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Abstract: Wearable inertial sensors can be used to monitor mobility in real-world settings over
extended periods. Although these technologies are widely used in human movement research,
they have not yet been qualified by drug regulatory agencies for their use in regulatory drug trials.
This is because the first generation of these sensors was unreliable when used on slow-walking
subjects. However, intense research in this area is now offering a new generation of algorithms to
quantify Digital Mobility Outcomes so accurate they may be considered as biomarkers in regulatory
drug trials. This perspective paper summarises the work in the Mobilise-D consortium around the
regulatory qualification of the use of wearable sensors to quantify real-world mobility performance in
patients affected by Parkinson’s Disease. The paper describes the qualification strategy and both the
technical and clinical validation plans, which have recently received highly supportive qualification
advice from the European Medicines Agency. The scope is to provide detailed guidance for the
preparation of similar qualification submissions to broaden the use of real-world mobility assessment
in regulatory drug trials.
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1. Introduction

Mobility is a very broad term describing a person’s ability to change positions and move
about in their home and community. Walking represents an important aspect of mobility that is
commonly affected by ageing and chronic disease. Walking is a complex activity that requires intact
musculoskeletal, neurological, and cardiorespiratory systems, as well as good sensory and neuromotor
functions for effective performance [1]. Changes in any of these systems as a result of ageing and/or
disease are reflected in walking performance. As such, walking speed is considered an additional
vital sign of health [2] and represents an appropriate mobility measure for multiple populations.
This is mirrored by strong evidence that mobility outcomes, such as walking speed and duration,
predict mortality, falls, cognitive impairment, disability and other clinical outcomes [3–7]. As new
therapies place more and more focus on multimorbid elders and on improving their quality of life and
independence, the importance of assessing how a new medical product impacts mobility is growing
exponentially. This was recently confirmed by the call for proposals “IMI2-2017-13-07—Linking digital
assessment of mobility to clinical endpoints to support regulatory acceptance and clinical practice” that
funded the Mobilise-D project [8]. Mobility is particularly important for diseases involving a significant
burden of mobility disability, such as Parkinson’s Disease (PD) [9,10], Chronic Obstructive Pulmonary
Disease (COPD) [11], Multiple Sclerosis (MS) [12], and the recovery after a fragility Proximal Femur
Fracture (PFF) [13].

Despite this, inconsistent testing procedures and wide variations in the so-called "norms" have
prevented mobility outcomes from being widely adopted. Consequently, the assessment of mobility is
inconsistent both within and between diseases, precluding a harmonised approach to the measurement
and understanding of mobility disability. Many clinical trials that support the marketing authorisation
of a new medicinal product (hereinafter simply referred to as regulatory clinical trials) include some
Patient-Reported Outcomes (PRO) or some simpler questionnaires aimed to evaluate the patient’s
mobility perception. In PD studies, the second part of the Movement Disorders Society-sponsored
new version of the Unified PD Rating Scale (MDS-UPDRS part II) is frequently considered the gold
standard [14–17]. In COPD, the Saint-George Respiratory Questionnaire (SGRQ), which includes an
activity domain assessing the effects of breathlessness on mobility and physical activity, is frequently
used [18,19]. In MS, a widely used scale is the EDSS, in which the higher scores focus on walking
disability [20]. Clinical trials of osteoporosis drugs have historically neglected the mobility aspect
or any event after the hip fracture. However, in geriatrics and in general cost-benefit analyses, the
use of a general quality of life questionnaire (EQ-5D), in which a component is focused on mobility,
is widely accepted.

Another approach to evaluate mobility in regulatory trials is the use of clinical tests to evaluate the
patient’s mobility capacity. In PD, MDS-UPDRS part III is a clinician-assigned score based on capacity
tests [14,15]. For COPD, the guidelines of the European Medicine Agency (EMA) recommend using
cycle ergometry, or the 6-Minute Walking Test (6MWT) [21]. For MS, the timed 25-Foot Walk (T25-FW)
component of the Multiple Sclerosis Functional Composite (MSFC) [22] is frequently used. For PFF,
the Short Physical Performance Battery (SPPB) is frequently used [23,24].

Another dimension of mobility that is important is mobility performance. This can be defined as
the volume and intensity of mobility that the patient performs during their daily life, as evaluated for
extended periods in real-world conditions. For a long time, measuring this was technically impossible,
but the introduction of wearable Inertial Measurement Units (IMU) has made this possible [8,9,25,26].
The Biomarkers, EndpointS and other Tools (BEST) glossary [27] defines a biomarker as “a defined
characteristic that is measured as an indicator of normal biological processes, pathogenic processes, or
responses to an exposure or intervention, including therapeutic interventions.” A mobility outcome is a
biomarker that provides a quantification of each patient’s mobility. For example, according to this
definition, the distance travelled during a 6MWT can be considered a mobility outcome.

An emerging way to assess mobility performance is using Digital Mobility Outcomes (DMOs),
which are mobility outcomes that are obtained by processing the recordings of wearable IMU, in order
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to extract specific features of the individual walking dynamics. Unfortunately, the first generation
of these technologies was primarily designed for the consumer market as a motivational tool for
young, healthy, fit and physically active adults [28–31]. When used as measurement tools, many of
these sensors are very inaccurate [32,33], and even the most accurate become unreliable when used to
monitor mobility performance in patients with some degree of mobility disability, particularly when
walking at very slow speeds [34,35]. This is because the algorithms were developed using healthy
and fit persons [25,33,36,37]. This has spurred intense research activity, which has produced a new
generation of multisensor IMUs. Even more important is that this has led to a whole new class of
analytical software that can more reliably detect the step events from the sensor’s raw signals, even in
patients with severe mobility disability [38–40]. Despite this, to the authors’ knowledge, there is
currently no DMO qualified for use as a mobility performance biomarker in regulatory drug trials by
any regulator worldwide (with the only notable exception being a recent EMA qualification opinion on
their use as secondary endpoint [41]). Before this can happen, it is necessary to demonstrate, for each
specific Contexts of Use (CoU) within the regulatory process, that these DMOs are technically and
clinically valid. In regulatory science, a CoU describes the appropriate use of the biomarker and how
the qualified biomarker is applied in the regulatory review.

So far, only a few attempts have been made to achieve regulatory qualification of DMOs, each with
a fairly different approach. The PROactive consortium achieved a positive Qualification Opinion
from EMA [42], where DMO recordings were combined with PRO data in a ‘PROactive Physical
Activity in COPD (PPAC)’ tool that assessed patients’ experience of physical activity [43]. Of note,
PPAC does not quantify mobility performance but patients’ perception of it. A second attempt was
made by Trium Analysis Online GmbH, who submitted a letter of intent to the United States Food
and Drug Administration (FDA) proposing to develop a digital health technology clinical outcome
assessment (COA) to evaluate a change in continuous real-world walking speed in patients with
Multiple Sclerosis [44]. Whereas the information provided at this stage was limited, the response from
the FDA implied that the aim of this submission would be much more ambitious, e.g., to position
DMOs as biomarkers on their own, which quantify a real-world mobility construct that could be
considered an endpoint on its own. These early attempts confirm that there is no clarity within the
human movement research community on how to best position the use of an IMU in regulatory trials of
new drugs. Since this regulatory science debate is largely precompetitive, the Mobilise-D consortium
felt it appropriate to report the details of the qualification plan that it recently developed for the benefit
of the wider community.

The aim of this perspective paper is to describe the qualification plan that the Mobilise-D
consortium has developed to this purpose—a plan that has received a positive qualification advice
from the EMA. We present this plan using, as a guiding example, the qualification of the use of DMOs
as monitoring biomarkers to evaluate the mobility performance of patients with a confirmed diagnosis
of Parkinson’s Disease. Even if such qualification evaluation has not yet taken place, the authors
consider it important to share this experience as widely as possible to enable other groups to pursue
similar qualifications for other contexts of use.

2. Qualification Strategy

There are at least two strategies to pursue the qualification of DMOs. The first is to propose
mobility performance as a clinical outcome in its own right and use a DMO as quantification of such a
primary clinical endpoint, much like in a weight loss study where the measured change in weight at
a given follow-up time with respect to a baseline is a quantification of the endpoint. This approach
was used in the request for qualification DDT COA #000106 submitted to the United States Food and
Drug Administration (FDA) [44]. However, in the review of the letter of intent, the FDA requested
that, in addition to an extensive technical validation, the proponents should “ensure the endpoints
represent outcomes that are meaningful to patients.” In our research community, it is considered a
self-evident truth that mobility is something that, like being alive and free of disease, is something
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every human desires. However, this notion was challenged by the regulator, who required it to be
explicitly demonstrated. This poses a challenge. For example, which features of mobility performance
are more important for which patients? For example, is it more important to walker faster or farther?
The key benefit for a 20-year-old athlete will be quite different from that for an 80-year-old retiree, etc.
Answering such questions would require an extensive qualitative research programme. Another issue
is that usually in a regulatory clinical trial a clinical endpoint is a direct and intended target outcome
for the drug being tested. However, drugs usually affect mobility only indirectly.

The second strategy is more conservative, as it does not assume mobility as being a target outcome
for the drug being tested. For diseases where the evaluation of mobility perception and/or mobility
capacity are already accepted as elements of constructs used to monitor the state of the disease, adding
quantification of mobility performance as a secondary monitoring biomarker or as a surrogate of an
accepted clinical endpoint can be proposed. In this case, it is necessary to demonstrate, in addition
to the technical validity, the clinical validity of the new biomarker by showing construct validity,
predictive capacity and the ability to detect change. In the first stage, the validity of a specific DMO as
a monitoring biomarker will be demonstrated for a single disease-specific CoU. In the second stage,
this will be repeated for multiple diseases, along with exploring a single DMO which shows validity
across multiple diseases. In the third stage, the ability of a DMO to serve as a clinical endpoint, and as
surrogate of accepted clinical endpoints, is more difficult, expensive and time-consuming to observe
than the DMO, can be explored. This strategy is the one that the Mobilise-D consortium has pursued
in seeking the qualification of novel methodologies for the drug development of EMA.

3. Qualification Process

Mobilise-D is a consortium of 19 academic institutions and 14 companies formed to pursue
the project “Connecting digital mobility assessment to clinical outcomes for regulatory and clinical
endorsement” funded by the European Commission through the program H2020-EU.3.1.7.—Innovative
Medicines Initiative 2 (IMI2). Within the consortium we formed a Qualification Task Force (QTF)
that included industrial and academic expertise on regulatory science, human movement analysis
and biomechanics, clinical epidemiology and statistics, health informatics, as well as clinical research
expertise in all four diseases of interest.

The complete process for the EMA qualification of novel methodologies for medicine development
is depicted in Figure 1.
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The QTF had preparatory talks with a scientific officer (EMA Human Medicines
Research & Development Support Division) with specific expertise in digital health, and with the chair
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of EMA Innovation Task Force (ITF). During these conversations the qualification strategy described
above was defined, based on three consecutive stages of advice. A key element of the qualification
strategy was the definition of the Context of Use for which we requested the qualification of the
new methodology.

A first draft of the stage 1 briefing document was submitted together with a letter of intent, and a
preparatory meeting between the QTF and the EMA scientific advice office took place. Based on the
comments we received, the final briefing document was submitted for the attention of the Scientific
Advice Working Party (SAWP). Because of the complexity of the technical validation protocol presented,
the EMA qualification team included two experts of human movement analysis and biomechanics.

At its January 2020 meeting, the SAWP adopted a list of issues to be addressed by the Applicant in
writing and during the discussion meeting. The QTF submitted the written responses and addressed
the list of questions during a discussion with the EMA qualification team in the framework of the
SAWP meeting. The draft report prepared by the qualification team coordinator in consultation with
the qualification team members and enriched by the interactions with the applicant was reviewed
in the plenary session of the SAWP. During its meeting held on March 2020, the CHMP adopted the
advice to be given to the Applicant.

The detailed Validation Plan described below is based on the stage 1 briefing document that
was submitted to the SAWP, modified where necessary in order to reflect the qualification advice
EMA provided.

In a separate section, we also provided a description of how we plan to generalise the protocol to
include multiple diseases, the exploration of a single multidisease DMO and the validation of the use
of DMOs as surrogate biomarkers. These additional contexts of use are in the scope of stage 2 and
stage 3 submissions, which are currently ongoing. Thus, for those contexts of use, no EMA advice has
been provided yet. Once the Qualification Advice process is completed, we will start the technical and
clinical validation activities. We expect those to take at least 30 months. The results will be submitted
to the EMA for CHMP discussion, and a draft of the Qualification Opinion will be published for public
consultation, which will last 60 days. If no substantial criticism is raised, the new methodology will
then receive a positive Qualification Opinion. After that, any proponent will be allowed to use this
methodology in any future regulatory clinical trial where the context of use is relevant.

4. Results

4.1. Context of Use

We intend to pursue regulatory qualification for a new methodology developed by the Mobilise-D
consortium to quantify mobility performance over a week in real world settings, using wearable
sensors. We intend to use this measurement as an additional (i.e., secondary) monitoring biomarker to
account for mobility performance in assessing the efficacy of new treatments for Parkinson’s Disease
(PD) patients, complementing those already in use, which account only for patient’s perception of
mobility and mobility capacity.

4.2. Technical Validation

The technical validation will be conducted on both healthy and diseased patients (in this case
PD patients), using an approach based on a clear separation between the error associated to the
measurement device from the error associated to the algorithms for the estimate of the DMOs (Figure 2).
The results from the disease group will be used to quantify the accuracy of the system, whereas those
from the healthy group will be used only as a comparison.

To this purpose, we first established a procedure for metrological characterisation and quality
check to characterise the adopted IMUs. This procedure will include a series of spot-checks based on
the IEEE 2700-2017 Standard for Sensor Performance Parameter Definitions [45], which will allow the
metrological performance of the accelerometers, gyroscopes and magnetometers included in the IMU
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to be defined. The focus will be on the noise first- (mean value) and second-order statistics (variance
and Root Mean Square (RMS)), and the Root Allan variance parameters of noise [46,47], both under
static and dynamic conditions.
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We then identified a multistage validation procedure to establish the precision and accuracy of the
algorithms implemented to estimate the DMOs of interest in both healthy and pathological walking gait,
as associated with the presence of PD. This will include a series of observations, ranging from testing
healthy individuals under optimal (laboratory-based, prescribed simple walking tasks) and suboptimal
(laboratory-based, unprescribed complex motor tasks) conditions to testing patients with pathological
gait as in their own daily life scenarios (unsupervised, home, work or other habitual settings). For each
of these contexts, we identified the optimal reference measurement tool: A stereophotogrammetric
system (in conjunction with a series of ad hoc spot-checks to characterise its performances [48,49]) will be
used as the laboratory-based gold standard under optimal and suboptimal conditions. The accuracy of
state-of-the-art stereophotogrammetric systems is usually <1 mm when more than six cameras are used
and the whole volume of capture is properly calibrated before beginning of the experiments [48,49].
The same system will also be used to establish the metrological properties and the accuracy of the
DMOs estimated with a wearable multisensor system (INertial module with DIstance Sensors and
Pressure insoles, INDIP [50–52]), which will then be used as a reference for the daily life scenarios.
The INDIP system integrates inertial modules, distance sensors and pressure insoles. The inertial
module includes an ultra-low-power microcontroller unit (MCU), a MIMU (→ triaxial accelerometer,
gyroscope and magnetometer), flash storage and wireless connectivity (Bluetooth LE). Each distance
sensor integrates an infrared time-of-flight distance sensor that can be connected to the inertial module
by cable. The pressure insole consists of 16 resistive passive sensing elements.

These series of observations, during which the patients will be instrumented with the IMU to be
tested, will evaluate how the accuracy and precision of the IMU for each DMO changes when moving
from the laboratory to the real world and from healthy to pathological gait. The technical validation
will be conducted in five different laboratories, located in three different European countries.

4.3. Clinical Validation

For each DMO, the qualification protocol requires assessing construct validity, predictive capacity,
and ability to detect change. We use the term construct to indicate a proposed attribute of a person
that often cannot be measured directly but can be expressed using several indicators or manifest
variables. In our case, the construct to be tested is the concept of mobility performance, expressed by
the various DMOs.

In order to be valid, a construct must show convergent validity, separation between known groups,
and discriminant validity. In this case, convergent validity is tested by correlating each DMO with
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the MDS-UPDRS II and MDS-UPDRS III with a priori strength of correlation determined from the
literature. Separation between known groups is determined by the Hoehn & Yahr (H&Y) scale [53],
which indicates increasing stages of motor disease severity that result in a reduction of the construct
mobility performance [15]. If this is the case, each DMO should have a different distribution among
different H&Y stages. To demonstrate discriminant validity, we will confirm that each DMO does not
correlate with constructs that are unrelated to mobility performance. For example, PD patients may
experience changes of tremor occurrence and frequency during the course of the disease, but they
do not interfere with mobility, so the DMO should not correlate with changes in tremor occurrence
and frequency.

The predictive capacity of the construct will be evaluated by testing the correlation between the
baseline levels of each DMO (and their changes over time) and changes in the MDS-UPDRS total score,
as well as its sub-scores.

The ability to detect change is tested by evaluating the ability of each DMO to detect true changes
over time, which, in this case, will be any reported change of medication that has occurred. We will
also quantify the minimal important difference (MID), i.e., the smallest change in each DMO that
is positively associated with the perception of the patient or the clinician of an improvement or a
worsening of the condition. We will determine the MID using the UPDRS-II (which is patient-reported)
and UPDRS-III (which is clinician-reported) as anchors. Last, the responsiveness of the DMO will be
tested in relation to interventions that are known to be effective, and the effect size between them will
be calculated using Cliff’s delta [54].

The clinical validation will be based on a multicentre observational study. PD patients will be
recruited in five centres across four European countries to represent diverse health care systems,
geographical areas and different socioeconomic regions. We aim to include patients from different
strata of gait speed between 0.4–1.2 m/s. The participants will be followed for 24 months and invited
for five visits, including one home-based assessment to understand contextual factors, such as the
build environment and its accessibility, usability and neighbourhood walkability. As the central digital
component, all participants will wear a body-worn sensor for a full 7 days. To have sufficient power
to analyse the accuracy of different DMOs on monitoring, evaluation, stratification, prediction and
prognostic modelling, 600 participants will be recruited.

EMA qualification advice confirmed that the observational clinical validation study was
adequate to assess construct validity and predictive capacity. Regarding the ability to detect change,
the observational study was considered adequate to validate the longitudinal validity and to quantify
the MID. However, as expected, some reservations were expressed around the ability to assess
responsiveness with an observational design where the allocation of treatment is not random but
determined by changes in usual care for each patient if and when their condition requires it. We intend
to add the Mobilise-D protocol to quantify DMOs in interventional randomised clinical trials and use
their results to evaluate the responsiveness in a randomly assigned, controlled way.

4.4. Secure Data Management

To enable the Technical and Clinical validation phases described above, we have to implement
a fit-for-purpose process that facilitates a standardised approach to capture, transfer, ingestion and
integration, storage, and analysis of the data that is required for the qualification process. Furthermore,
we need to adhere to relevant legal frameworks and implement appropriate data access and governance
models. This is a complex process, as the Mobilise-D programme of research involves large multimodal
datasets that are being sourced from over 2500 patients, over as long as a 2-year period, in multiple
clinics and laboratories across many countries.

A critical guiding principle for all aspects of the Mobilise-D pathway toward qualification is
that we adhere to the highest standards of data integrity in all of our activities. In this regard,
the Mobilise-D consortium has adopted the ALCOA+ data integrity principles [55]. Adherence to
ALCOA+ requires that all data records are attributable, contemporaneous, original, accurate, complete,
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consistent, available and enduring. An example of the practical impact of these principles is the
requirement for all original source data to be integrated and maintained indefinitely on a secure
platform in a manner that preserves the data and privacy rights of the study participants. We also need
to implement a rigorous quality control process to ensure that data records are accurate and complete.

In addressing data privacy and security requirements, we are adhering to the GDPR and Directive
2006/24/EC [56,57] and have implemented a series of measures to protect the privacy and data rights of
study participants throughout the process. All data will be integrated, managed and stored using unique
identifier codes. All programme algorithms and data will be stored on e-Science Central, which is
a scalable cloud-based platform that supports secure storage, analysis and sharing of multimodal
data [58]. In Mobilise-D e-Science Central will be implemented on Amazon Web Services. All data
will be encrypted in transit and at rest. Flat files will be stored in S3 buckets which are encrypted
using AES-256 encryption. Amazon relational databases will also be encrypted using AES-256. A data
governance and access control policy will be implemented to ensure appropriate management and
access throughout the Mobilise-D programme.

5. Discussion

The aim of this paper was to describe the plan for regulatory qualification of the use of DMOs
as monitoring biomarkers to account for mobility performance in Parkinson’s Disease (PD) patients,
complementing those already in use, which account only for patient’s perception of mobility and
mobility capacity. Such plan has received a positive qualification advice from the EMA.

The plan involves an extensive technical validation using a classic metrology approach and a clinical
validation that involves the evaluation of construct validity, predictive capacity, and ability to detect
change. Upon request of qualification advice to EMA, this plan received largely positive suggestions.

A general limitation of the use of DMO in relation to Parkinson’s Disease is its poor specificity.
Whereas most PD patients eventually develop mobility disabilities, not all patients with mobility
disabilities are affected by PD. Thus, while DMOs are well suited to monitor the progression of mobility
disability in patients with a confirmed diagnosis of Parkinson’s Disease, DMOs alone cannot be used
for PD diagnostics.

This approach to regulatory approval has several limitations. The most important is that the
context of use for which we obtained an EMA positive qualification advice is limited to Parkinson’s
Disease. The authors are convinced that different DMOs are likely to be effective monitoring biomarkers
for several diseases involving mobility disability. Furthermore, there is a concrete possibility that a
single DMO might be an effective monitoring biomarker also across multiple diseases. This would
provide a disease-independent monitoring biomarker for mobility performance that could be relatively
easy to extend to other diseases not considered in the Mobilise-D project. Indeed, that is the hope
upon which the project was funded—that the intrinsic nature of the relationship between mobility and
health outcomes persists across multiple diseases, and that this can be measured with a single DMO,
although perhaps with different cutoffs for elevated risk.

Another limitation is that, according to various authors, DMOs could be used as surrogate
biomarkers for important clinical endpoints, such as admission to care-homes for PFF patients and
falls for MS and PD patients. Whereas, in some cases, it is possible that the predictive power of a DMO
for such endpoints is high enough to validate its use as surrogate biomarker, in others, it is possible
that such predictive power can only be achieved with the DMO in composite with other biomarkers.

The third limitation is that the qualification plan proposed here does not consider the possibility
of pursuing the qualification of mobility performance, measured in the real world over a few days, as a
clinical endpoint in itself. Although it may seem obvious that an improvement of average mobility
reflects a desired effect of a new drug, and a reduction of mobility reflects an unwanted, or even
adverse effect, regulatory bodies do require evidence to support each statement. To pursue such a
qualification, it would be necessary to demonstrate convincingly that patients consider any increase of
mobility as a desired effect, and any loss of mobility as an undesired effect.
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Some of these limitations will be addressed in the follow-up work that the Mobilise-D consortium
is undertaking, according to the staged qualification approach described in the “Qualification Process”
section above. Such a stepwise approach was recently praised in a paper co-authored by EMA scientific
officers [59]. In a second request for EMA qualification advice, which is currently in preparation,
we plan to use the same approach described here for the PD to seek qualification for the use of DMOs
as monitoring biomarkers in MS, COPD, and PFF. In addition, we will seek EMA scientific advice on
the possible use of a single DMO as a monitoring biomarker of mobility performance across all four
diseases, using the Late Life Functional Disability Index (LLFDI) as an overarching instrument to assess
disability and mobility, in particular, to allow a disease-independent validation. Last, we plan to explore
the possibility of using DMOs as surrogate biomarkers predictive of disease-specific clinical endpoints.

In conclusion, we proposed an incremental approach to regulatory qualification that could help
other areas. We hope that this first EMA qualification advice, in combination with the recently
published EMA Q&A on the qualification of digital technologies [60], can finally broaden the use of
IMUs in drug trials.

Author Contributions: Conceptualisation, M.V., L.R. and W.D.; methodology, C.M. and B.C.; writing—original
draft, M.V.; writing—review and editing, S.H.P., W.D., C.M., B.C., C.B., W.M., J.G.-A. and G.D. All authors have
read and agreed to the published version of the manuscript.

Funding: This study was supported by the project Mobilise-D, “Digital sensors to monitor mobility, disease
progression”, Grant agreement ID: 820820, funded by the European Commission through the programme
H2020-EU.3.1.7.-Innovative Medicines Initiative 2 (IMI2). Author JGA also acknowledge support from the
Spanish Ministry of Science and Innovation through the “Centro de Excelencia Severo Ochoa 2019–2023” Program
(CEX2018-000806-S), and support from the Generalitat de Catalunya through the CERCA Program.

Acknowledgments: The authors would like to thank all members of the Qualification Interest Group of the
Mobilise-D consortium for their precious comments and recommendations during the preparation of this
regulatory submission.

Conflicts of Interest: The authors declare that they do not have any financial or personal relationships with other
people or organisations that could have inappropriately influenced this paper.

References

1. Takakusaki, K. Functional Neuroanatomy for Posture and Gait Control. J. Mov. Disord. 2017, 10, 1–17.
[CrossRef] [PubMed]

2. Fritz, S.; Lusardi, M. White Paper: “Walking Speed: The Sixth Vital Sign”. J. Geriatr. Phys. Ther. 2009, 32, 2–5.
[CrossRef]

3. Studenski, S.; Perera, S.; Patel, K.; Rosano, C.; Faulkner, K.; Inzitari, M.; Brach, J.; Chandler, J.; Cawthon, P.;
Connor, E.B.; et al. Gait Speed and Survival in Older Adults. JAMA 2011, 305, 50–58. [CrossRef] [PubMed]

4. Perera, S.; Patel, K.V.; Rosano, C.; Rubin, S.M.; Satterfield, S.; Harris, T.; Ensrud, K.; Orwoll, E.; Lee, C.G.;
Chandler, J.M.; et al. Gait Speed Predicts Incident Disability: A Pooled Analysis. J. Gerontol. Ser. A Boil. Sci.
Med. Sci. 2015, 71, 63–71. [CrossRef] [PubMed]

5. Yang, L.; Lu, K.; Forsman, M.; Lindecrantz, K.; Seoane, F.; Ekblom, Ö.; Eklund, J. Evaluation of physiological
workload assessment methods using heart rate and accelerometry for a smart wearable system. Ergonomics
2019, 62, 694–705. [CrossRef] [PubMed]

6. Ekelund, U.; Tarp, J.; Steene-Johannessen, J.; Hansen, B.H.; Jefferis, B.; Fagerland, M.W.; Whincup, P.;
Diaz, K.M.; Hooker, S.P.; Chernofsky, A.; et al. Dose-response associations between accelerometry measured
physical activity and sedentary time and all cause mortality: Systematic review and harmonised meta-analysis.
BMJ 2019, 366, l4570. [CrossRef] [PubMed]

7. Saint-Maurice, P.F.; Troiano, R.P.; Bassett, D.R.; Graubard, B.I.; Carlson, S.A.; Shiroma, E.J.; Fulton, J.E.;
Matthews, C.E. Association of Daily Step Count and Step Intensity with Mortality Among US Adults. JAMA
2020, 323, 1151–1160. [CrossRef]

8. Boehme, P.; Hansen, A.; Roubenoff, R.; Scheeren, J.; Herrmann, M.; Mondritzki, T.; Ehlers, J.; Truebel, H.
How soon will digital endpoints become a cornerstone for future drug development? Drug Discov. Today
2019, 24, 16–19. [CrossRef]

http://dx.doi.org/10.14802/jmd.16062
http://www.ncbi.nlm.nih.gov/pubmed/28122432
http://dx.doi.org/10.1519/00139143-200932020-00002
http://dx.doi.org/10.1001/jama.2010.1923
http://www.ncbi.nlm.nih.gov/pubmed/21205966
http://dx.doi.org/10.1093/gerona/glv126
http://www.ncbi.nlm.nih.gov/pubmed/26297942
http://dx.doi.org/10.1080/00140139.2019.1566579
http://www.ncbi.nlm.nih.gov/pubmed/30806164
http://dx.doi.org/10.1136/bmj.l4570
http://www.ncbi.nlm.nih.gov/pubmed/31434697
http://dx.doi.org/10.1001/jama.2020.1382
http://dx.doi.org/10.1016/j.drudis.2018.07.001


Sensors 2020, 20, 5920 10 of 12

9. Espay, A.J.; Hausdorff, J.M.; Sánchez-Ferro, Á.; Klucken, J.; Merola, A.; Bonato, P.; Paul, S.S.; Horak, F.B.;
Vizcarra, J.A.; Mestre, T.A.; et al. A roadmap for implementation of patient-centered digital outcome
measures in Parkinson’s disease obtained using mobile health technologies. Mov. Disord. 2019, 34, 657–663.
[CrossRef]

10. Merchant, K.; Cedarbaum, J.M.; Brundin, P.; Dave, K.D.; Eberling, J.; Espay, A.J.; Hutten, S.J.; Javidnia, M.;
Luthman, J.; Maetzler, W.; et al. A Proposed Roadmap for Parkinson’s Disease Proof of Concept Clinical
Trials Investigating Compounds Targeting Alpha-Synuclein. J. Park. Dis. 2019, 9, 31–61. [CrossRef]

11. Lin, W.-Y.; Verma, V.K.; Lee, M.-Y.; Lin, H.-C.; Lai, C.-S. Prediction of 30-Day Readmission for COPD Patients
Using Accelerometer-Based Activity Monitoring. Sensors 2020, 20, 217. [CrossRef] [PubMed]

12. Baird, J.F.; Sandroff, B.M.; Motl, R.W. Therapies for mobility disability in persons with multiple sclerosis.
Expert Rev. Neurother. 2018, 18, 493–502. [CrossRef]

13. Benzinger, P.; Lindemann, U.; Becker, C.; Aminian, K.; Jamour, M.; Flick, S. Geriatric rehabilitation after hip
fracture. Zeitschrift für Gerontologie und Geriatrie 2013, 47, 236–242. [CrossRef]

14. Goetz, C.G.; Tilley, B.C.; Shaftman, S.R.; Stebbins, G.T.; Fahn, S.; Martinez-Martin, P.; Poewe, W.; Sampaio, C.;
Stern, M.B.; Dodel, R.; et al. Movement Disorder Society-sponsored revision of the Unified Parkinson’s
Disease Rating Scale (MDS-UPDRS): Scale presentation and clinimetric testing results. Mov. Disord. 2008,
23, 2129–2170. [CrossRef]

15. Maetzler, W.; Liepelt, I.; Berg, D. Progression of Parkinson’s disease in the clinical phase: Potential markers.
Lancet Neurol. 2009, 8, 1158–1171. [CrossRef]

16. Horváth, K.; Aschermann, Z.; Kovács, M.; Makkos, A.; Harmat, M.; Janszky, J.; Komoly, S.; Karádi, K.;
Kovács, N. Minimal clinically important differences for the experiences of daily living parts of movement
disorder society-sponsored unified Parkinson’s disease rating scale. Mov. Disord. 2017, 32, 789–793.
[CrossRef] [PubMed]

17. Rodríguez-Blázquez, C.; Alvarez, M.; Arakaki, T.; Arillo, V.C.; Chaná, P.; Fernández, W.; Garretto, N.;
Martínez-Castrillo, J.C.; Oroz, M.C.R.; Serrano-Dueñas, M.; et al. Self-Assessment of Disability in Parkinson’s
Disease: The MDS-UPDRS Part II Versus Clinician-Based Ratings. Mov. Disord. Clin. Pr. 2017, 4, 529–535.
[CrossRef] [PubMed]

18. Meguro, M.; Barley, E.A.; Spencer, S.; Jones, P.W. Development and Validation of an Improved, COPD-Specific
Version of the St. George Respiratory Questionnaire. Chest 2007, 132, 456–463. [CrossRef] [PubMed]

19. Huijsmans, R.J.; De Haan, A.; Hacken, N.N.T.; Straver, R.V.; Hul, A.J.V. The clinical utility of the GOLD
classification of COPD disease severity in pulmonary rehabilitation. Respir. Med. 2008, 102, 162–171.
[CrossRef]

20. Kurtzke, J.F. Rating neurologic impairment in multiple sclerosis: An expanded disability status scale (EDSS).
Neurology 1983, 33, 1444. [CrossRef]

21. European Medicine Agency Guideline on Clinical Investigation of Medicinal Products in the Treatment
of Chronic Obstructive Pulmonary Disease (COPD). 2012. Available online: https://www.ema.europa.
eu/en/clinical-investigation-medicinal-products-treatment-chronic-obstructive-pulmonary-disease-copd
(accessed on 12 October 2020).

22. Fischer, J.S.; Rudick, R.A.; Cutter, G.R.; Reingold, S.C.; National MS Society Clinical Outcomes Assessment
Task Force. The Multiple Sclerosis Functional Composite measure (MSFC): An integrated approach to MS
clinical outcome assessment. Mult. Scler. J. 1999, 5, 244–250. [CrossRef] [PubMed]

23. Freire, A.N.; Guerra, R.O.; Alvarado, B.; Guralnik, J.M.; Zunzunegui, M.V. Validity and Reliability of the Short
Physical Performance Battery in Two Diverse Older Adult Populations in Quebec and Brazil. J. Aging Heal.
2012, 24, 863–878. [CrossRef] [PubMed]

24. Prestmo, A.; Hagen, G.; Sletvold, O.; Helbostad, J.L.; Thingstad, P.; Taraldsen, K.; Lydersen, S.; Halsteinli, V.;
Saltnes, T.; E Lamb, S.; et al. Comprehensive geriatric care for patients with hip fractures: A prospective,
randomised, controlled trial. Lancet 2015, 385, 1623–1633. [CrossRef]

25. Del Din, S.; Godfrey, A.; Mazzà, C.; Lord, S.; Rochester, L. Free-living monitoring of Parkinson’s disease:
Lessons from the field. Mov. Disord. 2016, 31, 1293–1313. [CrossRef] [PubMed]

26. Del Din, S.; Elshehabi, M.; Galna, B.; Hobert, M.A.; Warmerdam, E.; Sünkel, U.; Brockmann, K.; Metzger, F.;
Hansen, C.; Berg, D.; et al. Gait analysis with wearables predicts conversion to Parkinson disease. Ann. Neurol.
2019, 86, 357–367. [CrossRef]

http://dx.doi.org/10.1002/mds.27671
http://dx.doi.org/10.3233/JPD-181471
http://dx.doi.org/10.3390/s20010217
http://www.ncbi.nlm.nih.gov/pubmed/31905995
http://dx.doi.org/10.1080/14737175.2018.1478289
http://dx.doi.org/10.1007/s00391-013-0477-9
http://dx.doi.org/10.1002/mds.22340
http://dx.doi.org/10.1016/S1474-4422(09)70291-1
http://dx.doi.org/10.1002/mds.26960
http://www.ncbi.nlm.nih.gov/pubmed/28218413
http://dx.doi.org/10.1002/mdc3.12462
http://www.ncbi.nlm.nih.gov/pubmed/30363416
http://dx.doi.org/10.1378/chest.06-0702
http://www.ncbi.nlm.nih.gov/pubmed/17646240
http://dx.doi.org/10.1016/j.rmed.2007.07.008
http://dx.doi.org/10.1212/WNL.33.11.1444
https://www.ema.europa.eu/en/clinical-investigation-medicinal-products-treatment-chronic-obstructive-pulmonary-disease-copd
https://www.ema.europa.eu/en/clinical-investigation-medicinal-products-treatment-chronic-obstructive-pulmonary-disease-copd
http://dx.doi.org/10.1177/135245859900500409
http://www.ncbi.nlm.nih.gov/pubmed/10467383
http://dx.doi.org/10.1177/0898264312438551
http://www.ncbi.nlm.nih.gov/pubmed/22422762
http://dx.doi.org/10.1016/S0140-6736(14)62409-0
http://dx.doi.org/10.1002/mds.26718
http://www.ncbi.nlm.nih.gov/pubmed/27452964
http://dx.doi.org/10.1002/ana.25548


Sensors 2020, 20, 5920 11 of 12

27. FDA-NIH Biomarker Working Group BEST (Biomarkers, EndpointS, and Other Tools) Resource; Food and
Drug Administration (US): Silver Spring (MD). 2016. Available online: https://www.ncbi.nlm.nih.gov/books/
NBK326791/ (accessed on 12 October 2020).

28. Lowe, S.A.; Ólaighin, G. Monitoring human health behaviour in one’s living environment: A technological
review. Med. Eng. Phys. 2014, 36, 147–168. [CrossRef]

29. Feehan, L.M.; Geldman, J.; Sayre, E.C.; Park, C.; Ezzat, A.M.; Yoo, J.Y.; Hamilton, C.B.; Li, L.C. Accuracy of
Fitbit Devices: Systematic Review and Narrative Syntheses of Quantitative Data. JMIR mHealth uHealth 2018,
6, e10527. [CrossRef]

30. Straiton, N.; Alharbi, M.; Bauman, A.; Neubeck, L.; Gullick, J.; Bhindi, R.; Gallagher, R. The validity and
reliability of consumer-grade activity trackers in older, community-dwelling adults: A systematic review.
Maturitas 2018, 112, 85–93. [CrossRef]

31. Kristoffersson, A.; Linden, M. A Systematic Review on the Use of Wearable Body Sensors for Health
Monitoring: A Qualitative Synthesis. Sensors 2020, 20, 1502. [CrossRef]

32. Evenson, K.R.; Goto, M.M.; Furberg, R.D. Systematic review of the validity and reliability of
consumer-wearable activity trackers. Int. J. Behav. Nutr. Phys. Act. 2015, 12, 1–22. [CrossRef]

33. Storm, F.; Heller, B.W.; Mazzà, C. Step Detection and Activity Recognition Accuracy of Seven Physical
Activity Monitors. PLoS ONE 2015, 10, e0118723. [CrossRef] [PubMed]

34. Del Din, S.; Godfrey, A.; Rochester, L. Validation of an Accelerometer to Quantify a Comprehensive Battery
of Gait Characteristics in Healthy Older Adults and Parkinson’s Disease: Toward Clinical and at Home Use.
IEEE J. Biomed. Heal. Inform. 2015, 20, 838–847. [CrossRef] [PubMed]

35. Hickey, A.; Gunn, E.; Alcock, L.; Del Din, S.; Godfrey, A.; Rochester, L.; Galna, B. Validity of a wearable
accelerometer to quantify gait in spinocerebellar ataxia type 6. Physiol. Meas. 2016, 37, N105–N117. [CrossRef]
[PubMed]

36. Dijkstra, B.; Zijlstra, W.; Scherder, E.; Kamsma, Y. Detection of walking periods and number of steps in older
adults and patients with Parkinson’s disease: Accuracy of a pedometer and an accelerometry-based method.
Age Ageing 2008, 37, 436–441. [CrossRef] [PubMed]

37. Furlanetto, K.C.; Bisca, G.W.; Oldemberg, N.; Sant’Anna, T.J.; Morakami, F.K.; Camillo, C.A.; Cavalheri, V.;
Hernandes, N.A.; Probst, V.S.; Ramos, E.M.C.; et al. Step Counting and Energy Expenditure Estimation in
Patients With Chronic Obstructive Pulmonary Disease and Healthy Elderly: Accuracy of 2 Motion Sensors.
Arch. Phys. Med. Rehabil. 2010, 91, 261–267. [CrossRef]

38. Del Din, S.; Hickey, A.; Woodman, S.; Hiden, H.; Morris, R.; Watson, P.; Nazarpour, K.; Catt, M.;
Rochester, L.; Godfrey, A. Accelerometer-based gait assessment: Pragmatic deployment on an international
scale. In Proceedings of the 2016 IEEE Statistical Signal Processing Workshop (SSP), Palma de Mallorca, Spain,
26–29 June 2016; pp. 1–5.

39. Storm, F.; Nair, K.; Clarke, A.J.; Van Der Meulen, J.M.; Mazzà, C. Free-living and laboratory gait characteristics
in patients with multiple sclerosis. PLoS ONE 2018, 13, e0196463. [CrossRef]

40. Weiss, A.; Sharifi, S.; Plotnik, M.; Van Vugt, J.P.P.; Giladi, N.; Hausdorff, J.M. Toward Automated, At-Home
Assessment of Mobility Among Patients with Parkinson Disease, Using a Body-Worn Accelerometer.
Neurorehabilit. Neural Repair 2011, 25, 810–818. [CrossRef]

41. European Medicine Agency Qualification Opinion on Stride Velocity 95th Centile as a Secondary
Endpoint in Duchenne Muscular Dystrophy Measured by a Valid and Suitable Wearable Device. 2019.
Available online: https://www.ema.europa.eu/en/documents/scientific-guideline/qualification-opinion-
stride-velocity-95th-centile-secondary-endpoint-duchenne-muscular-dystrophy_en.pdf (accessed on
12 October 2020).

42. European Medicine Agency Qualification Opinion on Proactive in COPD. 2018. Available online:
https://www.ema.europa.eu/en/documents/comments/overview-comments-received-qualification-
opinion-proactive-chronic-obstructive-pulmonary-disease_en.pdf (accessed on 12 October 2020).

43. Gimeno-Santos, E.; Raste, Y.; Demeyer, H.; Louvaris, Z.; De Jong, C.; Rabinovich, R.A.; Hopkinson, N.S.;
Polkey, M.I.; Vogiatzis, I.; Tabberer, M.; et al. The PROactive instruments to measure physical activity in
patients with chronic obstructive pulmonary disease. Eur. Respir. J. 2015, 46, 988–1000. [CrossRef]

44. U.S. Food & Drug Administration Review of the Letter of Intent (LOI) Submission for DDT COA #000106.
2018. Available online: https://www.fda.gov/drugs/clinical-outcome-assessment-coa-qualification-program/

ddt-coa-000106-actibeltr-multiple-sclerosis (accessed on 12 October 2020).

https://www.ncbi.nlm.nih.gov/books/NBK326791/
https://www.ncbi.nlm.nih.gov/books/NBK326791/
http://dx.doi.org/10.1016/j.medengphy.2013.11.010
http://dx.doi.org/10.2196/10527
http://dx.doi.org/10.1016/j.maturitas.2018.03.016
http://dx.doi.org/10.3390/s20051502
http://dx.doi.org/10.1186/s12966-015-0314-1
http://dx.doi.org/10.1371/journal.pone.0118723
http://www.ncbi.nlm.nih.gov/pubmed/25789630
http://dx.doi.org/10.1109/JBHI.2015.2419317
http://www.ncbi.nlm.nih.gov/pubmed/25850097
http://dx.doi.org/10.1088/0967-3334/37/11/N105
http://www.ncbi.nlm.nih.gov/pubmed/27779133
http://dx.doi.org/10.1093/ageing/afn097
http://www.ncbi.nlm.nih.gov/pubmed/18487266
http://dx.doi.org/10.1016/j.apmr.2009.10.024
http://dx.doi.org/10.1371/journal.pone.0196463
http://dx.doi.org/10.1177/1545968311424869
https://www.ema.europa.eu/en/documents/scientific-guideline/qualification-opinion-stride-velocity-95th-centile-secondary-endpoint-duchenne-muscular-dystrophy_en.pdf
https://www.ema.europa.eu/en/documents/scientific-guideline/qualification-opinion-stride-velocity-95th-centile-secondary-endpoint-duchenne-muscular-dystrophy_en.pdf
https://www.ema.europa.eu/en/documents/comments/overview-comments-received-qualification-opinion-proactive-chronic-obstructive-pulmonary-disease_en.pdf
https://www.ema.europa.eu/en/documents/comments/overview-comments-received-qualification-opinion-proactive-chronic-obstructive-pulmonary-disease_en.pdf
http://dx.doi.org/10.1183/09031936.00183014
https://www.fda.gov/drugs/clinical-outcome-assessment-coa-qualification-program/ddt-coa-000106-actibeltr-multiple-sclerosis
https://www.fda.gov/drugs/clinical-outcome-assessment-coa-qualification-program/ddt-coa-000106-actibeltr-multiple-sclerosis


Sensors 2020, 20, 5920 12 of 12

45. IEEE Standard IEEE 2700-2017—IEEE Standard for Sensor Performance Parameter Definitions. 2017.
Available online: https://standards.ieee.org/standard/2700-2017.html (accessed on 12 October 2020).

46. El-Sheimy, N.; Hou, H.; Niu, X. Analysis and Modeling of Inertial Sensors Using Allan Variance. IEEE Trans.
Instrum. Meas. 2007, 57, 140–149. [CrossRef]

47. Hussen, A.A.; Jleta, I.N. Low-Cost Inertial Sensors Modeling Using Allan Variance. Int. J. Electr. Comput. Eng.
2015, 9, 1237–1242.

48. Chiari, L.; Della Croce, U.; Leardini, A.; Cappozzo, A. Human movement analysis using
stereophotogrammetry. Gait Posture 2005, 21, 197–211. [CrossRef]

49. Di Marco, R.; Rossi, S.; Castelli, E.; Patanè, F.; Mazzà, C.; Cappa, P. Effects of the calibration procedure on the
metrological performances of stereophotogrammetric systems for human movement analysis. Measurement
2017, 101, 265–271. [CrossRef]

50. Bertuletti, S.; Salis, F.; Cereatti, A.; Angelini, L.; Buckley, E.; Nair, K.P.S.; Mazza, C.; Della Croce, U.
Inter-leg Distance Measurement as a Tool for Accurate Step Counting in Patients with Multiple Sclerosis.
In Proceedings of the 2019 41st Annual International Conference of the IEEE Engineering in Medicine and
Biology Society (EMBC), Berlin, Germany, 23–27 July 2019; Volume 2019, pp. 6413–6417.

51. Bertuletti, S.; Cereatti, A.; Comotti, D.; Caldara, M.; Della Croce, U. Static and Dynamic Accuracy of an
Innovative Miniaturized Wearable Platform for Short Range Distance Measurements for Human Movement
Applications. Sensors 2017, 17, 1492. [CrossRef]

52. Salis, F.; Bertuletti, S.; Caruso, M.; Della Croce, U.; Mazzà, C.; Cereatti, A. Multi-sensor integration and data
fusion for enhancing gait assessment in and out of the laboratory. Gait Posture 2019, 74, 34. [CrossRef]

53. Hoehn, M.M.; Yahr, M.D. Parkinsonism: Onset, progression, and mortality. Neurology 1967, 17, 427.
[CrossRef] [PubMed]

54. Cliff, N. Dominance statistics: Ordinal analyses to answer ordinal questions. Psychol. Bull. 1993, 114, 494–509.
[CrossRef]

55. World Health Organisation Guidelines on Good Data and Record Management Practices. 2018.
Available online: https://www.who.int/medicines/publications/pharmprep/WHO_TRS_996_annex05.pdf
(accessed on 12 October 2020).

56. European Parliament Directive 2006/24/EC of the European Parliament and of the Council on the Retention
of Data Generated or Processed in Connection with the Provision of Publicly Available Electronic
Communications Services or of Public Communications Networks and Amending Directive 2002/58/EC. 2006.
Available online: https://eur-lex.europa.eu/legal-content/GA/TXT/?uri=CELEX:32006L0024 (accessed on
12 October 2020).

57. European Parliament Regulation (EU) 2016/679 of the European Parliament and of the Council on the
Protection of Natural Persons with Regard to the Processing of Personal Data and on the Free Movement of
Such Data, and Repealing Directive 95/46/EC (General Data Protection Regulation). 2016. Available online:
https://eur-lex.europa.eu/eli/reg/2016/679/oj (accessed on 12 October 2020).

58. Hiden, H.; Woodman, S.; Watson, P.; Cala, J. Developing cloud applications using the e-Science Central
platform. Philos. Trans. R. Soc. A Math. Phys. Eng. Sci. 2013, 371, 20120085. [CrossRef] [PubMed]

59. Cerreta, F.; Ritzhaupt, A.; Metcalfe, T.; Askin, S.; Duarte, J.; Berntgen, M.; Vamvakas, S. Digital technologies
for medicines: Shaping a framework for success. Nat. Rev. Drug Discov. 2020, 19, 573–574. [CrossRef]
[PubMed]

60. European Medicine Agency Questions and Answers: Qualification of Digital Technology-based
Methodologies to Support Approval of Medicinal Product. 2020. Available online:
https://www.ema.europa.eu/en/human-regulatory/research-development/scientific-advice-protocol-
assistance/qualification-novel-methodologies-medicine-development-0 (accessed on 12 October 2020).

Publisher’s Note: MDPI stays neutral with regard to jurisdictional claims in published maps and institutional
affiliations.

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

https://standards.ieee.org/standard/2700-2017.html
http://dx.doi.org/10.1109/TIM.2007.908635
http://dx.doi.org/10.1016/j.gaitpost.2004.04.004
http://dx.doi.org/10.1016/j.measurement.2016.01.008
http://dx.doi.org/10.3390/s17071492
http://dx.doi.org/10.1016/j.gaitpost.2019.07.493
http://dx.doi.org/10.1212/WNL.17.5.427
http://www.ncbi.nlm.nih.gov/pubmed/6067254
http://dx.doi.org/10.1037/0033-2909.114.3.494
https://www.who.int/medicines/publications/pharmprep/WHO_TRS_996_annex05.pdf
https://eur-lex.europa.eu/legal-content/GA/TXT/?uri=CELEX:32006L0024
https://eur-lex.europa.eu/eli/reg/2016/679/oj
http://dx.doi.org/10.1098/rsta.2012.0085
http://www.ncbi.nlm.nih.gov/pubmed/23230161
http://dx.doi.org/10.1038/d41573-020-00080-6
http://www.ncbi.nlm.nih.gov/pubmed/32398879
https://www.ema.europa.eu/en/human-regulatory/research-development/scientific-advice-protocol-assistance/qualification-novel-methodologies-medicine-development-0
https://www.ema.europa.eu/en/human-regulatory/research-development/scientific-advice-protocol-assistance/qualification-novel-methodologies-medicine-development-0
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Qualification Strategy 
	Qualification Process 
	Results 
	Context of Use 
	Technical Validation 
	Clinical Validation 
	Secure Data Management 

	Discussion 
	References

