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A B S T R A C T

Benford’s Law has been widely used in the literature to assess data quality and reliability. This paper examines
the impact of local elections on financial reporting quality in entities controlled by local governments using
a data science approach. By applying Benford’s Law on financial statements published by Italian municipally
owned entities operating in utility industries, we find diffuse data anomalies around election seasons. This does
not automatically means that illegal manipulation or fraud are widespread in those periods, but it implies
that (i) auditors need to pay particular attention to the quality of accounting data in those crucial periods
and specific environments; and that (ii) voters and media have to be critical in assuming municipally owned
entities’ indicators of financial performance as proxies of the administrative efficiency of incumbent politicians.
1. Introduction

In this paper we investigate the quality of municipally owned enti-
ties (hereafter MOEs) financial statements in pre-electoral seasons using
a data science approach based on Benford’s Law. This approach has a
consolidated tradition in the auditing and fraud detection literature and
has the advantage of not requiring strong econometric identification or
statistical modelling assumptions: furthermore, it can be used in the
presence of large datasets. In this paper we take the view that the
totality of MOEs’ financial statements is a complex economic system
whose behaviour depends on different incentives set at the micro level.

Previous literature has advocated that morality and fraud are nei-
ther personal nor universal but are located within specific social and
historical contexts [1]. We argue that this is also the case for data
manipulation and financial statement quality. A particular context
could favour data manipulation and in turn reduce financial statement
quality. In particular, we believe that in contexts where there are
individuals who have an interest in the publication of specific financial
statement results and are in a position to exercise power over financial
statement preparers, they might decide to use it to have the latter acting
immorally or fraudulently, possibly engaging in data manipulation [1].

Public choice theory has gathered sufficient evidence to suggest that
incumbent politicians, to increase their own chances or the chances
of the governing party of winning again, may engage in the pre-
electoral manipulation of any measure of economic performance that,
perceived as a sign of administrative efficiency, can alter the perception

∗ Correspondence to: Department of Economics, University of Molise, Via F. De Sanctis, 1 I-86100, Campobasso, Italy.
E-mail address: lupi@unimol.it (C. Lupi).

of their governing efficiency [2–9]. Although the first studies in this
field dealt typically with macro-economic measures, we believe that
MOEs’ financial results are also likely to be perceived by politicians
and voters as relevant measures of economic performance. This is
consistent with the results of existing literature on the influence of
listed State owned entities’ results on voters’ opinions [5,7,10,11] and
with the constant increase in the amount of public resources managed
by MOEs [12]. Incumbents might be willing to manipulate those results
even if they cannot do it directly. Indeed, in the Italian institutional
settings, local politicians do not have a direct involvement in the
preparation of MOEs’ financial statements. Nevertheless, they are in the
position to exercise power over MOEs’ executives both through their
ability to decide, as representatives of the majority shareholders, on
MOEs’ managers re-appointment, and through their ability to influence,
as political members, the amount of resources that can be transferred
to the managed entity.

Hence, around local election times politicians might be willing
to use their power to make MOEs’ managers accommodate financial
statement results in a way that may favour their political ambitions,
with a reduction of the quality of published financial statements data.
We also believe that the above scenario is likely to occur especially with
respect to those MOEs that are more socially relevant and of greater
interest to the media and the public opinion. In this paper, we focus
on MOEs operating in specific utility industries (e.g., public transport,
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provision of gas, water and electric energy, environmental hygiene). We
hypothesize that accounting manipulations in MOEs operating in these
industries is positively associated with the occurrence of an election in
the controlling municipality, and we test this proposition in the context
of the Italian utility sector.

We carry out our analysis using a large sample of Italian MOEs oper-
ating in the utility sector, spanning a 10-year period ranging from 2010
to 2019. We then examine the distribution of pre-tax income numbers,
in line with, e.g., Van Caneghem [13] and Herteliu et al. [14]. We
test our conjecture using conformity tests for the first-digit Benford’s
Law. In order to compare results from samples of different size we use
chi-square homogeneity tests as well as resampling techniques [15].
We confirm that MOEs’ pre-tax income numbers conform to Benford’s
Law in ordinary times, but we find signs of misleading financial reports
concentrated in pre-electoral times, with even greater alteration in the
financial statement data of utility sector MOEs entirely controlled by
the local government (i.e., when the municipality owns 100% of the
firm’s shares).

This paper provides some important policy implications. First, au-
ditors and forensic accountants will need to pay close attention to
the quality of financial statements near electoral periods in particular
environments (i.e., MOEs operating in economically and socially rele-
vant industries). Second, it seems necessary to isolate managers from
political influences, perhaps following the indications of the OECD and
making the process of appointing managers more transparent. Third,
the quality of financial statements should always be at the core of new
and focused international policies, following the ongoing and recent
debate around accrual-based accounting adoption by governments and
state-owned entities. Finally, voters and media should be critical in
assuming MOEs’ indicators of financial performance as proxies of the
administrative efficiency of incumbent politicians.

The remainder of the paper is structured as follows: Section 2
provides a description of the institutional setting and of the data;
Section 3 is dedicated to the discussion of the method used in the
empirical analysis; findings are presented in Section 4; Section 5 offers
some conclusions.

2. The institutional setting and the data

In Italy a mayor and a council are elected, for each municipality,
through an election process held every five years. Mayors last for five
years in their role and have a limit of two consecutive terms. New
municipal elections can be held before the end of the term in three
cases: (i) when more than half of the councillors resign; (ii) when
the mayor resigns; and (iii) when the local government is dissolved
after a court verdict because of mafia infiltration. Consequently, local
lections are not synchronized nation-wide and Italian municipalities
ave different election periods over the years. Every year, a decree
ssued by the Minister of the Interior establishes the precise day of the
unicipal elections, selecting one of the Sundays in the period from 15
pril to 15 June. This day is the same for all municipalities in which
lections are scheduled to be held in that year. Fig. 1 reports for each
ear in the decade 2011–2020 the number of municipalities involved in
ocal elections and the number of utility sector MOEs related to those
unicipalities.

Although Italian MOEs operate in many sectors, they are neverthe-
ess generally responsible for the provision of local public transport,
ater, electricity, gas, local road maintenance, and environmental
ygiene. Most of these companies are partly or wholly owned by
unicipalities, which entrust these entities with most of the public

ervices provided to their citizens [16–18]. The owning municipality,
n most cases, is not just the majority shareholder but also the most
rominent client, paying a substantial part of the entity’s revenues
hrough a service contract, so that any of its decisions can have a
ignificant impact on the resources to be transferred to the participated
ntity. When the municipal ownership is larger than 50% of the total
2

shares of the participated entity, the mayor has full power to appoint
or remove the MOE’s director, and can do so with an extremely high
level of discretion.

The empirical investigation is based on the AIDA (Analisi Infor-
matizzata delle Aziende Italiane) database and the Shareholdings PA
(Public Administration) Open data, available through the Department
of Treasury of the Italian Ministry of Economics and Finance (MEF).
Created and distributed by Bureau van Dijk, the AIDA database contains
the financial statements of both active and bankrupt Italian companies,
including privately held and state-owned firms with Central, Regional,
Local (Municipal) or any other government level ownership, except for
public bodies. In contrast, the Italian MEF database provides 262,315
observations on shareholdings and representatives in the governance
bodies of companies and entities through seven editable files, which
we merged and cleaned of duplicates and multiple firms’ owners (by
leaving only the largest). Then, we created a single dataset by merging
these two databases. This merged dataset consists of several balance
sheet items, along with the reference calendar year of the same balance
sheet, the name of the municipality owning the shares, the municipality
in which the firm is based, and the percentage of the entity’s shares
owned by the municipality. All data manipulations and the empirical
analysis have been carried out using R, version 4.1.2 [19].

The dataset also includes a variable indicating the exact date of
each election held in each municipality, retrieved from the election
archive of the Italian Ministry of the Interior. Since data were once
again open access from the same source and merged from different
files, we checked for missing information and manually imputed the
dates for firms experiencing one or no election in the overall period.
At this stage we found it useful to update the municipality names with
their current ones, for more accurate matching between the databases.
We define ‘‘pre-election data’’ as the financial statements related to the
year prior to the local elections but published just before the elections
were held. Election dates in Italy are ordinarily put towards the middle
of the year and are normally known well in advance, whereas financial
statements are usually approved 90 days after the 31 December by the
board of directors and 120 days after the end of the reference year
by the shareholders’ meeting. For example, a company would approve
its financial statement by the end of March and publish it by the end
of April at the shareholders’ meeting, whereas the elections would
commonly take place soon after in May or June. Of course, our database
includes also elections held in later months, as some of them could have
been postponed. This does not affect the underlying theoretical concept
of manipulation incentive referred to the financial statement of the year
preceding an election, as financial results could have been adjusted in
view of the already announced election.

We filtered from the extrapolated 9,091 entities included in the
central government database those contained in AIDA, obtaining a
dataset of 6,495 observations per year. We further defined as MOEs
those entities whose shares were owned by a municipality with a
quota larger than 50% and selected the sample accordingly. This left
us with 1,877 observations per year. We then restricted our attention
to the 717 MOEs operating in the utility sector (covering five major
industries, including public transport, the provision of gas, water and
electric energy, and environmental hygiene), where a greater political
component in terms of visibility and relevance for voters is expected.
Finally, we focused on those MOEs for which we had information on
their pre-tax income figures: this further reduced the sample to 6,261
observations (an average of approximately 626 entities per year).

3. Statistical method

Being mostly concerned with data quality, we base our empirical
analysis on the application of Benford’s Law [20]. The main statement
of Benford’s Law is that, contrary to what might be intuitively antici-
pated, the frequency of the first digit of many quantities in a number of
real situations is not uniform, but rather follows a distribution such that
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Fig. 1. The blue bars represent the total number of utility sector MOEs attached to municipalities experiencing an election in each year from 2011 to 2020; the grey bars represent
the number of municipalities that had elections in the same years. (For interpretation of the references to colour in this figure legend, the reader is referred to the web version
of this article.)
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smaller numbers are more frequent than larger ones. This behaviour
has been observed in many different contexts, notably in accounting,
economics, and finance [see, e.g.,14,21–35]. The theoretical reasons
behind such a widespread compliance of real datasets with Benford’s
Law has been investigated, and a number of explanations have been
found [see, e.g.,36–47]. In particular, Hill [37] shows that Benford’s
Law naturally arises when the quantities of interest are the result
of heterogeneous processes. Furthermore, Fewster [40, p. 28] argues
that ‘‘any distribution arising in nature that is reasonably smooth
and covers several orders of magnitude is almost guaranteed to obey
Benford’s Law’’.1 Durtschi et al. [24, p. 23] go so far as to state
that ‘‘Most accounting-related data can be expected to conform to a
Benford distribution, and thus will be appropriate candidates for digital
analysis’’.

In settings where Benford’s Law is the norm, significant deviations
from Benford’s Law are taken as manifestations of low data quality, or
symptoms of possible data manipulations or even fraud.

Benford’s first digit law takes a surprisingly simple form:

Pr(𝑋 = 𝑑𝑖) = 𝑏𝑖 = log10

(

1 + 1
𝑑𝑖

)

(1)

here 𝑋 denotes the first significant digit of the item and 𝑑𝑖 ∈
1,… , 9}. We will denote by 𝑏𝑖 the probability defined in (1).

Conformity of data with Benford’s distribution can be tested using
ifferent statistics [see, e.g.25,48–50]. One of the most commonly used
tatistics is Pearson’s chi-square:

2 = 𝑛
9
∑

𝑖=1

(

𝑝𝑖 − 𝑏𝑖
)2

𝑏𝑖
(2)

where 𝑛 is the number of observations and 𝑝𝑖 represents the proportion
of the first digits (1,… , 9) in the sample. Despite its widespread use,
he 𝜒2 has been criticized by some authors on the grounds that it
as ‘‘excessive power’’ – i.e., it tends to reject the null of conformity
ith Benford’s Law even in the presence of tiny unimportant deviations
when the number of observations is very large [25,51]. For this

eason, Drake and Nigrini [23] and Nigrini [25] proposed using the
ean Absolute Deviation (MAD) criterion, a measure of the average

istance between the relative frequencies of the observed digits with
enford’s theoretical frequencies:

𝐴𝐷 = 1
9

9
∑

𝑖=1

|

|

𝑝𝑖 − 𝑏𝑖|| . (3)

1 This claim should not be read as a necessary condition for data to follow
enford’s Law. A counterexample is the random variable 𝑋 = 𝑘10𝑌 , where 𝑌

s a standard uniform variable and 𝑘 > 0. In this case, 𝑋 is exactly Benford
3

but does not necessarily span several orders of magnitude.
In the proponents’ intentions, this criterion should be independent
of the number of observations, 𝑛, and this should help overcome the
‘‘excess of power’’ problem. However, Cerqueti and Lupi [50] show
that when data conform with Benford’s distribution, the MAD statistic
depends on 𝑛 and is 𝑂𝑝

(

𝑛−
1
2
)

. These features make the MAD criterion
nfit to be used as a statistical test and to be applied to compare
onformity with Benford’s Law in samples of different size.

In order to take into account these issues, our empirical investiga-
ion is structured as follows. We start from a visual comparison of the
mpirical and theoretical frequencies. We proceed by computing the
tandard 𝜒2 test and the adjusted MAD statistic proposed in Cerqueti
nd Lupi [50], a scaled version of the MAD:

𝐴𝐷∗ =

√

𝑛
9

9
∑

𝑖=1

|

|

𝑝𝑖 − 𝑏𝑖||
√

𝑏𝑖(1 − 𝑏𝑖)
. (4)

Cerqueti and Lupi [50] show that under the null of data conformity
with Benford’s Law

𝑀𝐴𝐷∗ 𝑑
⟶ N

(
√

2
𝜋
, 1
92

9
∑

𝑖=1

9
∑

𝑗=1
𝑟𝑖𝑗

)

as 𝑛 → ∞ (5)

where

𝑟𝑖𝑗 =
2
𝜋

[

𝜌𝑖𝑗 arcsin(𝜌𝑖𝑗 ) +
√

1 − 𝜌2𝑖𝑗

]

(6)

and

𝜌𝑖𝑗 = −

√

𝑏𝑖𝑏𝑗
(1 − 𝑏𝑖)(1 − 𝑏𝑗 )

. (7)

Therefore, when appropriately standardized, the adjusted MAD is
asymptotically distributed as N(0, 1) under the null.

The standardized adjusted MAD and Pearson’s 𝜒2 are the first
choice to detect departures from Benford’s Law in many situations
characterized by a random contamination of the law [50]. Of course,
comparison of the results from samples of different size remains prob-
lematic, due to the different power of the tests in the presence of few
or many observations. In fact, consistent tests (such as those used in
this paper) may reject the null hypothesis even for tiny and practi-
cally unimportant deviations from the null, when 𝑛 → ∞. Therefore,
following a suggestion in Cerqueti and Lupi [50], we use subsampling
bootstrap [15]. Subsampling bootstrap (or simply subsampling) draws
samples without replacement of size 𝑚 from the original sample of size
𝑛, where 𝑚 < 𝑛. Subsampling guarantees that, provided the statistic of
interest has a proper distribution, the subsampling statistics have the
same distribution. Therefore, we can compare the statistics computed
in the smaller sample with those consistent with the larger sample by
subsampling from the larger one.
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Table 1
MOEs’ pre-tax income descriptive statistics. Sample 1 represents the financial statements relative to ordinary periods
of utility sector MOEs with the municipality owning more than half (>50%) of the total shares; Sample 2 refers to
the financial statements of the same MOEs referring to the year preceding local elections; Samples 3 and 4 contain
financial statement data of utility sector MOEs entirely controlled by the municipality (the latter owning 100% of
the shares), respectively in ordinary periods and during election periods.

Sample 1 Sample 2 Sample 3 Sample 4

ordinary-time data pre-election data ordinary-time data pre-election data

ownership > 50% ownership > 50% ownership = 100% ownership = 100%

n 3,964 1,057 2,353 630

Min. 1 21 1 75

1st Qu. 30,751 30,890 23,386 23,756

Median 126,912 126,329 75,602 84,561

Mean 1,403,922 1,245,837 676,252 750,310

3rd Qu. 484,990 518,644 292,752 352,463

Max. 229,809,000 96,565,837 45,040,000 39,724,000

s.d. 9,398,305 6,349,160 2,562,223 2,623,179
b
t

d
d
t

4. Data analysis

In this paper we concentrate on utility sector MOEs’ pre-tax income,
in line with Van Caneghem [13] who was the first to introduce dis-
cretionary accruals in this stream of research. We are not inferring
whether entities manage reported earnings upward or downward as
we are only interested in detecting whether there are diffuse signals
of accounting data manipulations in certain periods, regardless of their
signs. Furthermore, given that Benford’s analysis can be applied only
to positive quantities, and given that different incentives may hold for
positive or negative values of income, we selected only positive pre-tax
income values.2

As shown in Table 1, the sample is made of 5,021 observations
ver a decade (2011–2020), including an average of two election cycles
or each entity. We noted that the data span several orders of magni-
ude, the minimum value being 1 and the maximum 229,809,000. In
ine with Fewster [40], this observation confirms that, in the absence
f manipulations, the data are very likely to conform to Benford’s
istribution. The large mean-to-median ratio also suggests the same
onclusion [24]. We further split the sample into a pre-election sample
containing the observations relative to the MOEs’ financial statements
f the years preceding the local elections) and an ordinary-time sam-
le (containing the observations relative to ordinary periods). The
re-election sample consists of 1,057 observations; the ordinary-time
ample is nearly four times larger and contains 3,964 observations.

We apply the standard 𝜒2 and the adjusted and standardized MAD
tests to the data in the different sub-samples to check conformity with
Benford’s first-digit law. We start from the case where the municipality
owns the majority (> 50%) of the shares. The analysis reveals that,
while in ordinary periods data conform with Benford’s Law (Fig. 2,
panel B), in pre-election times the empirical distribution of the first
digit decreases irregularly, with some important deviation from Ben-
ford’s Law (Fig. 2, panel A). In fact, both the adjusted MAD and the 𝜒2

tests reject the null hypothesis (of data conformity with Benford’s Law)
using a 5% significance level. Since our data include data that may de-
viate from Benford’s Law (pre-election data) as well as a control group
whose data are expected not to deviate from Benford’s Law (ordinary-
time data), we are in the position to run also a chi-square homogeneity
test, to check the null hypothesis that the differences between the
empirical frequencies in the two samples can be attributed to the effect
of chance alone, the underlying distribution being the same across the
two populations. The test in this case has a 𝑝 value equal to 0.064, so
that we can reject the homogeneity hypothesis at a significance level

2 The number of negative observations is small and does not allow us to
arry out the analysis using only the absolute value of the negatives.
4

h

just above the conventional 5% level. Despite this rejection, one might
still wonder whether the rejection of Benfordness in pre-election data
stems from the fact that the empirical frequencies represented in panel
A of Fig. 2 are more irregular simply because they are based on fewer
observations. However, it should be observed that, despite the fact that
the ordinary-time sample is significantly larger (and consequently the
power of the tests is higher), both the adjusted MAD and the chi-square
tests are unable to reject the null hypothesis that the observed values
conform with Benford’s Law in the ordinary-time data. On the contrary,
the null of conformity with Benford’s Law is rejected in the smaller
pre-election sample where the power of the tests is lower. Therefore,
rejection of the null of conformity in pre-election data cannot be an
artefact created by sample size. Furthermore, by subsampling from the
ordinary-time data 10,000 independent samples, each made of 1,057
observations (the same sample size as the pre-election sample), it is
possible to derive the distribution of the test statistics [15]. If data
in the larger sample conform to Benford’s Law, we should expect the
distribution of the test statistics to approximate their theoretical limit
distribution under the null. In fact, this is what happens in panels C and
D of Fig. 2, where the subsampling distributions and the theoretical
distributions of the test statistics under Benford’s Law match almost
perfectly. The vertical lines in panels C and D represent instead the
values of the test statistics in the pre-election sample and confirm
that the realized values of the test statistics are very unlikely under
the distribution observed in the ordinary-time data, in samples of the
same size as the pre-election data. All these results point towards the
existence of significant differences in the quality of financial statements
in periods approaching local elections with respect to regular periods.

We also investigate conformity with Benford’s Law using a sample
made exclusively of entities fully owned by the reference municipalities
(i.e., when the municipality owns 100% of the shares of the entity). In
this case the sample is made of 2,983 observations. The pre-election
sample is made of 630 observations; the ordinary-time sample is again
nearly four times larger and contains 2,353 observations. The chi-
square test of homogeneity strongly rejects (with a 𝑝 value equal to
0.008) the null hypothesis that the empirical digit distributions in the
pre-election and ordinary-time samples derive from the same underly-
ing distribution.3 The empirical results point in the same direction as
efore, confirming data conformity in regular periods, and signalling
he presence of anomalies in the distribution of pre-election data (see

3 On the other hand, the same homogeneity test applied to the empirical
istributions for different ownership quota show that in pre-election data the
igit empirical distributions for the two ownership levels are compatible with
he same underlying distribution (𝑝 value equal to 0.965); the same result
olds also for ordinary-time data (𝑝 value equal to 0.907).
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Fig. 2. MOEs with at least 50% ownership on the part of the municipalities. Panels A and B report the empirical (blue bars) and Benford’s (red curves) values of the first digit
frequencies for pre-election data and ordinary-time data, respectively. 𝑃 (⋅) denotes the 𝑝 value of the corresponding test. Panels C and D report the densities of the relevant statistics
estimated using 10,000 subsamples from the ordinary-time data (blue solid curves) and the theoretical densities under the null hypothesis that Benford’s Law is valid (red dashed
curves). The vertical lines indicate the value of the relevant statistics in pre-election data. (For interpretation of the references to colour in this figure legend, the reader is referred
to the web version of this article.)
Fig. 3). Furthermore, despite being based on fewer observations, in this
case the evidence against Benford’s distribution in pre-election data is
even stronger.

5. Discussion and conclusions

This paper deals with the crucial problem of the possible existence
of political manipulation of microeconomic data before local elections.
We use a data science approach based on Benford’s Law that avoids
strong modelling assumptions. Specifically, we examine the first-digit
distribution of pre-tax income numbers of a sample of Italian munici-
pally owned entities (MOEs, with the municipality holding more than
50% of the firms’ total shares) operating in the utility sector. We con-
firm that pre-tax income numbers conform to Benford’s Law in regular
periods. However, we find signs of financial statement manipulation
around election periods, especially for entities entirely controlled by
the municipality (i.e., with the latter owning 100% of total shares).
Chi-square tests of homogeneity of the empirical first digit distributions
in pre-election and in ordinary-time data support the same conclusion
by rejecting the null hypothesis that the first digit distributions are the
same across the samples, irrespective of the Benfordness of the relevant
variables. Arguably, this is another symptom of a change in data quality
or of the presence of data manipulations.
5

It should be stressed that by ‘‘manipulation’’ we do not necessarily
mean that managers engage in illegal activities: manipulation can occur
also without trespassing the boundaries of general accepted accounting
principles (GAAP) when managers, required to use their judgement to
assess financial statement discretionary items, do so to achieve desired
specified goals rather than to offer a faithful and fair view of the
company’s financial position.

The entities analyzed in this study operate in socially relevant
industries, such as public transport, provision of gas, water and elec-
tric energy, and environmental hygiene. The evidence prompts us
to argue that when people have both power to exercise over third
parties (e.g. politicians on MOEs’ managers) and interest in engaging
in misleading accounting behaviour (e.g., during pre-electoral periods
in order to attract voters), the social context that arises in these given
environments and specific periods can lead to a context prone to
self-serving use of accounting data and a decrease in the quality of
financial statement results. Stated differently, in a pre-electoral context,
incumbent politicians can exercise the power they have over MOEs’
executives to make them perform accounting manipulatory activities
in order to accommodate their political ambitions.

A first direct implication of this study is relevant for external/
internal auditors (and perhaps for forensic accountants, or even judicial
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Fig. 3. MOEs with 100% ownership on the part of the municipalities. Panels A and B report the empirical (blue bars) and Benford’s (red curves) values of the first digit frequencies
for pre-election data and the ordinary-time data, respectively. 𝑃 (⋅) denotes the 𝑝 value of the corresponding test. Panels C and D report the densities of the relevant statistics
estimated using 10,000 subsamples from the ordinary-time data (blue solid curves) and the theoretical densities under the null hypothesis that Benford’s Law is valid (red dashed
curves). The vertical lines indicate the value of the relevant statistics in pre-election data. (For interpretation of the references to colour in this figure legend, the reader is referred
to the web version of this article.)
bodies that aim to protect public finance balances), who will need to
pay close attention to the quality of financial statements during pre-
electoral periods, especially in particular environments (i.e., MOEs op-
erating in economically and socially relevant industries). It also seems
necessary to isolate managers from political influences by introducing
more transparent appointing procedure as advocated by the OECD
Guidelines for the governance of State owned entities. To guarantee
administrators’ independence, policy makers could create disincentives
to incumbent politicians from exercising power over MOEs’ managers.
Lastly, voters and media will need to be critical in assuming MOEs’
indicators of financial performance as proxies of the administrative
efficiency of incumbent politicians, although those firms represent
economically relevant sectors.

Of course, we cannot exclude the possibility that executives engag-
ing in pre-electoral accounting data manipulation do so for personal
reasons and not in response to politicians’ pressure. The Positive Ac-
counting Theory predicts that managers engage in earnings manage-
ment activity to reduce political costs deriving from the choices that
politicians make on the basis of financial statement results [52] and
definitely around election times, these costs are likely to be perceived
higher by all sorts of politically connected entities [53]. Nonetheless,
6

we leave to further research the attempt to untangle the roles that
managers’ personal motivations and pressure from politicians may have
on detected pre-electoral accounting data manipulations.
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