 + 𝛼𝑑 ln𝜗𝑑𝑖𝑡 + 𝛼𝑓 ln𝜗
𝑓

𝑖𝑡
+ 𝜉𝐗𝑖𝑡 + 𝜆𝑖𝑢𝑡 + 𝜀𝑖𝑡, (9)

where 𝜎𝑖𝑡 is income inequality, 𝜗𝑑
𝑖𝑡

is domestic research productivity, 𝜗𝑓
𝑖𝑡

is foreign research productivity, 𝐗𝑖𝑡 is a vector of control 
variables whilst 𝛼𝑖 is country fixed effects. 𝜆𝑖 captures the effect at the country level of the shocks due to common unobservable 
factors, here proxied by common correlated effects (CCE; see Chudik et al., 2016). Finally, 𝜀𝑖𝑡 is a disturbance term. Newey-West 
standard errors that are robust to serial correlation and heteroskedasticity are reported in the tables throughout. The coefficient 𝛼𝑑
can take any sign depending on the strength of the interest-rate effect (positive) vis-á-vis the asset-value effect (negative). According 
to the predictions of our model, the impact of foreign research productivity should be unambiguously positive (𝛼𝑓 > 0).

Eq. (9) estimates the long-term relationship between income inequality and research productivity. To allow for short-term dy-

namics in the long-run model, we design the previous equation as an error-correction model (ECM) representation while restricting 
the parameters to be homogeneous (subscripts 𝑐 = 𝑑 or 𝑓 ):

Δln𝜎𝑖𝑡 = 𝛽𝑖 +
4∑
𝑙=1
𝛽𝜎,𝑙 ln𝜎𝑖𝑡−𝑙 +

4∑
𝑙=0
𝛽𝑐,𝑙Δln𝜗𝑐

𝑖𝑡−𝑙 −𝜓[ln𝜎𝑖𝑡−1 − 𝛼𝑐 ln𝜗
𝑐
𝑖𝑡−1] + ...+ 𝜀𝑖𝑡, (10)

where the ECM formulation includes the term (𝜓), which ensures that the model adjusts to its long-run equilibrium, and the term 
within the square brackets that corresponds to the disequilibrium (short-run) error. The ECM specification also includes lags of the 
dependent and right-side variables to capture the effect of simultaneous feedbacks, dynamic adjustments, etc. The ECM model yields 
long-run estimates that are asymptotically robust to reverse causality, measurement errors, and omitted variables. The country-specific 
intercepts, 𝛽𝑖, reflect systematic differences across countries in the dynamics of income inequality that do not vary over time.

We include up to four lags of the CCE terms, constructed as cross-sectional unweighted means of the variables of our regression 
model: their coefficients are allowed to vary across countries, noting that the CCE terms are excluded for foreign R&D productivity 

5 Intuitively, when a foreign country engages in more innovative activities due to increased research productivity, for example, it subsequently boosts its exports of 
intermediate goods to the domestic country. Consequently, the demand for intermediate goods produced in the domestic economy also rises, as the production of the 
6

final good, given by Eq. (3), requires inputs from both domestic and foreign sources. This, in turn, leads to an increase in the growth rate of the domestic economy.
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because they form a linear combination with domestic research productivity of partner countries. In a world of increasingly inter-

connected economies, it is vital to purge the influence of common unobservable factors, such as international technology shocks, 
knowledge spillovers, and absorptive capacity (see, e.g., Eberhardt et al., 2013; De Visscher et al., 2020).

4.1.1. Control variables

Given the potential endogeneity resulting from omitted variables, we include two sets of confounders identified in the literature 
as major factors influencing inequality: i) market structure and technology; and ii) social and institutional factors. Under market 
structure variables, we consider: i) Tobin’s q, which measures the ratio between market value and capital replacement costs, serving 
as an indicator of market rent or pure profit (Kerspien and Madsen, 2024); ii) the Herfindahl–Hirschman index of patent ownership,6

and iii) the proportion of firms annually exiting the technology market relative to active companies by technology class. Extensive 
literature suggests that increasing market concentration and markups have contributed to inequality trends in recent decades (see, 
e.g., De Loecker et al., 2020; Barkai, 2020; Kerspien and Madsen, 2024). Additionally, we use the share of machinery in total fixed 
investment as a proxy for mechanization, given that the adoption of advanced and efficient machines can exacerbate inequality, as 
noted by Prettner and Strulik (2020) in the context of automation, for example.

The second set of controls encompasses social and institutional characteristics of countries, including tertiary educational attain-

ment, income per capita, average taxation rate, and unionization rates. Tertiary education is included as it is the ultimate source of 
a country’s ability to generate new ideas and influences income inequality through the skill premium. Income per capita reflects the 
income distributional effects of economic development, as indicated by the Kuznets Curve (Kuznets, 1955; Aghion et al., 2023). The 
share of tax revenues in total GDP is included due to its potential to crowd out investment and influence the wealth income of high 
earners (Roine et al., 2009; Piketty, 2014; Islam et al., 2018). Finally, union membership rates are included as a proxy for union 
strength (see, e.g., Madsen et al., 2018a).

4.2. Data

The model is estimated for 21 OECD countries over the period 1920-2019: Australia, Austria, Belgium, Canada, Denmark, Finland, 
France, Germany, Greece, Ireland, Italy, Japan, the Netherlands, New Zealand, Norway, Portugal, Spain, Sweden, Switzerland, the 
UK, and the US.7 The starting year of 1920 is determined by data availability. Additionally, formal research conducted by corporations 
was negligible before 1920, and the manufacturing sector—where the majority of R&D activities are concentrated—began to gain 
prominence during the interwar period in most countries in our sample (Madsen et al., 2021).

We use a set of indicators that measure different dimensions of income inequality: the top 5% income share, the Gini coefficient, 
and the ratio of capital to labor income, referred to as the factor income ratio. We exclude labor income of the self-employed from 
the operating surplus (considered as capital income) and include it in labor income, assuming that the self-employed are paid the 
average wage rate. The Gini coefficient and the top 5% income share are based on pre-tax income, excluding transfers (referred to as 
market Gini), because net income inequality data has only recently become available.

Following the well-established literature on returns to research (Stafford, 1952; Kortum, 1993; Bloom et al., 2020), we construct 
two measures of R&D productivity: the number of patents applied for in domestic and foreign markets by residents of country 
𝑖 divided by i) domestic real R&D expenditure; ii) the number of R&D workers; and iii) real investment in intellectual property 
products (IPP). Data on patents applied for by residents in the home market, i.e., country 𝑖, are readily available from the World 
Intellectual Property Office (WIPO). However, patents applied for by residents of country 𝑖 in country 𝑗 are not directly available 
but are collected from official statistics of country 𝑗 before 1972 when the WIPO data were unavailable. Foreign R&D productivity 
(𝜗𝑓 ) is primarily measured as the bilateral import-weighted average of trade partners’ research productivity in our sample of 21 
countries: 𝜗𝑓

𝑖𝑡
=
∑21
𝑗=1𝑚𝑖𝑗𝑡 ⋅ 𝜗

𝑑
𝑗𝑡

, where 𝑖 ≠ 𝑗 and 𝑚𝑖𝑗𝑡 =𝑀𝑖𝑗𝑡∕𝑌𝑖𝑡 is the share of country 𝑖’s imports from country 𝑗 expressed in a 
common currency. As alternative weights, we use the inverse geographical distance, which has the advantage of not being affected 
by changes in income inequality and, therefore, is immune to feedback effects from the dependent variable. Finally, we use cultural 
proximity, which places stronger weight on inequality exerted by innovation conducted by countries with similar values and beliefs 
concerning property rights, profits, wealth, etc., proxied here by the degree of individualism (see Madsen and Farhadi, 2018). In the 
robustness checks, we consider quality-adjusted measures of innovation output by weighting the number of patent counts by a quality 
index that reflects the number of citations received (forward citations) and the degree of originality of patented innovations (Hall et 
al., 2001).

Real R&D expenditure is available from the OECD starting from around 1970, depending on the country in question. The data 
is retropolated using a combination of historical reconstructions of nominal R&D expenditure, government expenditure on R&D and 
tertiary education, and statistical periodicals. The nominal R&D expenditure is deflated by a weighted average of wages of researchers 
and the acquisition cost of buildings and machinery. The data is constructed by Madsen et al. (2021). The real IPP data has only been 
collected relatively recently by the OECD and national statistical agencies because it recently transitioned from being expensed to 
being capitalized in the System of National Accounts. For that reason, it first becomes available sometime after 1960, depending on 

6 This variable is computed at the level of the four-digit IPC class to account for the effect of an innovation-led change in market concentration. It exploits the 
information of disambiguated applicants’ names as provided by the Comprehensive Universe of U.S. Patents dataset (CUSP) (see, e.g., Berkes, 2018). The CUSP dataset 
provides information on patent applications filed at the USPTO over the period 1836-2016.
7

7 See the online Appendix, Section D for data sources.
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the country in question. We retropolate the IPP data using R&D expenditure and deflate it by a weighted average of wages of R&D 
workers, prices of machinery and equipment, and housing rent.

The number of R&D workers is available from the OECD starting from around 1980, depending on the country in question. Before 
then, only a few observations on STEM researchers (science, technology, engineering, and mathematics) are available from national 
sources. Almost all of the pre-1980 data are measured as the stock of individuals of working age with a STEM degree and spliced 
with the number of researchers at the first year at which official data is available. The working age population with a STEM degree 
is constructed from data on students enrolled in STEM courses in the years at which the education was taken for each age cohort 
and the contemporaneous population decomposed by ages, meaning that we need data for enrollment in STEM courses back to 
1872 to construct the stock of R&D personnel starting from 1920. In 1920, the number of persons aged 64 with a STEM degree, for 
example, is estimated as the average number of students enrolled in STEM courses over the period from 1872 to 1876. The method 
used to estimate the educational attainment from enrollment data and age-dependent population data is derived by Madsen (2014). 
Enrollments in STEM degrees are taken from various statistical sources and often supplemented with enrollment data from university 
calendars for each individual university in a country.

4.3. Graphical analysis

Fig. 1 shows a long-term downward trend in domestic R&D productivity, measured as the number of patents per dollar spent on 
R&D, and the top 5% income share for the 21 countries considered here since 1870. The downward productivity trend is particularly 
pronounced between 1920 and 2019, the period covered by our empirical analysis. The top 5% income share declines over the period 
1920-1982. Despite the decrease in research productivity throughout the entire period, it has increased since 1982, predominantly 
because other drivers of inequality, such as biased technological change (Karabarbounis and Neiman, 2014; O’Mahony et al., 2021), 
decreasing labor power (Blanchard, 1997), increasing markups (Autor et al., 2020; Kerspien and Madsen, 2024), and globalization 
(Elsby et al., 2013) have pulled in the opposite direction.

Fig. 2 shows a robust positive relationship between the growth in domestic R&D productivity and the top 5% income share, where 
the observations are average annualized growth rates over the periods 1920-1945, 1945-1970, 1970-1995, and 1995-2019. Long-term 
intervals are used to smooth out random and cyclical fluctuations so that the data points capture the long-run variation between the 
variables. This relationship is highly statistically significant, as indicated by the statistical significance of the slope coefficient of the 
fitted line at the 95% confidence level.

5. Regression results

We first undertake cointegration regressions in which we examine i) the relationship between income inequality and research 
productivity while controlling for important confounders; ii) the sensitivity of the results to the measurement of research productivity, 
its decomposition into patents and R&D; and, iii) the time frequency of this data and other econometric issues.8

5.1. Baseline results

The baseline cointegration regression results with the top 5% income share, the Gini coefficient, and the factor income ratio as 
outcome variables are presented in Table 1. The coefficients of domestic research productivity are all highly significantly positive 
regardless of the measure used for income inequality. The largest elasticity of research productivity is found for the factor income 
ratio (0.095), followed by the Gini coefficient (0.044), and the top 5% income share (0.030) as outcome variables. The relatively high 
coefficient of the factor income ratio reflects its high standard deviation relative to that of the other inequality measures, especially 
due to the large fluctuations in the interwar period.

The coefficients of foreign research productivity are significantly positive in most cases (seven out of nine regressions). This 
suggests that the dominant effect of this force is positive, as predicted by the model, thus amplifying the domestic R&D productivity 
effects on income inequality.

5.2. Inclusion of confounders in the cointegration model

We check for endogeneity due to the omission of confounders in Table 2. For the sake of brevity, we include all the market 
structure variables in one set of regressions and the social and institutional variables in another set. The regressions in columns (1), 
(4) and (7) are the baseline regressions from Table 1. First, consider the inequality effects of the changing market structure and 
mechanization in columns (2), (5), and (8) of Table 2. The coefficients of Tobin’s q are negative and significant in two of the three 
cases when we control for all technological factors, including the degree of concentration, the exit rate from the technology market, 
and the mechanization rate. As expected, the impact of technological concentration is largely positive and significant, indicating 
that increasing market power of innovative companies leads to an increase in income inequality. Conversely, income inequality is 

8 For a detailed assessment of the statistical properties of the variables and their interrelationships, see the online Appendix, Section C.1, which shows: i) that 
research productivity and all measures of inequality contain unit roots (Table C1) and ii) there exists a stationary, long-run cointegration relationship between the 
8

variables (Table C2).
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(9) (10) (11) (12)

Factor income ratio

* 0.095*** 0.113*** 0.115*** 0.047***

(0.011) (0.008) (0.008) (0.013)

* −0.032*** −0.123***

(0.012) (0.015)

0.101**

(0.044)

0.179***

(0.026)

** −0.051*

(0.026)

** −0.222*** −0.220*** −0.222*** −0.289***

(0.030) (0.029) (0.029) (0.037)

1,874 1,874 1,874 1,874

0.859 0.858 0.858 0.654

easured in logs. The ECM term is the coefficient of the one-year 
 regressors and common correlated effects is set to 4. Newey-West 
and 10%, respectively.
Table 1

Baseline estimates (Long-run estimates, 1920-2019).

(1) (2) (3) (4) (5) (6) (7) (8)

Top 5% income share Gini

Domestic R&D productivity 0.030*** 0.027*** 0.029*** 0.045*** 0.044*** 0.031*** 0.039*** 0.065**

(0.003) (0.003) (0.003) (0.003) (0.003) (0.002) (0.002) (0.002)

Foreign R&D prod. (Bilateral imports) 0.013*** 0.012*** 0.021*** 0.070**

(0.004) (0.004) (0.004) (0.003)

Foreign R&D prod. (Geographical proxi.) 0.113*** −0.091***

(0.020) (0.017)

Foreign R&D prod. (Cultural proximity) 0.168*** 0.164***

(0.012) (0.011)

Trade openness 0.005 −0.165*

(0.010) (0.007)

ECM term −0.137*** −0.137*** −0.141*** −0.173*** −0.104*** −0.105*** −0.107*** −0.123*

(0.019) (0.019) (0.018) (0.021) (0.012) (0.012) (0.012) (0.012)

Observations 1,911 1,911 1,911 1,911 1,911 1,911 1,911 1,911

R-squared 0.906 0.912 0.910 0.751 0.928 0.932 0.930 0.825

Notes: The estimates are obtained from the pooled error-correction model that includes country fixed effects and common correlated effects. All variables are m
lagged level of the dependent variable and measures the speed of adjustment towards the equilibrium relationship. The number of time lags for the first-difference

standard errors are in parentheses. R&D productivity is measured as the ratio between patent counts and real R&D expenditure. ***, ** and * significant at 1, 5 
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Notes: Domestic R&D productivity is measured as the logs of the ratio between the counts of patent applications by residents and real R&D expenditure. All measure-

ments are based on unweighted averages of the 21 countries considered here.

Fig. 1. Long-run trend in domestic R&D productivity and top 5% income share.

Notes: Average annual rates of change in domestic R&D productivity (domestic patents divided by real R&D expenditure) and in the top 5% income share over the 
periods 1920-1945, 1945-1970, 1970-1995, and 1995-2019. The dashed line represents the linear regression slope between the two variables.

Fig. 2. Correlation between growth rates in income inequality and domestic R&D productivity.

negatively affected by mechanization as this process is likely to increase the skill premium, provided that high-skilled workers and 
new machines are complementary in production.

Next, consider the social and institutional confounders (columns (3), (6), and (9) of Table 2). The coefficients of the share of 
the working-age population with tertiary education are significantly negative in the estimates with the top income share and the 
Gini index as outcome variables, but positive at the 10% level in the regression using the factor income ratio as the dependent 
variable. The weakly significant positive effect of tertiary education on the factor-income ratio suggests that higher education is more 
complementary to capital than to raw labor, implying that an increase in education enhances the marginal productivity of productive 
assets. While this effect also applies to the Gini coefficient and the top 5% income share, these outcome variables are additionally 
influenced by between-labor inequality through the following two channels. First, an increasing supply of the working-age population 
with tertiary education reduces the skill premium, assuming that the elasticity of substitution between skilled and unskilled labor is 
10

greater than one. This effect is tempered if skill-biased technical progress induced by skilled labor is not strong enough to counteract 
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Table 2

Estimates with controls (Long-run estimates, 1920-2019).

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Top 5% income share Gini Factor income ratio

Domestic R&D productivity 0.030*** 0.046*** 0.046*** 0.044*** 0.054*** 0.107*** 0.095*** 0.056*** 0.079***

(0.003) (0.004) (0.005) (0.003) (0.003) (0.004) (0.011) (0.013) (0.012)

Foreign R&D productivity 0.013*** 0.028*** 0.028*** 0.021*** −0.032*** 0.018*** −0.032*** 0.017 −0.117***

(bilateral imports) (0.004) (0.004) (0.006) (0.004) (0.004) (0.004) (0.012) (0.013) (0.012)

Market Structure & Technology

Tobin’s q −0.018*** −0.004 −0.069***

(0.007) (0.004) (0.017)

Tech concentration 0.007*** 0.014*** 0.006***

(0.001) (0.001) (0.002)

Market exit rate 0.138*** −0.032*** −0.094***

(0.009) (0.007) (0.024)

Mechanization rate −0.149*** −0.047*** −0.104***

(0.007) (0.006) (0.018)

Social & Institutional Factors

Tertiary education −0.582*** −0.924*** 0.318*

(0.082) (0.067) (0.168)

Income per capita −0.081*** −0.128*** −0.568***

(0.019) (0.016) (0.060)

Unionization rate −0.004 0.080*** −0.094***

(0.007) (0.006) (0.016)

Tax revenues/GDP −0.052*** 0.076*** −0.040***

(0.006) (0.005) (0.014)

Observations 1,911 1,889 1,911 1,911 1,889 1,911 1,874 1,852 1,874

R-squared 0.906 0.851 0.797 0.928 0.870 0.855 0.859 0.791 0.708

Notes: The estimates are obtained from the pooled error-correction model that includes country fixed effects and common correlated effects. The ECM term is the 
coefficient of the one-year lagged level of the dependent variable and measures the speed of adjustment towards the equilibrium relationship. The number of time 
lags for first-difference regressors and common correlated effects is set to 4. Newey-West standard errors are in parentheses. All variables are measured in logs. ***, 
** and * significant at 1, 5 and 10%, respectively.

the relative supply effect (see, for a theoretical analysis, Acemoglu, 1998 and Kiley, 1999). Second, for a constant skill premium, an 
increase in the skilled labor force relative to workers with lower levels of education initially increases between-labor inequality but 
eventually decreases, following a pattern similar to the Kuznets curve. The negative coefficients of tertiary education in the regressions 
with the top income share and the Gini index as outcome variables suggest that educational expansion has reduced between-labor 
inequality.

The coefficients of per capita income are all significantly negative, which is consistent with the Kuznets Curve, provided that 
most countries in our sample are on the declining side of the inverse U-shaped curve. The coefficient of unionization is significantly 
negative in the regression with the factor-income ratio as the outcome variable, as it enhances the negotiation strength of labor. 
Conversely, and counter-intuitively, unionization is positively related to the Gini coefficient, which may be a result of a spurious 
correlation. Finally, the coefficients of tax in total GDP are significantly negative, except in the regression with the Gini index as the 
outcome variable. This suggests that middle-income earners benefit the most from higher taxation, while high-income earners, who 
get a large share of their income from capital, are the ones to lose the most from higher taxation.

Turning to the focus variables, the coefficients of domestic research productivity remain significantly positive in this set of re-

gressions. The parameter for this explanatory variable is slightly higher when controls are included in the models for the top 5% 
income share and the Gini coefficient. This suggests that the baseline regressions might underestimate the true impact of research 
productivity due to the omission of important control variables that affect inequality. Conversely, when the factor income ratio is 
used as outcome variable, the coefficients of domestic research productivity are reduced when confounders are controlled for. The 
coefficients of foreign R&D productivity are consistently significantly positive in the regressions with top 5% income inequality as the 
outcome variable, but they are unstable and sensitive to the inclusion of confounders in the regressions where the outcome variables 
are the Gini coefficient and the factor income ratio.

5.3. Alternative measures of research productivity

The results presented thus far are based on three different measures of income inequality using a single measure of research 
productivity. To overcome this limitation, we assess the sensitivity of our findings by using two alternative measures of R&D inputs: 
R&D workers and IPP expenses (Table 3). The results based on the top 5% income share, the Gini coefficient, and the factor income 
ratio as outcome variables are shown, respectively, in the left, middle, and right-hand panels of the table. Foreign research productivity 
is based on bilateral import weights in all the estimates. Our key findings are largely confirmed using these new proxies for research 
11

productivity.
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Next, we decompose the inequality impact of research productivity into that attributable to innovation output (patent counts) 
and that associated with innovation input (R&D expenditure). The former variable captures the effect of the rents (profits) generated 
by the development of new technologies, while the latter reflects the remuneration of the inputs used in these processes, with R&D 
personnel constituting the lion’s share of this expenditure. Column (2) of Table 3 presents the results of this decomposition for our 
baseline measure of R&D productivity, considering patent counts and R&D expenses as explanatory variables. A similar exercise using 
R&D workers or IPP expenses in addition to patent counts as regressors is reported in Table C6 of the online Appendix, Section C.3. 
The results shown in columns (2), (6), and (10) of Table 3 are consistent with the model predictions: the coefficients of patents are all 
significantly positive, and those of R&D are significantly negative, except in the case where the top 5% income share is the dependent 
variable. As shown in Table C6, similar results are obtained when R&D is measured using both R&D workers and IPP expenses.

The estimated impact of patenting on inequality is consistent with the evidence provided by Aghion et al. (2019) for the US states 
and Bengtsson et al. (2020) in a cross-country study on the determinants of the income share of capital. Furthermore, the impact that 
R&D expenditure has on the factor income ratio is consistent with the effect of R&D on labor’s share of national income found by 
O’Mahony et al. (2021). Increasing evidence shows that innovation rents are partly appropriated by workers of any occupation, even 
though these benefits are unevenly distributed, with employees at the very top tail of the income distribution, such as top executives, 
gaining the most (Van Reenen, 1996; Kline et al., 2019).

5.4. Long-term interval regression and further robustness checks

As a further check, we assess the sensitivity of the results to the use of annual data by running the regression model using 5-year 
non-overlapping intervals. This analysis examines whether the time frequency of the data and the short-run dynamic adjustment of 
the variables featuring several adverse events over a century (i.e., the Great Depression, WWII, the oil price shocks, and the Great 
Recession) affect the estimates of the inequality effects of R&D productivity. The estimates in Table 4 show that, on average, the 
magnitude and significance of the coefficients of research productivity are larger than those with annual data. Along with the effect 
of adverse events, the lower coefficients associated with estimates using annual data might also be due to the noise in our series 
for the earlier period of the time interval, which could produce the classical attenuation bias. As expected, the estimated speed of 
adjustment towards the long-run equilibrium is much faster in the 5-year interval estimates than in the baseline regressions. A caveat 
in the factor income ratio regression is that the speed of adjustment is smaller than −1. This implies that the adjustment towards the 
long-run equilibrium is not monotonic, indicating some instability in the long-run relationship between this indicator of inequality 
and our measures of research productivity.

Further sensitivity tests are reported in the online Appendix, Sections C.2 and C.3. First, reducing the number of lags of the variables 
from four to two slightly improves the results: the coefficient of domestic research productivity increases in magnitude and achieves 
higher levels of statistical significance, while all elasticities of foreign research productivity are positive (see Table C3 of the online 
Appendix, Section C.2). Second, the inequality effect of research productivity is assessed using alternative dynamic estimators that are 
robust to simultaneity feedback effects and to the order of integration of the variables (cross-sectionally augmented autoregressive 
distributed lag, CS-ARDL, model), or that have good small-sample performance (cross-sectionally augmented distributed lag, CS-

DL, model; see Table C4 of the online Appendix, Section C.2). These robustness checks do not provide any evidence against the 
benchmark regressions. Finally, the coefficients of domestic research productivity remain close to those of the baseline regressions 
when the counts of patent applications are quality-adjusted, i.e., multiplied by the number of forward citations. In these regressions, 
foreign research productivity has a negative coefficient, likely reflecting the home bias associated with the data, which may lead to 
underestimating patent activities in some countries compared to the US (see Table C5 of the online Appendix, Section C.3).

6. Event study: inequality response to a shock in the patent propensity

In this section, we perform an event study to assess the sensitivity of income inequality to an exogenous shock to research 
productivity and compare the inequality response to our baseline long-run estimates. To this end, we consider the inequality effects 
of a change in the institutional setting governing international patent competition and treat the year in which the Patent Cooperation 
Treaty (PCT) came into force in a country as an event. The PCT, which is administered by the World Intellectual Property Organization, 
allows an applicant to extend the legal protection of an innovation from the home country to worldwide coverage in a preferential 
way, thus saving the costs of applying separately in each partner country. We use the change in the Intellectual Property Rights (IPRs) 
to identify the effect of a greater facility to exploit innovation rents on income inequality.9

To conduct the event study, we employ the local projection (LP) method (Jordà, 2005) and simulate the dynamic response of 
income inequality to the signing of the PCT. We compare this effect against the change in inequality associated with the peak year 
in research productivity and, as counter-factual exercises, against the impact on the income distribution induced by a random shock 
or by the entry of countries in our sample to the European Union.

9 Bhattacharya et al. (2022) assess how the imposition of stronger Intellectual Property Rights (The Patents Amendment Act, 2002) affected wage inequality in 
Indian manufacturing firms by shifting the law enforcement from process to product innovation, thereby favoring the compensation of top managers. Deepak et 
al. (2023) show that the American Inventor’s Protection Act influenced both patent and R&D performance of US companies exposed to this institutional change by 
12

speeding up patent disclosure.
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tor income ratio

5*** 0.078*** 0.107***

11) (0.007) (0.008)

032*** 0.026** −0.019** −0.003

12) (0.012) (0.008) (0.004)

0.205***

(0.014)

−0.153***

(0.016)

222*** −0.263*** −0.167*** −0.229***

30) (0.039) (0.023) (0.030)

ent counts / 
 expenses

Patent counts / 
R&D workers

Patent counts / 
IPP expenses

4 1,833 1,874 1,873

9 0.804 0.895 0.856

on correlated effects. The number of time lags for first-difference 
peed of adjustment towards the equilibrium relationship. Newey-

 the ratio between patent counts and R&D workers in column (3), 
Table 3

Robustness estimates: measurement issues (1920-2019).

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Top 5% income share Gini Fac

Domestic 
R&D 
prod.

0.030*** 0.096*** 0.028*** 0.044*** 0.035*** 0.043*** 0.09

(0.003) (0.002) (0.002) (0.003) (0.002) (0.002) (0.0

Foreign R&D 
prod.

0.013*** 0.070*** 0.014*** 0.011*** 0.021*** 0.011** −0.007*** 0.008*** −0.

(bilateral 
imports)

(0.004) (0.005) (0.002) (0.001) (0.004) (0.005) (0.002) (0.001) (0.0

Patent counts −0.004 0.110***

(0.005) (0.004)

R&D expenses −0.081*** −0.048***

(0.005) (0.004)

ECM term −0.137*** −0.230*** −0.101*** −0.140*** −0.104*** −0.123*** −0.083*** −0.105*** −0.

(0.019) (0.023) (0.013) (0.019) (0.012) (0.013) (0.010) (0.012) (0.0

R&D produc-

tivity

Patent counts / 
R&D expenses

Patent counts / 
R&D workers

Patent counts / 
IPP expenses

Patent counts / 
R&D expenses

Patent counts / 
R&D workers

Patent counts / 
IPP expenses

Pat

R&D

Obs 1,911 1,869 1,911 1,910 1,911 1,869 1,911 1,910 1,87

R-squared 0.906 0.833 0.911 0.909 0.928 0.886 0.935 0.932 0.85

Notes: Long-run estimates based on the pooled error-correction model. All variables are measured in logs. The estimates include country fixed effects and comm

regressors and common correlated effects is set to 4. The ECM term is the coefficient of the one-year lagged level of the dependent variable and measures the s
West-corrected standard errors are in parentheses. R&D productivity is measured as the ratio between patent counts and real R&D expenditure in column (1), as

and as the ratio between patent counts and real IPP expenditure in column (4). ***, ** and * significant at 1, 5 and 10%, respectively.
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Table 4

Estimates based on 5-year non-overlapping intervals (1920-2019).

(1) (2) (3)

5-year intervals

Top 5% income share Gini Factor income ratio

Domestic R&D productivity 0.090*** 0.032** 0.135

(0.028) (0.012) (0.096)

Foreign R&D productivity (bilateral imports) 0.120*** 0.080*** 0.117**

(0.024) (0.015) (0.046)

ECM term −0.802*** −0.609*** −1.141***

(0.124) (0.041) (0.210)

Observations 315 315 315

R-squared 0.543 0.394 0.467

Notes: Long-run estimates based on the pooled error-correction model. All variables are measured in logs. The 
estimates include country fixed effects and common correlated effects. The number of time lags for first-difference 
regressors and common correlated effects is set to 1. The ECM term is the coefficient of the one-year lagged level of 
the dependent variable and measures the speed of adjustment towards the equilibrium relationship. Newey-West 
standard errors are in parentheses. R&D productivity is measured as the ratio between patent counts and real R&D 
expenditure. ***, ** and * significant at 1, 5 and 10%, respectively.

The standard approach of LP involves running a set of linear regressions of future realizations of income inequality on the current 
values of a set of covariates (including the event variable). Following Romer and Romer (2017) and Ciminelli et al. (2022), we 
consider an extended version of the baseline LP approach, estimating the following specification10:

𝜎𝑖,𝑡+𝑘 = 𝛼𝑖 + 𝛼𝑡 +
𝑘∑
ℎ=0

(𝛼ℎ1𝐸𝑖𝑡+ℎ + 𝛼
ℎ
2𝐗𝑖,𝑡+ℎ) +

3∑
𝑙=1

(𝛼𝑙3𝜎𝑖,𝑡−𝑙 + 𝛼
𝑙
4𝐸𝑖,𝑡−𝑙 + 𝛼

𝑙
5𝐗𝑖,𝑡−𝑙) + 𝜀𝑖𝑡, (11)

where 𝜎𝑖 is the inequality indicator, 𝑘 defines the time horizon (𝑘 = 1, ..., 5) over which we compute the response of the outcome 
variable to the event occurring at time 𝑡 = 0. 𝐸 is the event indicator which takes the unitary value in the year of adhesion to the PCT 
and 0 otherwise. 𝐗 is a vector that contain the following controls: foreign R&D productivity, Tobin’s q, the share of the population 
with tertiary education, per capita income, the share of tax revenues in GDP, union membership. 𝛼𝑖 and 𝛼𝑡 are country and year 
effects, while 𝜀𝑖𝑡 is a disturbance term. Our empirical model also accounts for forward effects of the event and control variables, as 
well as for feedback effects, including the lagged impact of regressors and the dependent variable (up to three-year lags). The model 
is estimated with the FE-OLS estimator using heteroskedasticity-robust standard errors. We consider data over the period 1970-2019 
as the PCT started to come into effect in 1978 (which is also the modal year of the event), with the last country in our sample joining 
the treaty in 1992.

The top left-hand diagram in Fig. 3 shows the response function for the top 5% income share and the associated 90% and 95% 
confidence intervals to a shock in domestic research productivity. The reported values correspond to the percentage point change 
in income inequality. The top 5% income share increases by 0.85 percentage points over the 5-year horizon after the event and 
is significantly different from zero at the 5% level. This change corresponds to a logarithmic increase of 0.035 relative to the pre-

treatment value of inequality of 23.6%, which aligns with the long-run elasticities reported in columns (1)-(4) of Table 1.11

To assess the robustness of these results, we simulate the evolution of the top 5% income share after a peak year in research 
productivity (top right-hand panel in Fig. 3). The event variable takes a unitary value in the year with the highest research productivity 
between 1970 and 2019 (see Jordà and Taylor, 2016). Five years after the event, top income inequality is about 1.5 percentage points 
larger than the pre-event period. This response corresponds to a 0.063 log-increase, which is a less conservative value than that found 
in the baseline regressions.

As a further robustness check, we simulate the response of income inequality to (i) the entry of most countries of our sample into 
the European Union; and (ii) to a randomly assigned event year. We estimate the first model over the period 1950-2019 as the signing 
of the Treaty of Rome dates from March 25th, 1957. In both cases, the responses of inequality are considerably different from those 
illustrated in the top part of Fig. 3 as the top 5% income share does not show any significant change after the event. Since neither 
of these events should have any impact on income inequality, these results suggest that the baseline findings in the two first event 
studies are not driven by spurious correlation.

10 The LP approach has garnered increasing recognition for its computational simplicity and the fewer assumptions needed for identification compared to other 
popular methods such as Vector Autoregression (VAR). In LP settings, identification is typically achieved using external variables, and this approach has recently 
been utilized in the treatment analysis of macroeconomic processes, as in Difference-in-Difference (DiD) analysis (see for instance Dube et al., 2023). Despite its many 
benefits, a limitation of the LP method is the imprecision of estimates, as the confidence intervals of LP-based responses can be wide. To address this issue, researchers 
have developed Bayesian methods of LP analysis (Ferreira et al., 2024) or optimal linear methods that efficiently combine impulse response estimators (Ho et al., 
2024).
11 The simulated increase in the top 5% income share is comparable to the inequality change associated with conventional monetary policy shocks, i.e., a 25 basis 
14

point reduction in the repo rate (Amberg et al., 2022) or an unanticipated increase of 100 basis points in the short-term interest rate (Furceri et al., 2018).
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Notes: LP coefficient estimates (𝛼1𝑘). Bands in dark and light blue signify 90% and 95% confidence intervals, respectively, based on Eicker-Huber-White 
heteroskedasticity-robust standard errors. The reported values correspond to the absolute percentage point change in inequality (Y-axis) over a 5-year horizon (X-axis). 
The model is regressed over the period 1970-2019, except in the bottom left-hand panel, where the model is estimated over the period 1950-2019. The following 
controls are included in the estimates: foreign R&D productivity, Tobin’s q, the share of the population with tertiary education, per capita income, the share of tax 
revenues in GDP, union membership.

Fig. 3. Response of the top 5% income share to shocks to domestic R&D productivity. (For interpretation of the colors in the figure(s), the reader is referred to the 
web version of this article.)

We now turn to the inequality-effects of shocks to foreign research productivity. Figs. B.1 and B.2 in Appendix B.1 provide insights 
into both the response of the pool of countries and the specific responses of the individual economies. Specifically, we simulate the 
dynamic path in the top 5% income share in response to peak increases in bilateral import-weighted foreign R&D productivity. For 
the pool of countries, our LP (panel) specification includes country and time fixed effects, along with the same set of control variables 
used in Fig. 3. The response of income inequality is not statistically significant, which is likely due to the large heterogeneity across 
countries (see Fig. B.1). However, individual country LP regressions reveal a positive response of income inequality for a subset of 
economies, as illustrated in Fig. 4 for Canada, France, Sweden and the US. An overview of all countries covered in this paper is 
provided in Fig. B.2. Individual country responses are derived from an LP time-series specification comprising the event variable, 
domestic research productivity, a subset of control variables, leads and lags of these regressors, and lagged values of the outcome 
variable. These regressions are conducted using both the original time-series data and data expressed as deviations from the cross-

sectional mean (red lines), equivalent to regressions with time-effects (blue lines). The event plots in Fig. 4 show that the response 
of income inequality remains statistically significant even after controlling for the impact of common shocks (as captured by time 
dummies). The magnitude of the response is most pronounced for smaller economies. For instance, Sweden shows a 2% increase in 
top 5% income inequality five years after the event, while Canada and France exhibit increases around 1.5% and slightly below 1% 
for the US. Fig. B.2 indicates a similar pattern for other countries in our sample, namely Denmark, Finland, Italy, the Netherlands, 
and Portugal.

In sum, our exercise suggests that exogenous events that are likely to affect R&D productivity generate an inequality path that is 
consistent with the cointegration estimates. These findings support the view that R&D productivity allows us to identify the mech-

anisms of transmission of the effects of innovation. According to our long-run estimates (which represent our lower bound results), 
the yearly decline of 8.5% in domestic R&D productivity and 7.7% decline in foreign R&D productivity from 1920 to 2019 explain 
between 25% and 35% of the observed downward trend in income inequality over the past century.

7. How is innovation transmitted to inequality?

Our theoretical model predicts that the impact of domestic R&D on income inequality is ambiguous due to two opposing effects, 
viz., the interest-rate channel and the asset-value channel. In this section, we conduct a two-stage regression analysis to quantify the 
15

effects of domestic research productivity transmitted through these two conduits while controlling for foreign research productivity. 
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Notes: LP coefficient estimates (𝛼1𝑘). Interval bands are at 95% confidence and are based on Eicker-Huber-White heteroskedasticity-robust standard errors. The red line 
and bands refer to original (not time demeaned data). The blue line and bands refer to time demeaned data, which is equivalent to using time dummies. The reported 
values correspond to the absolute percentage point change in inequality (Y-axis) over a 5-year horizon (X-axis). The model is regressed over the period 1970-2019. 
The following control variables are included in the estimates: domestic R&D productivity, Tobin’s q, technological concentration, the share of the population with 
tertiary education, per capita income.

Fig. 4. Response of the top 5% income share to shocks to foreign R&D productivity: Individual country regressions.

In the first stage, we project domestic research productivity onto proxy variables for the two distinct channels. In the second stage, 
we regress the top 5% income share on the predicted values from these first-stage regressions to infer the inequality effects of the 
two forces. This exercise will help determine whether the coefficients of domestic research productivity are primarily influenced by 
the interest-rate channel (positive) or the creative destruction channel (negative).

For the asset value channel, we regress the capital-output ratio, 𝐾∕𝑌 , on both proxies for R&D productivity, while controlling for 
standard drivers of the capital-output ratio, such as the saving rate and per capita income growth. For the interest-rate channel, we 
regress the average rate of return of all assets, 𝑟, from Jordà et al. (2019a) on R&D productivity measures, the bank credit-GDP ratio 
(as a proxy for financial development), and per capita income growth. Similar to earlier works (see, e.g., De Loecker et al., 2020), 
this empirical strategy formalizes the idea that the two channels of innovation impact the share of aggregate income accruing to 
entrepreneurs (𝑟 ×𝐾∕𝑌 ).

This exercise follows two well-established streams in the literature. One stream investigates the determinants of the long-run 
movement in the capital-income ratio and the role played by the dynamics of the factor income shares (Piketty and Zucman, 2014; 
Madsen et al., 2018b). The prediction that the capital-income ratio is positively related to the rate of saving/investment and negatively 
related to income growth is also empirically supported by evidence in Madsen et al. (2021). The other stream of the literature studies 
the financial synchronization of advanced economies and relates recent co-movements of the interest rate to the slowdown in the 
productivity growth rate (see, e.g., Holston et al., 2017; Jordà et al., 2019b).

Note that, according to the theoretical framework, innovation by new entrants drives incumbents out of the market and depresses 
the value of assets (relative to wages) by dissipating existing innovation rents. Therefore, to capture the different effects of innovation 
by incumbents and new entrants, we multiply the overall R&D productivity, as used in the previous regressions, by the shares of total 
patents filed by recurrent and new applicants.12

12 Data on applications is from the Comprehensive Universe of U.S. Patents dataset (CUSP, Berkes, 2018), which provides information on disambiguated assignee 
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names and country of origin, patent technological classes, citations, etc. for all patent applications filed at the USPTO from 1836 to 2016. The analysis is based on the 
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Table 5

Estimates of the channels (1920-2015, 16 countries).

FIRST STAGE SECOND STAGE

Dep var: Capital-income ratio Dep var: Rate of return on assets Dep var: Top 5% income share

(1) (2) (3) (4) (5) (6) (7)

Domestic R&D productivity −0.040*** 0.463***

(0.010) (0.039)

Domestic R&D productivity (incumbents) 0.034** 0.041*** 0.066 −0.004

(0.015) (0.015) (0.059) (0.062)

Domestic R&D productivity (new entrants) −0.072*** −0.080*** 0.416*** 0.432***

(0.015) (0.015) (0.058) (0.057)

Foreign R&D prod. (bilateral imports) 0.044*** 0.066*** 0.073*** 0.200*** 0.170*** 0.126*** −0.113

(0.010) (0.010) (0.010) (0.041) (0.039) (0.042) (0.084)

Total saving / GDP −0.111***

(0.036)

Real income growth −0.003** 0.022**

(0.002) (0.009)

Bank credit / GDP −0.464***

(0.099)

Predicted rate of return on assets 0.172**

(0.080)

Predicted capital-income ratio 0.939

(0.655)

Obs. 1,536 1,511 1,485 1,273 1,269 1,258 1,468

R-squared 0.069 0.125 0.160 0.194 0.231 0.254 0.030

Notes: The estimates are obtained using the static FE-OLS estimator with Newey-West standard errors. The first-stage regressions incorporate country-specific fixed 
effects and common time dummies. In the second stage, the estimates include country-specific fixed effects and common correlated effects. Standard errors are 
bootstrapped with 100 replications in column (7). Column (7) uses predicted values from regressions in columns (2) and (5) as explanatory variables. The following 
five countries are excluded from the sample: Austria, Canada, Greece, Ireland, and New Zealand. ***, ** and * significant at 1, 5 and 10%, respectively.

The results are presented in Table 5. The second-stage estimates use standard errors bootstrapped with 100 replications. The table 
illustrates that domestic research productivity has a negative effect on the capital-income ratio, while foreign R&D productivity is 
positively associated with the dependent variable (column (1)). However, estimates in column (2) show that the former result is 
caused by the opposing effects exerted by the two components of R&D productivity, which are significantly positive for incumbents 
and significantly negative for new entrants. These effects are consistent with our Schumpeterian growth framework, where innovation 
by new entrants reduces the value of the overall stock of assets through the process of creative destruction. These results are robust 
to the inclusion of confounders, such as the saving rate and the rate of income growth (column (3)), with the impact of these controls 
being in line with earlier works.

In columns (4)-(6), we report the estimates for the relationship between the effects of domestic and foreign research productivity 
on the rate of return on assets. These variables are both positively related to the dependent variable as we would expect (column (4)). 
However, when domestic R&D productivity is decomposed into new entrants and incumbents (column (5)), we observe that the R&D 
productivity of new entrants is a significantly positive determinant of asset returns, while no effect can be traced for incumbents. The 
coefficient of R&D productivity remains unaffected by the inclusion of income growth and financial development as controls (column 
(6)).

Finally, column (7) reports the second-stage results based on the predicted values of the capital-income ratio and the rate of return 
on assets from the regressions in columns (2) and (5). These estimates indicate that the interest-rate channel is the main mechanism 
through which higher R&D productivity translates into higher income inequality. This finding is consistent with Moll et al. (2022), 
who study the distributional consequences of automation, showing that these new technologies would increase inequality by raising 
returns to wealth. Notably, the size of the predicted effect of the interest rate is larger than that found in the previous sections. This 
corroborates our interpretation of the reduced-form equation parameter for R&D productivity as the net impact of the two opposite 
forces.

The fact that the predicted value of the interest rate is found to be significantly associated with income inequality lends credit to 
the view that research productivity, being related to returns to innovation, is exogenous to income distribution and, hence, that the 
direction of causality is the one predicted by the theoretical framework. Indeed, it is highly implausible that the reverse mechanism is 
at work, i.e., that higher income inequality raises research productivity through a higher interest rate when controlling for financial 
development and other financial factors that usually determine firms’ engagement in innovation activities.

FE-OLS estimator in which time dummies are included in the first-step regression, while common correlated effects are allowed for in the second step. The standard 
errors, robust to serial correlation and heteroskedasticity, are bootstrapped with 100 replications in the second-step regressions in order to account for the non-casual 
nature of the main regressors. Due to data constraints, this part of the analysis covers the period from 1920 to 2015 and includes only 16 countries. Specifically, it 
17

excludes Austria, Canada, Greece, Ireland, and New Zealand from the total of 21 countries.
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8. Concluding remarks

In this paper, we show theoretically and empirically that the declining R&D productivity over the past century has significant 
income distributional consequences. Guided by a Schumpeterian growth framework, we show that the net impact of domestic research 
productivity on inequality is theoretically ambiguous due to two opposing forces, while foreign research productivity unambiguously 
has a positive effect on income inequality, operating solely through the interest-rate channel. Thus, for domestic productivity, whether 
the inequality effects are positive or negative becomes an empirical issue.

To resolve this theoretical ambiguity, we look at the long-run (cointegration) relationship between R&D productivity and income 
inequality using data from 21 OECD countries over the period 1920-2019. Furthermore, we conduct a local projection analysis, the 
results of which are largely consistent with the long-run regression. This analysis suggests a causal linkage from R&D productivity 
to income inequality. Finally, we employ a two-step regression procedure to quantify the impact of research productivity on income 
inequality through each of the two transmission channels. The results consistently show that research productivity plausibly causes 
inequality, with the interest-rate channel dominating the asset-value channel.

The inequality effect we have identified for R&D productivity is quantitatively important. Our most conservative estimates from our 
cointegration regressions show that the long-run income inequality elasticity of research productivity is 0.030 for domestic research 
productivity and 0.013 for foreign research productivity. These values are reasonably close to the short-run estimates obtained from 
the event analysis in Section 6. Based on these findings, we can infer that the annual declines of 8.5% in domestic R&D productivity 
and 7.7% in foreign R&D productivity from 1920 to 2019 contributed between 25% and 35% to the observed decrease in income 
inequality over the past century. In sum, our results have advanced the literature by showing that the prolonged, long-term decline 
in domestic and foreign research productivity in high-income countries can explain a substantial reduction in income inequality—a 
phenomenon that has long posed challenges for the inequality literature (Roine and Waldenström, 2009; Islam et al., 2018; Madsen 
et al., 2021).

Appendix A

In this Appendix, we provide further details of the theoretical set-up that were omitted from the paper for the sake of brevity.

A.1. Model description

Labor supply

Solving household 𝑥’s intertemporal optimization problem yields the fraction of time devoted to work, 𝑙𝑑
𝑡
(𝑥) = 1 − 𝜃𝑐𝑑

𝑡
(𝑥)∕𝑤𝑑

𝑡
. Hence, 

aggregate labor supply, 𝐿𝑑
𝑡
≡ ∫ 1

0 𝑙
𝑑
𝑡
(𝑥)d𝑥, can be written as:

𝐿𝑑
𝑡
= 1 − 𝜃

𝐶𝑑
𝑡

𝑤𝑑
𝑡

, (A.1)

where 𝐶𝑑
𝑡
≡ ∫ 1

0 𝑐
𝑑
𝑡
(𝑥)d𝑥 denotes aggregate consumption.

Gross outputs

Solving the profit-maximization problem yields the conditional demand functions for the two gross outputs, 𝑌 𝑑𝑑 and 𝑌 𝑑𝑓 , namely:

𝑌 𝑑𝑑
𝑡

= 𝛽
𝑌 𝑑
𝑡

𝑃 𝑑𝑑
𝑦𝑡

, 𝑌
𝑑𝑓

𝑡
= (1 − 𝛽)

𝑌 𝑑
𝑡

𝑃
𝑑𝑓

𝑦𝑡

, (A.2)

where 𝑃 𝑑𝑑
𝑦𝑡

is the price of 𝑌 𝑑𝑑
𝑡

and 𝑃 𝑑𝑓
𝑦𝑡

is the price of 𝑌 𝑑𝑓
𝑡

. Notice that the price index for the final good, 𝑌 𝑑
𝑡

, is normalized to 1 
(numeraire) and is equal to (𝑃𝑑𝑑

𝑦𝑡
)𝛽 (𝑃 𝑑𝑓

𝑦𝑡
)1−𝛽 .

Profits and wage income

Since the monopolistic price in product line 𝑖 is a constant markup over the marginal cost 𝑤𝑑
𝑡
∕(𝑧𝑑 )𝑁

𝑑
𝑡
(𝑖), the total profits earned by 

industry 𝑖’s leader amount to:

𝜋𝑑
𝑡
(𝑖) = 𝜋𝑑𝑑

𝑡
(𝑖) + 𝜋𝑓𝑑

𝑡
(𝑖) =

(
𝜓 − 1
𝜓

)[
𝑝𝑑𝑑
𝑥𝑡
(𝑖)𝑋𝑑𝑑

𝑡
(𝑖) + 𝑝𝑓𝑑

𝑥𝑡
(𝑖)𝑋𝑓𝑑

𝑡
(𝑖)
]
=
(
𝜓 − 1
𝜓

)
(𝑃 𝑑𝑑
𝑦𝑡
𝑌 𝑑𝑑
𝑡

+ 𝑃𝑓𝑑
𝑦𝑡
𝑌
𝑓𝑑

𝑡
), (A.3)

where the last equality of this equation follows from Eq. (4). The total amount of labor engaged in production in industry 𝑖 is equal 
to 𝐿𝑑

𝑥𝑡
(𝑖) =𝐿𝑑𝑑

𝑥𝑡
(𝑖) +𝐿𝑓𝑑

𝑥𝑡
(𝑖) and their remuneration is given by:

𝑓𝑑 𝑝𝑑𝑑
𝑥𝑡
(𝑖)𝑋𝑑𝑑

𝑡
(𝑖) + 𝑝𝑓𝑑

𝑥𝑡
(𝑖)𝑋𝑓𝑑

𝑡
(𝑖) 𝑃 𝑑𝑑

𝑦𝑡
𝑌 𝑑𝑑
𝑡

+ 𝑃𝑓𝑑
𝑦𝑡
𝑌
𝑓𝑑

𝑡

18

𝑤𝑑
𝑡
𝐿𝑑
𝑥𝑡
(𝑖) =𝑤𝑑

𝑡
𝐿𝑑𝑑
𝑥𝑡
(𝑖) +𝑤𝑑

𝑡
𝐿
𝑥𝑡

(𝑖) =
𝜓

=
𝜓

. (A.4)
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Eqs. (A.3) and (A.4) show that profits and wage income are identical for all industries.

Asset ownership and the innovation process

Since industry leaders obtain the same amount of profit, the value of an innovation, 𝑣𝑑
𝑡
(𝑖), in industry 𝑖 in country 𝑑 is 𝑣𝑑

𝑡
(𝑖) = 𝑣𝑑

𝑡

for all 𝑖 ∈ [0, 1]. Given that the distribution of financial assets across the two countries is indeterminate, following Dinopoulos and 
Segerstrom (2010) and Chu et al. (2015), we make the assumption that the property shares of monopolistic firms in a country are 
owned only by domestic households.13 Hence, the market value of an innovation is equal to the total value of financial assets owned 
by domestic households, namely 𝑎𝑑

𝑡
= 𝑣𝑑

𝑡
.

There is free entry in the R&D sector. Therefore, whenever this sector is active, expected profits must be equal to zero, so that:

𝑣𝑑
𝑡
=
𝐷𝑑
𝑡
Ω𝑑
𝑡

𝜗𝑑
. (A.5)

The familiar no-arbitrage condition for 𝑣𝑑
𝑡

equates the real interest rate, 𝑟𝑑
𝑡
, to the asset return per unit of asset, that is:

𝑟𝑑
𝑡
=
𝜋𝑑
𝑡
+ �̇�𝑑

𝑡
− 𝜆𝑑

𝑡
𝑣𝑑
𝑡

𝑣𝑑
𝑡

, (A.6)

which shows that the asset return is the sum of monopolistic profits, 𝜋𝑑
𝑡

, and capital gain, �̇�𝑑
𝑡
, minus the expected capital loss, 𝜆𝑑

𝑡
𝑣𝑑
𝑡
, 

due to creative destruction.

A.2. Equilibrium and the dynamics of the aggregate economy

Here, we delve deeper into the model solution, providing comprehensive insights into the dynamics of the aggregate economy.

Definition of the equilibrium

An equilibrium is a time path of allocations and a time path of prices such that, at each instant of time, the following conditions must 
hold:

1. Household 𝑥 in the domestic country chooses {𝑐𝑑
𝑡
(𝑥), 𝑙𝑑

𝑡
(𝑥)} to maximize 𝑈𝑑 (𝑥) subject to the asset-accumulation constraint 

taking {𝑟𝑑
𝑡
, 𝑤𝑑

𝑡
} as given;

2. Household 𝑥 in the foreign country chooses {𝑐𝑓
𝑡
(𝑥), 𝑙𝑓

𝑡
(𝑥)} to maximize 𝑈𝑓 (𝑥) subject to the asset-accumulation constraint taking 

{𝑟𝑓
𝑡
, 𝑤𝑓

𝑡
} as given;

3. Competitive final-good firms in the domestic country produce {𝑌 𝑑
𝑡
} to maximize profits taking {𝑃𝑑𝑑

𝑦𝑡
, 𝑃 𝑑𝑓
𝑦𝑡

} as given;

4. Competitive final-good firms in the foreign country produce {𝑌 𝑓
𝑡
} to maximize profits taking {𝑃𝑓𝑓

𝑦𝑡
, 𝑃𝑓𝑑
𝑦𝑡

} as given;

5. Competitive firms in the domestic country produce gross outputs {𝑌 𝑑𝑑
𝑡
, 𝑌 𝑑𝑓
𝑡

} to maximize profits taking {𝑃𝑑𝑑
𝑦𝑡
, 𝑃 𝑑𝑓
𝑦𝑡
, 𝑝𝑑𝑑
𝑥𝑡
, 𝑝𝑑𝑓
𝑥𝑡

} as 
given;

6. Competitive firms in the foreign country produce gross outputs {𝑌 𝑓𝑓
𝑡
, 𝑌 𝑓𝑑
𝑡

} to maximize profits taking {𝑃𝑓𝑓
𝑦𝑡
, 𝑃𝑓𝑑
𝑦𝑡
, 𝑝𝑓𝑓
𝑥𝑡
, 𝑝𝑓𝑑
𝑥𝑡

} as 
given;

7. Monopolistic intermediate-good firm 𝑖 ∈ [0, 1] in the domestic country produces {𝑋𝑑𝑑
𝑡

(𝑖), 𝑋𝑓𝑑
𝑡

(𝑖)} and chooses {𝑝𝑑𝑑
𝑥𝑡
(𝑖), 𝑝𝑓𝑑

𝑥𝑡
(𝑖)} to 

maximize profits taking {𝑤𝑑
𝑡
} as given;

8. Monopolistic intermediate-good firm 𝑗 ∈ [0, 1] in the foreign country produces {𝑋𝑓𝑓
𝑡

(𝑖), 𝑋𝑑𝑓
𝑡

(𝑖)} and chooses {𝑝𝑓𝑓
𝑥𝑡

(𝑗), 𝑝𝑑𝑓
𝑥𝑡

(𝑗)} to 
maximize profits taking {𝑤𝑓

𝑡
} as given;

9. Competitive R&D entrepreneur 𝜄 ∈ [0, 1] in the domestic country devotes {𝑅𝑑
𝑡
(𝜄)} units of final goods to R&D to maximize expected 

profits taking {𝑣𝑑
𝑡
} as given;

10. Competitive R&D entrepreneur 𝜄 ∈ [0, 1] in the foreign country devotes {𝑅𝑓
𝑡
(𝜄)} units of final goods to R&D to maximize expected 

profits taking {𝑣𝑓
𝑡
} as given;

11. The market-clearing conditions for final goods hold in the two countries such that 𝑌 𝑑
𝑡
= 𝐶𝑑

𝑡
+𝑅𝑑

𝑡
and 𝑌 𝑓

𝑡
= 𝐶𝑓

𝑡
+𝑅𝑓

𝑡
;

12. The market-clearing conditions for labor hold in the two countries such that 𝐿𝑑
𝑡
= ∫ 1

0 𝐿
𝑑
𝑥𝑡
(𝑖)d𝑖 and 𝐿𝑓

𝑡
= ∫ 1

0 𝐿
𝑓

𝑥𝑡
(𝑖)d𝑖;

13. The total value of households’ assets equals the value of monopolistic firms in each country such that 𝑣𝑑
𝑡
= 𝑎𝑑

𝑡
= ∫ 1

0 𝑎
𝑑
𝑡
(𝑥)d𝑥 and 

𝑣
𝑓

𝑡
= 𝑎𝑓

𝑡
= ∫ 1

0 𝑎
𝑓

𝑡
(𝑥)d𝑥;

14. The total value of trade in intermediate goods is balanced such that 𝑃𝑓𝑑
𝑦𝑡
𝑌
𝑓𝑑

𝑡
= 𝑃 𝑑𝑓

𝑦𝑡
𝑌
𝑑𝑓

𝑡
.

13 This assumption is consistent with Feldstein and Horioka (1980) who show the existence of a close relationship between domestic investment and saving using 
OECD data. See French and Poterba (1991) and Tesar and Werner (1995) for additional supporting evidence regarding the tendency to prioritize domestic assets in 
19

investment portfolios.
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Aggregate technology

Substituting 𝑋𝑑𝑑
𝑡

from (5) into 𝑌 𝑑𝑑
𝑡

, we get 𝑌 𝑑𝑑
𝑡

=𝑍𝑑
𝑡
𝐿𝑑𝑑
𝑥𝑡

, where 𝑍𝑑
𝑡

denotes aggregate technology in the home country, which is 
defined as:

𝑍𝑑
𝑡
≡ exp

⎛⎜⎜⎝
1

∫
0

𝑁𝑑
𝑡
(𝑖)d𝑖 ln𝑧𝑑

⎞⎟⎟⎠ = exp
⎛⎜⎜⎝

𝑡

∫
0

𝜆𝑑
𝑠
d𝑠 ln𝑧𝑑

⎞⎟⎟⎠ ,
noting that the second equality of this equation applies the law of large numbers. Differentiating the log of 𝑍𝑑

𝑡
with respect to 𝑡 gives 

the home country’s growth rate of aggregate technology, namely:

�̇�𝑑
𝑡

𝑍𝑑
𝑡

= 𝜆𝑑
𝑡
ln𝑧𝑑 = 𝜗𝑑

𝑅𝑑
𝑡

Ω𝑑
𝑡
𝐷𝑑
𝑡

ln𝑧𝑑.

Similarly, substituting 𝑋𝑑𝑓
𝑡

= (𝑧𝑓 )𝑁
𝑓
𝑡
(𝑗)𝐿𝑑𝑓

𝑥𝑡
(𝑗) into 𝑌 𝑑𝑓 yields 𝑌 𝑑𝑓

𝑡
=𝑍𝑓

𝑡
𝐿
𝑑𝑓

𝑥𝑡
, where the foreign country’s aggregate technology 

is defined as 𝑍𝑓
𝑡
≡ exp

(∫ 1
0 𝑁

𝑓

𝑡
(𝑗)d𝑗 ln𝑧𝑓

)
= exp

(∫ 𝑡0 𝜆𝑓𝑠 d𝑠 ln𝑧𝑓
)

. The growth rate of the foreign country’s aggregate technology is 

obtained by differentiating the log of 𝑍𝑓
𝑡

with respect to 𝑡, that is:

�̇�
𝑓

𝑡

𝑍
𝑓

𝑡

= 𝜆𝑓
𝑡
ln𝑧𝑓 = 𝜗𝑓

𝑅
𝑓

𝑡

Ω𝑓
𝑡
𝐷
𝑓

𝑡

ln𝑧𝑓 .

Equilibrium labor allocation

Given the profit-maximixing price in each industry, the price indices for 𝑌 𝑑𝑑
𝑡

and 𝑌 𝑓𝑑
𝑡

can be written as 𝑃 𝑑𝑑
𝑦𝑡

= 𝑃𝑓𝑑
𝑦𝑡

= 𝜓𝑤𝑑
𝑡
∕𝑍𝑑

𝑡
. 

Similarly, the price indices for 𝑌 𝑓𝑓
𝑡

and 𝑌 𝑑𝑓
𝑡

are equal to 𝑃𝑓𝑓
𝑦𝑡

= 𝑃 𝑑𝑓
𝑦𝑡

= 𝜓𝑤𝑓
𝑡
∕𝑍𝑓

𝑡
. Using the conditional demand functions in country 

ℎ for domestic and foreign gross outputs (A.2) yields:

𝑃 𝑑𝑑
𝑦𝑡
𝑌 𝑑𝑑
𝑡

𝛽
=
𝑃
𝑑𝑓

𝑦𝑡
𝑌
𝑑𝑓

𝑡

1 − 𝛽
=
𝑃
𝑓𝑑

𝑦𝑡
𝑌
𝑓𝑑

𝑡

1 − 𝛽
, (A.7)

where the second equality of Eq. (A.7) exploits the balanced-trade condition 𝑃𝑓𝑑
𝑦𝑡
𝑌
𝑓𝑑

𝑡
= 𝑃 𝑑𝑓

𝑦𝑡
𝑌
𝑑𝑓

𝑡
. Recalling that 𝑌 𝑑𝑑

𝑡
=𝑍𝑑

𝑡
𝐿𝑑𝑑
𝑥𝑡

and 
𝑌
𝑓𝑑

𝑡
=𝑍𝑑

𝑡
𝐿
𝑓𝑑

𝑥𝑡
, we easily get:

𝐿
𝑓𝑑

𝑥𝑡
= (1 − 𝛽)

𝛽
𝐿𝑑𝑑
𝑥𝑡
.

Combining this equation with the labor-market clearing condition for the domestic country 𝐿𝑑𝑑
𝑥𝑡

+ 𝐿𝑓𝑑
𝑥𝑡

= 𝐿𝑑
𝑡

yields 𝐿𝑑𝑑
𝑥𝑡

= 𝛽𝐿𝑑
𝑡

and 
𝐿
𝑓𝑑

𝑥𝑡
= (1 − 𝛽)𝐿𝑑

𝑡
. Following a similar procedure for the foreign country, we get 𝐿𝑓𝑓

𝑥𝑡
= 𝛽𝐿𝑓

𝑡
and 𝐿𝑑𝑓

𝑥𝑡
= (1 − 𝛽)𝐿𝑓

𝑡
. Substituting 𝐿𝑑𝑑

𝑥𝑡

into 𝑌 𝑑𝑑
𝑡

and 𝐿𝑑𝑓
𝑥𝑡

into 𝑌 𝑑𝑓
𝑡

yields 𝑌 𝑑𝑑
𝑡

= 𝛽𝑍𝑑
𝑡
𝐿𝑑
𝑡

and 𝑌 𝑑𝑓
𝑡

= (1 − 𝛽)𝑍𝑓
𝑡
𝐿
𝑓

𝑡
. Finally, inserting these results into Eq. (3), final output in 

the domestic economy can be written as:

𝑌 𝑑
𝑡
= (𝑍𝑑

𝑡
𝐿𝑑
𝑡
)𝛽 (𝑍𝑓

𝑡
𝐿
𝑓

𝑡
)1−𝛽 =𝐷𝑑

𝑡
Ω𝑑
𝑡
. (A.8)

Dynamics of the aggregate economy

Substituting the balanced-trade condition 𝑃𝑓𝑑
𝑦𝑡
𝑌
𝑓𝑑

𝑡
= 𝑃 𝑑𝑓

𝑦𝑡
𝑌
𝑑𝑓

𝑡
into Eqs. (A.3) and (A.4) gives:

𝜋𝑑
𝑡
=
(
𝜓 − 1
𝜓

)
(𝑃 𝑑𝑑
𝑦𝑡
𝑌 𝑑𝑑
𝑡

+ 𝑃 𝑑𝑓
𝑦𝑡
𝑌
𝑑𝑓

𝑡
) =

(
𝜓 − 1
𝜓

)
𝑌 𝑑
𝑡
, (A.9)

𝑤𝑑
𝑡
𝐿𝑑
𝑡
=
𝑃 𝑑𝑑
𝑦𝑡
𝑌 𝑑𝑑
𝑡

+ 𝑃 𝑑𝑓
𝑦𝑡
𝑌
𝑑𝑓

𝑡

𝜓
=
𝑌 𝑑
𝑡

𝜓
, (A.10)

where the second equality of (A.9) and (A.10) follows from (A.2). Using Eqs. (A.5), (A.8) and (A.9) and recalling that 𝑣𝑑
𝑡
= 𝑎𝑑

𝑡
we get:

�̇�𝑑
𝑡

𝑎𝑑
𝑡

=
�̇�𝑑
𝑡

𝑣𝑑
𝑡

=
�̇�𝑑
𝑡

𝐷𝑑
𝑡

+
Ω̇𝑑
𝑡

Ω𝑑
𝑡

=
�̇� 𝑑
𝑡

𝑌 𝑑
𝑡

=
�̇�𝑑
𝑡

𝜋𝑑
𝑡

, (A.11)

which shows that {𝑎𝑑
𝑡
, 𝑣𝑑
𝑡
, 𝑌 𝑑
𝑡
, 𝜋𝑑
𝑡
} grows at the same rate. Next, we define the transformed variable Σ𝑑

𝑡
≡ 𝐶𝑑

𝑡
∕(𝐷𝑑

𝑡
Ω𝑑
𝑡
) and show its 
20

stationarity. Inserting the market-clearing condition for final goods 𝑌 𝑑
𝑡
= 𝐶𝑑

𝑡
+𝑅𝑑

𝑡
into Eq. (6) gives:
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𝜆𝑑
𝑡
= 𝜗𝑑

(
𝑌 𝑑
𝑡
−𝐶𝑑

𝑡

𝐷𝑑
𝑡
Ω𝑑
𝑡

)
= 𝜗𝑑 (1 − Σ𝑑

𝑡
), (A.12)

where the second equality uses 𝑌 𝑑
𝑡
= 𝐷𝑑

𝑡
Ω𝑑
𝑡

by Eq. (A.8). As Eq. (A.12) shows, the dynamics of 𝜆𝑑
𝑡

are entirely determined by Σ𝑑
𝑡
. 

Taking the log of Σ𝑑
𝑡

and differentiating it with respect to 𝑡 gives:

Σ̇𝑑
𝑡

Σ𝑑
𝑡

=
�̇�𝑑
𝑡

𝐶𝑑
𝑡

−
�̇�𝑑
𝑡

𝐷𝑑
𝑡

−
Ω̇𝑑
𝑡

Ω𝑑
𝑡

= 𝑟𝑑
𝑡
− 𝜌−

�̇�𝑑
𝑡

𝑣𝑑
𝑡

, (A.13)

where the second equality uses the Euler equation (2) and the fact that �̇�𝑑
𝑡
∕𝑣𝑑
𝑡
= �̇�𝑑

𝑡
∕𝐷𝑑

𝑡
+ Ω̇𝑑

𝑡
∕Ω𝑑

𝑡
by Eq. (A.11). Substituting 𝑟𝑑

𝑡
from 

(A.6) into (A.13) and noticing that 𝜋𝑑
𝑡
= 𝑣𝑑

𝑡
𝜗𝑑 (𝜓 − 1)∕𝜓 by Eqs. (A.8), (A.9) and (A.5), we get:

Σ̇𝑑
𝑡

Σ𝑑
𝑡

= (𝜓 − 1)
𝜓

𝜗𝑑 − 𝜆𝑑
𝑡
− 𝜌. (A.14)

Then, inserting 𝜆𝑑
𝑡

from (A.12) into (A.14) yields a one-dimensional differential equation for Σ𝑑
𝑡
, namely:

Σ̇𝑑
𝑡

Σ𝑑
𝑡

= 𝜗𝑑Σ𝑑
𝑡
− 𝜌− 𝜗

𝑑

𝜓
. (A.15)

Since the coefficient of Σ𝑑
𝑡

in (A.15), namely 𝜗𝑑 , is positive, the dynamics of Σ𝑑
𝑡

are characterized by saddle-point stability. Thus, Σ𝑑
𝑡

immediately jumps to its non-zero steady-state value given by Σ𝑑 = 𝜌∕𝜗𝑑 + 1∕𝜓 . Using this result in (A.12) implies that the steady-

state arrival rate of innovation in the domestic country amounts to 𝜆𝑑 = 𝜗𝑑 (𝜓 − 1)∕𝜓 − 𝜌. A similar exercise yields the steady-state 
arrival rate of innovation in the foreign country, namely 𝜆𝑓 = 𝜗𝑓 (𝜓 − 1)∕𝜓 − 𝜌. Given the stationarity of Σ𝑑

𝑡
, Eq. (A.8) implies that 

𝐶𝑑
𝑡

must grow at the same rate as 𝑌 𝑑
𝑡

.

We finally prove that Ω𝑑
𝑡
≡ (𝐿𝑑

𝑡
)𝛽 (𝐿𝑓

𝑡
)1−𝛽 is also stationary. Rewriting Eq. (A.1) as 𝜃𝐶𝑑

𝑡
=𝑤𝑑

𝑡
(1 −𝐿𝑑

𝑡
) and then dividing both sides 

of this equation by 𝑌 𝑑
𝑡

yields:

𝜃
𝐶𝑑
𝑡

𝑌 𝑑
𝑡

= 𝜃Σ𝑑 =
𝑤𝑑
𝑡

𝑌 𝑑
𝑡

−
𝑤𝑑
𝑡
𝐿𝑑
𝑡

𝑌 𝑑
𝑡

, (A.16)

where the first equality uses the fact that 𝑌 𝑑
𝑡
=𝐷𝑑

𝑡
Ω𝑑
𝑡

by Eq. (A.8). Inserting 𝑤𝑑
𝑡
𝐿𝑑
𝑡

from (A.10) into (A.16) yields 𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡
= 𝜃Σ𝑑 +1∕𝜓 , 

which implies that �̇�𝑑
𝑡
∕𝑤𝑑

𝑡
= �̇� 𝑑

𝑡
∕𝑌 𝑑
𝑡

. Then, taking the log of (A.10) and differentiating the resulting equation with respect to 𝑡 yields:

�̇�𝑑
𝑡

𝐿𝑑
𝑡

=
�̇� 𝑑
𝑡

𝑌 𝑑
𝑡

−
�̇�𝑑
𝑡

𝑤𝑑
𝑡

= 0,

which shows that labor supply in the domestic economy, 𝐿𝑑
𝑡
, must be stationary. The latter takes the following value:

𝐿𝑑
𝑡
=𝐿𝑑 = 1 − 𝜃

𝐶𝑑
𝑡

𝑤𝑑
𝑡

= 1 − 𝜃
𝐶𝑑
𝑡

𝑌 𝑑
𝑡

𝑌 𝑑
𝑡

𝑤𝑑
𝑡

= 1 − 𝜃 Σ𝑑(
𝜃Σ𝑑 + 1∕𝜓

) = 1
1 + 𝜃 + 𝜃𝜌𝜓∕𝜗𝑑

. (A.17)

Following a similar exercise for the foreign economy, it is possible to show the stationarity of 𝐿𝑓
𝑡

. We then conclude that Ω𝑑
𝑡

is 
stationary. Using these results in Eq. (A.11), we finally get that {𝑎𝑑

𝑡
, 𝑣𝑑
𝑡
, 𝑌 𝑑
𝑡
, 𝜋𝑑
𝑡
, 𝐶𝑑
𝑡
, 𝑤𝑑

𝑡
} grow at the same rate as the aggregate index 

of R&D difficulty, 𝐷𝑑
𝑡
.

A.3. Wealth and income distributions

We now explore the implications of the model regarding wealth and income distributions.

Wealth distribution

We now show that the distribution of wealth is stationary on the BGP. The value of wealth in the domestic economy evolves according 
to:

�̇�𝑑
𝑡
= 𝑟𝑑

𝑡
𝑎𝑑
𝑡
+𝑤𝑑

𝑡
𝐿𝑑
𝑡
−𝐶𝑑

𝑡
. (A.18)

Combining (1) with (A.18), the law of motion of 𝜙𝑑
𝑎𝑡
(𝑥) ≡ 𝑎𝑑

𝑡
(𝑥)∕𝑎𝑑

𝑡
can be written as:

�̇�𝑑
𝑎𝑡
(𝑥) =

𝑤𝑑
𝑡
𝐿𝑑
𝑡

𝑎𝑑
𝑡

𝜙𝑑
𝑙𝑡
(𝑥) −

𝐶𝑑
𝑡

𝑎𝑑
𝑡

𝜙𝑑
𝑐𝑡
(𝑥) −

(𝑤𝑑
𝑡
𝐿𝑑
𝑡
−𝐶𝑑

𝑡
)

𝑎𝑑
𝑡

𝜙𝑑
𝑎𝑡
(𝑥), (A.19)

where 𝜙𝑑
𝑙𝑡
(𝑥) ≡ 𝑙𝑑

𝑡
(𝑥)∕𝐿𝑑

𝑡
and 𝜙𝑑

𝑐𝑡
(𝑥) ≡ 𝑐𝑑

𝑡
(𝑥)∕𝐶𝑑

𝑡
. Using Eqs. (A.5), (A.8), (A.10) and 𝑣𝑑

𝑡
= 𝑎𝑑

𝑡
and recalling that the aggregate economy 
21

is always on the BGP along which Σ𝑑
𝑡
≡ 𝐶𝑑

𝑡
∕(𝐷𝑑

𝑡
Ω𝑑
𝑡
) = Σ𝑑 = 𝜌∕𝜗𝑑 + 1∕𝜓 , after some rearranging, we get:



Journal of Economic Dynamics and Control 167 (2024) 104924J. Madsen, A. Minniti and F. Venturini

𝑤𝑑
𝑡
𝐿𝑑
𝑡

𝑎𝑑
𝑡

= 𝜗
𝑑

𝜓
,

𝐶𝑑
𝑡

𝑎𝑑
𝑡

= 𝜌+ 𝜗
𝑑

𝜓
. (A.20)

Moreover, using Eq. (A.1), we can express 𝜙𝑑
𝑙𝑡
(𝑥) as:

𝜙𝑑
𝑙𝑡
(𝑥) =

𝑤𝑑
𝑡
− 𝜃𝑐𝑑

𝑡
(𝑥)

𝑤𝑑
𝑡
− 𝜃𝐶𝑑

𝑡

=

𝑤𝑑
𝑡

𝑌 𝑑
𝑡

− 𝜃 𝐶
𝑑
𝑡

𝑌 𝑑
𝑡

𝜙𝑑
𝑐𝑡
(𝑥)

𝑤𝑑
𝑡

𝑌 𝑑
𝑡

− 𝜃 𝐶
𝑑
𝑡

𝑌 𝑑
𝑡

= 𝜃𝜓
𝜗𝑑

(
𝜌+ 𝜗

𝑑

𝜓

)
[1 − 𝜙𝑑

𝑐𝑡
(𝑥)] + 1, (A.21)

where the third equality of (A.21) uses the fact that 𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡
= 𝜃Σ𝑑 + 1∕𝜓 and 𝐶𝑑

𝑡
∕𝑌 𝑑
𝑡
= Σ𝑑 . Using Eqs. (A.20) and (A.21) in (A.19)

and noticing that 𝜙𝑑
𝑐𝑡
(𝑥) = 𝜙𝑑

𝑐0(𝑥) for all 𝑡 > 0 by Eq. (2) yields:

�̇�𝑑
𝑎𝑡
(𝑥) = 𝜌𝜙𝑑

𝑎𝑡
(𝑥) + 𝜗

𝑑

𝜓
+
(
𝜌+ 𝜗

𝑑

𝜓

){[
𝜃(1 −𝜙𝑑

𝑐0(𝑥)
]
− 𝜙𝑑

𝑐0(𝑥)
}
. (A.22)

The coefficient of 𝜙𝑑
𝑎𝑡

, namely 𝜌, is positive. Thus, the only solution of the differential equation (A.22) consistent with long-run 
stability is �̇�𝑑

𝑎𝑡
(𝑥) = 0 for all 𝑡. Imposing this condition gives the steady-state value of 𝜙𝑑

𝑐𝑡
(𝑥), namely:

𝜙𝑑
𝑐0(𝑥) =

(𝜃 + 1)
(
𝜌+ 𝜗𝑑

𝜓

)
+ 𝜌

[
𝜙𝑑
𝑎0(𝑥) − 1

]
(1 + 𝜃)

(
𝜌+ 𝜗𝑑

𝜓

) .

We therefore conclude that, for every household 𝑥, its asset share in the domestic country, 𝜙𝑑
𝑎𝑡
(𝑥), is exogenously determined at time 

0, namely 𝜙𝑑
𝑎𝑡
(𝑥) = 𝜙𝑑

𝑎0(𝑥) for all 𝑡 (stationarity of the wealth distribution).

Income distribution

Since the wealth distribution is stationary, �̇�𝑑
𝑡
(𝑥)∕𝑎𝑑

𝑡
(𝑥) = �̇�𝑑

𝑡
∕𝑎𝑑
𝑡
= 𝑔𝑑 for all 𝑥 ∈ [0, 1]. Using this result, we can write the budget 

constraint (1) as 𝑐𝑑
𝑡
(𝑥) = (𝑟𝑑

𝑡
− 𝑔𝑑 )𝑎𝑑

𝑡
(𝑥) + 𝑤𝑑

𝑡
𝑙𝑑
𝑡
(𝑥). Inserting 𝑐𝑑

𝑡
(𝑥) into household 𝑥’s labor supply, 𝑙𝑑

𝑡
(𝑥) = 1 − 𝜃𝑐𝑑

𝑡
(𝑥)∕𝑤𝑑

𝑡
, labor 

income becomes:

𝑤𝑑
𝑡
𝑙𝑑
𝑡
(𝑥) =

𝑤𝑑
𝑡
− 𝜃(𝑟𝑑

𝑡
− 𝑔𝑑 )𝑎𝑑

𝑡
(𝑥)

1 + 𝜃
, (A.23)

which shows that richer households earn lower labor income as they supply less labor (since 𝑟𝑑
𝑡
> 𝑔𝑑 ). It is important to note that labor 

income inequality in the model originates from endogenous labor supply. Since households’ labor supply is a decreasing function of 
their consumption share, which, in turn, depends positively on their wealth share, asset-wealthy households earn lower labor income. 
Using Eq. (A.23), household 𝑥’s income, 𝐼𝑑

𝑡
(𝑥), can be expressed as:

𝐼𝑑
𝑡
(𝑥) =

(𝑟𝑑
𝑡
+ 𝜃𝑔𝑑 )𝑎𝑑

𝑡
(𝑥) +𝑤𝑑

𝑡

1 + 𝜃
, (A.24)

which implies that the aggregate level of income amounts to 𝐼𝑑
𝑡
= [(𝑟𝑑

𝑡
+ 𝜃𝑔𝑑 )𝑎𝑑

𝑡
+𝑤𝑑

𝑡
]∕(𝜃 + 1). The term 𝜃𝑔𝑑 in Eq. (A.24) captures 

the impact on labor income of endogenous labor supply: a higher 𝑔𝑑 increases the household’s labor supply and hence its labor 
income, with an effect that is stronger for asset-wealthy households. To put it simply, households with substantial assets tend to be 
more receptive to an increase in the growth rate when it comes to their labor supply. Using these results together with the fact that 
𝑟𝑑
𝑡
= 𝑟𝑑 = 𝑔𝑑 + 𝜌, the share of income earned by household 𝑥, 𝜙𝑑

𝐼𝑡
(𝑥) ≡ 𝐼𝑑

𝑡
(𝑥)∕𝐼𝑑

𝑡
, becomes:

𝜙𝑑
𝐼𝑡
(𝑥) =

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
(𝑥) +𝑤𝑑

𝑡

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
+𝑤𝑑

𝑡

=
[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑

𝑡
𝜙𝑑
𝑎0(𝑥) +𝑤

𝑑
𝑡

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
+𝑤𝑑

𝑡

, (A.25)

where the second equality uses the stationarity of the wealth distribution, that is 𝜙𝑑
𝑎𝑡
(𝑥) = 𝜙𝑑

𝑎0(𝑥) for all 𝑡. The standard deviation of 
the distribution of income share amounts to:

𝜎𝑑
𝐼𝑡
=

√√√√√√ 1

∫
0

[𝜙𝑑
𝐼𝑡
(𝑥) − 1]2d𝑥 =

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∕𝑤𝑑

𝑡

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
+ 1

𝜎𝑑
𝑎
,

with the interest rate, 𝑟𝑑 , equal to 𝑔𝑑 + 𝜌, the economy’s growth rate, 𝑔𝑑 , given by Eq. (7) and the asset-wage ratio, 𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
, equal to:

𝑎𝑑
𝑡

𝑤𝑑
𝑡

=
𝑎𝑑
𝑡
∕𝑌 𝑑
𝑡

𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡

=
1∕𝜗𝑑

𝜃Σ𝑑 + 1∕𝜓
=

1∕𝜗𝑑

𝜃𝜌∕𝜗𝑑 + (1 + 𝜃)∕𝜓
= 1
𝜃𝜌+ (1 + 𝜃)𝜗𝑑∕𝜓

. (A.26)

The second equality in (A.26) is obtained from the relationship 𝑎𝑑
𝑡
= 𝑣𝑑

𝑡
= 𝐷𝑑

𝑡
Ω𝑑
𝑡
∕𝜗𝑑 = 𝑌 𝑑

𝑡
∕𝜗𝑑 , as described by Eqs. (A.5) and 
22

(A.8), combined with the observation that on the BGP, the wage-income ratio 𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡

equals 𝜃Σ𝑑 + 1∕𝜓 . Notice that a higher 𝜗𝑑
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lowers both the value of assets relative to income, 𝑎𝑑
𝑡
∕𝑌 𝑑
𝑡

, and the wage-income ratio, 𝑤𝑑
𝑡
∕𝑌 𝑑
𝑡

. As shown in (A.26), the former effect 
is greater than the latter one, thus causing the asset-wage ratio to fall with 𝜗𝑑 (asset-value effect). Notice that the asset-wage ratio 
in the domestic economy is independent of foreign R&D productivity. This result depends on the assumption that 𝑎𝑑

𝑡
= 𝑣𝑑

𝑡
, which 

implies that monopolistic firms created by domestic entrepreneurs’ innovations are owned by domestic households.

Gini coefficient of income

Let us sort households in ascending order of wealth and income. The Gini coefficients of wealth and income are defined respectively 
as:

𝜎𝑑𝐺
𝑎𝑡

≡ 1 − 2

1

∫
0

𝑑
𝑎𝑡
(𝜒)d𝜒, 𝜎𝑑𝐺

𝐼𝑡
≡ 1 − 2

1

∫
0

𝑑
𝐼𝑡
(𝜒)d𝜒,

where 𝑑
𝑎𝑡
(𝜒) and 𝑑

𝐼𝑡
(𝜒) are the Lorenz curves of wealth and income respectively, namely:

𝑑
𝑎𝑡
(𝜒) ≡ ∫ 𝜒0 𝑎𝑑𝑡 (𝑥)d𝑥

∫ 1
0 𝑎

𝑑
𝑡
(𝑥)d𝑥

=

𝜒

∫
0

𝜙𝑑
𝑎𝑡
(𝑥)d𝑥, 𝑑

𝐼𝑡
(𝜒) ≡ ∫ 𝜒0 𝐼𝑑𝑡 (𝑥)d𝑥

∫ 1
0 𝐼

𝑑
𝑡
(𝑥)d𝑥

=

𝜒

∫
0

𝜙𝑑
𝐼𝑡
(𝑥)d𝑥.

Substituting 𝜙𝑑
𝐼𝑡
(𝑥) into the expression for 𝑑

𝐼𝑡
(𝜒) using Eq. (A.25), we get:

𝑑
𝐼𝑡
(𝜒) =

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∫ 𝜒0 𝜙𝑑𝑎𝑡(𝑥)d𝑥+𝑤𝑑𝑡 𝜒

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
+𝑤𝑑

𝑡

=
[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑

𝑡
𝑑
𝑎0(𝜒) +𝑤

𝑑
𝑡
𝜒

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
+𝑤𝑑

𝑡

,

where the second equality exploits the fact that the wealth distribution is stationary. Then, substituting 𝑑
𝐼𝑡
(𝜒) into the Gini index of 

income inequality, 𝜎𝑑𝐺
𝐼𝑡

, and rearranging terms yields:

𝜎𝑑𝐺
𝐼𝑡

=
[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑

𝑡
∕𝑤𝑑

𝑡

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
+ 1

𝜎𝑑𝐺
𝑎
,

where 𝜎𝑑𝐺
𝑎

denotes the Gini coefficient of wealth at time 0.

Share of income of the top 𝜚 households

Let us define the shares of wealth and income of the top 𝜚 households respectively as:

𝑆
𝑑𝜚

𝑎𝑡
≡

1

∫
1−𝜚

𝜙𝑑
𝑎𝑡
(𝑥)d𝑥, 𝑆

𝑑𝜚

𝐼𝑡
≡

1

∫
1−𝜚

𝜙𝑑
𝐼𝑡
(𝑥)d𝑥.

Substituting 𝜙𝑑
𝐼𝑡
(𝑥) from Eq. (A.25) into 𝑆𝑑𝜚

𝐼𝑡
and rearranging terms yields:

𝑆
𝑑𝜚

𝐼𝑡
=

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
𝑆
𝑑𝜚

𝑎𝑡
+𝑤𝑑

𝑡
𝜚

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
+𝑤𝑑

𝑡

=
[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑

𝑡
∕𝑤𝑑

𝑡

[𝑟𝑑 (1 + 𝜃) − 𝜌𝜃]𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
+ 1

(𝑆𝑑𝜚
𝑎𝑡

− 𝜚) + 𝜚,

which shows that the top 𝜚 income share is increasing in asset returns, 𝑟𝑑 , and in the asset-wage ratio, 𝑎𝑑
𝑡
∕𝑤𝑑

𝑡
, provided that the 

share of wealth of the top 𝜚 households, 𝑆𝑑𝜚
𝑎𝑡

, is greater than 𝜚. The latter condition typically holds due to the high concentration of 
wealth observed in the data.

A.4. Calibration

Since, in the model, a change in the domestic R&D efficiency has an ambiguous impact on income inequality, we calibrate our 
two-country growth framework to gain insights into the sign of this relationship. To this end, we derive a condition enabling the 
comparison of the two effects. Inserting 𝑔𝑑 from Eq. (7) and 𝑎𝑑

𝑡
∕𝑤𝑑

𝑡
from Eq. (A.26) into Eq. (8) and then differentiating 𝜎𝑑

𝐼𝑡
with 

respect to 𝜗𝑑 yields:

𝜕𝜎𝑑
𝐼𝑡

𝜕𝜗𝑑
> 0 ⟺ 𝛽 > 𝛽 ≡ 𝜌𝜓 + (1 + 𝜃) ln𝑧𝑓

[
(𝜓 − 1)𝜗𝑓 − 𝜌𝜓

]
𝜌𝜓(𝜃𝜓 + 1) ln𝑧𝑑 + (1 + 𝜃) ln𝑧𝑓

[
(𝜓 − 1)𝜗𝑓 − 𝜌𝜓

] , (A.27)

which suggests that the positive interest-rate effect dominates the negative asset-value effect, provided that the importance of imported 
goods in domestic final-good production is relatively low (𝛽 relatively high). This establishes a positive relationship between income 
23
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Table A.1

Calibrated parameter values.

𝜌 𝜓 𝛽 𝜗𝑑 𝑧𝑑 𝜗𝑓 𝑧𝑓 𝜃 𝛽

0.05 1.10 0.95 0.77 1.53 0.72 1.66 1.89 0.81

Table A.2

Effect of changing 𝜓 and 𝜌 on 𝛽 .

𝛽

𝜌 = 0.03 0.04 0.05

𝜓 = 1.10 0.59 0.70 0.81

𝜓 = 1.15 0.41 0.48 0.56

𝜓 = 1.20 0.31 0.37 0.43

Using aggregate data from 1985 to 2019, we envisage a world that consists of the US and a weighted combination of 6 other 
innovation-intensive countries weighted by their GDP in purchasing power parity: Canada, France, Germany, Italy, Japan, and the 
UK. The model features the following parameters: {𝜌, 𝜓, 𝛽, 𝜗𝑑 , 𝑧𝑑 , 𝜗𝑓 , 𝑧𝑓 , 𝜃}. We set the discount rate 𝜌 to 0.05 following Acemoglu 
and Akcigit (2012) and the markup, 𝜓 , to 1.10, which is in the lower range of the estimates of Hall (2018) and Barkai (2020).14 We 
calibrate {𝛽, 𝜗𝑑 , 𝑧𝑑} using the following moments for the US economy. The average US imports-income ratio is estimated as imports 
from the six-country sample to the US relative to the US GDP (approximately 5%) and we use this moment to calibrate the parameter 
𝛽.15

Substituting 𝐷𝑑
𝑡
Ω𝑑
𝑡

from (A.8) into (6) and rearranging terms allows us to express the share of R&D expenditure in total GDP as:

𝑅𝑑

𝑌 𝑑
= 𝜆

𝑑

𝜗𝑑
,

which is set to 2.6%.16 Inserting 𝜆𝑑 = 𝜗𝑑 (𝜓 − 1)∕𝜓 − 𝜌 into the former equation yields an R&D productivity parameter of 𝜗𝑑 = 0.77. 
This results in an arrival rate of innovation of 2%. The average annual growth rate of total factor productivity (TFP) has been 0.86%,17

which allows us to pin down the value of the step size of innovation, namely 𝑧𝑑 = exp[( �̇�
𝑑

𝑍𝑑
)∕𝜆𝑑 ] = 1.53. Following the same procedure 

for the foreign country,18 we get an R&D productivity parameter of 𝜗𝑓 = 0.7 and a step size of innovation of 𝑧𝑓 = 1.64. As for the 
leisure parameter, 𝜃, we calibrate it by matching the average fraction of time devoted to labor supply, 𝐿𝑑 in Eq. (A.17), to the value 
of 0.33, which gives 𝜃 = 1.89. Inserting all these values in (A.27), we calculate 𝛽 . Table A.1 summarizes the calibrated parameter 
values.

Based on these parameter values, since 𝛽 > 𝛽, the positive interest-rate effect dominates the negative asset-value effect, implying 
that an increase in domestic R&D productivity leads to an increase in income inequality. In this numerical exercise, we consider a 
conservatively low markup rate, 𝜓 , and a relatively high discount rate, 𝜌. In Table A.2, we report results for 𝜌 ∈ {0.03, 0.04, 0.05}
and 𝜓 ∈ {1.10, 1.15, 1.20}.

Table A.2 shows that considering a larger 𝜓 or a smaller 𝜌, relative to the baseline values, leads to an even lower 𝛽 , which 
strengthens the positive long-run relationship between income inequality and domestic innovation. Therefore, we view the benchmark 
results under 𝜌 = 0.05 and 𝜓 = 1.10 as conservative.

Appendix B

B.1. Shocks to foreign R&D productivity

Here, we illustrate the response of the top 5% income share to peak increases in foreign research productivity. We present both 
the response for the pool of countries (Fig. B.1) and the responses observed in individual countries (Fig. B.2).

Appendix C. Supplementary material

Supplementary material related to this article can be found online at https://doi .org /10 .1016 /j .jedc .2024 .104924.

14 Using data on the US economy, these papers focus on the increase in markups since the early 1980s. See also De Loecker et al. (2020) who document a steady 
increase in the average markup in the US since 1980, mostly due to a reallocation of resources towards high markup firms.
15 Data source: U.S. Bureau of Economic Analysis, international data.
16 Data source: OECD (2021), Gross domestic spending on R&D (indicator).
17 Data source: OECD (2021), Multifactor productivity (indicator).
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18 We use an average R&D share of GDP of 2.22% and an average TFP growth rate of 0.82% (Data source: OECD 2021).

https://doi.org/10.1016/j.jedc.2024.104924
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Notes: LP coefficient estimates (𝛼1𝑘). Bands in dark and light red (blue) toning signify 90% and 95% confidence intervals based on Eicker-Huber-White 
heteroskedasticity-robust standard errors. The reported values correspond to the absolute percentage point change in inequality (Y-axis) over a 5-year horizon (X-axis). 
The model is regressed over the period 1970-2019. The following control variables are used in the regressions: domestic R&D productivity, Tobin’s q, the share of the 
population with tertiary education, per capita income, the share of tax revenues in GDP, union membership.

Fig. B.1. Response of the top 5% income share to shocks to foreign R&D productivity (pooled estimates).
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(A)

Notes: LP coefficient estimates (𝛼1𝑘). Interval bands are at a 95% confidence level and are based on Eicker-Huber-White heteroskedasticity-robust standard errors. 
The red line and bands refer to the original (not time-demeaned) data. The blue line and bands refer to time-demeaned data, which is equivalent to using time 
dummies. The reported values correspond to the absolute percentage point change in inequality (Y-axis) over a 5-year horizon (X-axis). The model is regressed over 
the period 1970-2019. The following control variables are included in the estimates: domestic R&D productivity, Tobin’s q, technological concentration, the share of 
the population with tertiary education, per capita income.

Fig. B.2. (A) Response of the top 5% income share to shocks to foreign R&D productivity (individual country regressions). (B) Response of the top 5% income share 
to shocks to foreign R&D productivity (individual countries).
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(B)

Notes: LP coefficient estimates (𝛼1𝑘). Interval bands are at a 95% confidence level and are based on Eicker-Huber-White heteroskedasticity-robust standard errors. 
The red line and bands refer to the original (not time-demeaned) data. The blue line and bands refer to time-demeaned data, which is equivalent to using time 
dummies. The reported values correspond to the absolute percentage point change in inequality (Y-axis) over a 5-year horizon (X-axis). The model is regressed over 
the period 1970-2019. The following control variables are included in the estimates: domestic R&D productivity, Tobin’s q, technological concentration, the share of 
the population with tertiary education, per capita income.

Fig. B.2. (continued)
27



Journal of Economic Dynamics and Control 167 (2024) 104924J. Madsen, A. Minniti and F. Venturini

References

Acemoglu, D., 1998. Why do new technologies complement skills? Directed technical change and wage inequality. Q. J. Econ. 113 (4), 1055–1089.

Acemoglu, D., 2002. Technical change, inequality, and the labor market. J. Econ. Lit. 40 (1), 7–72.

Acemoglu, D., Akcigit, U., 2012. Intellectual property rights policy, competition and innovation. J. Eur. Econ. Assoc. 10 (1), 1–42.

Acemoglu, D., Restrepo, P., 2020. Robots and jobs: evidence from US labor markets. J. Polit. Econ. 128 (6), 2188–2244.

Aghion, P., Akcigit, U., Bergeaud, A., Blundell, R., Hemous, D., 2019. Innovation and top income inequality. Rev. Econ. Stud. 86 (1), 1–45.

Aghion, P., Bergeaud, A., Boppart, T., Klenow, P.J., Li, H., 2023. A theory of falling growth and rising rents. Rev. Econ. Stud. 90 (6), 2675–2702.

Akcigit, U., Grigsby, J., Nicholas, T., 2017. The Rise of American Ingenuity: Innovation and Inventors of the Golden Age. NBER Working Paper 23047. National Bureau 
of Economic Research.

Amberg, N., Jansson, T., Klein, M., Picco, A.R., 2022. Five facts about the distributional income effects of monetary policy. Am. Econ. Rev.: Insights 4 (3), 289–304.

Autor, D., Dorn, D., Katz, L.F., Patterson, C., Reenen, J.V., 2020. The fall of the labor share and the rise of superstar firms. Q. J. Econ. 135 (2), 645–709.

Barkai, S., 2020. Declining labor and capital shares. J. Finance 75 (5), 2421–2463.

Bengtsson, E., Rubolino, R.E., Waldenstrom, D., 2020. What Determines the Capital Share over the Long Run of History? CEPR Discussion Paper 14693. Centre for 
Economic Policy Research.

Berkes, E., 2018. Comprehensive universe of U.S. patents (CUSP): data and facts. Working paper available at https://sites .google .com /view /enricoberkes /work -in -
progress.

Bhattacharya, S., Chakraborty, P., Chatterjee, C., 2022. Intellectual property regimes and wage inequality. J. Dev. Econ. 154, 102709.

Blanchard, O., 1997. The medium run. Brookings Pap. Econ. Act. 28 (2), 89–158.

Bloom, N., Jones, C.I., Van Reenen, J., Webb, M., 2020. Are ideas getting harder to find? Am. Econ. Rev. 110 (4), 1104–1144.

Boar, C., Midrigan, V., 2019. Markups and Inequality. 2019 Meeting Papers 1184. Society for Economic Dynamics.

Chu, A.C., Cozzi, G., 2018. Effects of patents versus R&D subsidies on income inequality. Rev. Econ. Dyn. 29, 68–84.

Chu, A.C., Cozzi, G., Fan, H., Furukawa, Y., Liao, C.H., 2019. Innovation and inequality in a monetary Schumpeterian model with heterogeneous households and firms. 
Rev. Econ. Dyn. 34, 141–164.

Chu, A.C., Cozzi, G., Lai, C.C., Liao, C.H., 2015. Inflation, R&D and growth in an open economy. J. Int. Econ. 96 (2), 360–374.

Chu, A.C., Furukawa, Y., Mallick, S., Peretto, P., Wang, X., 2021. Dynamic effects of patent policy on innovation and inequality in a Schumpeterian economy. Econ. 
Theory 71, 1429–1465.

Chu, A.C., Peng, S.K., 2011. International intellectual property rights: effects on growth, welfare and income inequality. J. Macroecon. 33 (2), 276–287.

Chu, A.C., Peretto, P.F., 2023. Innovation and inequality from stagnation to growth. Eur. Econ. Rev. 160, 104615.

Chudik, A., Mohaddes, K., Pesaran, M.H., Raissi, M., 2016. Long-run effects in large heterogeneous panel data models with cross-sectionally correlated errors. In: 
Gonzalez-Rivera, G., Hill, R.C., Lee, T.-H. (Eds.), Essays in Honor of Aman Ullah. In: Advances in Econometrics, vol. 36. Emerald Publishing, Bingley, UK, 
pp. 88–135.

Ciminelli, G., Duval, R.A., Furceri, D., 2022. Employment protection deregulation and labor shares in advanced economies. Rev. Econ. Stat. 104 (6), 1174–1190.

Coe, D.T., Helpman, E., 1995. International R&D spillovers. Eur. Econ. Rev. 39 (5), 859–887.

Coe, D.T., Helpman, E., Hoffmaister, A.W., 2009. International R&D spillovers and institutions. Eur. Econ. Rev. 53 (7), 723–741.

Cozzi, G., Giordani, P.E., Zamparelli, L., 2007. The refoundation of the symmetric equilibrium in Schumpeterian growth models. J. Econ. Theory 136 (1), 788–797.

De Loecker, J., Eeckhout, J., Unger, G., 2020. The rise of market power and the macroeconomic implications. Q. J. Econ. 135 (2), 561–644.

De Visscher, S., Eberhardt, M., Everaert, G., 2020. Estimating and testing the multicountry endogenous growth model. J. Int. Econ. 125, 103325.

Deepak, H., Herkenhoff, K., Zhu, C., 2023. Patent publication and innovation. J. Polit. Econ. 131 (7), 1845–1903.

Dinopoulos, E., Segerstrom, P.S., 2010. Intellectual property rights, multinational firms and economic growth. J. Dev. Econ. 92 (1), 13–27.

Dube, A., Girardi, D., Jordà, O., Taylor, A.M., 2023. A Local Projections Approach to Difference-in-Differences. NBER Working Paper 31184. National Bureau of 
Economic Research.

Eberhardt, M., Helmers, C., Strauss, H., 2013. Do spillovers matter when estimating private returns to R&D? Rev. Econ. Stat. 95 (2), 436–448.

Elsby, M., Hobijn, B., Sahin, A., 2013. The decline of the U.S. labor share. Brookings Pap. Econ. Act. 44 (2), 1–63.

Farber, H.S., Herbst, D., Kuziemko, I., Naidu, S., 2021. Unions and inequality over the twentieth century: new evidence from survey data. Q. J. Econ. 136 (3), 
1325–1385.

Feldstein, M., Horioka, C., 1980. Domestic saving and international capital flows. Econ. J. 90 (358), 314–329.

Ferreira, L.N., Miranda-Agrippino, S., Ricco, G., 2024. Bayesian local projections. Rev. Econ. Stat. https://doi .org /10 .1162 /rest _a _01334.

French, K.R., Poterba, J.M., 1991. Investor diversification and international equity markets. Am. Econ. Rev. 81 (2), 222–226.

Furceri, D., Loungani, P., Zdzienicka, A., 2018. The effects of monetary policy shocks on inequality. J. Int. Money Financ. 85, 168–186.

Griliches, Z., 1994. Productivity, R&D, and the data constraint. Am. Econ. Rev. 84 (1), 1–23.

Grossman, G.M., Helpman, E., 2018. Growth, trade, and inequality. Econometrica 86 (1), 37–83.

Guellec, D., 2020. Digital Innovation and the Distribution of Income. IL: University of Chicago Press, Chicago, pp. 323–370.

Hall, B.H., Jaffe, A.B., Trajtenberg, M., 2001. The NBER Patent Citation Data File: Lessons, Insights and Methodological Tools. NBER Working Paper 8498. National 
Bureau of Economic Research.

Hall, R.E., 2018. New Evidence on the Markup of Prices over Marginal Costs and the Role of Mega-Firms in the US Economy. NBER Working Paper 24574. National 
Bureau of Economic Research.

Ho, P., Lubik, T.A., Matthes, C., 2024. Averaging impulse responses using prediction pools. J. Monet. Econ., 103571.

Holston, K., Laubach, T., Williams, J.C., 2017. Measuring the natural rate of interest: international trends and determinants. J. Int. Econ. 108, S59–S75.

Islam, M.R., Madsen, J.B., Doucouliagos, H., 2018. Does inequality constrain the power to tax? Evidence from the OECD. Eur. J. Polit. Econ. 52, 1–17.

Jones, C.I., Kim, J., 2018. A Schumpeterian model of top income inequality. J. Polit. Econ. 126 (5), 1785–1826.

Jordà, O., 2005. Estimation and inference of impulse responses by local projections. Am. Econ. Rev. 95 (1), 161–182.

Jordà, O., Knoll, K., Kuvshinov, D., Schularick, M., Taylor, A.M., 2019a. The rate of return on everything, 1870-2015. Q. J. Econ. 134 (3), 1225–1298.

Jordà, O., Schularick, M., Taylor, A.M., Ward, F., 2019b. Global financial cycles and risk premiums. IMF Econ. Rev. 67 (1), 109–150.

Jordà, O., Taylor, A.M., 2016. The time for austerity: estimating the average treatment effect of fiscal policy. Econ. J. 126 (590), 219–255.

Karabarbounis, L., Neiman, B., 2014. The global decline of the labor share. Q. J. Econ. 129 (1), 61–103.

Kerspien, J.A., Madsen, J.B., 2024. Markups, Tobin’s q, and the increasing capital share. J. Money Credit Bank. 56 (2–3), 569–587.

Kiley, M.T., 1999. The supply of skilled labour and skill-biased technological progress. Econ. J. 109 (458), 708–724.

Kline, P., Petkova, N., Williams, H., Zidar, O., 2019. Who profits from patents? Rent-sharing at innovative firms. Q. J. Econ. 134 (3), 1343–1404.

Koh, D., Santaeulàlia-Llopis, R., Zheng, Y., 2020. Labor share decline and intellectual property products capital. Econometrica 88 (6), 2609–2628.

Kortum, S., 1993. Equilibrium R&D and the patent-R&D ratio: U.S. evidence. Am. Econ. Rev. 83 (2), 450–457.

Kuznets, S., 1955. Economic growth and income inequality. Am. Econ. Rev. 45 (1), 1–28.

Lee, N., Rodríguez-Pose, A., 2013. Innovation and spatial inequality in Europe and USA. J. Econ. Geogr. 13 (1), 1–22.
28

Madsen, J.B., 2014. Human capital and the world technology frontier. Rev. Econ. Stat. 96 (4), 676–692.

http://refhub.elsevier.com/S0165-1889(24)00116-7/bibED1A2C8EF1180051DF2FD17865AC6863s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib97E3C63A3B83915F931232BF54717FF1s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib1326E66615F05ABDB6420D66827E81ABs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib1768326ED9FA0CE6B9A22257853AAE23s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibEFCFE65492C3E270CEA31DA9171FD967s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib115E0433ECB8E2F5A677B487927A5974s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibB6BF824B708C3B255DAB6A951DA9EC9Cs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibB6BF824B708C3B255DAB6A951DA9EC9Cs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib29C82EA6B625D7A7FBB139F707A85EAEs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib84C724A060784BBE620B35B551C2D333s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib9E145BA999FEE5698196C250D9C36B4Bs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibC3D64ADC7DE96056FF6841CEDD56B439s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibC3D64ADC7DE96056FF6841CEDD56B439s1
https://sites.google.com/view/enricoberkes/work-in-progress
https://sites.google.com/view/enricoberkes/work-in-progress
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib7448FB750AABEAF81377E6A85BAF03CDs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib6AD262388B05AABA120E0F3D52C582ACs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibCBDD4E97C9119C250A2757DFBFFA1143s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib44C3E4512DA56B3D4273F5AAB5409F6Es1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib8D684FF36CBE1049CE4EAEDF7B927AACs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib9A3D4E085E6207F1C561EA2EB963F912s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib9A3D4E085E6207F1C561EA2EB963F912s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibC32B1EB5E498EE6B02652FB99FE7FF32s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib742919BC03028DD80C236129F48BFB9Ds1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib742919BC03028DD80C236129F48BFB9Ds1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibFAD75763B8756AE6AD246A2245600D98s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib33DAD36C62B9042F0A916FDF63A76F0Fs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibFB47346C7D757E5CCE2EC5DE7E285DEAs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibFB47346C7D757E5CCE2EC5DE7E285DEAs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibFB47346C7D757E5CCE2EC5DE7E285DEAs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib6DD0311DACDE3D9FCAAA4270671947A5s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib2054FADF73D8B857E34F31EFC621FF3Cs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibCD925EB2011608607CE0EB675887EFF0s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib5E7505CDBF855E41C5A198E51A991E9Fs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib21E4850ADA70CE184EB3BD86323C9CE3s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibBC11547E1590A089CAB7470EA40A2ECAs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib0DE67D4199DEEC52B1F8B16E07E491C0s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibE820A922D2F4B8D7EEF65917071B0439s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib440EB2943D5180EB44228D84A90C6945s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib440EB2943D5180EB44228D84A90C6945s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib2A87794482E87B80504C7E2FD9922B5Bs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib3A2447CAA0028C0F6DE9B6A899CE16E4s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib53A98DF07F309E0A2BCCD23310E2F81Ds1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib53A98DF07F309E0A2BCCD23310E2F81Ds1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibEF3EA73447E3F8AA16E61939B2F61622s1
https://doi.org/10.1162/rest_a_01334
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib399B43E192D7A29734FAD23AAB9CCDB5s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib584C06036CC94801882E570232E12271s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibD660FD1CD1FC91401436E1FF40059A37s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibD34CF4F61212CFF6B39F36181105495Es1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib1321728CBE8B99472B197531A03C565Fs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib3E2FDC1B6310888D665E9A83F099A55Fs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib3E2FDC1B6310888D665E9A83F099A55Fs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibBE609D74B21A35C0068C1E049B7DDDFCs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibBE609D74B21A35C0068C1E049B7DDDFCs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibCE615CCA90E022F8344978F53464CFEEs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibB39FB7E3351E3F397CA84BDC1ECC0DFBs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib2EE6986E22831D3D91B0971635AC4F7Cs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibFD7BA98C20493CA775A002781FDC0F72s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib1163C1852380CB67D17191F2206ED136s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibB01A8940176CC11BE05C5127AEF90C64s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibCB8A65C701705020A4150DBEFF65E87Cs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib6CF501FA7973B0BD3FAF71A0F5D39669s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib5FFA817047E436BA38DE277684230E7Cs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibB5BA29AE1F5AEADE61536EE768CB536Ds1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib728C2BC21385EA72E6B5DFBC1A191FC2s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib56A90963001C43FD19A9A65A3E0CC8D2s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibD44C1F6933A343E01612D871B8522FAEs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibD2A9EEEDD94D7D65CE5AF235E69EAA81s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibDE6BA28C05A98C5B25A072811D4C64BEs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib4806397EA3A14D9CB1FEFBD079368CCAs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib45BE6D3D4B0D8E53621341A9BB0304AEs1


Journal of Economic Dynamics and Control 167 (2024) 104924J. Madsen, A. Minniti and F. Venturini

Madsen, J.B., Farhadi, M., 2018. International technology spillovers and growth over the past 142 years: the role of genetic proximity. Economica 85 (338), 329–359.

Madsen, J.B., Islam, M.R., Doucouliagos, H., 2018a. Inequality, financial development and economic growth in the OECD, 1870-2011. Eur. Econ. Rev. 101, 605–624.

Madsen, J.B., Minniti, A., Venturini, F., 2018b. Assessing Piketty’s second law of capitalism. Oxf. Econ. Pap. 70 (1), 1–21.

Madsen, J.B., Minniti, A., Venturini, F., 2021. Wealth inequality in the long run: a Schumpeterian growth perspective. Econ. J. 131 (633), 476–497.

Moll, B., Lukasz, R., Restrepo, P., 2022. Uneven growth: automation’s impact on income and wealth inequality. Econometrica 90 (6), 2645–2683.

O’Mahony, M., Vecchi, M., Venturini, F., 2021. Capital heterogeneity and the decline of the labour share. Economica 88 (350), 271–296.

Peretto, P.F., Seater, J.J., 2013. Factor-eliminating technical change. J. Monet. Econ. 60 (4), 459–473.

Piketty, T., 2014. Capital in the Twenty-First Century. Harvard University Press, Cambridge MA.

Piketty, T., Zucman, G., 2014. Capital is back: wealth-income ratios in rich countries, 1700-2010. Q. J. Econ. 123 (3), 1155–1210.

Prettner, K., Schaefer, A., 2021. The U-shape of income inequality over the 20th century: the role of education. Scand. J. Econ. 123 (2), 645–675.

Prettner, K., Strulik, H., 2020. Innovation, automation, and inequality: policy challenges in the race against the machine. J. Monet. Econ. 116, 249–265.

Roine, J., Vlachos, J., Waldenström, D., 2009. The long-run determinants of inequality: what can we learn from top income data? J. Public Econ. 93 (7), 974–988.

Roine, J., Waldenström, D., 2009. Wealth concentration over the path of development: Sweden, 1873-2006. Scand. J. Econ. 111 (1), 151–187.

Romer, C.D., Romer, D.H., 2017. New evidence on the aftermath of financial crises in advanced countries. Am. Econ. Rev. 107 (10), 3072–3118.

Sampson, T., 2023. Technology gaps, trade and income. Am. Econ. Rev. 113 (2), 472–513.

Schmookler, J., 1954. The level of inventive activity. Rev. Econ. Stat. 36 (2), 183–190.

Segerstrom, P.S., 1998. Endogenous growth without scale effects. Am. Econ. Rev. 88 (5), 1290–1310.

Stafford, A.B., 1952. Is the rate of invention declining? Am. J. Sociol. 57 (6), 539–545.

Tesar, L.L., Werner, I.M., 1995. Home bias and high turnover. J. Int. Money Financ. 14 (4), 467–492.

Van Reenen, J., 1996. The creation and capture of rents: wages and innovation in a panel of U.K. companies. Q. J. Econ. 111 (1), 195–226.
29

Venturini, F., 2012. Looking into the black box of Schumpeterian growth theories: an empirical assessment of R&D races. Eur. Econ. Rev. 56 (8), 1530–1545.

http://refhub.elsevier.com/S0165-1889(24)00116-7/bib8324E617CD231D64DB80050D7D40C051s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib033C32CE16A5F9DB69A44D43826A1915s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib20469516417447E4CB996355EF8717F0s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib81ACA73BADFC114989EC68C76CFC395Fs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib3666AEB6BF2492E1FE45065213E1FFC4s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib6BB69C62323391C797CABBE2B31936ABs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibF3F06E5C4465F602FBE38DB82ED7454Bs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib3A1664C6847B7A1D5953AF22A1B2BE57s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibA024DF35CE220938B548758AAFEBA40Es1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibF13F585A8C0CB1A75227B97ECBD03EDAs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibA48A17F68928419C989E35BF750C63BDs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib31295D47595FD1FB9A359A695E77B0E0s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibE6F37D0D30D299A651AB585600EB03B0s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib658E31B9B737C17D363C5CEFF82CFD1Bs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibDD8C14422D2ED9871A4A29AA422399A3s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib759A4808E52E3851A339A04E80F29663s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib08303E84ADBFE6EE9C665AA2C6545E4Ds1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib77E230353079863A74E3CE8F382F790Bs1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bibB7E83B05F023A2266524D60E7DE629E4s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib92F54E5241BA1E17ECD8D6F5983C3F40s1
http://refhub.elsevier.com/S0165-1889(24)00116-7/bib45B809CC506DB3394D8B184A8E1C4EC0s1

	Declining research productivity and income inequality: A centenary perspective
	1 Introduction
	2 Model
	2.1 Households
	2.2 Final good
	2.3 Intermediate goods
	2.4 R&D activity and innovation

	3 Solving the model
	3.1 Aggregate economy
	3.2 Income inequality

	4 Empirics: model specification and data
	4.1 Cointegration model specification
	4.1.1 Control variables

	4.2 Data
	4.3 Graphical analysis

	5 Regression results
	5.1 Baseline results
	5.2 Inclusion of confounders in the cointegration model
	5.3 Alternative measures of research productivity
	5.4 Long-term interval regression and further robustness checks

	6 Event study: inequality response to a shock in the patent propensity
	7 How is innovation transmitted to inequality?
	8 Concluding remarks
	Appendix C Supplementary material
	References


