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Consequences of technostress for users in remote (home) work contexts during a time of 

crisis: The buffering role of emotional social support 

 

Abstract 

The Covid-19 pandemic has triggered a substantial increase in the adoption of remote work. 

However, this shift towards remote work can potentially cause technostress (TS) due to the 

constant use of information and communication technology (ICT). Research suggests that 

receiving emotional social support (ESS) from one’s social network can mitigate the negative 

effects of technostress. However, previous studies in the information systems (IS) field have 

yielded inconclusive results regarding the role of ESS in moderating the relationship between 

TS, strain, and work satisfaction. Drawing on the transactional theory of stress, our model 

conceptualizes the effect of TS on work satisfaction as being fully mediated by strain, and the 

effects of TS on strain and work satisfaction as being moderated by ESS. To test our model, we 

collected data from 306 ICT users who remotely worked from home during the lockdown period. 

Our results reveal that: (a) TS increased the strain experienced by ICT users, which in turn led to 

decreased work satisfaction, and (b) ESS mitigated the direct effect of TS on strain and the 

indirect effect of TS on work satisfaction. These findings contribute to a comprehensive 

understanding of the potential benefits of ESS in remote work contexts. 

 

Keywords Technostress; strain; work satisfaction; emotional social support; remote work; 

Covid-19 
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1. Introduction 

The Covid-19 pandemic crisis caused a significant shift in work and behavior, resulting in a 

growing trend towards remote work from home among a large portion of the population 

(Fulford, 2023). While some prominent companies, such as Apple and Amazon, have recently 

announced their intention to encourage employees to “return to the office,” many others are now 

providing their employees with the option to work remotely, whether on a full-time, hybrid, or 

part-time basis (Fulford, 2023; Lanzl, 2023). It is worth noting that not everyone favors remote 

work, but a new consensus on telecommuting seems to be emerging in numerous organizations. 

This consensus entails some employees coming into the office for two to three days a week to 

foster collaboration, while others choosing to come in infrequently or not at all (Fulford, 2023). 

The extensive use of information and communication technology (ICT) tools, such as 

video conferencing, online meetings, and social networking, has significantly enhanced the 

convenience of remote work. This technological advancement has revolutionized the way users 

achieve a harmonious work-life balance while efficiently fulfilling their work obligations 

(Shirmohammadi et al., 2022; Carroll et al., 2020). 

However, the constant use of ICT in remote work has led to heightened technostress 

among users, thereby impacting their overall well-being (Jabeen et al., 2023; Hattingh et al., 

2022; Molino et al., 2020). Technostress refers to the stress that users may experience due to 

their frequent use of ICT (Tarafdar et al., 2015). This stress associated with remote work has led 

to a range of psychological reactions, including strain (Dutta and Mishra, 2023; Parra et al., 

2022), as well as behavioral responses like work dissatisfaction (Toscano and Zappalà, 2020 ; 

Vaziri et al., 2020). 

To address the negative effects of technostress, extensive research has been conducted to 

explore various mitigation strategies. One area of research has focused on organizational support 
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strategies, which encompass providing technical assistance, involving employees in the 

implementation of new ICT tools, and fostering a culture of continuous learning to effectively 

deal with ICT challenges (Benlian, 2020; Califf et al., 2020; Tarafdar et al., 2010; Ragu-Nathan 

et al., 2008). However, the Covid-19 pandemic posed unprecedented challenges, rendering these 

strategies less available because organizations have hastily implemented digitized processes to 

ensure the continuity of their activities through remote working from home (Lanzl, 2023). 

Another area of research suggests that emotional social support (ESS) received from 

one’s social network, including their spouse, children, friends, coworkers, and supervisors, can 

serve as alternative means to mitigate the negative effects of technostress (Weinert et al., 2020; 

Lanzl, 2023). Notably, during the Covid-19 pandemic, perceived ESS has emerged as 

particularly beneficial for individuals engaged in remote work, as it has proven to be consistently 

available and effective, even amidst the surge of digital work brought about by the pandemic 

(Szkody et al., 2021; Lanzl, 2023). 

However, information systems (IS) research on technostress has produced inconclusive 

results regarding the role of ESS in buffering (i.e., moderating) the relationship between 

technostress, strain, and work satisfaction (see Table 1 for a review of IS literature on 

technostress). Some studies suggest that ESS can mitigate the negative effects of technostress 

and strain on work satisfaction (Benlian, 2020; Galluch et al., 2015), while other studies have 

found no significant moderating role (Ragu-Nathan et al., 2008). Additionally, there are studies 

that solely investigate the direct effects of ESS in reducing technostress (Lanzl, 2023), as well as 

strain (Weinert et al., 2020; Salanova et al., 2013). The main purpose of the present study is to 

explore whether ESS can effectively mitigate the negative effects of technostress on strain and 

work satisfaction, particularly in the context of intense remote (home) work situations, such as 
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the Covid-19 pandemic crisis, where access to organizational support may be limited. By 

thoroughly examining the appropriateness of ESS for reducing strain and enhancing work 

satisfaction among remote workers, our objective is to gain a comprehensive understanding of its 

potential advantages in remote work contexts. 

Furthermore, addressing the psychological mechanisms underlying the relationships 

between technostress, strain, and work satisfaction have been disregarded by previous studies in 

the IS field, as highlighted by Califf et al. (2020). Addressing this issue is critical because 

exposure to technostress does not affect work-related outcomes directly, but via individual 

psychological reactions (Califf et al., 2020). Accordingly, empirically theorizing the mediating 

role of strain in the relationship between technostress and work satisfaction is important for 

advancing the current understanding of why exposure to technostress can negatively affect users’ 

work satisfaction and, thereby, shed light onto how to prevent the occurrence of technology-

induced maladaptive reactions that would otherwise result in dysfunctional work outcomes. 

Relying on the transactional theory of stress (Lazarus and Folkman, 1987), the present 

study develops and tests a moderated mediation model in which: (a) remote ICT users’ exposure 

to technostress indirectly stifles their work satisfaction through the mediating role of increased 

strain, and (b) ESS moderates (i.e., buffers) this negative impact. 

By examining this model, our research makes important contributions to theory and 

practice in the IS field. First, our study addresses the inconsistent findings in the IS literature 

regarding the moderating role of ESS. We empirically demonstrate that in the remote (home) 

work contexts, ESS effectively mitigates the strain caused by technostress and reduces the 

negative indirect effect of technostress on work satisfaction. This finding is an important 
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contribution, suggesting that ESS plays a critical role in assisting ICT users and mitigates the 

negative effects of technostress in remote (home) work contexts. 

Second, our study discloses the mediating role of strain as the precondition for triggering 

negative coping responses to technostress, resulting in work dissatisfaction among ICT users in 

remote work contexts. This is an important contribution because previous studies in the IS field 

have assimilated work dissatisfaction as “equivalent” to strain in the workplace context (Rague-

Nathan et al., 2008, p. 421). This assumption is inconsistent with the stressor-strain-outcome 

models in the organizational behavior literature (Koeske and Koeske, 1993), which suggests that 

strain, unlike work dissatisfaction, represents the psychological response to stress, and that the 

inability of an individual to cope with high strain triggers work dissatisfaction. By examining the 

mediating role of strain in the relationship between technostress and reduced work satisfaction, 

our study contributes to the literature on technostress in the IS field by offering a theoretically 

compelling explanation of why and how technostress can lead to strain, and thereby reducing the 

satisfaction of ICT users who work remotely at home in a time of crisis. 

Finally, our research provides useful insights for ICT users and managers who are 

planning to promote remote (home) work by helping them to design work-home balance 

programs that prevent technostress issues and increase work satisfaction. 

The following section discusses the research model and hypotheses, followed by research 

method and results. The last section discusses the findings and highlights the study’s 

implications for theory and practice, as well as the limitations and future research avenues. 
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2. Theoretical foundation 

2.1 Technostress in remote work according to the transactional theory of stress 

Remote work (telecommuting) is the practice of working at home that has become prevalent in 

the Covid-19 pandemic context (Lanzl, 2023; Molino et al., 2020). Nevertheless, the intensive 

use of ICT in a digitized environment may generate increased technostress among users (Dutta 

and Mishra, 2023; Parra et al., 2022; Daneshfar et al., 2022). Technostress represents the stress 

that users may experience due to the imbalance between the demands related to ICT use and the 

responses initiated to cope with them (Ayyagari et al., 2011). In a remote work context, users’ 

inability to cope with ICT demands related to their activities may result in harmful psychological 

responses such as strain (Dutta and Mishra, 2023; Parra et al., 2022) and behavioral responses 

such as work dissatisfaction (Toscano and Zappalà, 2020 ; Vaziri et al., 2020). 

The transactional theory of stress (Lazarus and Folkman, 1987) offers a useful 

perspective for elucidating the consequences of technostress related to the use of ICT in a remote 

work context and it involves four main components, namely: stressors, strain, outcomes, and 

situational factors: Stressors (techno-stressors) are the factors that individuals may appraise as 

damaging in the work environment (Molino et al., 2020). Strain represents the psychological (or 

emotional) responses to stressors and can manifest as feelings of fatigue and exhaustion (Parra et 

al., 2022). Outcomes refer to behavioral responses resulting from strain, such as reduced work 

satisfaction (Toscano and Zappalà, 2020). The choice of work satisfaction as a behavioral 

outcome is appropriate because it is relevant to the study of workplace- and work-home-related 

outcomes of technostress (Toscano and Zappalà, 2020; Ragu-Nathan et al., 2008). Situational 

factors (such as ESS) refer to inhibitors of stress that can dampen and mitigate the impact of 

techno-stressors (Lanzl, 2023). Prior studies have relied on the transactional theory of stress to 
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empirically examine and prove: (a) the mediating role of strain in linking stressors with work-

related outcomes (Dhir et al., 2018) and (b) the moderating effect of situational factors in the 

stressors-strain relationship (Szkody et a., 2021; Yener et al., 2021). Thus, the insights from the 

transactional theory of stress and from the related empirical evidence are particularly adequate 

for disclosing the processes and boundary conditions associated with the effects of techno-

stressors on work satisfaction (see Figure 1). 

 

 

Notes: The bold lines represent the main effects (H1, H2, H6, and H7) and moderate effects (H4 and 

H5); the dotted line represents the indirect effect; and the brackets represent the mediating effects (H3, 

and H8). 

Fig. 1 Research model based on the transactional theory of stress. 

 

2.2 Techno-stressors in remote work settings 

Technostress is triggered by techno-stressors, which encompass five stimuli: techno-overload, 

techno-invasion, techno-complexity, techno-insecurity, and techno-uncertainty (Ragu-Nathan et 

al., 2008). These stressors have been recognized as factors that intensify stress in remote work 
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contexts (Szkody et al., 2021; Lanzl, 2023; Molino et al., 2020): Techno-overload refers to the 

increased volume of work due to the constant use of ICT, which may create a sense of 

perturbation among users, as they tend to work faster and longer. Techno-invasion refers to the 

amplified intrusion of ICT into one’s private life due to the blurring of the boundaries between 

work and home in the remote work context, where users are constantly connected. Techno-

complexity refers to the complexity associated with the use of ICT in remote work due to time 

pressure and the lack of appropriate training, which may lead users to be frustrated. Techno-

insecurity refers to users feeling threatened by the potential loss of their job due to the emergence 

of new users highly skilled in the use of new technologies in a demanding remote work context. 

Techno-uncertainty refers to the constant upgrades in ICT in a remote work context, where users 

may be worried about learning new technologies to carry out their activities. 

 

2.3 Techno-stressors and strain 

When individuals encounter techno-stressors, they activate two main appraisal processes 

(Ayyagari et al., 2011; Ragu-Nathan et al., 2008). The first process, called cognitive primary 

appraisal, assesses the extent to which stressors constitute threats. In this process, techno-

stressors can be assessed as not threatening or, conversely, as harmful. The second process, 

called secondary appraisal, assesses the ability of users to cope with techno-stressors according 

to the available resources. Ayyagari et al. (2011) argue that users perceive techno-stressors as 

threatening, therefore appraisal processes will generate psychological responses resulting in 

strain. Strain refers to users’ psychological response to techno-stressors and occurs when a 

mismatch exists between the demands related to techno-stressors and the users’ ability to cope 

with them (Ayyagari et al., 2011). In remote work at home and during the lockdown, techno-
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stressors may result in a feeling of fatigue and exhaustion (Islam et al., 2020). Therefore, we 

hypothesize the following: 

H1. Techno-stressors are positively associated with strain in remote work contexts. 

2.4 Techno-stressors and work satisfaction: The mediating role of strain 

Relying on the transactional theory of stress, we contend that the strain generated by techno-

stressors among users can lead to a lack of work satisfaction as a negative behavioral coping 

response (Califf et al., 2020). Indeed, strain is considered the precondition for coping responses 

to occur, and it mediates the effect of techno-stressors on such coping responses (Gaudioso et al., 

2017). In response to sensing strain, users naturally engage in coping responses that may allow 

or impede the translation of techno-stressors and strain into adverse outcomes (Gaudioso et al., 

2017). Due to the constant and inappropriate use of ICT in remote work and in the lockdown 

context, coping responses may potentially facilitate the translation of techno-stressors and strain 

into negative outcomes (Molino et al., 2020). For instance, users who appraise techno-stressors 

(such as techno-overload and techno-invasion) as harmful to their wellbeing, will develop 

negative psychological responses (strain) (Gaudioso et al., 2017): fatigue and exhaustion due to 

the increased volume of work in the case of techno-overload, and distress due to work-home 

conflict related to the amplified intrusion of ICT into their private life in the case of techno-

invasion. The negative psychological responses (strain) that workers may feel will then trigger 

maladaptive coping responses reflecting negative attitudes, such as work dissatisfaction. 

Likewise, users who appraise techno-stressors (such as techno-complexity, techno-insecurity, 

and techno-uncertainty) as obstacles to their work will generate negative strain responses due to 

their inability to cope with them. These psychological responses will then lead to reduced work 

satisfaction (Molino et al., 2020). Thus, in remote work, we posit that users who experience 
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strain are expected to exhibit a lack of work satisfaction. That is, techno-stressors have an 

indirect negative effect on work satisfaction, which is not inevitable but depends on the extent to 

which users experience strain. Therefore, we hypothesize the following: 

H2. Strain is negatively associated with work satisfaction in remote work contexts. 

H3. Strain mediates the negative relationship between techno-stressors and work 

satisfaction. 

 

2.5 The buffering role of ESS in remote work contexts 

A review of the literature on technostress in the IS field shows that extensive research has been 

conducted on organizational support strategies, but little attention has been given to studying 

ESS. The few studies on ESS have produced inconclusive results regarding its moderating 

effects on the relationship between technostress, strain, and work satisfaction (see the column 

“moderators” in Table 1). 

 

Table 1 

Review of the IS literature on technostress based on the “basket of eight” IS journals (2008-

2022) 

Study Research 

setting 

Techno-stressors Outcome(s) Moderator(s) 

Cram et al. 

(2022) 

Work Challenge and threat 

techno-stressors. 

Continuance intention 

and workaround use. 

 

Hattingh et 

al. (2022) 

Private Fear of missing, 

information overload, 

communication overload, 

compulsive social media 

use. 

Social media fatigue.  

Mäntymäki 

et al. (2022) 

Remote 

Work 

Perceived isolation and 

work-family conflict. 

Detachment through 

SNS use and 

psychological well-

being. 

Psychological 

detachment through SNS 

use. 
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Maier et al. 

(2022) 

Work Perceived difficulty to use, 

unreliability, complexity, 

incompatibility, 

monitoring, privacy 

concerns, transition costs, 

and habit disruption. 

User satisfaction and 

intention to reject. 

Personal innovativeness 

and motivation to learn. 

Liu et al. 

(2021) 

Private 

(Home) 

Information overload on 

social media. 

Social media fatigue, 

fear of Covid-19, and 

social media 

discontinuance 

intention. 

Fear of missing out. 

Benlian 

(2020) 

Work-to-

Home 

Technology-driven 

challenge (TCS) and 

hindrance (THS) stressors. 

Partnership 

satisfaction. 

Work-home role 

integration and 

perceived organizational 

support. 

Benlian et al. 

(2020) 

Private 

(Home) 

Privacy invasion. Interpersonal conflict 

and strain. 

Anthropo-morphic 

design. 

Califf et al. 

(2020) 

Work Challenge and hindrance 

techno-stressors. 

Job satisfaction, 

attrition, and turnover 

intention. 

 

Tams et al. 

(2020) 

Work-to-life Perceived interruption 

overload and work-life 

conflict. 

Work-related 

technology usage. 

Negative effects. 

Tarafdar et 

al. (2020) 

Private Social overload, pattern, 

invasion, disclosure, 

complexity, and 

uncertainty. 

Distraction within 

Facebook, distraction 

outside Facebook, and 

Facebook addiction. 

Facebook use habit. 

Maier et al. 

(2019) 

Work Overload, invasion, 

complexity, insecurity, and 

uncertainty. 

Job burnout and user 

performance. 

 

Pirkkalainen 

et al. (2019) 

Work Overload, invasion, 

complexity, and insecurity. 

IT-enabled 

productivity. 

Distress venting, 

distancing from IT, 

positive reinterpretation, 

and IT control. 

Salo et al. 

(2019) 

Private SNS overdependence, 

overload, life comparison 

discrepancy, online 

discussion conflict, 

privacy, and security 

uncontrol-lability. 

Concentration 

problems, sleep 

problems, identity 

problems, social 

relation problems. 

 

Stich et al. 

(2019) 

Work Email misfit (mismatch 

between current and 

desired use). 

Work relationship, job 

control, and job 

condition stressors. 

 

Agogo and 

Hess (2018) 

Work/private Complexity, uncertainty, 

invasion, insecurity, 

overload, privacy, and 

ambiguity. 

Performance, 

perceptions of 

evaluations, behavior, 

and physical 

outcomes. 

ICT familiarity and task 

requirement. 
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Tams et al. 

(2018) 

Private Frequency of ICT 

mediated interruptions. 

Perceived mental 

workload, stress, and 

task performance. 

Age, salience of ICT 

mediated interruptions, 

inhibitory effectiveness, 

computer experience, 

and computer self-

efficacy. 

Ortiz de 

Guinea 

(2016) 

Work/private Discrepant ICT event. Engagement coping, 

negative emotions, 

attributions, and dis-

engagement coping. 

 

Galluch et al. 

(2015) 

Private Quantitative demand and 

ICT-enabled interruptions. 

Perceived stress 

(overload and 

conflict), strain, and 

alpha amylase. 

Timing, method, and 

resource controls. 

Kim et al. 

(2015) 

Work Mobile enterprise-

overload, invasion, 

complexity, and insecurity. 

Work exhaustion and 

job satisfaction. 

 

Maier et al. 

(2015a) 

Private Complexity, uncertainty, 

invasion, disclosure, 

pattern, social overload, 

transition costs, sunk costs, 

and replacement overload. 

SNS exhaustion, 

switching exhaustion, 

discontinuous usage 

intention and behavior. 

 

Maier et al. 

(2015b) 

Private Social overload. Psychological 

response (exhaustion 

and satisfaction) and 

behavioral response 

(discontinuous usage 

intention). 

 

Srivastava et 

al. (2015) 

Work Overload, invasion, 

complexity, insecurity, and 

uncertainty. 

Job burnout and 

engagement. 

Big five personality 

traits. 

Tarafdar et 

al. (2015) 

Work Overload, invasion, 

complexity, and insecurity. 

Sales performance, 

ICT-enabled 

innovation, and 

performance. 

Technology self-

efficacy. 

D'Arcy et al. 

(2014) 

Work Security-related stress 

(overload, complexity, and 

uncertainty). 

Moral disengagement 

and information 

security policy 

violation intention. 

 

Tams et al. 

(2014) 

Private Frequency of instant 

message appearance on 

computer display (every 15 

or 10 seconds). 

Task performance.  

Ayyagari et 

al. (2011) 

Work Work-home conflict, 

invasion of privacy, work 

overload, role ambiguity, 

and job insecurity. 

Strain.  

Tarafdar et 

al. (2010) 

Work Overload, invasion, 

complexity, insecurity, and 

uncertainty. 

End user satisfaction 

and performance. 

Innovation support and 

involvement facilitation. 
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Ragu-Nathan 

et al. (2008) 

Work Overload, invasion, 

complexity, insecurity, and 

uncertainty. 

Job satisfaction, 

organizational and 

continuance 

commitment. 

Technical support, 

literacy, and 

involvement 

facilitations. 

Notes: Technological Forecasting and Social Change is added as relevant to extend the “basket of eight”. 

 

Relying on the transactional theory of stress, our framework posits that situational 

resources available to employees under stressful conditions play a key role in neutralizing the 

potential strain responses that stem from exposure to stressors (Ragu-Nathan et al., 2008). As a 

situational resource, ESS may influence the appraising process to dampen the negative effects of 

stressors or may directly influence psychological responses to stressors (strain) (Koeske and 

Koeske, 1989). The technostress literature consistently shows that ESS decreases negative 

psychological responses to stressors (strain) (Weinert et al., 2020). ESS may facilitate coping 

with strain by reducing the tension induced by stressors (LaRocco et al., 1980). Indeed, ESS may 

trigger positive psychological responses to techno-stressors, which may lead users to interpret 

the techno-demands in more positive, or at least less negative, terms (Weinert et al., 2020). This 

line of reasoning thus suggests that the presence of ESS moderates the relationship between 

techno-stressors and strain (LaRocco et al., 1980). Indeed, perceived ESS tends to dampen the 

effect of techno-stressors on strain in remote (home) work contexts. Therefore, we hypothesize 

the following: 

H4. Perceived ESS negatively moderates the positive relationship between techno-

stressors and strain in remote work contexts, such that this relationship is weaker at 

higher levels of ESS. 

Our framework suggests that because strain is expected to mediate the negative 

relationship between techno-stressors and work satisfaction (H3), and because perceived ESS is 
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expected to attenuate the negative link between techno-stressors and strain (H4), the whole 

indirect path from techno-stressors to work satisfaction via strain should be conditional on the 

moderating effect of perceived ESS. Precisely, we predict that when ESS is higher, the impairing 

effect of techno-stressors on work satisfaction via strain will be attenuated. Therefore, we 

formulate the following moderated mediation hypothesis: 

H5. Perceived ESS negatively moderates the negative indirect relationship between 

techno-stressors and work satisfaction through strain in remote work contexts, as such the 

indirect relationship is weaker at higher levels of ESS. 

Finally, perceived ESS may also have a direct positive effect and indirect effect 

(mediated by strain) on work satisfaction (Koeske and Koeske, 1993). This contention is based 

on stress theory and research suggesting that in addition to attenuating the detrimental effect of 

stressors on strain, job resources (e.g., emotional support) also exert a direct negative impact on 

strain (Bakker and Demerouti, 2007). Indeed, employees who have the possibility to draw on job 

resources feel more capable of achieving personally valued goals and, thereby, are better enabled 

to control their level of strain. Conversely, the absence of job resources frustrates users’ 

motivation and tends to increase their level of strain (Bakker and Demerouti, 2007). 

Correspondingly, research in the literature on work-related stress suggests that job resources are 

negatively related to job strain and that ESS affects coping responses directly and indirectly 

through its direct effect on strain (Scheck et al., 1997). 

Based on this line of reasoning and the related empirical evidence, we argue that on the 

one hand, coping responses (i.e., work satisfaction) are the consequence of the ESS available to 

an individual, because such support is a coping resource that the individual can draw on to deal 
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with the situation at hand. Thus, users who perceive that they are emotionally supported by 

others in remote work will be satisfied with their work. On the other hand, users are expected to 

appraise stressors less negatively when they have an internalized sense of being emotionally 

supported by their social environment. As such, perceived ESS might promote weaker strain 

reactions in remote work, which in turn prevent drops in work satisfaction. Therefore, we 

hypothesize the following: 

H6. Perceived ESS is positively and directly associated with work satisfaction in remote 

work contexts. 

H7. Perceived ESS is negatively associated with strain in remote work contexts. 

H8. Perceived ESS is positively and indirectly associated with work satisfaction through 

experienced strain in remote work contexts. 

 

3. Research Methods 

3.1 Questionnaire design and measures 

The model presented in Figure 1 includes four variables, measured using items that were 

validated in previous research. Participants were asked to indicate their agreement with a set of 

statements on a seven-point Likert scale from (1) “strongly disagree” to (7) “strongly agree”. An 

eighth option of “not applicable” was also provided for the moderator variable “ESS”. 

“Strain” and “work satisfaction” are the two outcome measures used in our research. 

Strain is measured using four items originally developed by Moore (2000) and adapted from 

Ayyagari et al. (2011). Work satisfaction is measured using three valid items from Ragu-Nathan 

et al. (2008). 
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The independent variable “technostress construct” has been assessed by using five 

reflective subdimensions of “techno-stressors.” These subdimensions consist of twenty-three 

valid items adapted from Ragu-Nathan et al. (2008): techno-overload (five measurement items); 

techno-invasion (four measurement items); techno-complexity (five measurement items); techno-

insecurity (five measurement items); and techno-uncertainty (four measurement items). 

The moderator variable “ESS” is measured using a valid unidimensional measurement 

scale of six categories (Koeske and Koeske, 1989) assessing the extent to which the worker feels 

emotionally supported by his/her husband/wife, children, friends, coworkers, supervisors, and 

other family members. 

In addition, we have incorporated the following control variables: gender, age, education, 

experience, marital status (including single, widowed, married, divorced, separated, or 

cohabiting), and parental status (whether an individual resides with one or more dependent minor 

children). These control variables have been suggested in the technostress literature (Dutta and 

Mishra, 2023; Lanzl, 2023; Harris et al., 2022; Weinert et al., 2020; Ragu-Nathan et al., 2008). 

Drawing on these measurement items, a questionnaire was then translated into the French 

language. To prevent any possible issues that may have arisen due to issues with phrasing and 

meaning, we were assisted by a professional native speaker. A pilot questionnaire was initially 

sent to ten French ICT users who occupied different positions in different organizations and who 

worked remotely at home during the coronavirus lockdown. To discuss the questionnaire, we 

later contacted them remotely at a time convenient for them. During the meetings, they were 

kindly asked to comment on the relevance of the questions in the context of the technostress they 

experienced. Based on their feedback, the questions were then rephrased to improve their clarity 

and to prevent any ambiguity. 
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3.2 Data collection 

To collect data, a web-based questionnaire was developed using Sphinx® online software and 

was distributed during the coronavirus lockdown between November 11, 2020, and May 23, 

2021. An invitation message to participate in the survey was sent to around 500 French 

professionals via LinkedIn. This survey approach has been previously used in IS research and is 

suitable for targeting a wide range of industries and positions that would otherwise be difficult to 

reach (Ayyagari et al., 2011; D’Arcy et al., 2014). The message described the purpose of the 

study and provided the survey link. The interested participants were able to click on the link and 

were automatically directed to the survey. The survey webpage was intentionally designed to 

exclusively allow the participation of individuals who were working remotely from home during 

the coronavirus lockdown and were still engaged in remote work at the time of the survey. 

A total of 311 responses were collected, of which 5 were from respondents who were 

already retired at the time of the survey. Thus, the retained sample size for the present research 

was 306 participants, which represents a response rate of 61.2%. We conducted a statistical 

analysis to compare the early and late responses to identify any potential non-response bias (Sivo 

et al., 2006). The demographic profiles of the respondents revealed no significant differences 

between the early and late responses. Additionally, t-tests were performed on the means of all 

variables in the model, including technostress (p = 0.812), strain (p = 0.788), work satisfaction (p 

= 0.534), and ESS (p = 0.678). These tests indicated that there were no significant differences 

between the early and late respondents. The retained sample size exceeded the a priori minimum 

sample size of 170 participants necessary to detect the medium effect size and the desired 

statistical power level of 0.8 (Westland, 2010). 
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As shown in Table 2, our sample was 37.9% female and 62.1% male. Participants fell 

within the age range of 20 to over 60 years old, with an average of 43.63 years. They possessed 

either a master’s degree or a doctoral degree. They mostly occupied different positions in their 

organizations, such as CEO, senior manager, intermediate manager, and professor. Their work 

experience varied, ranging from less than 5 years to over 16 years, with an average of 13.58 

years. Table 3 presents additional demographic information regarding the sample. Our sample 

heterogeneity prevents any potential bias that may result from “unique organizational factors” 

(D’Arcy et al., 2014). 

 

Table 2 

Sample demographics 

 Number (306 participants) Percentage (100%) 

Gender  

Female 116 37.9% 

Male 190 62.1% 

Age  

17-20 1 0.3% 

21-29 37 12.1% 

30-39 79 25.8% 

40-49 88 28.8% 

50-59 66 21.6% 

60-64 35 11.4% 

Education  

Primary education 1 0.3% 

Post‐secondary non‐tertiary education 1 0.3% 

Short‐cycle tertiary education 5 1.6% 

Bachelor’s degree 14 4.6% 

Master’s degree 137 44.8% 

Doctoral degree 146 47.7% 

Other 2 0.7% 

Professional status  
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CEO/Director 40 13.1% 

Senior manager 62 20.3% 

Intermediate manager 48 15.7% 

Self‐employed person 15 4.9% 

Employee 20 6.5% 

Professor 97 31.7% 

Other 24 7.9% 

Work experience  

0-5 102 33.3% 

6-10 52 17% 

11-15 49 16% 

16 and over 103 33.7% 

Marital status  

Single 65 21.2% 

Widowed 2 0.7% 

Married 170 55.6% 

Separated/divorced 26 8.5% 

Cohabiting 43 14.1% 

Parental status (children under 18 in household)  

0 156 51% 

1 76 24.8% 

2 or more 74 24.1% 

 

4. Results 

4.1 Testing for the measurement model 

We first conducted an exploratory factor analysis (EFA) in SPSS to produce the structure of 

factors (with Eigen-values above 1). All observed variables that were correlated to a latent 

construct were retained, whereas those that were correlated with multiple latent constructs were 

removed to prevent multicollinearity based on the cutoff for “good” factor loadings of 0.30 

(Howard, 2016). The moderating variable was factor analyzed separately using a unidimensional 

measurement scale of six categories to maintain consistency with how it was operationalized in 

the original study (Koeske and Koeski, 1993). Standardized scores were then generated for the 
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six categories, and a mean was computed for use as a unidimensional measurement scale for the 

moderator in the regression equation (Koeske and Koeski, 1993). 

After producing the EFA model structure, we next ran a CFA using Amos version 27 to 

determine the adequacy of the measurement model fit to the data and to check for possible 

correlated error terms among the measurement items (Bollen, 2011). We ran a first-order 

correlation of the measurement model with the seven factors to check for possible significant 

correlations among their error terms. The modification indices in Amos were substantially large 

and showed that correlated error terms occurred among some measurement items (shown with an 

asterisk (*) in Table 3), which induced a model misspecification; therefore, they needed to be 

removed (Bollen, 2011). All the measurement scales displayed a satisfactory level of reliability, 

as the Cronbach’s alpha values were above 0.7 (Hair et al., 2014). 

 

Table 3 

Mean, standard deviation (SD), and reliability values after CFA. 

Constructs Mean SD Loadings  

Techno-stressors    

TCL- Techno-complexity (Cronbach’s alpha = 0.851) 2.91 1.57  

TCL1. I do not know enough about the new ICT to handle my job satisfactorily.   0.81 

TCL2. I cannot find enough time to study and upgrade my ICT skills.   0.83 

TCL3. I need a long time to understand and use new ICT.   0.80 

TCL4. I often find it too complex to understand and use new ICT.*   - 

TCL5. I find that new recruits in my organization know more about ICT than I 

do.* 

  - 

TUN- Techno-uncertainty (Cronbach’s alpha = 0.842) 4.02 1.49  

TUN1. There are always new developments in the ICT that we use in our 

organization. 

  0.70 

TUN2. There are always constant changes in the ICT software that we use in 

our organization.* 

  - 



21 

TUN3. There are always constant changes in the ICT hardware that we use in 

our organization. 

  0.86 

TUN4. There are always frequent upgrades in the ICT networks in our 

organization. 

  0.87 

TOL- Techno-overload (Cronbach’s alpha = 0.788) 3.40 1.52  

TOL1. I am forced by ICT to work much faster.   0.70 

TOL2. I am forced by ICT to do more work than I can handle.   0.88 

TOL3. I am forced by ICT to work with very tight time schedules.   0.70 

TOL4. I am forced to change my work habits to adapt to new ICT.*   - 

TOL5. I have a higher workload because of the multiplicity of ICT.*   - 

TIS- Techno-insecurity (Cronbach’s alpha = 0.824) 2.08 1.15  

TIS1. I feel a constant threat to my job security due to new ICT.   0.85 

TIS2. I feel a constant need to update my technological skills to avoid being 

replaced.* 

  - 

TIS3. I feel a constant threat from coworkers with newer ICT skills.   0.87 

TIS4. I do not share my technological knowledge with my coworkers for fear of 

being replaced.* 

  - 

TIS5. I feel there is less sharing of technological knowledge among coworkers 

for fear of being replaced. 

  0.70 

TIV- Techno-invasion (Cronbach’s alpha = 0.776) 3.38 1.65  

TIV1. I spend less time with my family due to ICT.   0.75 

TIV2. I have to be in touch with my work even during my vacation due to 

ICT.* 

  - 

TIV3. I spend a lot of time during my holidays and weekends keeping current 

with new ICT. 

  0.70 

TIV4. I feel my personal life is being invaded by ICT.   0.80 

SAT- Work satisfaction (Cronbach’s alpha = 0.866) 5.45 1.26  

SAT1. I like doing the things I do at work.   0.90 

SAT2. I feel a sense of pride in doing my job.   0.79 

SAT3. My work is enjoyable.   0.80 

STR- Strain (Cronbach’s alpha = 0.832) 3.51 1.74  

STR1. I feel drained from activities that require me to use ICT.   0.80 

STR2. I feel tired due to my ICT activities.   0.76 

STR3. Working all day with ICT is a strain for me.*   - 
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STR4. I feel burned out from my ICT activities   0.80 

ESS- Emotional social support (Cronbach’s alpha = 0.771) 5.19 1.38  

ESS1. Husband/wife   0.79 

ESS2. Children   0.75 

ESS3. Other family members/relatives   0.70 

ESS4. Friends   0.76 

ESS5. Coworkers   0.72 

ESS6. Supervisors   0.70 

    

Note: * deleted items after checking for error correlation using CFA 

 

4.1.1 Measurement model validity for the first-order correlated constructs 

We assessed the model validity for the first-order constructs in terms of convergent validity, 

discriminant validity, and composite reliability. Table 4 shows the good convergent validity of 

the measures, as evidenced by an average variance extracted (AVE) exceeding the threshold of 

0.5 (Byrne, 2010). The discriminant validity between the first-order constructs is also established 

as the square root of the AVE, shown on the diagonal in Table 4, which is greater than the 

correlations (Fornell and Larcker, 1981). In addition, the composite reliability (CR) of all 7 first-

order constructs is above the threshold of 0.7, showing good reliability (Byrne, 2010). 

 

Table 4 

Model validity measures and interconstruct correlations 

 
CR AVE SAT TCL TUN STR TIS TOL TIV 

SAT 0.87 0.69 0.83      
 

TCL 0.85 0.66 -0.08 0.81     
 

TUN 0.85 0.65 0.02 0.10 0.81    
 

STR 0.83 0.62 -0.22** 0.31*** 0.06 0.79   
 

TIS 0.83 0.63 -0.11 0.56*** 0.27*** 0.35*** 0.79  
 

TOL 0.80 0.57 0.01 0.38*** 0.19** 0.49*** 0.40*** 0.76 
 

TIV 0.78 0.54 -0.05 0.41*** 0.16* 0.49*** 0.38*** 0.65*** 0.73 
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Notes: square root estimates of the AVE on the diagonal; CR = composite reliability; AVE = average variance 

extracted; SAT = satisfaction; TCL = techno-complexity; TUN = techno-uncertainty; STR = strain; TIS = techno-

insecurity; TOL = techno-overload; TIV = techno-invasion. * p < 0.05, ** p < 0.01, *** p < 0.001. 

 

The CFA model fit indices of the first-order constructs displayed good levels compared 

with the recommended thresholds (χ2/df = 1.671, SRMR = 0.049, RMSEA = 0.047, PCLOSE = 

0.694; GFI = 0.919; AGFI = 0.889; NFI = 0.911; TLI = 0.952; CFI = 0.962), which indicated 

that the seven-factor measurement model fit the data well (Hu and Bentler, 1999). 

In addition, we tested for common method bias (CMB) issues, that may have arisen due 

to self-reported measures, using a common latent factor (CLF), as recommended by Podsakoff et 

al. (Podsakoff et al., 2003). We compared the standardized regression weights in the two models 

with and without CLF in Amos (Gaskin, 2017). Differences were below the threshold of 0.2, 

providing evidence for the absence of CMB issues (Gaskin, 2017). 

4.1.2 Measurement model validity for the second-order techno-stressors construct 

We assessed the model validity for the second-order confirmatory analysis to identify how the 

four first-order constructs contributed to an overall techno-stressors construct. The CFA model 

fit indices of the second order showed that the data fitted the model well and produced 

associations among the first-order constructs (χ2/df = 2.134, SRMR = 0.062, RMSEA = 0.060, 

PCLOSE = 0.070; GFI = 0.925; AGFI = 0.895; NFI = 0.914; TLI = 0.941; CFI = 0.952) (Hu and 

Bentler, 1999). In addition, to confirm that the five subdimensions of techno-stressors reflected 

the second order of the construct, we ran, separately, the first-order correlated model and the 

second-order model for the techno-stressors construct. We then computed the target coefficient 

(Marsh and Hocevar, 1985), which corresponds to the quotient of the chi-square value of the 
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first-order model and that of the second-order model1. Our results yielded a target coefficient of 

approximately 80%, which represented the acceptable recommended threshold, thus verifying 

the second-order techno-stressors construct (Ragu-Nathan et al., 2008). 

 

4.2. Testing for the structural model 

Before running the structural model in Amos, we modeled all the latent constructs as first-order 

constructs by following Tarafdar et al.’s (2010) recommendations. In the case of the second-

order construct, we computed the average of the first order subdimensions and used them as 

indicators for the first-order model. We then checked for multicollinearity by computing the 

variance inflation factor (VIF) for all indicators, including the moderator construct, which was 

originally modelled as a unidimensional variable and used in the regression equation (Koeske 

and Koeske, 1993). The VIF values ranged from 1.082 to 2.845, below the recommended 

threshold of 3.3 (Kock and Lynn, 2012), which indicated the absence of multicollinearity 

concerns in our study. We then ran the structural model in Amos. Figure 2 shows the path 

coefficients and their significance (only significant paths are shown). 

 

 
1 The ratio of the chi-square values = [χ² (first order)/ χ² (second order)] 
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Notes: to increase the overall model fit, only significant paths (β) are displayed. 

* p < 0.05; ** p < 0.01; *** p < 0.001. 

 

Fig. 2 SEM analysis results (standardized values) 

 

The fit indices of our model exhibited acceptable values for significant paths (β), as per 

the threshold values recommended in the literature (Hu and Bentler, 1999):  CMIN(χ2)/DF = 

1.615, SRMR = 0.062, RMSEA = 0.045, PCLOSE = 0.761, GFI = 0.933, AGFI = 0.906, NFI = 

0.882, TLI = 0.938, and CFI = 0.951. 

As hypothesized, the structural model in Figure 2 shows that techno-stressors are 

positively associated with strain (H1: β = 0.519, p < 0.001), and strain, in turn, is negatively 

associated with work satisfaction (H2: β = -0.195, p < 0.01). Techno-stressors are not directly 

related to work satisfaction. To test for the mediating role of strain, we used the bootstrapping 

test because it has no a priori assumptions about the sampling distribution (Preacher and Hayes, 

2008). Following Preacher and Hayes’ (2008) approach, a bootstrap resampling procedure (2000 

(H3, H8) 
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H6: β = 0.189** 
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H7: β = -0.159** 

H4: β = -0.150* 
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resamples) was performed to provide a rigorous mediation test. Table 5 shows that techno-

stressors are negatively and indirectly related to work satisfaction and that such a relationship is 

fully mediated by strain, which supports H3 (the alternative hypothesis was rejected because the 

indirect effect value is different from zero in the 95% confidence interval). 

 

Table 5 

Testing for mediation using bootstrapping (2000 resamples) 

Bootstrap results for indirect 

effects 

Indirect 

effect 

p-

value 

Standard 

error (SE) 

Confidence 

interval (95%) 

Comment 

H3: From technostress (techno-

stressors) to work satisfaction 

(mediated by strain) 

-0.394 0.006 0.178 [-0.849; -0.125] Full 

mediation 

H8: From ESS to work satisfaction 

(mediated by strain) 

0.067 0.010 0.037 [0.013, 0.173] Partial 

mediation 

 

We also tested for the moderating effect of ESS on the relationship between techno-

stressors and strain by following the “double-mean centering” approach (Lin et al., 2010). This 

approach aims to reduce correlations among the indicators of the first-order constructs and the 

interaction term in structural equation models, thereby preventing multicollinearity issues (Lin et 

al., 2010). Results (Figure 2) support the buffering effect of ESS on the relationship between 

techno-stressors and strain (H4: β = -0.150, p < 0.05). To determine the significance of the 

relationship between techno-stressors and strain at three moderation levels of ESS (low, 

moderate, and high), we conducted a simple slope test using the Hayes process for the generated 

factor scores of the model in SPSS (Hayes et al., 2017). The Hayes process is used to estimate 

moderation in regression-based models with single-item observable variables (with generated 

factor scores) along with simple slope tests. The Hayes process runs separate ordinary least 
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squares regressions to estimate three moderating levels (low, moderate, and high). Our results 

revealed that with low, moderate, and high levels of ESS, the effect of techno-stressors on strain 

was positive and significant:  high (slope = 1.69, t = 15.36, p < 0.001); moderate (slope = 1.48, t 

= 16.57, p < 0.001); and low (slope = 1.25, t = 9.40, p < 0.001), respectively. Figure 3 illustrates 

the simple slopes analysis. 

 

 

Fig 3 Buffering role of ESS 

 

We also tested for the moderating effect of ESS on the indirect relationship between 

techno-stressors and work satisfaction through strain. We ran the model with and without ESS 

and its moderating effect. Table 6 shows that ESS negatively moderates the indirect relationship 

between techno-stressors and work satisfaction through strain (H5: β = -0.394, p < 0.01) and 

highlights that when ESS is higher, the impairing effect of techno-stressors on work satisfaction 



28 

via strain goes down by 0.053 (Δ (model with ESS – model without ESS) = 0.053), and that the difference 

between the two models is significant (Δ(χ2) = 107.705, Δ(df) = 73, p = 0.009). 

 

Table 6 

Testing for moderation 

Model Indirect effect Standard error Confidence interval p-value χ2 df 

Without ESS -0.447 0.185 [-0.884; -0.148] 0.005 88.582 48 

With ESS -0.394 0.178 [-0.849; -0.125] 0.006 193.287 121 

 

Figure 2 also shows that ESS is positively associated with work satisfaction (H6: β = 

0.189, p < 0.01) and negatively associated with strain (H7: β = -0.159, p < 0.01). The mediation 

test in Table 5 shows that ESS is positively and indirectly related to work satisfaction (at p < 

0.01), and that this relationship is partially mediated by strain (as the direct relationship is 

significant). This result supports H8 and highlights that ESS reduced the negative effect of strain 

on work satisfaction. 

Finally, we controlled for four individual characteristics, namely, gender, age, education, 

work experience, marital status, and parental status by regressing these variables on techno-

stressors. Figure 2 shows that the effect of age on perceived technostress was significantly 

negative (β = -0.148, p < 0.05), which means that perceptions of technostress decreased as age 

increased. Results show that gender (β = -0.090, p = 0.181), education (β = -0.077, p = 0.270), 

and work experience (β = 0.119, p = 0.213) did not have any significant effect on perceived 

technostress in remote work. Furthermore, we conducted a supplementary analysis to investigate 

whether marital status and parental status were related to the perception of technostress and 

strain in remote work settings. Our findings indicate that marital status did not significantly 

predict either perceived technostress (β = -0.033, p = 0.639) or perceived strain (β = -0.040, p = 
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0.478). Similarly, parental status was unrelated to both perceived technostress (β = -0.016, p = 

0.818) and perceived strain (β = -0.070, p = 0.215). These results suggest that perceived techno-

stressors resulting from the excessive use of ICT in remote work settings predicts the stress and 

teleworkers’ strain above and beyond their personal relationships or family responsibilities. This 

result also highlights the importance of emotional social support, such as that provided by a 

spouse, children, or other family members, as a means of coping. 

5. Discussion and implications 

The motivation of the present research is twofold. First, there has been a growing interest in 

technostress research, particularly in exploring ways to alleviate technostress through 

organizational support strategies. However, the emergence of the Covid-19 pandemic has posed 

unprecedented challenges, rendering these strategies less accessible. This is mainly due to the 

hasty implementation of remote work by most organizations to ensure the continuity of their 

activities (Lanzl, 2023). Another alternative area of research suggests that perceived ESS is 

particularly beneficial for individuals engaged in remote work. ESS has been consistently 

available and effective, especially during the Covid-19 pandemic (Lanzl, 2023; Szkody et al., 

2021). However, research on technostress in the field of IS has produced inconclusive results 

regarding the role of ESS in moderating the relationship between technostress, strain, and job 

satisfaction. Our findings provide support for the moderating role of ESS in alleviating the 

negative effects of technostress and strain on job satisfaction in remote work contexts. 

Second, the Covid-19 pandemic has significantly altered the working landscape for ICT 

users, leading to a surge in remote work. As a result, the effectiveness of organizational support 

in this new environment may be limited, prompting ICT users to seek alternative sources of 

assistance. Our research provides valuable insights into the impact of social support in alleviating 
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technostress. Our findings indicate that ESS plays a critical role in assisting ICT users in 

mitigating the negative effects of technostress in remote work settings, particularly when access 

to organizational support may be limited. 

 

5.1 Theoretical contributions 

Our study makes several contributions to theory in the IS field. First, it addresses the 

inconsistency found in existing studies on technostress within the IS field, notably regarding the 

moderating role of ESS on the relationship between strain and job satisfaction (Lanzl, 2023; 

Benlian, 2020; Galluch et al., 2015; Ragu-Nathan et al., 2008). Our empirical findings 

demonstrate that ESS can effectively alleviate the strain caused by technostress and reduce its 

negative indirect effect on job satisfaction, especially in the context of intense remote work 

situations, such as during the Covid-19 pandemic crisis. In fact, ESS plays a critical role in 

assisting ICT users and mitigating the adverse effects of technostress in remote work settings, 

where access to organizational support may be limited. 

Second, our study highlights the mediating role of strain as the precondition for triggering 

negative coping responses to technostress, resulting in work dissatisfaction among ICT users 

during remote work from home. This is a useful contribution because previous studies in the IS 

field have assimilated work dissatisfaction as “equivalent” to strain (Rague-Nathan et al., 2008, 

p. 421). Indeed, assimilating work dissatisfaction as equivalent to strain rather than as an 

outcome of strain is not in line with the stressor-strain-outcome models in the organizational 

behavior literature where it has been suggested that strain, unlike work dissatisfaction, represents 

the psychological responses to stressors and that the inability of an individual to cope with high 

strain triggers job dissatisfaction (Koeske and Koeske, 1993). By examining the mediating role 

of strain in the relationship between technostress and work satisfaction, our study contributes to 
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the IS literature on technostress by offering a theoretically compelling explanation of why and 

how technostress can lead to strain, and thereby reducing the satisfaction of ICT users who work 

remotely at home in a time of crisis. 

Further, our study extends the IS literature on technostress by explaining the mechanisms 

through which technostress may affect strain and work satisfaction in remote work contexts, and 

by demonstrating the buffering role of ESS in the technostress-strain-work satisfaction model. 

Our study offers an integrative model that can explain how and when the adverse consequences 

of technostress are more likely to occur in remote work, and how they can be alleviated. Our 

study moves an important step forward by integrating the processes (i.e., strain) and boundary 

conditions (i.e., ESS) associated with the relationship between technostress and remote ICT 

users’ work satisfaction within the same model, and thereby contributing to enrich current 

theoretical models of technostress. 

5.2 Practical implications 

Our research has practical implications for managers who are contemplating the promotion of 

remote work from home. First, our study provides managers with a deeper understanding of the 

negative effects of perceived technostress on work satisfaction among remote workers. This is of 

utmost importance as our research has uncovered that perceived technostress results in 

heightened strain, including feelings of fatigue and exhaustion, among teleworkers. 

Consequently, the experienced strain is reflected in a diminished work satisfaction among remote 

workers. Managers who are concerned with enhancing the well-being and work satisfaction of 

teleworkers would greatly benefit from giving more consideration to alleviate techno-stressors 

that teleworkers perceive due to their excessive use of ICT in remote work settings. By providing 

training to teleworkers on how to mentor and regulate their perceived level of techno-stressors, 
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they can effectively prevent fatigue and exhaustion, ultimately leading to increased work 

satisfaction. For instance, managers can implement training programs aimed at educating users 

on effective task prioritization when utilizing ICT, thereby reducing techno-overload (Salo et al., 

2019). To enhance the proficiency and knowledge of teleworkers in utilizing new ICT features 

and staying updated on the latest ICT advancements, managers can introduce comprehensive 

training programs. These programs aim to alleviate the complexities and uncertainties associated 

with ICT (Molino et al., 2020). In addition, managers can explore the implementation of work-

home boundary management programs to effectively address the challenges faced by 

teleworkers. These programs encompass approaches that determine availability and offer 

flexibility in work schedules, enabling users to effectively manage their professional and 

personal responsibilities (Benlian, 2020). For instance, one approach that managers can adopt is 

establishing the “right to disconnect” from ICT outside of work hours. This approach empowers 

users to achieve a healthy work-home balance, promoting overall well-being (Khedhaouria and 

Cucchi, 2019). 

Second, our study reveals that emotional social support is not only beneficial in reducing 

strain but also essential in mitigating the positive relationship between perceived technostress 

and strain in remote work settings. Because the negative effect of perceived technostress on work 

satisfaction is intensified by strain, one potential approach for managers would be to focus on the 

important role of emotional social support. For instance, managers can effectively implement 

“virtual coffee break” events to encourage informal social discussions with coworkers and 

cultivate a sense of community (Schramm, 2018). This approach not only helps to prevent 

fatigue and exhaustion but also reduces technostress (Lanzl, 2023). Managers can also establish 

“digital ambassador” programs to foster a remote collaborative culture (Schramm, 2018). These 
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programs encourage volunteer teleworkers to informally assist their colleagues in acquiring 

digital skills and managing technostress. Additionally, managers can allow and encourage 

teleworkers to allocate more time to their families outside of working hours. This helps prevent 

the intrusion of ICT into their personal lives and reduces technostress (Lanzl, 2023; Harris et al., 

2022). 

Finally, our study uncovers the crucial role of emotional social support in enhancing 

work satisfaction among workers who operate from their homes. This direct and positive 

association highlights the significance of emotional social support in the context of teleworking. 

This finding holds immense importance for managers who strive to improve work satisfaction of 

their teleworking employees. By prioritizing emotional social support, managers can foster a 

social culture that encourages mutual assistance and emotional well-being among teleworkers 

(Lanzl, 2023). 

6. Limitations and future research 

Some limitations should be considered in future research. First, although the purpose of our 

study was to examine the consequences of technostress in remote (home) work during the Covid-

19 crisis, its cross-sectional nature should be overcome through future longitudinal research to 

carefully validate our findings. 

Second, although our moderator variable “ESS” is measured using a valid unidimensional 

measurement scale (Koeske and Koeske, 1989; 1993), further research should use a 

multidimensional measurement scale to increase the internal consistency of the social support 

scale (Manning et al., 1996). 

Third, we examined ESS as a technostress inhibitor in the remote (home) context. Further 

research should examine other inhibitors, such as techno-self-efficacy and time management, 
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that have been suggested to mitigate the adverse consequences of technostress for job outcomes 

(Yener et al., 2020). 

Finally, we investigated strain as psychological response to technostress. Strain is a 

complex phenomenon that may be influenced by many negative affective factors (e.g., worrying, 

hurt feelings, nervousness, negative mood, insomnia) (Califf et al., 2020). Future research should 

control for negative affectivity in our model. 

 

7. Conclusion 

The purpose of the present study was to investigate the effects of techno-stressors on strain 

and work satisfaction, and the buffering role of ESS to mitigate those effects in the remote 

(home) work context during a time of crisis. The results support our hypotheses and show that: 

(a) techno-stressors increased ICT users’ strain and, indirectly, led to decreased work 

satisfaction, and (b) ESS dampened the direct effect of TS on strain and the indirect effect of TS 

on work satisfaction. Indeed, the shift towards remote work from home suggests that the ESS a 

user may receive can be a critical emotional resource to attenuate the negative effects of 

technostress. These findings contribute to a comprehensive understanding of the potential 

benefits of ESS in remote work contexts. 
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