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Abstract

Workaholism literature has been so far focused on individual differences in workaholic
tendencies, considering the construct as a stable individual trait, and highlighting its health and
well-being consequences. Only recently, research has started inspecting the daily dynamics and
potential consequences of state workaholism. In this preregistered study, we aimed at
systematically investigating the within-individual fluctuations in workaholism levels and their
potential short-term and delayed psychophysiological responses as captured by ambulatory
assessment integrating subjective and objective data. Using an intensive longitudinal design over
10 workdays with 114 workers from various occupations (2,534 measurement occasions), we
found higher systolic and diastolic blood pressure, emotional exhaustion, and sleep disturbances
in workdays characterized by higher-than-usual workaholism symptoms. Moreover, the reactivity
to state workaholism, as indexed by afternoon blood pressure, was found as a mediator of the
subsequent prolonged activation indexed by bedtime blood pressure. Finally, we found evidence
of a buffering effect of evening psychological detachment on the relationship between state
workaholism and sleep disturbances. Overall, our results support the conceptualization of
workaholism as a multilevel phenomenon that acts as an internal job-related demand by showing
the typical strain reactions triggered by well characterized external demands. This study
contributes to the literature by highlighting that transient workaholism symptoms can result in
significant short-term stress responses at different levels, providing new, robust, and multi-
source evidence that underlies the importance of effectively preventing and managing
dysfunctional work investment since its early manifestation.

Keywords: State workaholism; Blood pressure; Burnout; Sleep quality; Ambulatory assessment



Introduction

Over the last 10-to-15 years, an increasing body of research has addressed the
phenomenon of workaholism, a dysfunctional form of heavy work investment characterized by
an obsession with work and a tendency to work far beyond than required (Clark et al., 2016;
Oates, 1971; Schaufeli et al., 2008; Scott et al., 1997). Such an increasing interest is linked to the
raising awareness on the well-being implications of work intensification (e.g., Green et al., 2022;
Kremer et al.,, 2021), the contemporary long work-hour culture (see Pfeffer, 2018; Reid &
Ramarajan, 2016), and the commonly reported difficulties in disconnecting from work. For
example, research has documented the occurrence of ‘overwork-related disorders’, identifying
physical and mental conditions such as heart diseases, burnout, and depression (Lin et al., 2017;
Pega et al., 2021; Takahashi, 2019). Being characterized by obsessive overwork (Schaufeli et al.,
2008), workaholism is likely to play a major role in the pathogenesis of these conditions. As such,
it is a non-ignorable issue of modern working life.

Workaholism research has been so far dominated by static cross-sectional designs, in line
with the common construct conceptualization as a stable tendency (Andreassen, Schaufeli, et al.,
2018; Clark et al., 2016). Yet, despite shedding light on the enduring precursors and consequences
of trait workaholism, cross-sectional research falls short in detailing how workaholic tendencies
exert their health impairment effects over time, particularly in the short-term. Moreover, while
recent meta-analyses highlight only small amounts of workaholism variability predicted by stable
personality traits (Clark et al.,, 2016; Kun et al., 2021), even personality has been shown to
substantially vary within individuals (Fleeson & Jayawickreme, 2015; N. P. Podsakoff et al., 2019).
Investigating how workaholism symptoms can fluctuate over time opens the way to a more fine-
grained understanding of its nature, antecedents, and consequences, with the ultimate goal of
designing effective prevention measures (Cossin et al., 2021).

This study aimed at investigating the within-individual fluctuations in daily workaholic

cognition and behavior and their short-term effects on worker health and well-being. To this end,



we conducted an ambulatory assessment over 10 workdays focusing the potential health
impairment processes set in motion by the daily experience of state workaholism (i.e., symptoms
of compulsive overwork). Specifically, we investigated whether state workaholism could predict
short-term concurrent and prolonged straining responses, namely higher blood pressure,
emotional exhaustion, and sleep disturbances. Compared to the few previous attempts to
investigate workaholism dynamically (e.g., Clark et al., 2021; Sawhney et al., 2022), our study
stands out for its in-depth focus on short-term straining effects, its multimethod approach, and
the use of an intensive longitudinal design that temporally separates the core study variables.
Additionally, we explored the hypothesis that evening psychological detachment — as promoted
by recovery activities that individuals may undertake, and organizations might incentivize —
buffers some of the short-term strain correlates of workaholism.
Workaholism as an internal job-related demand

Within the array of definitions of workaholism (for a review, see Clark et al., 2016), most
scholars agree that ‘compulsive overwork’ is at the core of the phenomenon. The first term
indicates preoccupation about work coupled with loss of self-control over work-related behavior.
Consistently, the second term highlights that such compulsive thoughts manifest as excessively
long working hours and high work-related effort at the expenses of other activities. Additionally,
workaholics tend to experience significant withdrawal symptoms when they are impeded to
work, resulting in negative feelings such as angry, irritability, anxiety, and guilt (Andreassen et al.,
2012; Atroszko et al., 2019; Clark et al., 2020; Schaufeli et al., 2008). Even during work — when
one may think that workaholics should be relieved from such feelings (see Ng et al., 2007) — higher
negative affect has been found in individuals with stronger workaholic tendencies (Menghini et
al., 2023). In line with addiction theories (Robinson & Berridge, 2003), such a profile is compatible
with the idea that workaholism can fuel a dysphoric state gradually coloring any aspect of

workaholics’ life.



Increasing evidence indicates that workaholism is predictive of several forms of job strain
(e.g., Andreassen, Pallesen, et al., 2018; Balducci et al., 2018; Huyghebaert et al., 2018; Salanova
et al., 2016), with similar effect sizes than those shown by external job demands (for a meta-
analysis, see Clark et al., 2016). As such, we contend that workaholism can be thought of as an
internal demand or stressor, a pressure that individuals put on themselves in relation to work
conditional to their values and needs (see MacKay & Cooper, 1987). Building from this
perspective, we argue that workaholism symptoms can result in a progressive series of strain
outcomes similar to what previously has been reported for external job demands (e.g., llies et al,,
2010, 2016; Pindek et al., 2019).

Particularly, workaholism might contribute to allostatic load, the cumulative ‘wear and
tear’ of the body originating from repeated stressful exposures. According to the allostatic load
model (McEwen, 2004, 2006), the chronicity of initially adaptive physiological changes (e.g.,
spikes in blood pressure) can result in more stable modifications of the body’s biological set points
(e.g., chronically increased blood pressure) for better anticipating environmental demands.
However, this allostatic adaptation comes with the cost of possibly leading to tertiary disease
endpoints (Ganster & Rosen, 2013; llies et al., 2016; Mauss et al., 2015; McEwen, 2006), some of
which have been found related to workaholic tendencies (e.g., Balducci et al., 2018; Salanova et
al., 2016; van Beek et al., 2011). In contrast, due to the dominant trait-level focus of workaholism
research, less evidence is available on the relationships between workaholism and primary
allostatic load mediators, the proximal short-term indicators of the stress response. Investigating
such relationships would help in ‘closing the circle’ on the potential health impairment effects of
workaholism, demonstrating whether it can set in motion allostatic load processes since their

early manifestations up to the stable endpoints highlighted by previous literature.

State vs. trait workaholism
To investigate its short-term straining effects, we conceptualized workaholism as a

multilevel construct exhibiting both stable between-individual differences (trait workaholism)



and within-individual fluctuations over time (state workaholism). In applied psychology, the
conceptualization of state-trait continua has been widely applied to both stress-related (e.g., job
demands and recovery) and motivational constructs (e.g., work engagement) (Bakker, 2014,
Sonnentag et al., 2017). Particularly, as noted by Clark et al. (2021), the conceptualization of state
workaholism is in line with the whole trait theory of personality (Fleeson & Jayawickreme, 2015;
Jayawickreme et al., 2019), according to which individuals are not only characterized by time-
invariant trait levels (personality traits) but also experience considerable variation over a
distribution of time-varying state levels (personality states). While individuals differ in terms of
central tendency and variability of such distributions, even those with low trait levels can
sometimes experience high levels of the corresponding state, and vice versa (see also Horstmann
& Ziegler, 2020). According to Fleeson (2017), a personality state is causally determined by, and
should reflect the same content domain of, the corresponding trait. Therefore, investigating the
state component of a multilevel phenomenon is useful to better characterize the whole
phenomenon. For example, a similar approach has been used in clinical psychology, where the
daily fluctuations in psychopathological (e.g., obsessive-compulsive disorder) symptoms have
been investigated to better characterize their everyday functioning, predictors, and short-term
outcomes in both clinical and non-clinical samples (e.g., Cox et al., 2023; Macatee et al., 2013).
Such perspectives open the way to the possibility of identifying transient antecedents and
consequences of constructs typically regarded as dispositional or with a strong temporal stability.
It is the case of workaholism, which is commonly conceptualized as a “stable tendency”
(Andreassen, 2014, p. 2) or “an individual difference characteristic” (Bakker et al., 2009, p. 24),
despite some evidence suggesting that it can be boosted by certain work-related conditions (e.g.,
Keller et al., 2016; Mazzetti et al., 2014, 2016). Following Balducci et al. (2021) and the widely
supported Schaufeli et al. (2008)’s bidimensional model of workaholism (see Clark et al., 2016),
we define state workaholism as the daily level of an individual’s work-related obsessions and

tendency to work excessively. That is, workdays characterized by higher state workaholism imply



the experience of stronger workaholism symptoms (i.e., workaholic cognitions and behaviors)
compared to one’s usual level.

Our conceptualization is also consistent with addiction research, where the temporal
fluctuations in addictive cognitions and/or behaviors such as daily alcohol use, weekly
smartphone addiction, and day-to-day “gambling urge” have been investigated in samples with
varying severity of trait-level addiction (e.g.,, Z. Hu & Xiang, 2024; Lau-Barraco & Linden-
Carmichael, 2019; Mereish et al., 2018; Yi et al., 2023). Particularly, the role of habit formation in
drug addiction has been recently questioned by more consistent evidence supporting a goal-
oriented nature of addictive behaviors, implying that they can temporally fluctuate conditional to
internal states and environmental factors (e.g., to cope with negative affect and psychosocial
stressors) both in the initial and in the later stages of addiction (Hogarth, 2020, 2022). While the
accumulation of addictive behaviors would result in more stable individual differences (e.g.,
addicts vs. non-addicts), such fluctuations can be experienced by addicts as well, possibly “driving
goal-directed drug seeking above already elevated baselines” (Hogarth, 2020, p. 721). Coming
back to workaholism, this is compatible with the idea that both work addicts and individuals with
lower trait workaholism can experience workaholism symptoms above and below their average
workaholism level, without necessarily becoming addicted or moving back to a less problematic
work investment. Importantly, to ensure consistency with Schaufeli et al. (2008)’s definition and
content correspondence across levels, we considered the co-occurrence of both working
compulsively and working excessively as a necessary condition to experience workaholism
symptoms (see also Atroszko, 2024; Clark et al., 2016).

A few recent studies supported this or similar conceptualizations. Clark et al. (2021)
investigated the daily fluctuations in work-related compulsive feelings, thoughts, and behaviors
in a sample of 121 U.S. employees over 10 workdays, reporting substantial within-individual
variation (intraclass correlation coefficient, ICC = .53) and strong correlation with trait

workaholism (r = .57). Additionally, their state-level measure was significantly and positively



related to daily fluctuations in self-reported fatigue and spouse’s ratings of stress crossover and
relationship tension. Consistently, substantial within-individual fluctuations in state workaholism
were reported by three further studies (Balducci et al., 2022; Sawhney et al., 2022; Xu et al., 2021)
that showed concurrent relationships with worse strain outcomes (i.e., higher blood pressure,
emotional exhaustion, and work-family conflict). Starting from this sparse evidence, and
responding to specific calls for person-centric studies on workaholism (Clark et al., 2016), we offer

here an original, comprehensive, and robust investigation of its potential short-term costs.

Study hypotheses
State workaholism and blood pressure

In line with the allostatic load model (McEwen, 2004, 2006), we focused on early-
manifested signs (primary mediators) of psychophysiological dysregulation, namely systolic and
diastolic blood pressure reactivity. Increased blood pressure has been highlighted as “one of the
mechanisms through which work-related factors increase risk of cardiovascular disease” (Steptoe
& Willemsen, 2004, p. 915). It is among the most studied indices of sympathetically-driven arousal
triggered by acute stress responses, with chronically elevated resting blood pressure being
considered a secondary allostatic load mediator (llies et al., 2016; Logan & Barksdale, 2008;
Mauss et al., 2015). A number of studies have found that within-individual fluctuations in several
stressors, including work-related ones such as task demands and workload (e.g., llies et al., 2010;
Kamarck et al., 2002, 2005), predict parallel fluctuations in blood pressure levels. Therefore, in
line with our general hypothesis that workaholism is functionally equivalent to external stressors
or demands, we expected similar elevation in blood pressure levels in those workdays
characterized by higher-than-usual workaholism symptoms.

A concurrent within-individual relationship between state workaholism and end-of-the-
day blood pressure has been recently highlighted by Balducci et al. (2021) based on a sample of
61 workers monitored once per day over 10 working days. Here, we aimed at strengthening these

preliminary findings with a new and larger sample, while additionally considering the prolonged



activation effects that workaholism symptoms might exert on blood pressure over time. That is,
in addition to analyze the concurrent relationship between state workaholism and blood pressure
(acute reactivity responses), we also explored its prolonged psychophysiological effects at
bedtime (delayed/prolonged responses).

Prolonged activation may be an additional and understudied crucial mechanism
underlying the health impairment effects of workaholism. According to the perseverative
cognition hypothesis (Brosschot et al., 2006, 2010), the pathogenic nature of stress is primarily
explained by its duration (i.e., total amount of physiological activation over time, either before or
after stressful exposures) rather than its magnitude (i.e., reactivity) (Brosschot et al., 2005; Pieper
& Brosschot, 2005). In line with the allostatic load model, such a prolonged activation experienced
in stressor-free conditions (e.g., after work) is thought to be the main mediator of the ‘wear and
tear’ effect of stress on the human body, and the primary mechanism though which stress causes
iliness. Importantly, prolonged activation is considered the result of perseverative cognitions,
“the repeated or chronic activation of the cognitive representations of one or more psychological
stressors” (Brosschot et al., 2006, p. 114). These may take the form of lasting worries and
ruminative thoughts related to one or more stressful experiences, in addition to unconscious
perseverative cognition that might prolong physiological activation even during sleep (Brosschot
etal., 2010, 2018).

Workaholics frequently, persistently, and obsessively think about work even during
leisure time (Oates, 1971; Schaufeli et al., 2008; Scott et al., 1997), with findings suggesting that
maladaptive work-related rumination is common in individuals high on the trait (Kun et al., 2020;
Wojdylo et al.,, 2013). Additionally, workaholism implies overworking, which on its own can
prolong psychophysiological activation outside the working time. Thus, we integrated our focus
on psychophysiological reactivity and primary allostatic load mediators with more recent

perspectives on the critical role of prolonged activation, hypothesizing that:
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Hypothesis 1: Higher daily levels of state workaholism predict higher systolic and diastolic

blood pressure at the end of the workday (H1a) and at bedtime (H1b).

State workaholism and emotional exhaustion

In addition to investigating psychophysiological responses, we focused on emotional
exhaustion and sleep disturbances as two important and widely investigated short-term strain
indicators. The former is the core and early-manifested dimension of burnout (Kristensen et al.,
2005; Maslach et al., 2001; Maslach & Jackson, 1981), characterized by lack of energy, irritability,
frustration, and a general feeling that emotional resources are ‘used up’ (Maslach & Jackson,
1984; Maslach & Leiter, 2016). Past research reported consistent relationships between
workaholism and emotional exhaustion both cross-sectionally (e.g., Gillet et al., 2022; Schaufel,
Bakker, et al., 2009; Schaufeli, Shimazu, et al., 2009; van Beek et al., 2011) and longitudinally (e.g.,
Hakanen et al., 2018; Innanen et al., 2014), with meta-analytical correlations up to p = .42 (Clark
et al.,, 2016).

Such relationships may be explained by the workaholics” tendency to not only devote a
great amount of time to work, beyond what is reasonably expected of them, but also expend
higher physical and mental energy (Snir & Harpaz, 2012). Indeed, recovery theory (see Geurts &
Sonnentag, 2006; Meijman & Mulder, 1998) suggests that high effort at work and prolonged
work-related activation are psychologically costly and can impair unwinding processes at the end
of the workday. Slow unwinding refers to an increased need for rest and recovery,
operationalizable through subjective strain indicators of fatigue and exhaustion (Geurts &
Sonnentag, 2006). The allostatic load model would lead to similar conclusions, given that primary
stress mediators do not only include physiological changes, but also a number of negative
affective states connected to emotional exhaustion, such as anger and irritability (see Ganster &
Rosen, 2013). Thus, workdays characterized by higher workaholism symptoms might imply higher

effort as the result of taking on additional tasks and commitments, carrying out multitasking, and
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possibly suppressing recovery experiences (e.g., lunch and coffee breaks). In turn, this might lead,
as an after-effect, to higher levels of emotional exhaustion at bedtime.

In line with this interpretation, Xu et al. (2021) surveyed 119 employees over 10
workdays, finding support for the homology of the relationship between workaholism and
emotional exhaustion across the within- and the between-individual levels (see Chen et al., 2005).
Similar results were also reported for evening fatigue in another diary study by Clark et al. (2021).
The present study moves a step further by introducing temporal separation between predictor
and response variable to investigate whether state workaholism may indeed initiate the
exhaustion process at the day level, as part of a more articulated impact on health and well-being:

Hypothesis 2: Higher daily levels of state workaholism predict higher levels of emotional

exhaustion at bedtime.

State workaholism and sleep disturbances

Whereas emotional exhaustion has been widely studied in relation to job stressors, sleep
is a more widely defined construct potentially affected by a multitude of biological and
psychosocial factors (Grandner, 2017). Sleep is the most crucial recovery process and a vital
component of overall health and well-being (Buysse, 2014; Hale et al.,, 2020), with sleep
disturbances having a powerful influence on the risk of developing somatic and psychological
diseases (Irwin, 2015; Ramar et al., 2021; Watson et al., 2015). Both perceived and objective sleep
disturbances, such as difficulties in falling and/or staying asleep, are highly prevalent in the
working population (Léger et al., 2008; Yong et al., 2017), and poor sleep quality has been
consistently associated with job demands and other stressful work characteristics (Léger et al.,
2008; Linton et al., 2015; Van Laethem et al., 2013).

Similarly, workaholism has been found to be related to poor sleep quality (Kubota et al.,
2014; Salanova et al., 2016; Spagnoli et al., 2019), subjective sleep problems (Caesens et al,,

2014), and insomnia symptoms (Andreassen, Pallesen, et al., 2018). For instance, Salanova et al.
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(2016) surveyed 537 hospital employees, observing significantly higher sleep disturbances,
shorter sleep duration, and higher diurnal sleepiness in individuals with higher workaholic
tendencies. Moreover, they found higher cardiovascular risk in workaholics, with sleep problems
fully mediating this relationship. Here, building on such between-individual evidence, we
investigated the within-individual relationship between workaholism and sleep disturbances,
which has not been considered so far. Building again on recovery theory (Geurts & Sonnentag,
2006; Sonnentag & Fritz, 2015), according to which sleep disturbances may be further
consequences of particularly demanding workdays and the resulting impaired unwinding, and
considering that perseverative cognitions are predicted to trigger prolonged activation even
during sleep (Brosschot et al., 2006, 2010), we expected that:

Hypothesis 3: Higher daily levels of state workaholism predict higher sleep disturbances

as rated the following morning.

Psychological detachment as a moderator of state workaholism

Finally, we investigated the potential within-individual moderating role of recovery
experiences, and particularly psychological detachment, in the dynamic relationships between
state workaholism and the investigated outcomes. Psychological detachment can be defined as
the subjective perception of being away from work, implying to psychologically ‘let go” work-
related thoughts and activities (e.g., by being mentally absorbed by other domains such as leisure,
social, and/or family activities), and mainly occurring physically and/or temporally outside the
work context (Sonnentag & Fritz, 2007, 2015). In this sense, it might be viewed as the opposite of
the perseverative cognitions described above. Robust evidence enucleates the role of
psychological detachment in stressor-strain relationships, considering it as a vital factor for
maintaining well-being and work engagement (Sonnentag et al., 2022). Specifically, the stressor-
detachment model (Sonnentag & Fritz, 2015) posits that psychological detachment acts both as
a core moderator and as a core mediator of job stressors: it is expected to attenuate their

straining effects (i.e., predicting worse outcomes when simultaneously experiencing high effort
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and low detachment) while at the same time explaining them (i.e., predicting that stressors
increase strain by reducing detachment experiences).

Here, we focused on the potential moderating role of day-to-day fluctuations in
psychological detachment. Previous cross-sectional studies reported lower recovery experiences
(Huyghebaert et al., 2018; van Wijhe et al., 2013) and weaker well-being effects of recovery
(Bakker et al., 2013; Molino et al., 2018) in individuals with higher workaholic tendencies. In
contrast, to our knowledge no previous studies have directly investigated whether recovery
experiences, and particularly psychological detachment, may attenuate the straining effects of
workaholism. Testing such moderation is particularly important since psychological detachment
from work is the target of several stress prevention and management interventions (e.g.,
‘disconnection’ policies, mindfulness practices), most of which can be relatively easily undertaken
by individuals and promoted by organizations (Quick et al., 2013). In line with the idea that
workaholism acts as an internal daily stressor, we predicted that experiencing higher-than-usual
psychological detachment after work (i.e., in the evening) can buffer the within-individual
relationships between workaholism and each investigated outcome:

Hypothesis 4: Higher evening levels of psychological detachment predict weakened
within-individual relationships between state workaholism and bedtime blood pressure levels
(H4a), bedtime emotional exhaustion (H4b), and next-morning ratings of sleep disturbances (H4c).

All study hypotheses and procedures were pre-registered prior to data collection, as

publicly available from: https://osf.io/h9zvq.

Method
Participants

The study involved a heterogeneous sample of lItalian workers recruited within the
private network of the authors and their collaborators (i.e., 15 undergraduate students recruited
approximately 8-10 participants each as part of their final thesis) and based on snowball sampling.

To increase variability in workaholism levels, recruitment prioritized, but was not limited to, full-


https://osf.io/h9zvq

14

time office workers with some managerial status/responsibilities within their organization (e.g.,
employers, managers, self-employed) as workaholism was found to be more prevalent for these
roles (Clark et al., 2016; Taris et al., 2012). None of the recruited participants was a shift worker,
and none of them worked for less than five days per week (i.e., Monday to Friday). Participation
was confidential and voluntary, although incentivized by personalized feedback reports at the
end of the study. All participants signed an informed consent before starting the study, which was
approved by the Bioethics Committee of the University of Bologna (protocol 113559).

From a total of 140 recruited participants, six were excluded due to missing responses to
the preliminary questionnaire or all daily surveys. Moreover, as we pre-registered, we excluded
further 21 participants with less than three complete days of assessment. Thus, the considered
sample consisted of 114 working adults (51.8% women; mean age + SD = 42.12 + 12.61 years;
BMI=23.91+3.53 kg m?). Most participants had a university degree (60.5%) and were employed
in the private sector (79.8%). The most represented occupational groups based on the
International Standard Classification of Occupations (ISCO-08) were business and administration
professionals (13.2%) and associate professionals (15.8%), legal/social/cultural professionals
(10.5%), and science/engineering professionals (10.5%). Most participants were employees
(50%), whereas 46.5% reported working as employers, self-employers, or managers, and the
remaining 3.5% worked on a temporary contract. On average, participants reported working
41.22 + 9.76 hours per week. 46.5% of the sample reported being in a romantic relationship,
50.9% to have children, and 64.1% to live with their partner and/or children. 27.2% were smokers.

Eight participants (three women; age = 56.00 + 5.53 years; BMI = 26.49 + 3.79 kg m™?)
reported suffering from cardiovascular dysfunctions (e.g., hypertension, ischemia) or taking
cardiovascular medications (e.g., diuretics, beta blockers, antihypertensive) and were selectively

excluded from the analyses of blood pressure (N = 106), in line with our pre-registration.
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Procedure

Participants were asked to provide an e-mail address to be possibly synchronized with a
mobile app on their smartphone. Then, they were provided with the link to a preliminary
guestionnaire, and they were invited to a 30-minute preparatory meeting involving instructions
and training, delivery of blood pressure monitors, and practice trials.

Starting from the following Monday afternoon, participants received up to three e-mails
per day linking to short online questionnaires (referred as ‘diaries’” from here on). The diary
protocol (Figure 1) consisted of five consecutive workdays over two consecutive weeks. At the
end of the first week, participants were asked to freely choose whether continuing over the
second one or rather quitting the study. The first diary (scheduled at 3:00 PM, available up to
7:30 PM) was responded at the end of the working day and included a measure of state
workaholism. The second diary (scheduled at 9:30 PM, available up to 6:00 AM) was responded
at bedtime and included measures of emotional exhaustion and psychological detachment.
Finally, a third diary was scheduled each morning (i.e., 8:30, available up to 10:30 AM) from
Tuesday to Saturday, including a measure of sleep disturbances referred to the previous night. A

reminder was scheduled after two hours in all cases of uninitiated or unfinished responses.

1° Afternoon (3rm-7:30pm): State workaholism
1° Evening (9:30pm-6aMm): Emotional exhaustion, Psychological detachment

, 1° Morning (8am-10:30am): Sleep disturbances

MON TUE WED TUE FRY —»| MON
| Afternoon + Evening | @ 2° week ® End
| Morning |
- [ ) o =
SR ARt PRt Bl
5 min rest 1 min Diary ratings

Figure 1. Daily diary protocol at the daily (above) and data entry level. Icons created by Those
Icons at https://flaticon.com/.
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For a better survey experience, participants were suggested to answer diaries using their
smartphone. Each diary was only initiated if participants answered affirmatively to a first item
asking whether they had actually worked on that day. Then, afternoon and evening data entries
started with two self-measured blood pressure recordings (see details below), followed by the
rating of the diary scales and a number of multi-choice items accounting for potential time-
varying confounding factors (i.e., recording location, moderate/vigorous physical activity, coffee,
nicotine, and meals consumed over the last 30 minutes, nonwork-related hassles). At the end of
the protocol, participants returned the blood pressure monitor and received their report. On
average, filling the diaries required 4.02 + 3.51 minutes. All measures were implemented,

scheduled, and delivered using Qualtrics (Qualtrics Experience Management, Provo, UT, USA).

Measures

Preliminary questionnaire

The preliminary questionnaire included measures of participants’ demographics (e.g.,
gender), occupational indicators (e.g., job position), further potential time-invariant confounding
variables (i.e., BMI, smoking status, number of children, living with children), and exclusion
criteria (e.g., cardiovascular disease/medication), in addition to a set of scales that were not

considered for the present study.

Daily diaries

Among the measures collected with daily diaries, we considered afternoon ratings of
state workaholism, evening ratings of emotional exhaustion and psychological detachment, and
morning ratings of sleep disturbances, all measured with visual analogue scales from 1
(Completely disagree) to 7 (Completely agree). In addition, we considered a set of single-item
measures accounting for confounding factors such as behaviors potentially influencing blood
pressure levels (e.g., smoking, physical activity). Diary scales are fully reported in the

Supplementary Materials.
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State workaholism was measured at the end of the workday with six items from the Dutch
Work Addiction Scale (DUWAS) (Balducci et al., 2017; Schaufeli, Shimazu, et al., 2009) adapted to
reflect the daily experience of working compulsively (e.g., “Today, | felt that there was something
inside me that drove me to work hard”) and working excessively (e.g., “Today, | found myself
continuing to work after my coworkers had called it quits”), similar to Balducci et al. (2021). Level-
specific reliability indices (Geldhof et al., 2014) were satisfactory at both levels (w-within = .81,
w-between = .94). We tested our hypotheses focusing on the scale total score (i.e., mean of all
item scores), consistently with the DUWAS conceptualization (Schaufeli et al., 2008) and in line
with recent studies based on a bifactor model (Gillet et al., 2022; Huyghebaert-Zouaghi et al,,
2021) showing higher predictive value for the global factor and little added value for the two
subdimensions in predicting well-being measures. The total score was then included in the
analyses reported below both as the individual average score over the 10 workdays (i.e., person
means representing the trait component) and as the day-to-day deviations from ones’ average
(i.e., person-mean-centered scores representing the state component).

Emotional exhaustion was measured at bedtime with four items from the Copenhagen
Burnout Inventory (Avanzi et al., 2013; Kristensen et al., 2005), adapted to reflect the momentary
experience of emotional exhaustion (e.g., “At this moment, | feel emotionally exhausted”).
Following the removal of one item (i.e., “At this moment, | feel tired”) associated with decreased
reliability and fit of the measurement model (see Supplementary Materials), we achieved
satisfactory level-specific reliability (w-within = .76, w-between = .93).

Psychological detachment was measured at bedtime with three items (e.g., “This evening,
| forgot about work”) from the Recovery Experience Questionnaire (Sonnentag & Fritz, 2007; Zito
et al., 2013) (w-within = .90, w-between = .98).

Sleep disturbances were measured the next morning with four sleep-related items from
the Mini Sleep Questionnaire (Natale et al., 2014) rephrased to be referred to the last night (e.g.,

“Last night, | had difficulties to fall asleep”) (w-within = .74, w-between = .87).
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Blood pressure

Systolic and diastolic blood pressure were self-measured by participants immediately
before each diary entry, using the Pic Solution SmartRAPID blood pressure monitor (PSSR,
Pikdare, Casnate con Bernate, Italy). Self-measured blood pressure monitoring is recognized as a
valid and useful approach for out-of-office blood pressure measurement (Shimbo et al., 2020).
The PSSR is a wrist-worn digital oscillometer that has passed the European Society of
Hypertension (ESH) International Protocol for the validation of blood pressure measurement
devices (O’Brien et al., 2002; Trust Dabl®Educational, 2013), with previous models from the same
company (i.e., Pic Indolor Travel Check) showing satisfactory accuracy against gold-standard
monitors (Germano et al., 2009) and being recommended by the ESH, the International Society
of Hypertension, and the World Hypertension League (STRIDE BP, 2009).

In compliance with ESH guidelines (Stergiou et al., 2021), two consecutive measurements
were recorded at each diary entry, with at least five resting-state minutes prior to the first one
and one minute between the first and the second one (see Figure 1). Following the same
guidelines, we instructed participants to record blood pressure on their non-dominant wrist while
sitting comfortably with uncrossed legs, flat feet on the floor, their back gently against the chair,
placing their elbow on a table with the hand on the chest to keep the device at the heart level
(see Supplementary Materials). A practice trial was conducted during the preparatory meeting
and feedback were given to correct any deviation from the protocol. Participants were instructed
to avoid, if possible, consuming caffeine or nicotine, practicing physical activity, having a meal, or
taking a bath/shower over the 30 minutes prior each measurement. During the recording, they
were instructed to avoid moving, talking, or using electronic devices (see Kallioinen et al., 2017).
For each time point, systolic and diastolic blood pressure (mmHg) were computed as the average
between the two corresponding measurements. However, the first measurement was discarded

in all cases showing an absolute difference higher than 10 mmHg (19.1%).
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Data analysis

Data were analyzed with R 4.3.1 (R Core Team, 2023) and particularly the Ime4 (Bates et
al., 2014) and the lavaan R packages (Rosseel, 2012). Prior to analyzing the data, we implemented
several pre-processing steps to recode variables and filter double and inaccurate measurements
(see Supplementary Materials). Then, multilevel confirmatory factor analysis (MCFA) was
conducted following Kim et al., (2016) to assess the measurement model of each diary scale.
Particularly, the conceptualization of workaholism as a multilevel construct was evaluated by
fitting two increasingly constrained models: a first model with the same latent structure across
levels (corresponding to configural invariance across individuals) and a second model with both
the same structure and equal factor loadings (metric invariance) (Jak et al., 2021; Jak & Jorgensen,
2017; Stapleton et al., 2016). Model fit was evaluated in terms of root mean square error of
approximation (RMSEA), comparative fit index (CFl), level-specific standardized root mean
squared residual (SRMR) (see Hsu et al., 2015), and information criteria. We considered RMSEA <
.06, CFI > .95, and SRMR < .08 as indicative of good fit (L. T. Hu & Bentler, 1999).

The study hypotheses were then tested using multilevel linear regression fitted with the
restricted maximum likelihood estimator (REML). For each outcome (i.e., afternoon and evening
blood pressure, emotional exhaustion, and sleep disturbances), we fitted four nested models: a
null model (MO) with only fixed and random intercept; a baseline model (M1) also including trait-
level workaholism (i.e., between-individual component operationalized as the individual average
score over the 10 workdays), psychological detachment, and a number of control variables; a
model (M2) where we added state workaholism at the within-individual level (Hypotheses 1-3);
and a final model (M3) including its within-individual interaction with psychological detachment
(Hypothesis 4). Figure 2 summarizes the study hypotheses, variables, and relationships included

in our regression models clarifying the corresponding time points and levels of analysis.
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Figure 2. Conceptual model, hypotheses, and selected control variables.

Particularly, control variables in models M1-M3 were selected in line with the hierarchical
iterative control (HIC) approach (Spector, 2021) by only retaining plausible ‘common drivers’ (i.e.,
not potential mediators) of strain and workaholism that were substantially related to each
outcome. Specifically, gender was selected for all strain indicators, whereas age and BMI were
only selected for blood pressure indicators (for details, see Supplementary Materials). In contrast,
further control variables that were not substantially related to any outcome (e.g., time, evening
physical activity, job position) were included as subsequent robustness checks, consistently with
the HIC approach. All level-1 predictors (i.e., state workaholism and psychological detachment)
were person-mean centered, whereas level-2 quantitative predictors (i.e., trait workaholism, age,
and BMI) were grand-mean centered in the listwise deleted dataset before fitting any model. Of
note, psychological detachment and its interaction with state workaholism were not considered
to predict afternoon blood pressure since the latter variable was recorded before any evening
detachment experience could take place.

Finally, model selection was implemented by comparing nested models based on their

relative strength of evidence, as indicated by the Akaike weight (Aw) (Wagenmakers & Farrell,
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2004), in addition to the likelihood ratio test (conducted by refitting models using maximum
likelihood with a significance level set to p < .05). For each outcome, we selected the model
showing the strongest evidence and a significantly higher likelihood than more parsimonious
models. Parameters estimates from the selected model were then evaluated and reported with

their bootstrapped 95% confidence intervals.

Data, materials, and code

All data, data analysis code, and research materials are available at the Open Science
Framework (OSF) repository and can be accessed from: https://osf.io/awbxj.
Results

A total of 2,534 diary entries were obtained over 958 days (i.e., total number of sampled
workdays where at least one of the three diaries was completed by a given participant). 83
participants (72.8%) completed the two-week protocol, whereas 31 participants (27.2%) dropped
out at the end of the first week, implying a lower number of responses (level-1 sample size) for
the latter participants (mean = 14.10) than the former (mean = 25.27). On average, participants
responded to 22.23 + 6.09 diaries (response rate: 86.9 + 12.8%). The subsample of 106
participants included in blood pressure analyses provided a total of 898 daily observations, with

an average of 22.26 + 5.98 completed diary entries (response rate: 86.1 + 13%).

Measurement models and descriptives

Table 1 shows the MCFA fit for state workaholism items, using maximum likelihood with
robust test statistics (MLR) on the full sample of available responses (i.e., 914 observations from
135 participants). Although one-factor solutions fitted the data approximately well, a better fit
was shown by two-factor solutions (i.e., working excessively and compulsively), with configural
invariance performing better than metric invariance. However, based on modification indices, the
relaxation of the equality constraint for the first item (“Today, | seemed to be in a hurry and racing

against the clock”) substantially improved the fit, highlighting the two-factor model with partial
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metric invariance as the most accurate solution (see Byrne et al., 1989). In the selected model,
standardized loadings ranged from .54 to .97 (see Figure 3), with ICCs of .69 (0.05) and .65 (.05)
for working excessively and working compulsively, respectively. Yet, despite the better fit of two-
factor solutions, very strong correlations were estimated between the two dimensions at both
levels (r-between = .86, r-within = .95), indicating poor scale ability to discriminate the two
dimensions especially at the within-individual level. These results, together with the acceptable

fit shown by one-factor solutions, further justify our focus on the total score of the scale.

Table 1. Fit indices of the multilevel CFA models specified for workaholism items.

Model N. param. X2 (df) RMSEA  CFI SRMR-W SRMR-B  AIC weight  BIC weight
One-factor 30 63.67(18) 063 962  .029 053 <.001 <.001
configural
One-factor

. 25 80.64 (23) .062 953 .031 .064 <.001 .005
metric
One-factor

19 1645.20 (29) .210 .323 115 287 <.001 <.001

scalar
Two-factor

. 32 45.11 (16) .054 975 .027 .042 .881 .004
configural
Two-factor 28 59.15(20) .055 967  .029 074 005 331
metric
Two-factor

. ) 29 52.61(19) .053 971 .028 .055 114 .660
partial metric
Ig‘l);ador 22 988.19(26) 186 521 093 197 <.001 <.001

Notes. df, degrees of freedom associated with the ¥? statistic; RMSEA, root mean square error of
approximation; CFl, comparative fit index; SRMR-W, root mean squared residual within individual; SRMR-
B, SRMR between individuals; AIC, Akaike Information Criterion; BIC, Bayesian Information Criterion. All
models were fitted with the MLR robust estimator and evaluated by considering the robust x2, RMSEA, and
CFl indices on the full sample of available responses to afternoon diaries (914 observations from 135
participants).
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WITHIN BETWEEN

(state workaholism) (trait workaholism)

Race against the clock*

Working

. Doing two or three things at a time
excessively

Continue to work after colleagues left

.95

Important to work hard

Working
compulsively

Working

) Something inside me that drives me
compulsively

Feel obliged to work hard

Figure 3. Completely standardized solutions at the within (right) and between (left) level from the
multilevel CFA models selected for state workaholism items. *Item whose unstandardized loadings
were not constrained to be equal across levels.

Acceptable fit was also found for the one-factor MCFA models assuming cross-level
invariance for emotional exhaustion (x*(2) = 6.81, RMSEA = .056, CFl =.994, SRMR-within = .015,
SRMR-between =.021), sleep disturbances (x*(7) = 30.63, RMSEA = .069, CFl =.965, SRMR-within
=.027, SRMR-between = .081), and psychological detachment (x*(2) = 0.77, RMSEA < .001, CFl =
1.00, SRMR-within =.002, SRMR-between = .002). Moreover, we found satisfactory fit (x*(17) =
29.66, RMSEA = .030, CFl = .995, SRMR-within = .034, SRMR-between = .037) for the model
assuming the distinctiveness between emotional exhaustion and psychological detachment (i.e.,
measured at the same time point), whereas the corresponding one-factor model was rejected.

Table 2 shows the descriptive statistics and correlations from the included participants
considered in the following analyses. All time-varying variables showed substantial variation at
both levels, with higher between-individual variability for workaholism, blood pressure, and
emotional exhaustion, and higher within-individual variation for psychological detachment and
sleep disturbances. Daily fluctuations in workaholism symptoms were significantly although
weakly correlated with fluctuations in afternoon blood pressure, emotional exhaustion, and sleep
disturbances, whereas trait workaholism moderately correlated with trait-level emotional

exhaustion and sleep disturbances. Systolic and diastolic blood pressure were mutually correlated



24

at both levels, showing significant and positive level-2 relationships with emotional exhaustion,

age, and BMI.

Table 2. Descriptive statistics and correlations between the considered variables.

Measure No. Mean (SD) ICC Pearson’s correlations
obs. 1. 2. 3. 4. 5. 6. 7. 8.

1. Workaholism (1-7) 847 3.43(1.54) 61 147 14T 04 08 .18 -08" 13"
2. Afternoon SBP (mmHg) 843  122.18(19.56) .70 .12 46T 18" 12" 05  -02 09"
3. Afternoon DBP (mmHg) 843 78.17(14.60) .61 .13  .83"" 10" 127 08 -.02 .06
4. Evening SBP (mmHg) 841 115.58(18.22) .69 .11 .90 777" 56" 06 -10" .03
5. Evening DBP (mmHg) 841 72.96(14.26) .64 .04 777" 86" 877 08" -03 .09"
6. Exhaustion (1-7) 841 3.24(1.57) 56 497 24" 22" 21 17 -13™ .09°
7. Detachment (1-7) 841  4.38(1.85) 35 -14 -01 -05 -07 -08 ~-13 -.06
8. Sleep disturbances (1-7) 842  2.57 (1.40) 39 437" 09 .15 12 A3 4777 -16

9. Age (years) 114 42.12 (12.61) -14 3577 357" 34" 38" -05 .06 .02
10. BMI (kg m™) 114  23.91(3.53) 06 3377 33" 40" 407 06 .07 -03

Notes. SD, standard deviation; ICC, intraclass correlation coefficient; SBP, systolic blood pressure; DBP,
diastolic blood pressure; BMI, body mass index. Correlations at the within level are shown above the main
diagonal, whereas correlations at the between level are shown below the main diagonal. Each correlation
was computed considering all completed responses (720 observations from 114 participants), and two-tail
significance levels were Benjamini-Hochberg-corrected. *, p < .05; ** p <.01; *** p <.001. Age and BMI

correlated at r=.22*.

State workaholism and blood pressure

Multilevel modeling was used to predict blood pressure by the considered predictors,

including gender, age, and BMI as level-2 covariates. The inclusion of state workaholism in the

baseline models predicting afternoon blood pressure (model M2) implied stronger evidence and

significant likelihood ratio test (systolic: Aw = .99, x3(1) = 15.07, p < .001; diastolic: Aw = .99, x*(1)

=13.84, p <.001), showing higher systolic (b = 1.56 (0.40) mmHg, 95% CI [0.78, 2.37] mmHg) and

diastolic blood pressure (b = 1.39 (0.35) mmHg, 95% ClI [0.62, 1.97] mmHg) in those days

characterized by higher-than-usual workaholism symptoms (see Table 3). In contrast, the

inclusion of state workaholism (model M2) was not associated with stronger evidence or

significant likelihood ratio test compared to the baseline models M1 predicting evening systolic

(Aw = .33, x’(1) = 0.58, p = .44) and diastolic blood pressure (Aw = .68, x*(1) = 3.81, p =.05), and

the same was found for its interaction (model M3) with psychological detachment (systolic: Aw =

11, x%(1) =0.65, p = .42; diastolic: Aw = .14, x*(1) 0.01, p = .99), as shown in Table 4.
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Table 3. Multilevel regression models predicting afternoon blood pressure.

Systolic blood pressure (mmHg) Diastolic blood pressure (mmHg)
M1 (baseline) M2 (main effect) M1 (baseline) M2 (main effect)
Predictors b (SE) cl b (SE) cl b (SE) cl b (SE) cl
Level 2 (between):
Intercept 118.25 114.44, 122.00 118.25 114.27,122.17 7732 74.45,80.20 7732 74.34,80.04
(1.97) (1.97) (1.46) (1.46)
Gender [men] 5.39 -0.45, 11.10 5.39 -0.36, 11.10 -0.38 -4.65, 3.88 -0.30 -4.30, 4.08
(2.92) (2.92) (2.17) (2.17)
Age (years) 041 0.18, 0.66 0.41 0.18, 0.65 0.28 0.10, 0.45 0.28 0.10, 0.46
(0.12) (0.12) (0.09) (0.09)
BMI (kg m2) 1.10 0.24,1.94 1.10 0.25, 1.96 0.96 0.33,1.61 0.96 0.33,1.59
(0.43) (0.43) (0.32) (0.32)
Trait workaholism 1.33 -0.94, 3.57 1.33 -0.89, 3.57 1.11 -0.55, 2.78 1.11 -0.60, 2.77
(1-7) (1.14) (1.14) (0.85) (0.85)
Level 1 (within):
State workaholism 1.56 0.76, 2.35 1.39 0.62,1.97
(1-7) (0.40) (0.35)
Random effects:
Too? 195.27 195.55 104.48 104.66
o? 108.96 106.74 82.14 90.61

Notes. BMI, body mass index; SE = standard error; Cl = non-parametric bootstrap confidence intervals.
Level-2 continuous predictors were grand-mean-centered, whereas level-1 continuous predictors were
person-mean-centered before fitting the models. Bold type highlights cases where 95% Cl excluded zero.
The models were fitted on 787 observations from the 106 participants meeting blood pressure inclusion
criteria.

State workaholism, emotional exhaustion, and sleep disturbances

Table 5 shows the models predicting evening ratings of emotional exhaustion and next
morning ratings of sleep disturbances. Participants’ gender was selected as a level-2 covariate for
both outcomes (see Supplementary materials). For emotional exhaustion, the model M2 including
its within-individual relationship with state workaholism was selected as the best model (Aw =
.99, x%(1) = 21.51, p < .001), predicting higher exhaustion at the end of workdays with higher
workaholism symptoms (b = 0.19 (0.04), 95% CI [0.11 0.27]). In contrast, the interactive model
M3 showed neither stronger evidence (Aw = .06) nor significant likelihood ratio (x*(1) = 1.62, p =

.20) compared to the other models.
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Systolic blood pressure (mmHg)

Diastolic blood pressure (mmHg)

Predictors

M1 (baseline)

M2 (main effect)

M3 (interaction)

M1 (baseline)

M2 (main effect)

M3 (interaction)

b (SE) cl b (SE) cl b (SE) cl b (SE) cl b (SE) cl b (SE) cl
Level 2 (between):
Intercept 113.08 (1.87) 109.37,116.72 113.08 (1.87) 109.41, 116.75 113.11 (1.86) 109.46, 116.77 72.72(1.45) 69.92,75.51 72.72(1.45) 69.90,75.53 72.72(1.45) 69.92,75.52
Gender [men] 2.48 (2.76) -2.94,7.90 2.48 (2.76) -3.07,7.87 2.48 (2.76) -2.95,7.97 -131(2.15)  -550,2.78  -1.31(2.15)  -547,2.97  -1.31(2.15)  -5.57,2.86
Age (years) 0.33 (0.11) 0.11, 0.56 0.33(0.11) 0.11,0.56 0.33(0.11) 0.10, 0.55 0.27 (0.09) 0.10, 0.45 0.27 (0.09) 0.09,0.44 0.27 (0.09) 0.09, 0.45
BMI (kg m2) 1.40 (0.41) 0.60, 2.21 1.40(0.41) 0.62,2.21 1.40(0.41) 0.60, 2.21 1.16 (0.32) 0.53,1.77 1.16 (0.32) 0.54,1.77 1.16 (0.32) 0.53,1.78
Trait workahol. (1-7) 1.34 (1.06) -0.72, 3.40 1.34 (1.06) -0.75, 3.40 1.35 (1.06) -0.71, 3.44 0.46(0.83)  -1.15,2.13  0.46(0.83)  -1.14,2.07  0.46(0.83)  -1.16,2.10
Level 1 (within):
Detachment (1-7) -0.82(0.26) -1.34,-0.29 -0.81(0.27) -1.33,-0.28 -0.80(0.27) -1.31,-0.28 -0.23(0.23) -0.68,022  -0.18(0.23) -0.63,027 -0.18(0.23)  -0.63,0.27
State workahol. (1-7) 0.31 (0.40) -0.48,1.12 0.31 (0.40) -0.48,1.08 0.67 (0.34) -0.01, 1.35 0.67 (0.35) -0.01, 1.35
State workaholism 0.24 (0.30) -0.37,0.82 0.01 (0.26) -0.50,0.51
x Detachment
Random Effects
Too? 173.03 173.02 172.72 102.38 102.42 102.43
o? 96.62 96.69 96.77 71.29 70.97 71.08

Notes. BMI = body mass index; SE = standard error; Cl = non-parametric bootstrap confidence intervals. Level-2 continuous predictors were grand-mean-centered, whereas
level-1 continuous predictors were person-mean-centered before fitting the models. Bold type highlights cases where 95% Cl excluded zero. The models were fitted on 721
complete from the 106 participants meeting blood pressure inclusion criteria.
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Consistently, model M2 predicting sleep disturbances by daily fluctuations in
workaholism symptoms showed stronger evidence and significantly higher likelihood than the
corresponding baseline model M1 (Aw = . 55, x3(1) = 6.84, p = .01), with more sleep disturbances
following higher-than-usual workaholism levels (b =0.11 (0.04) , 95% CI [0.03, 0.20]). However,
sleep disturbances were also predicted by the within-individual interaction (model M3) between
state workaholism and psychological detachment (Aw = .19, x*(1) = 5.31, p = .02), such that the
former predicted more sleep disturbances only in those days characterized by lower-than-usual
evening experiences of psychological detachment (b = -0.07 (0.03), 95% CI [-0.14, -0.01]), as

shown in Figure 4.

Exploratory mediation analyses

In light of the within-individual relationships found between state workaholism and
afternoon blood pressure (see Table 3), with the latter being significantly related to evening blood
pressure at the same level (see Table 2), we further explored the prolonged activation correlates
of workaholism by using the mediation R package (see Tingley et al., 2014).! The estimated
coefficients and their 95% Cl based on quasi-Bayesian approximation with 10,000 Montecarlo
draws indicated a significant indirect relationship between state workaholism and evening
systolic blood pressure through afternoon systolic blood pressure (b = 0.20 mmHg, 95% Cl [0.06,
0.38] mmHg), whereas the corresponding direct relationship was not significant (b =0.11 mmHg,
95% Cl [-0.68, 0.89] mmHg). Similar results were found for diastolic blood pressure (indirect
relationship: b =0.17 mmHg, 95% Cl [0.04, 0.33] mmHg; direct relationship: b =0.52 mmHg, 95%

CI[-0.17, 1.21] mmHg).

! The possibility of exploratorily testing such mediation models conditional to the results to our main
analyses was explicitly considered in our preregistration (see the ‘Exploratory analyses’ section at
https://osf.io/h9zvq)
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Table 5. Multilevel regression models predicting evening emotional exhaustion and next morning sleep disturbances.

Emotional exhaustion Sleep disturbances
M1 (baseline) M2 (main effect) M3 (interaction) M1 (baseline) M2 (main effect) M3 (interaction)

Predictors b (SE) cl b (SE) cl b (SE) cl b (SE) cl b (SE) cl b (SE) cl
Level 2 (between):

Intercept 3.12 (0.14) 2.84,3.40 3.12 (0.14) 2.85,3.40 3.12 (0.14) 2.84,3.39 2.75(0.12)  2.53,2.98 2.75(0.12) 2.52,2.98 2.75(0.12) 2.52,2.98

Gender [men] 0.18 (0.21) -0.22,0.59 0.18 (0.21) -0.22,0.57 0.18 (0.21) -0.22,0.59 -0.40(0.17) -0.72,-0.06 -0.40(0.17) -0.72,-0.06 -0.39(0.17) -0.72,-0.07

Trait workahol. (1-7) 0.47 (0.08) 0.32,0.62 0.47 (0.08) 0.31,0.62 0.47 (0.08) 0.31,0.62 0.34 (0.06) 0.22,047 0.34 (0.06) 0.21,047 0.34 (0.06) 0.21,047
Level 1 (within):

Detachment (1-7) -0.08 (0.03)  -0.14,-0.03 -0.07 (0.03) -0.13,-0.02 -0.07 (0.03) -0.13,-0.02  -0.03(0.03) -0.08,0.03  -0.02(0.03) -0.08,0.04  -0.02(0.03) -0.08, 0.03

State workahol. (1-7) 0.19 (0.04) 0.11,0.27 0.19 (0.04) 0.11,0.27 0.11 (0.04) 0.03,0.20 0.11 (0.04) 0.03,0.19

State workaholism -0.04 (0.03) -0.10, 0.02 -0.07 (0.03) -0.14,-0.01

x Detachment
Random Effects

Too2 1.02 1.03 1.03 0.60 0.60 0.61

o? 1.09 1.05 1.05 1.13 1.12 1.11

Notes. SE = standard error; Cl = non-parametric bootstrap confidence intervals. Level-2 continuous predictors were grand-mean-centered, whereas level-1 continuous predictors
were person-mean-centered before fitting the models. Bold type highlights cases where 95% Cl excluded zero. The models were fitted considering all complete responses (779
and 723 observations for emotional exhaustion and sleep quality, respectively) from the 114 included participants.
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Figure 4. Within-individual interactions between afternoon ratings of state workaholism and
evening psychological detachment in the model predicting sleep disturbances.
Robustness checks

Robustness checks were conducted to evaluate the consistency of our results across
alternative pre-processing and analytical scenarios (see Steegen et al., 2016). These involved both
the inclusion of additional control variables that were not retained in our main analyses due to
their weak relationship with our outcome variables (i.e., job position, having children, time, and
blood pressure confounders such as physical activity) and the replication of the same models
based on different data subsets and modeling strategies. Specifically, in line with the HIC
approach (Spector, 2021), the robustness of the direct and interactive relationships resulting
from our main analyses was assessed by adding additional controls one-by-one to models M1-
M3, which we also replicated without including any control variable. Further pre-processing and
analytical ‘forking paths’ that we considered include: the removal of influential cases (i.e., two-
to-five participants showing extreme Cook’s distances); the exclusion of participants reporting
sleep dysfunctions or hormonal/psychotropic medications (n = 23); the inclusion of all
participants (n = 135); the inclusion of a random slope for state workaholism; the use of

alternative estimators and family distributions (e.g., Gamma, log-Normal); the removal of flagged

measurements with extreme blood pressure values (n = 8-10) or unusual timing (e.g., morning
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measurements recorded in the early afternoon) (n = 18); the use of the two workaholism
dimensions (i.e., working compulsively and working excessively) instead of the total score; and
the operationalization of trait workaholism through the full 10-item retrospective DUWAS scale
(i.e., administered in the preliminary questionnaire, Cronbach’s a = . 80, 95% Cl [.74, .85]) rather
than through the average state workaholism score. Overall, the robustness checks were highly
consistent with the main analyses (see Supplementary Materials), supporting the robustness and

generalizability of our findings beyond our pre-processing and modeling pre-registered choices.

Discussion
The present study answers specific calls for person-centric studies on workaholism (Clark
et al., 2016) and for deepening the investigation of the causal paths leading from workaholic
cognitions and behaviors to the enduring health consequences highlighted by previous research.
Workaholism, being commonly conceptualized as a stable individual tendency (Andreassen,
2014; Andreassen, Schaufeli, et al., 2018; Loscalzo & Giannini, 2017; Menghini et al., 2023), has
been mainly investigated by cross-sectional comparisons of health and well-being outcomes in
individuals with higher vs. lower trait workaholism (e.g., Balducci et al., 2018; Huyghebaert et al.,
2018; Salanova et al., 2016). In contrast, our study investigates the short-term health impairment
effects fueled by the phenomenon by focusing on the differences between workdays
characterized by higher- vs. lower-than-usual state workaholism (i.e., symptoms of compulsive
overwork), net to the individual differences in the trait component. Building on the allostatic load
model and recovery theory, we investigated whether state workaholism could exert a range of
psychophysiological responses functionally similar to those typically highlighted for external job
demands, corroborating the stressful nature of workaholism.
First, state workaholism was positively related to afternoon levels of systolic and
diastolic blood pressure (Hypothesis 1a). This result corroborates and strengthens previous
findings by Balducci et al. (2022), highlighting the potential of workaholism to trigger

sympathetically-driven physiological patterns of acute stress. By fueling obsessive work-related
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thoughts, self-imposed overwork, and pervasive dysphoric states (Balducci et al., 2021; Clark et
al., 2016; Schaufeli, Shimazu, et al., 2009), workaholism represents a substantial pressure that
individuals pose on themselves. In line with the allostatic load model (McEwen, 2004, 2006), the
psychophysiological reactivity highlighted in this study might be a first sign (primary mediator) of
the health impairment process activated by workaholism. In turn, primary physiological changes
can cumulate over longer time, leading to the between-individual differences in health and well-
being for individuals with high vs. low trait workaholism.

Second, although we did not find a substantial direct relationship between state
workaholism and evening blood pressure (contrarily to Hypothesis 1b), the results of our
explorative analyses are consistent with an indirect relationship fully mediated by afternoon
blood pressure. This is in line with a prolonged activation effect of workaholism (see Brosschot et
al., 2005), according to which the increased afternoon blood pressure characterizing workdays
with higher workaholism symptoms would require longer time to be counteracted by the
organism through its natural unwinding processes, resulting in a full mediation. It may also be
that on such workdays work-related rumination and obsessive thoughts keep enduring over the
evening, which we did not directly measure, explaining the prolonged activation effects of state
workaholism consistently with the perseverative cognition hypothesis (Brosschot et al., 2006,
2010). Although the former interpretation is more parsimonious, the latter is theoretically
plausible and worthy of further scrutiny. In both cases, the immediate psychophysiological
reactivity to state workaholism can be somehow functional to sustain the additional work
investment generated by workaholic thoughts and behaviors, whereas its continuation outside
work can increase the risk of health problems in the long run (Brosschot et al., 2005; Pieper &
Brosschot, 2005).

Third, state workaholism was also positively related to bedtime momentary ratings of
emotional exhaustion and next morning ratings of sleep disturbances (Hypotheses 2 and 3). These

can be thought as two additional indices of prolonged strain responses, further corroborating the
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idea that workaholism depletes individuals’ energy and impairs their recovery. Particularly, after-
work emotional exhaustion may be considered a direct subjective manifestation of slow
unwinding ensuing the experience of a particularly stressful workday (Geurts & Sonnentag, 2006;
Sonnentag & Fritz, 2015). Emotional exhaustion is also the first emerging component of burnout
(Kristensen et al., 2005; Maslach et al., 2001), a chronic and debilitating work-related stress
syndrome that has been recently included in the International Classification of Diseases (World
Health Organization, 2019). Thus, our results shed light on the initial stages of the strain
generation mechanism activated by workaholism also in relation to the genesis of burnout.
Sporadic emotional exhaustion at the end of the workday may consolidate in response to the
frequent experience of workaholism symptoms, opening the way to the other facets of burnout
(depersonalization and reduced professional efficacy) and their consequences (see Maslach &
Jackson, 1981).

Similarly, sleep disturbances are well-known stress correlates indicative of impaired
recovery, with previous research highlighting reciprocal relationships between stress and sleep,
resulting in a vicious cycle where individuals are progressively more exposed and vulnerable to
environmental stressors (Cardoso et al., 2021; Garefelt et al., 2020; Konjarski et al., 2018). For
instance, the longitudinal study by Van Laethem et al. (2015) showed an intriguing pattern of
bidirectional relations where stress and sleep affected each other, partially or completely through
perseverative cognition. Indeed, prolonged activation triggered by conscious and unconscious
work-related perseverative cognitions is a highly plausible mechanism through which
workaholism can impair subsequent sleep quality (Brosschot et al., 2007, 2010; Pieper &
Brosschot, 2005; Vahle-Hinz et al., 2014). This is also consistent with the hyperarousal model of
insomnia (see Bonnet & Arand, 2010), based on which insomniacs tend to experience increased
physiological and cognitive activation during both night and daytime, making it difficult to initiate

and maintain sleep. In turn, this heightened state of arousal (prolonged activation) is predicted



33

to disrupt the natural sleep-wake rhythms and perpetuate the insomnia symptoms (Bonnet &
Arand, 2010; Riemann et al., 2010).

Finally, our findings only partially supported the buffering role of evening psychological
detachment on the delayed outcomes of state workaholism, with a significant moderation
emerging for sleep disturbances (Hypothesis 4c). That is, we found that the within-individual
relationship between state workaholism and sleep disturbances was only significant in those
workdays where participants reported lower psychological detachment than they usually
experience. This result is consistent with both the stressor-detachment framework (Sonnentag &
Fritz, 2015) and the perseverative cognition hypothesis (Brosschot et al., 2006, 2010),
corroborating the protective role of psychological detachment in the stressor-strain relationship.
In contrast, no significant moderation was found for evening blood pressure and emotional
exhaustion (contrarily to Hypotheses 4a and 4b), possibly due to different reasons. For instance,
psychological detachment might need more time to produce its beneficial effects on physiological
and psychological recovery, considering that the three variables were concurrently measured at
bedtime. In contrast, sleep disturbances were measured the following morning, and such a time
delay might have possibly allowed detachment to better fulfill its beneficial effects. Alternatively,
it could be that other recovery experiences than psychological detachment, such as relaxation,
mastery, and control (see Sonnentag & Fritz, 2007) need to be considered to exhaustively
document the buffering effects of recovery on the health and well-being implications of
workaholism. While future research should explore these aspects more in depth, future studies
focusing on both the potential moderation and mediation role of psychological detachment are
warranted (Sonnentag & Fritz, 2015).

Our study has several strengths, including the pre-registered hypotheses and procedures
(ensuring higher transparency, replicability, and credibility), the rigorous blood pressure
monitoring protocol compliant with updated guidelines and recommendations (Kallioinen et al.,

2017; Shimbo et al., 2020; Stergiou et al., 2021), the open data and materials (ensuring better
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reproducibility), and the implementation of several robustness checks using alternative data pre-
processing, filtering, and analysis procedures, making our results more consistent and
generalizable (see Steegen et al., 2016). Moreover, the multimethod approach that integrates
objective and subjective measures (see Kasl, 1998; Kristensen, 1996) while temporally separating
predictor and outcome measures (see P. M. Podsakoff et al., 2003, 2012) distinguishes our study
from previous investigations on day-level workaholism (e.g., Clark et al., 2021; Xu et al., 2021).
Finally, while we corroborated previous evidence that workaholism symptoms can fluctuate
within-person on a daily basis (i.e., within-individual variance was about 40% of the total), to our
knowledge this is the first study reporting evidence of cross-level isomorphism in a workaholism
measure, which provide further support for the conceptualization of workaholism as a multilevel
construct (see Stapleton & Johnson, 2019). Importantly, our study and its results raise new
research questions concerning the dynamic features of within-individual fluctuations in state
workaholism (e.g., how quickly do these fluctuations occur? How large are them? How quickly do
employees return to their baseline level?). Particularly, new research avenues might build from
recent insights into personality dynamics (e.g., Fleeson & Jayawickreme, 2015). For instance,
Sosnowska et al. (2019, 2020) advocated for a more integrated investigation of stable and
momentary personality expressions based on dynamic system theory, identifying ‘baseline
personality’ (i.e., trait-level set point), ‘personality variability’ (i.e., amount of within-individual
fluctuations around the baseline level), and ‘personality attractor strength’ (i.e., self-regulating
stability reflected by the attraction to one’s baseline) as the key parameters capturing an
individual’s typical pattern of changes in personality states. Future workaholism research can
significantly benefit from the simultaneous consideration of these three parameters, building
from our results to better understand the pattern of changes in workaholism symptoms, their

antecedents, and their consequences.
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Limitations and practical implications

Our study limitations include the convenience and relatively small sample of Italian
workers recruited from several job sectors, implying some threats to the results generalizability.
Particularly, our findings might be poorly generalizable outside the Western (and specifically the
ltalian) context. Although workaholism has been widely investigated in non-Western countries
showing straining effects in line with our results (e.g., Xu et al., 2021; Shimazu et al., 2015), future
studies should carefully address their generalizability to other cultural and economic contexts.
Second, state workaholism and the related outcomes were only measured during workdays and
not during weekends, preventing alternative operationalizations of prolonged activation (e.g.,
from weekdays to weekends) and possibly masking part of the protective role of psychological
detachment (e.g., Cho & Park, 2018; Yulita et al., 2022). Third, emotional exhaustion, unlike blood
pressure, was only measured in the evening but not in the afternoon, preventing a differentiation
between short-term and delayed responses. Moreover, it was measured with items not explicitly
referred to the work domain (e.g., “At this moment, | feel tired” rather than “I feel tired due to
my work”). While this operationalization might better approximate participant experience (i.e.,
generally feeling exhausted with no clear identification of the specific causes), future studies
might use more specific items to be repeatedly administered at multiple time points. Fourth, and
more generally, most our findings are based on self-report measures. Although our ESM design
and focus at the within-individual level should mitigate measurement biases, we cannot exclude
that some results were affected by response styles and other biases implied by self-reports.

Finally, whereas we provided resounding evidence of the direct within-individual
relationships between workaholism and strain, we did not investigate the ‘generating
hypothetical mechanisms’ behind these relationships (see Spector, 2021). For instance, job
demands are plausible mediators of the straining effects of workaholism, if not even indicators of
the working excessively dimension. Similarly, strain reactions might result from the higher home

demands (e.g., relationship tension) following higher workaholism symptoms, as suggested by



36

Clark et al. (2021). Yet, both types of demands are also plausible predictors as well as moderators
of compulsive overwork. For instance, the same study by Clark et al. (2021) reported higher state
workaholism in workdays characterized by higher-than-usual anticipated workload. While
disentangling the role of such variables is beyond the scope of our study and would require more
extensive research efforts, we provided a robust starting point for future inquiry. Particularly,
anticipated workload and other potential triggers of workaholism (e.g., reward practices, time
pressure, and organizational climate) should be better investigated to reach a finer understanding
of the nature of the phenomenon, including its genesis. Such knowledge is particularly crucial for
identifying the working conditions that can be concretely modified to prevent the development
of transient and more stable workaholic tendencies.

Indeed, on the practical side, our results should not lead to the wrong conclusions that
workers alone are responsible for their work stress. Instead, employers and managers should
understand what changes can be implemented in the work design and psychosocial context, and
training can be provided to prevent and discourage workaholism tendencies, their frequent
enactment in everyday working life, and their health and well-being impact (for a review, see
Cossin et al., 2021). For instance, overwork endorsement, that is the employee’s perceptions of
a work environment that endorses working overtime, has been highlighted as an important
predictor of workaholic tendencies (Mazzetti et al., 2014, 2016). Of course, an obvious implication
of considering workaholism as an internal job-related demand is the need to include it in routine
psychosocial risk management programs, especially for those occupations where it might be
more prevalent, such as agriculture, construction, communication, consultancy, and
commerce/trade workers, in addition to managers and higher professionals (see Taris et al.,
2012). Finally, our results support the importance of promoting and incentivizing recovery
experiences in the evening, which is predicted to favor job detachment and potentially attenuate

the prolonged activation effects of workaholism symptom:s.
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Conclusion

Our study provides new insights into the short-term straining effects of workaholism,
which is conceptualized as a multilevel construct varying both inter- and intra-individually and
acting as an internal job-related demand. Our study suggests that workaholism symptoms are
capable of triggering multiple concurrent and delayed straining effects including higher blood
pressure, emotional exhaustion, and sleep disturbances. In turn, these primary responses, when
not adequately managed, are likely to result in longer-term enduring health conditions and
disease endpoints. For these reasons, it is pivotal to conduct more research on the short- and
long-term antecedents and consequences of workaholism and to design effective interventions

to discourage and reduce its enactment.

Supplementary Materials
The following supplementary materials are available online from: https://osf.io/awbxj.
- S1: Diary questionnaire items
- S2: Raw data used in the analyses
- S3: Data pre-processing detailed report, R code, and full outputs
- S4: Psychometrics and data reduction report, R code, and full outputs
- S5: Descriptive statistics and covariate selection report, R code, and full outputs
- S6: Multilevel regression data analysis report, R code, and full outputs
- S7: Deviations from the preregistration of the study

- S8: Preregistered materials

References

Andreassen, C. S. (2014). Workaholism: An overview and current status of the research. Journal
of Behavioral Addictions, 3(1), 1-11. https://doi.org/10.1556/JBA.2.2013.017

Andreassen, C. S., Griffiths, M. D., Hetland, J., & Pallesen, S. (2012). Development of a work

addiction scale. Scandinavian Journal of Psychology, 53(3), 265-272.


https://osf.io/awbxj/

38

https://doi.org/10.1111/j.1467-9450.2012.00947 .x

Andreassen, C. S., Pallesen, S., & Torsheim, T. (2018). Workaholism as a Mediator between
Work-Related Stressors and Health Outcomes. International Journal of Environmental
Research and Public Health, 15(1), 73. https://doi.org/10.3390/ijerph15010073

Andreassen, C. S., Schaufeli, W. B., & Pallesen, S. (2018). Myths about “The myths about work
addiction.” Journal of Behavioral Addictions, 7(4), 858—862.
https://doi.org/10.1556/2006.7.2018.126

Atroszko, P. A. (2024). Work Addiction and Workaholism are Synonymous: An Analysis of the
Sources of Confusion (a Commentary on Morkevicitté and Endriulaitiené). International
Journal of Mental Health and Addiction. https://doi.org/10.1007/s11469-024-01243-x

Atroszko, P. A., Demetrovics, Z., & Griffiths, M. D. (2019). Beyond the myths about work
addiction: Toward a consensus on definition and trajectories for future studies on
problematic overworking. Journal of Behavioral Addictions, 8(1), 7-15.
https://doi.org/10.1556/2006.8.2019.11

Avanzi, L., Balducci, C., & Fraccaroli, F. (2013). Contributo alla validazione italiana del
Copenhagen Burnout Inventory (CBI) [Contribution to the Italian validation of the
Copenhagen Burnout Inventory (CBI)]. Psicologia Della Salute, 2, 120—-135.
https://doi.org/10.3280/PDS2013-002008

Bakker, A. B. (2014). Daily Fluctuations in Work Engagement. European Psychologist, 19(4), 227—
236. https://doi.org/10.1027/1016-9040/a000160

Bakker, A. B., Demerouti, E., & Burke, R. (2009). Workaholism and relationship quality: A
spillover-crossover perspective. Journal of Occupational Health Psychology, 14(1), 23—33.
https://doi.org/10.1037/a0013290

Bakker, A. B., Demerouti, E., Oerlemans, W., & Sonnentag, S. (2013). Workaholism and daily
recovery: A day reconstruction study of leisure activities. Journal of Organizational

Behavior, 34(1), 87-107. https://doi.org/10.1002/job.1796



39

Balducci, C., Alessandri, G., Zaniboni, S., Avanzi, L., Borgogni, L., & Fraccaroli, F. (2021). The
impact of workaholism on day-level workload and emotional exhaustion, and on longer-
term job performance. Work & Stress, 35(1), 6-26.
https://doi.org/10.1080/02678373.2020.1735569

Balducci, C., Avanzi, L., Consiglio, C., Fraccaroli, F., & Schaufeli, W. (2017). A Cross-National
Study on the Psychometric Quality of the Italian Version of the Dutch Work Addiction Scale
(DUWAS). European Journal of Psychological Assessment, 33(6), 422—428.
https://doi.org/10.1027/1015-5759/a000300

Balducci, C., Avanzi, L., & Fraccaroli, F. (2018). The Individual “Costs” of Workaholism: An
Analysis Based on Multisource and Prospective Data. Journal of Management, 44(7),
2961-2986. https://doi.org/10.1177/0149206316658348

Balducci, C., Spagnoli, P., Toderi, S., & Clark, M. A. (2022). A within-individual investigation on
the relationship between day level workaholism and systolic blood pressure. Work &
Stress, 36(4), 337—-354. https://doi.org/10.1080/02678373.2021.1976883

Bates, D., Méachler, M., Bolker, B., & Walker, S. (2014). Fitting Linear Mixed-Effects Models using
Ime4. ArXiv Preprint ArXiv:1406.5823. http://arxiv.org/abs/1406.5823

Bonnet, M. H., & Arand, D. L. (2010). Hyperarousal and insomnia: State of the science. Sleep
Medicine Reviews, 14(1), 9—15. https://doi.org/10.1016/j.smrv.2009.05.002

Brosschot, J. F., Gerin, W., & Thayer, J. F. (2006). The perseverative cognition hypothesis: A
review of worry, prolonged stress-related physiological activation, and health. Journal of
Psychosomatic Research, 60(2), 113—124.
https://doi.org/10.1016/]j.jpsychores.2005.06.074

Brosschot, J. F., Pieper, S., & Thayer, J. F. (2005). Expanding stress theory: Prolonged activation
and perseverative cognition. Psychoneuroendocrinology, 30(10), 1043-1049.
https://doi.org/10.1016/j.psyneuen.2005.04.008

Brosschot, J. F., Van Dijk, E., & Thayer, J. F. (2007). Daily worry is related to low heart rate



40

variability during waking and the subsequent nocturnal sleep period. International Journal
of Psychophysiology, 63(1), 39-47. https://doi.org/10.1016/j.ijpsycho.2006.07.016

Brosschot, J. F., Verkuil, B., & Thayer, J. (2018). Generalized Unsafety Theory of Stress: Unsafe
Environments and Conditions, and the Default Stress Response. International Journal of
Environmental Research and Public Health, 15(3), 464.
https://doi.org/10.3390/ijerph15030464

Brosschot, J. F., Verkuil, B., & Thayer, J. F. (2010). Conscious and unconscious perseverative
cognition: Is a large part of prolonged physiological activity due to unconscious stress?
Journal of Psychosomatic Research, 69(4), 407—-416.
https://doi.org/10.1016/j.jpsychores.2010.02.002

Buysse, D. J. (2014). Sleep Health: Can We Define It? Does It Matter? Sleep, 37(1), 9-17.
https://doi.org/10.5665/sleep.3298

Byrne, B. M., Shavelson, R. J., & Muthén, B. (1989). Testing for the Equivalence of Factor
Covariance and Mean Structures: The Issue of Partial Measurement Invariance.
Psychological Bulletin, 105(3), 456—466. https://doi.org/10.1037/0033-2909.105.3.456

Caesens, G., Stinglhamber, F., & Luypaert, G. (2014). The impact of work engagement and
workaholism on well-being. Career Development International, 19(7), 813—835.
https://doi.org/10.1108/CDI-09-2013-0114

Cardoso, J., Almeida, T. C., Ramos, C., Sousa, S., & Brito, J. (2021). Bidirectional relationship
between perceived stress and insomnia symptoms: the role of coping and quality of life.
Sleep and Biological Rhythms, 19(1), 23-31. https://doi.org/10.1007/s41105-020-00284-8

Chen, G, Bliese, P. D., & Mathieu, J. E. (2005). Conceptual Framework and Statistical Procedures
for Delineating and Testing Multilevel Theories of Homology. Organizational Research
Methods, 8(4), 375—409. https://doi.org/10.1177/1094428105280056

Cho, S., & Park, Y. (2018). How to benefit from weekend physical activities: Moderating roles of

psychological recovery experiences and sleep. Stress and Health, 34(5), 639—648.



41

https://doi.org/10.1002/smi.2831

Clark, M. A, Hunter, E. M., & Carlson, D. S. (2021). Hidden costs of anticipated workload for
individuals and partners: Exploring the role of daily fluctuations in workaholism. Journal of
Occupational Health Psychology, 26(5), 393—404. https://doi.org/10.1037/0cp0000284

Clark, M. A,, Michel, J. S., Zhdanova, L., Pui, S. Y., & Baltes, B. B. (2016). All Work and No Play? A
Meta-Analytic Examination of the Correlates and Outcomes of Workaholism. Journal of
Management, 42(7), 1836—1873. https://doi.org/10.1177/0149206314522301

Clark, M. A,, Smith, R. W., & Haynes, N. J. (2020). The Multidimensional Workaholism Scale:
Linking the conceptualization and measurement of workaholism. Journal of Applied
Psychology, 105(11), 1281-1307. https://doi.org/10.1037/apl0000484

Cossin, T., Thaon, I., & Lalanne, L. (2021). Workaholism Prevention in Occupational Medicine: A
Systematic Review. International Journal of Environmental Research and Public Health,
18(13), 7109. https://doi.org/10.3390/ijerph18137109

Cox, R. C., Knowles, K. A., Jessup, S. C., Adamis, A. M., & Olatuniji, B. O. (2023). Psychometric
properties of a daily obsessive-compulsive symptom scale for ecological momentary
assessment. Journal of Obsessive-Compulsive and Related Disorders, 39, 100840.
https://doi.org/10.1016/j.jocrd.2023.100840

Fleeson, W. (2017). The production mechanisms of traits: Reflections on two amazing decades.
Journal of Research in Personality, 69, 4—12. https://doi.org/10.1016/j.jrp.2017.07.003

Fleeson, W., & Jayawickreme, E. (2015). Whole Trait Theory. Journal of Research in Personality,
56, 82-92. https://doi.org/10.1016/].jrp.2014.10.009

Ganster, D. C., & Rosen, C. C. (2013). Work Stress and Employee Health: A Multidisciplinary
Review. In Journal of Management (Vol. 39, Issue 5).
https://doi.org/10.1177/0149206313475815

Garefelt, J., Platts, L. G., Hyde, M., Magnusson Hanson, L. L., Westerlund, H., & Rkerstedt, T.

(2020). Reciprocal relations between work stress and insomnia symptoms: A prospective



42

study. Journal of Sleep Research, 29(2), 1-11. https://doi.org/10.1111/jsr.12949

Geldhof, G. J., Preacher, K. J., & Zyphur, M. J. (2014). Reliability estimation in a multilevel
confirmatory factor analysis framework. Psychological Methods, 19(1), 72-91.
https://doi.org/10.1037/a0032138

Germano, G., Psimenos, A., Sarullo, F., Venditti, A., Pecchioli, V., & Asmar, R. (2009). Validation
of four automatic devices for self-measurement of blood pressure according to the
International Protocol: The Pic Indolor Personal Check, Comfort Check, My Check and
Travel Check. Blood Pressure, 18(SUPPL. 1), 15-23.
https://doi.org/10.1080/08037050903262496

Geurts, S. A. E., & Sonnentag, S. (2006). Recovery as an explanatory mechanism in the relation
between acute stress reactions and chronic health impairment. Scandinavian Journal of
Work, Environment & Health, 32(6), 482—492. https://doi.org/10.5271/sjweh.1053

Gillet, N., Morin, A. . S., Ndiaye, A., Colombat, P., Sandrin, E., & Fouquereau, E. (2022).
Complementary variable- and person-centred approaches to the dimensionality of
workaholism. Applied Psychology, 71(1), 312-355. https://doi.org/10.1111/apps.12323

Grandner, M. A. (2017). Sleep, Health, and Society. Sleep Medicine Clinics, 12(1), 1-22.
https://doi.org/10.1016/j.jsmc.2016.10.012

Green, F., Felstead, A., Gallie, D., & Henseke, G. (2022). Working Still Harder. ILR Review, 75(2),
458-487. https://doi.org/10.1177/0019793920977850

Hakanen, J. J., Peeters, M. C. W., & Schaufeli, W. B. (2018). Different types of employee well-
being across time and their relationships with job crafting. Journal of Occupational Health
Psychology, 23(2), 289-301. https://doi.org/10.1037/0cp0000081

Hale, L., Troxel, W., & Buysse, D. J. (2020). Sleep Health: An Opportunity for Public Health to
Address Health Equity. Annual Review of Public Health, 41(1), 81-99.
https://doi.org/10.1146/annurev-publhealth-040119-094412

Hogarth, L. (2020). Addiction is driven by excessive goal-directed drug choice under negative



43

affect: translational critique of habit and compulsion theory. Neuropsychopharmacology,
45(5), 720-735. https://doi.org/10.1038/s41386-020-0600-8

Hogarth, L. (2022). The Persistence of Addiction is better Explained by Socioeconomic
Deprivation-Related Factors Powerfully Motivating Goal-Directed Drug Choice than by
Automaticity, Habit or Compulsion Theories Favored by the Brain Disease Model. In
Heather, N, M. Field, A. Moss, & S. Satel (Eds.), Evaluating the Brain Disease Model of
Addiction (Issue October, pp. 216-236). Routledge.
https://doi.org/10.4324/9781003032762-24

Horstmann, K. T., & Ziegler, M. (2020). Assessing Personality States: What to Consider when
Constructing Personality State Measures. European Journal of Personality, 34(6), 1037—
1059. https://doi.org/10.1002/per.2266

Hsu, H. Y., Kwok, O. man, Lin, J. H., & Acosta, S. (2015). Detecting Misspecified Multilevel
Structural Equation Models with Common Fit Indices: A Monte Carlo Study. Multivariate
Behavioral Research, 50(2), 197—-215. https://doi.org/10.1080/00273171.2014.977429

Hu, L. T., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure analysis:
Conventional criteria versus new alternatives. Structural Equation Modeling, 6(1), 1-55.
https://doi.org/10.1080/10705519909540118

Hu, Z., & Xiang, Y. (2024). Who Is the Chief Culprit, Loneliness, or Smartphone Addiction?
Evidence from Longitudinal Study and Weekly Diary Method. International Journal of
Mental Health and Addiction, 22(1), 599-614. https://doi.org/10.1007/s11469-022-00892-
0

Huyghebaert-Zouaghi, T., Caesens, G., Sandrin, E., & Gillet, N. (2021). Workaholism and work
engagement: An examination of their psychometric multidimensionality and relations with
employees’ functioning. Current Psychology. https://doi.org/10.1007/s12144-021-01820-6

Huyghebaert, T., Fouquereau, E., Lahiani, F.-J., Beltou, N., Gimenes, G., & Gillet, N. (2018).

Examining the longitudinal effects of workload on ill-being through each dimension of



44

workaholism. International Journal of Stress Management, 25(2), 144—162.
https://doi.org/10.1037/str0000055

llies, R., Aw, S.S. Y., & Lim, V. K. G. (2016). A Naturalistic Multilevel Framework for Studying
Transient and Chronic Effects of Psychosocial Work Stressors on Employee Health and
Well-Being. Applied Psychology, 65(2), 223-258. https://doi.org/10.1111/apps.12069

llies, R., Dimotakis, N., & De Pater, I. E. (2010). Psychological and physiological reactions to high
workloads: Implications for well-being. Personnel Psychology, 63(2), 407—436.
https://doi.org/10.1111/j.1744-6570.2010.01175.x

Innanen, H., Tolvanen, A., & Salmela-Aro, K. (2014). Burnout, work engagement and
workaholism among highly educated employees: Profiles, antecedents and outcomes.
Burnout Research, 1(1), 38—49. https://doi.org/10.1016/j.burn.2014.04.001

Irwin, M. R. (2015). Why Sleep Is Important for Health: A Psychoneuroimmunology Perspective.
Annual Review of Psychology, 66(1), 143—172. https://doi.org/10.1146/annurev-psych-
010213-115205

Jak, S., & Jorgensen, T. D. (2017). Relating Measurement Invariance, Cross-Level Invariance, and
Multilevel Reliability. Frontiers in Psychology, 8(OCT), 1-9.
https://doi.org/10.3389/fpsyg.2017.01640

Jak, S., Jorgensen, T. D., & Rosseel, Y. (2021). Evaluating Cluster-Level Factor Models with lavaan
and Mplus. Psych, 3(2), 134—152. https://doi.org/10.3390/psych3020012

Jayawickreme, E., Zachry, C. E., & Fleeson, W. (2019). Whole Trait Theory: An integrative
approach to examining personality structure and process. Personality and Individual
Differences, 136(May 2018), 2—11. https://doi.org/10.1016/j.paid.2018.06.045

Kallioinen, N., Hill, A., Horswill, M. S., Ward, H. E., & Watson, M. Q. (2017). Sources of inaccuracy
in the measurement of adult patients’ resting blood pressure in clinical settings: A
systematic review. Journal of Hypertension, 35(3), 421-441.

https://doi.org/10.1097/HJH.0000000000001197



45

Kamarck, T. W., Janicki, D., Shiggman, S., Polk, D., Muldon, M., Libenauer, L., & Schwartz, J.
(2002). Psychosocial demands and ambulatory blood pressure: a field assessment
approach. Physiology & Behavior, 77(4-5), 699—704. https://doi.org/10.1016/S0031-
9384(02)00921-6

Kamarck, T. W., Schwartz, J. E., Shiffman, S., Muldoon, M. F., Sutton-Tyrrell, K., & Janicki, D. L.
(2005). Psychosocial Stress and Cardiovascular Risk: What is the Role of Daily Experience?
Journal of Personality, 73(6), 1749-1774. https://doi.org/10.1111/j.0022-
3506.2005.00365.x

Kasl, S. V. (1998). Measuring job stressors and studying the health impact of the work
environment: An epidemiolgic commentary. Journal of Occupational Health Psychology,
3(4), 390-401. https://doi.org/10.1037/1076-8998.3.4.390

Keller, A. C., Spurk, D., Baumeler, F., & Hirschi, A. (2016). Competitive climate and workaholism:
Negative sides of future orientation and calling. Personality and Individual Differences, 96,
122-126. https://doi.org/10.1016/j.paid.2016.02.061

Kim, E. S., Dedrick, R. F., Cao, C., & Ferron, J. M. (2016). Multilevel Factor Analysis: Reporting
Guidelines and a Review of Reporting Practices. Multivariate Behavioral Research, 51(6),
881-898. https://doi.org/10.1080/00273171.2016.1228042

Konjarski, M., Murray, G., Lee, V. V., & Jackson, M. L. (2018). Reciprocal relationships between
daily sleep and mood: A systematic review of naturalistic prospective studies. Sleep
Medicine Reviews, 42, 47-58. https://doi.org/10.1016/j.smrv.2018.05.005

Kremer, M., Went, R., & Engbersen, G. (2021). Better Work: The Impact of Automation,
Flexibilization and Intensification of Work. Springer Nature.

Kristensen, T. S. (1996). Job stress and cardiovascular disease: A theoretic critical review. Journal
of Occupational Health Psychology, 1(3), 246—260. https://doi.org/10.1037//1076-
8998.1.3.246

Kristensen, T. S., Borritz, M., Villadsen, E., & Christensen, K. B. (2005). The Copenhagen Burnout



46

Inventory: A new tool for the assessment of burnout. Work & Stress, 19(3), 192—-207.
https://doi.org/10.1080/02678370500297720

Kubota, K., Shimazu, A., Kawakami, N., & Takahashi, M. (2014). Workaholism and Sleep Quality
Among Japanese Employees: A Prospective Cohort Study. International Journal of
Behavioral Medicine, 21(1), 66—76. https://doi.org/10.1007/s12529-012-9286-6

Kun, B., Takacs, Z. K., Richman, M. J., Griffiths, M. D., & Demetrovics, Z. (2021). Work addiction
and personality: A meta-analytic study. Journal of Behavioral Addictions, 9(4), 945-966.
https://doi.org/10.1556/2006.2020.00097

Kun, B., Urban, R., B6the, B., Griffiths, M. D., Demetrovics, Z., & Kokonyei, G. (2020).
Maladaptive Rumination Mediates the Relationship between Self-Esteem, Perfectionism,
and Work Addiction: A Largescale Survey Study. International Journal of Environmental
Research and Public Health, 17(19), 7332. https://doi.org/10.3390/ijerph17197332

Lau-Barraco, C., & Linden-Carmichael, A. N. (2019). A Daily Diary Study of Drinking and
Nondrinking Days in Nonstudent Alcohol Users. Substance Use & Misuse, 54(1), 31-38.
https://doi.org/10.1080/10826084.2018.1485700

Léger, D., Poursain, B., Neubauer, D., & Uchiyama, M. (2008). An international survey of
sleeping problems in the general population. Current Medical Research and Opinion, 24(1),
307-317. https://doi.org/10.1185/030079907X253771

Lin, R.-T., Lin, C.-K., Christiani, D. C., Kawachi, I., Cheng, Y., Verguet, S., & Jong, S. (2017). The
impact of the introduction of new recognition criteria for overwork-related cardiovascular
and cerebrovascular diseases: a cross-country comparison. Scientific Reports, 7(1), 167.
https://doi.org/10.1038/s41598-017-00198-5

Linton, S. J., Kecklund, G., Franklin, K. A, Leissner, L. C., Sivertsen, B., Lindberg, E., Svensson, A.
C., Hansson, S. 0., Sundin, O., Hetta, J., Bjoérkelund, C., & Hall, C. (2015). The effect of the
work environment on future sleep disturbances: A systematic review. Sleep Medicine

Reviews, 23, 10—19. https://doi.org/10.1016/j.smrv.2014.10.010



47

Logan, J. G., & Barksdale, D. J. (2008). Allostasis and allostatic load: Expanding the discourse on
stress and cardiovascular disease. Journal of Clinical Nursing, 17(78B), 201-208.
https://doi.org/10.1111/j.1365-2702.2008.02347 x

Loscalzo, Y., & Giannini, M. (2017). Clinical conceptualization of workaholism. Organizational
Psychology Review, 7(4), 306—329. https://doi.org/10.1177/2041386617734299

Macatee, R. J., Capron, D. W., Schmidt, N. B., & Cougle, J. R. (2013). An examination of low
distress tolerance and life stressors as factors underlying obsessions. Journal of Psychiatric
Research, 47(10), 1462—-1468. https://doi.org/10.1016/].jpsychires.2013.06.019

MacKay, C. J., & Cooper, C. L. (1987). Occupational stress and health: Some current issues. In C.
L. Cooper & R. Robertson (Eds.), International review of industrial and organizational
psychology (pp. 167—-199). Wiley.

Maslach, C., & Jackson, S. (1984). Burnout in organization settings. Applied Social Psychology
Annual, 5(1), 133-153.

Maslach, C., & Jackson, S. E. (1981). The measurement of experienced burnout. Journal of
Organizational Behavior, 2(2), 99-113. https://doi.org/10.1002/job.4030020205

Maslach, C., & Leiter, M. P. (2016). Understanding the burnout experience: recent research and
its implications for psychiatry. World Psychiatry, 15(2), 103—111.
https://doi.org/10.1002/wps.20311

Maslach, C., Schaufeli, W. B., & Leiter, M. P. (2001). Job Burnout. Annual Review of Psychology,
52(1), 397—-422. https://doi.org/10.1146/annurev.psych.52.1.397

Mauss, D., Li, J., Schmidt, B., Angerer, P., & Jarczok, M. N. (2015). Measuring allostatic load in
the workforce: a systematic review. INDUSTRIAL HEALTH, 53(1), 5-20.
https://doi.org/10.2486/indhealth.2014-0122

Mazzetti, G., Schaufeli, W. B., & Guglielmi, D. (2014). Are workaholics born or made? Relations
of workaholism with person characteristics and overwork climate. International Journal of

Stress Management, 21(3), 227-254. https://doi.org/10.1037/a0035700



48

Mazzetti, G., Schaufeli, W. B., Guglielmi, D., & Depolo, M. (2016). Overwork climate scale:
psychometric properties and relationships with working hard. Journal of Managerial
Psychology, 31(4), 880-896. https://doi.org/10.1108/JIMP-03-2014-0100

McEwen, B. S. (2004). Protection and Damage from Acute and Chronic Stress: Allostasis and
Allostatic Overload and Relevance to the Pathophysiology of Psychiatric Disorders. Annals
of the New York Academy of Sciences, 1032(1), 1-7.
https://doi.org/10.1196/annals.1314.001

McEwen, B. S. (2006). Protective and damaging effects of stress mediators: Central role of the
brain. Dialogues in Clinical Neuroscience, 8(4), 367-381.
https://doi.org/10.31887/dcns.2006.8.4/bmcewen

Meijman, T. F., & Mulder, G. (1998). Psychological aspects of workload. In P. J. D. Drenth & H.
Thierry (Eds.), Handbook of Work and Organizational Psychology (Vol. 2, pp. 5-33).
Psychology Press.

Menghini, L., Spagnoli, P., & Balducci, C. (2023). Uncovering the main and interacting impact of
workaholism on momentary hedonic tone at work: An experience sampling approach.
Journal of Occupational Health Psychology. https://doi.org/10.1037/0cp0000365

Mereish, E. H., Kuerbis, A., & Morgenstern, J. (2018). A daily diary study of stressful and positive
events, alcohol use, and addiction severity among heavy drinking sexual minority men.
Drug and Alcohol Dependence, 187, 149-154.
https://doi.org/10.1016/j.drugalcdep.2018.03.003

Molino, M., Cortese, C., & Ghislieri, C. (2018). Daily Effect of Recovery on Exhaustion: A Cross-
Level Interaction Effect of Workaholism. International Journal of Environmental Research
and Public Health, 15(9), 1920. https://doi.org/10.3390/ijerph15091920

Natale, V., Fabbri, M., Tonetti, L., & Martoni, M. (2014). Psychometric goodness of the Mini
Sleep Questionnaire. Psychiatry and Clinical Neurosciences, 68(7), 568-573.

https://doi.org/10.1111/pcn.12161



49

Ng, T. W. H., Sorensen, K. L., & Feldman, D. C. (2007). Dimensions, antecedents, and
consequences of workaholism: a conceptual integration and extension. Journal of
Organizational Behavior, 28(1), 111-136. https://doi.org/10.1002/job.424

Oates, W. E. (1971). Confessions of a workaholic: The facts about work addiction. World
Publishing Company.

O’Brien, E., Pickering, T., Asmar, R., Myers, M., Parati, G., Staessen, J., Mengden, T., Imai, Y.,
Waeber, B., Palatini, P., & Gerin, W. (2002). Working Group on Blood Pressure Monitoring
of the European Society of Hypertension International Protocol for validation of blood
pressure measuring devices in adults. Blood Pressure Monitoring, 7(1), 3—17.
https://doi.org/10.1097/00126097-200202000-00002

Pega, F., Nafradi, B., Momen, N. C., Ujita, Y., Streicher, K. N., Priiss-Ustiin, A. M., Descatha, A.,
Driscoll, T., Fischer, F. M., Godderis, L., Kiiver, H. M., Li, J., Magnusson Hanson, L. L.,
Rugulies, R., Sgrensen, K., & Woodruff, T. J. (2021). Global, regional, and national burdens
of ischemic heart disease and stroke attributable to exposure to long working hours for
194 countries, 2000—2016: A systematic analysis from the WHO/ILO Joint Estimates of the
Work-related Burden of Disease and Injur. Environment International, 154(December
2020), 106595. https://doi.org/10.1016/j.envint.2021.106595

Pfeffer, J. (2018). Dying for a Paycheck: How Modern Management Harms Employee Health and
Company Performance—and What We Can Do About It. Harper-Collins.

Pieper, S., & Brosschot, J. F. (2005). Prolonged stress-related cardiovascular activation: Is there
any? Annals of Behavioral Medicine, 30(2), 91-103.
https://doi.org/10.1207/s15324796abm3002_1

Pindek, S., Arvan, M. L., & Spector, P. E. (2019). The stressor—strain relationship in diary studies:
A meta-analysis of the within and between levels. Work and Stress, 33(1), 1-21.
https://doi.org/10.1080/02678373.2018.1445672

Podsakoff, N. P., Spoelma, T. M., Chawla, N., & Gabriel, A. S. (2019). What predicts within-



50

person variance in applied psychology constructs? An empirical examination. Journal of
Applied Psychology, 104(6), 727—754. https://doi.org/10.1037/apl0000374

Podsakoff, P. M., MacKenzie, S. B., Lee, J., & Podsakoff, N. P. (2003). Common method biases in
behavioral research: A critical review of the literature and recommended remedies.
Journal of Applied Psychology, 88(5), 879-903. https://doi.org/10.1037/0021-
9010.88.5.879

Podsakoff, P. M., MacKenzie, S. B., & Podsakoff, N. P. (2012). Sources of Method Bias in Social
Science Research and Recommendations on How to Control It. Annual Review of
Psychology, 63(1), 539-569. https://doi.org/10.1146/annurev-psych-120710-100452

Quick, J. C., Wright, T. A, Adkins, J. A., Nelson, D. L., & Quick, J. D. (2013). Preventive stress
management in organizations (2nd ed.). American Psychological Association.
https://doi.org/10.1037/13942-000

R Core Team. (2023). R: A language and environment for statistical computing. R Foundation for
Statistical Computing, http://www.r-project.org/. http://www.r-project.org/

Ramar, K., Malhotra, R. K., Carden, K. A., Martin, J. L., Abbasi-Feinberg, F., Aurora, R. N., Kapur,
V. K., Olson, E. J., Rosen, C. L., Rowley, J. A,, Shelgikar, A. V., & Trotti, L. M. (2021). Sleep is
essential to health: an American Academy of Sleep Medicine position statement. Journal
of Clinical Sleep Medicine, 17(10), 2115-2119. https://doi.org/10.5664/jcsm.9476

Riemann, D., Spiegelhalder, K., Feige, B., Voderholzer, U., Berger, M., Perlis, M., & Nissen, C.
(2010). The hyperarousal model of insomnia: A review of the concept and its evidence.
Sleep Medicine Reviews, 14(1), 19-31. https://doi.org/10.1016/j.smrv.2009.04.002

Robinson, T. E., & Berridge, K. C. (2003). Addiction. Annual Review of Psychology, 54(1), 25-53.
https://doi.org/10.1146/annurev.psych.54.101601.145237

Rosseel, Y. (2012). lavaan : An R Package for Structural Equation Modeling. Journal of Statistical
Software, 48(2), 1-36. https://doi.org/10.18637/jss.v048.i02

Salanova, M., Lépez-Gonzalez, A. A, Llorens, S., del Libano, M., Vicente-Herrero, M. T., &



51

Tomas-Salva, M. (2016). Your work may be killing you! Workaholism, sleep problems and
cardiovascular risk. Work & Stress, 30(3), 228-242.
https://doi.org/10.1080/02678373.2016.1203373

Sawhney, G., Delongchamp, A., Sinclair, R. R., & Britt, T. W. (2022). Daily expression of
workaholism and family outcomes: The buffering and magnifying effects of economic
resources. Stress and Health, December 2021. https://doi.org/10.1002/smi.3169

Schaufeli, W. B., Bakker, A. B., van der Heijden, F. M. M. A,, & Prins, J. T. (2009). Workaholism,
burnout and well-being among junior doctors: The mediating role of role conflict. Work &
Stress, 23(2), 155-172. https://doi.org/10.1080/02678370902834021

Schaufeli, W. B., Shimazu, A., & Taris, T. W. (2009). Being Driven to Work Excessively Hard.
Cross-Cultural Research, 43(4), 320-348. https://doi.org/10.1177/1069397109337239

Schaufeli, W. B., Taris, T. W., & Bakker, A. B. (2008). It takes two to tango: Workaholism is
working excessively and working compulsively. In R. J. Burke & C. L. Cooper (Eds.), The long
work hours culture: Causes, consequences and choices (pp. 203—-225). Emerald Group
Publishing Limited.

Scott, K. S., Moore, K. S., & Miceli, M. P. (1997). An Exploration of the Meaning and
Consequences of Workaholism. Human Relations, 50(3), 287—-314.
https://doi.org/10.1177/001872679705000304

Shimbo, D., Artinian, N. T., Basile, J. N., Krakoff, L. R., Margolis, K. L., Rakotz, M. K., & Wozniak, G.
(2020). Self-Measured Blood Pressure Monitoring at Home: A Joint Policy Statement From
the American Heart Association and American Medical Association. Circulation, 142(4),
E42—-E63. https://doi.org/10.1161/CIR.0000000000000803

Snir, R., & Harpaz, I. (2012). Beyond workaholism: Towards a general model of heavy work
investment. Human Resource Management Review, 22(3), 232—243.
https://doi.org/10.1016/j.hrmr.2011.11.011

Sonnentag, S., Cheng, B. H., & Parker, S. L. (2022). Recovery from Work: Advancing the Field



52

Toward the Future. Annual Review of Organizational Psychology and Organizational
Behavior, 9(1), 33-60. https://doi.org/10.1146/annurev-orgpsych-012420-091355

Sonnentag, S., Dormann Christian, & Demerouti Evangelia. (2017). Not all days are created
equal: The concept of state work engagement. In A. B. Bakker & Leiter Michael P (Eds.),
Work engagement: A handbook of essential theory and research (pp. 25—38). Psychology
Press. https://doi.org/10.1007/978-3-319-64304-5_4

Sonnentag, S., & Fritz, C. (2007). The Recovery Experience Questionnaire: Development and
validation of a measure for assessing recuperation and unwinding from work. Journal of
Occupational Health Psychology, 12(3), 204—221. https://doi.org/10.1037/1076-
8998.12.3.204

Sonnentag, S., & Fritz, C. (2015). Recovery from job stress: The stressor-detachment model as
an integrative framework. Journal of Organizational Behavior, 36(51), S72-S103.
https://doi.org/10.1002/job.1924

Sosnowska, J., Kuppens, P., De Fruyt, F., & Hofmans, J. (2019). A dynamic systems approach to
personality: The Personality Dynamics (PersDyn) model. Personality and Individual
Differences, 144(February), 11-18. https://doi.org/10.1016/j.paid.2019.02.013

Sosnowska, J., Kuppens, P., De Fruyt, F., & Hofmans, J. (2020). New Directions in the
Conceptualization and Assessment of Personality—A Dynamic Systems Approach.
European Journal of Personality, 34(6), 988—998. https://doi.org/10.1002/per.2233

Spagnoli, Balducci, Fabbri, Molinaro, & Barbato. (2019). Workaholism, Intensive Smartphone
Use, and the Sleep-Wake Cycle: A Multiple Mediation Analysis. International Journal of
Environmental Research and Public Health, 16(19), 3517.
https://doi.org/10.3390/ijerph16193517

Spector, P. E. (2021). Mastering the Use of Control Variables: the Hierarchical Iterative Control
(HIC) Approach. Journal of Business and Psychology, 36(5), 737-750.

https://doi.org/10.1007/s10869-020-09709-0



53

Stapleton, L. M., & Johnson, T. L. (2019). Models to Examine the Validity of Cluster-Level Factor
Structure Using Individual-Level Data. Advances in Methods and Practices in Psychological
Science, 2(3), 312—329. https://doi.org/10.1177/2515245919855039

Stapleton, L. M., Yang, J. S., & Hancock, G. R. (2016). Construct Meaning in Multilevel Settings.
Journal of Educational and Behavioral Statistics, 41(5), 481-520.
https://doi.org/10.3102/1076998616646200

Steegen, S., Tuerlinckx, F., Gelman, A., & Vanpaemel, W. (2016). Increasing Transparency
Through a Multiverse Analysis. Perspectives on Psychological Science, 11(5), 702-712.
https://doi.org/10.1177/1745691616658637

Steptoe, A., & Willemsen, G. (2004). The influence of low job control on ambulatory blood
pressure and perceived stress over the working day in men and women from the
Whitehall Il cohort. Journal of Hypertension, 22(5), 915-920.
https://doi.org/10.1097/00004872-200405000-00012

Stergiou, G. S., Palatini, P., Parati, G., O’Brien, E., Januszewicz, A., Lurbe, E., Persu, A., Mancia,
G., & Kreutz, R. (2021). 2021 European Society of Hypertension practice guidelines for
office and out-of-office blood pressure measurement. Journal of Hypertension, 39(7),
1293-1302. https://doi.org/10.1097/HJH.0000000000002843

STRIDE BP. (2009). Validated blood pressure monitors. Joint Initiative with European Society of
Hypertension (ESH) International Society of Hypertension (ISH) World Hypertension
League (WHL). Accessed on April 5th, 2023: www.stridebp.org

Takahashi, M. (2019). Sociomedical problems of overwork-related deaths and disorders in
Japan. Journal of Occupational Health, 61(4), 269-277. https://doi.org/10.1002/1348-
9585.12016

Taris, T. W., Van Beek, I., & Schaufeli, W. B. (2012). Demographic and Occupational Correlates of
Workaholism. Psychological Reports, 110(2), 547-554.

https://doi.org/10.2466/03.09.17.PR0.110.2.547-554



54

Tingley, D., Yamamoto, T., Hirose, K., Keele, L., & Imai, K. (2014). mediation : R Package for
Causal Mediation Analysis. Journal of Statistical Software, 59(5).
https://doi.org/10.18637/jss.v059.i05

Trust Dabl®Educational. (2013). Sphygmomanometers for Self-measurement of Blood Pressure
(SBPM). Declaration of Blood Pressure Measuring Device Equivalence. Accessed on 2023-
04-05: http://dableducational.org/

Vahle-Hinz, T., Bamberg, E., Dettmers, J., Friedrich, N., & Keller, M. (2014). Effects of work stress
on work-related rumination, restful sleep, and nocturnal heart rate variability experienced
on workdays and weekends. Journal of Occupational Health Psychology, 19(2), 217-230.
https://doi.org/10.1037/a0036009

van Beek, |., Taris, T. W., & Schaufeli, W. B. (2011). Workaholic and work engaged employees:
Dead ringers or worlds apart? Journal of Occupational Health Psychology, 16(4), 468—482.
https://doi.org/10.1037/a0024392

Van Laethem, M., Beckers, D. G. J., Kompier, M. A. J., Dijksterhuis, A., & Geurts, S. A. E. (2013).
Psychosocial work characteristics and sleep quality: A systematic review of longitudinal
and intervention research. Scandinavian Journal of Work, Environment and Health, 39(6),
535-549. https://doi.org/10.5271/sjweh.3376

Van Laethem, M., Beckers, D. G. J., Kompier, M. A. J., Kecklund, G., van den Bossche, S. N. J., &
Geurts, S. A. E. (2015). Bidirectional relations between work-related stress, sleep quality
and perseverative cognition. Journal of Psychosomatic Research, 79(5), 391-398.
https://doi.org/10.1016/j.jpsychores.2015.08.011

van Wijhe, C., Peeters, M., Schaufeli, W., & Ouweneel, E. (2013). Rise and shine: Recovery
experiences of workaholic and nonworkaholic employees. European Journal of Work and
Organizational Psychology, 22(4), 476—489.
https://doi.org/10.1080/1359432X.2012.663527

Wagenmakers, E.-J., & Farrell, S. (2004). AIC model selection using Akaike weights. Psychonomic



55

Bulletin & Review, 11(1), 192—196. https://doi.org/10.3758/BF03206482

Watson, N. F., Badr, M. S., Belenky, G., Bliwise, D. L., Buxton, O. M., Buysse, D., Dinges, D. F.,
Gangwisch, J., Grandner, M. A, Kushida, C., Malhotra, R. K., Martin, J. L., Patel, S. R., Quan,
S. F., & Tasali, E. (2015). Joint Consensus Statement of the American Academy of Sleep
Medicine and Sleep Research Society on the Recommended Amount of Sleep for a Healthy
Adult: Methodology and Discussion. Journal of Clinical Sleep Medicine, 11(08), 931-952.
https://doi.org/10.5664/jcsm.4950

Woijdylo, K., Baumann, N., Buczny, J., Owens, G., & Kuhl, J. (2013). Work Craving: A
Conceptualization and Measurement. Basic and Applied Social Psychology, 35(6), 547-568.
https://doi.org/10.1080/01973533.2013.840631

World Health Organization. (2019). ICD-11 - Mortality and Morbidity Statistics. International
Classification of Diseases 11th Revision. https://icd.who.int/

Xu, X., Elliott, B., Peng, Y., Jalil, D., & Zhang, W. (2021). Help or hindrance? A daily diary study on
the workaholism—performance relation. International Journal of Stress Management,
28(3), 176—185. https://doi.org/10.1037/str0000176

Yi, S., Goldstein, A., Luo, H., & Haefner, S. A. (2023). A daily diary investigation of self-regulation
in gambling. Psychology of Addictive Behaviors, 37(3), 533—-544.
https://doi.org/10.1037/adb0000884

Yong, L. C,, Li, J., & Calvert, G. M. (2017). Sleep-related problems in the US working population:
prevalence and association with shiftwork status. Occupational and Environmental
Medicine, 74(2), 93—-104. https://doi.org/10.1136/0emed-2016-103638

Yulita, Idris, M. A., & Abdullah, S. S. (2022). Psychosocial safety climate improves psychological
detachment and relaxation during off-job recovery time to reduce emotional exhaustion:
A multilevel shortitudinal study. Scandinavian Journal of Psychology, 63(1), 19-31.
https://doi.org/10.1111/sjop.12789

Zito, M., Molino, M., & Sonnentag, S. (2013). Adattamento italiano del Recovery Experience



Questionnaire [Italian Adaptation of the Recovery Experience Questionnaire]. Giornate
Nazionali Di Psicologia Positiva, VI Edizione-PROMUOVERE RISORSE NEL CAMBIAMENTO,

68-69.

56


https://www.researchgate.net/publication/382886195

