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Abstract—Income inequalities within societies are often associated with
evidence that the rich are more likely to behave unethically and evade more
taxes. We study how fairness views and preferences for redistribution are
affected when cheating may, but need not, be the cause of income inequal-
ities. In our experiment, we let third parties redistribute income between a
rich and a poor stakeholder. In one treatment, income inequality was due
only to luck, whereas in two others rich stakeholders might have cheated.
The mere suspicion of cheating changes third parties’ fairness views con-
siderably and leads to a strong polarization that is even more pronounced
when cheating generates negative externalities.

I. Introduction

THE unequal distribution of income within countries has
become a major issue in the academic and the public

debate in recent years (Corak, 2013; Chetty et al., 2014;
Piketty, 2014). The general public, as well as the media, have
often blamed the rich of exploiting their advantageous po-
sition, often in unethical ways. The recent financial crisis,
illicit offshore financial activities such as the ones reported
in the “Panama papers,” and the practice at banks such as
Wells Fargo to open fake bank accounts to meet the monthly
targets of sales personnel1 have rekindled this belief. In line
with general sentiment, recent studies have estimated that
the unpaid federal taxes by the top 1% amounts to $175 bil-
lion annually in the United States only (Guyton et al., 2021),
and that the 0.01% richest households evade about 25% of
their taxes. (Alstadsæter et al., 2019). More generally, Piff
et al. (2012) also show that the rich are more likely to break
the law while driving and behave unethically in general.
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Here we focus on how the mere suspicion about the in-
tegrity of the fortunes acquired by the rich can affect fairness
views with respect to redistribution. It is in fact important to
understand how members of a society want to deal with such
inequalities and to which degree they are willing to reduce
them through redistribution. We are particularly interested
in situations in which it is untraceable whether the source
of a person’s fortunes may have originated from cheating or
from honest behavior. We hence talk about redistribution un-
der the shadow of cheating and not in the obvious presence
of cheating. This is a paradigmatic case of redistribution
under limited information where the decision maker faces
a trade-off between taking away too much from a deserv-
ing claimant and not punishing an undeserving one. Such a
conundrum is pervasive in the judicial system, as well as in
the welfare system and in work relationships, and it is par-
ticularly occurring when the rule of law is weak.

To test how suspected cheating affects redistribution, we
present a carefully controlled experimental study in which
we have rich and poor subjects, where in some treatments the
rich may, but need not, have acquired their income by cheat-
ing. We study how unbiased third parties redistribute income
from rich to poor subjects in our experiment. It is a priori un-
clear if the shadow of cheating blurs the distinction between
risk takers and safe players, and if third parties are more in-
clined to redistribute even among people who made different
choices. Yet it is important to notice that by increasing redis-
tribution, one takes away money not only from cheaters, but
also from potentially honest risk takers. Moreover, third par-
ties not supportive of any redistribution might consider mere
suspicion of cheating as a solid enough reason to start pro-
moting at least some redistribution to reduce inequality.

In our experiment, we let stakeholders choose between a
safe option and a potentially more profitable, but risky in-
vestment.2 We exogenously manipulate the availability of
cheating opportunities and hence the causes that can create
income disparities among stakeholders. In one treatment—
called the Nature treatment, which follows Cappelen et al.
(2013)—the outcome of the risky investment is determined
by a random computer draw that yields either a high or a
low income for the stakeholder with 50% probability, re-
spectively. The safe option, in contrast, yields an interme-
diate income for sure. In the other treatments, Self-Report
and Externality, stakeholders face the same choice between
a safe option and a risky investment. Here the investment’s

2This choice is intended to capture many real-world situations, ranging
from job choices to health or farming decisions, where subjects have to
trade off risk and expected return. For instance, one could think of peo-
ple having to select either into a low-pay, but secure, job, or a potentially
lucrative, but highly risky, sector.
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outcome is resolved by the stakeholders themselves by
flipping a coin and self-reporting the outcome. They are
explicitly asked to report the outcome—which yields either
the high or low income with 50% probability—truthfully.
Our request is, nonetheless, nonverifiable, mimicking many
real-world situations in which monitoring is too costly.3

Both Self-Report and Externality capture situations where
cheating is possible. Yet the treatments differ from one an-
other with respect to the costs cheating imposes on other
players. Self-Report is a very mild manipulation as no harm
is done to anybody in case of cheating. Misreporting the out-
come of the lottery is a violation of a rule, but such a rule is
not meant to protect the other parties. The Externality treat-
ment takes cheating a step forward: a stakeholder who cheats
automatically appropriates resources that were allocated to
another (idle) player. This mimics situations where the per-
petrators benefit from their dishonest action at the expense of
other people’s income. Misreporting the high income here is
a violation of a more important rule aimed at protecting vul-
nerable parties.

After the stakeholders’ decisions, we let third parties,
henceforth called spectators, redistribute the total sum of
earnings within a pair of stakeholders. Spectators in the Self-
Report and Externality treatment, however, cannot identify
whether a high income of a stakeholder was the consequence
of either a lucky coin toss or of misreporting the true (i.e.,
low) outcome of the coin toss. Although spectators can form
expectations about the likelihood of cheating, there is no cer-
tainty. This ambiguity creates a difficult challenge for those
spectators who want to eliminate income inequality when-
ever the high income resulted from dishonest behavior, but
simultaneously want to refrain from redistribution if a stake-
holder’s high income was righteously acquired.

We contribute to two strands of the literature on distribu-
tive justice. First, our paper is related to the literature on the
link between fairness views and the source of inequality. It
has been shown that fairness views depend on whether or not
income inequalities have been caused by differences in ef-
fort and hard work (Alesina & Angeletos, 2005), or whether
someone can be held accountable for one’s (mis)fortune
(Cappelen et al., 2013; Konow, 2000; Möllerström et al.,
2015; Lefgren et al., 2016; Tinghög et al., 2017; Akbaş et al.,
2019). Judgments about the fairness of an income distribu-
tion are also highly sensitive to the available information
about, and the subjective perception of, the income distri-
bution (Kuziemko et al., 2015). Moreover, fairness views
about the preferred extent of redistribution within a society
have been found to be affected by concerns about procedural
fairness or efficiency (Bolton et al., 2005; Balafoutas et al.,
2013; Cassar & Klein, 2019; Almås et al., 2020), cultural
background or political orientation (Rey-Biel et al., 2011;
Klimm, 2019; Almås et al., 2020; Cappelen et al., 2020;

3Contrary to most real-world examples, our design does not implement a
probability of being audited. As the likelihood of being caught and suffer
sizable costs can be small, especially in countries with a weak rule of law,
we preferred to keep the design as simple as possible.

Konow et al., 2020), or conflicts between social classes
(Fehr, 2018).

Second, our paper is related to two recent contributions
on the role of limited information on redistribution. Cappe-
len et al. (2023) also consider redistribution in groups com-
posed of honest and dishonest stakeholders.4 Unlike Cappe-
len et al. (2023), we concentrate on choice egalitarianism5

and on cheating by the rich because the sentiment against
the so-called elites in many countries is fueled by the poorer
people’s concerns that the rich have achieved their fortunes
also through dishonest means. Cappelen et al. (2022) instead
focus on a situation where there is uncertainty about whether
the source of inequality is merit or luck. Unlike the other
two papers, we consider ambiguity rather than uncertainty.
This allows us to test if fairness ideals are correlated to be-
liefs about cheating. This is particularly relevant in light of
the recent literature on motivated beliefs and errors that sug-
gests that agents tend to rationalize their decisions in a fa-
vorable way, trying to maintain a positive image of them-
selves (Di Tella et al., 2015; Exley, 2015; Zimmermann,
2020; Bašić & Quercia, 2022; Exley & Kessler, 2022). Our
setting creates some leeway for spectators to misreport their
perception of cheating to justify their fairness view. For in-
stance, libertarian spectators might trick themselves into be-
lieving that cheating is almost nonexistent. By doing so, they
would not need to think they might be failing to take away
from someone who undeservedly claimed the high reward.

Third, our paper is linked to the the flourishing literature
on deception and cheating (Gneezy, 2005; Fischbacher &
Föllmi-Heusi, 2013; Gächter & Schulz, 2016; Abeler et al.,
2019). Virtually all papers on this topic test how cheating
depends on different contextual cues and conditions, includ-
ing the structure of incentives (Conrads et al., 2013), loss
avoidance (Grolleau et al., 2016), the nature of the task
(Kajackaite, 2018), the costs associated with cheating
(Gneezy et al., 2018), or the role of collaboration (Weisel
& Shalvi, 2015). We take a completely different stand on
the problem by not focusing on the causes of cheating, but
rather on the consequences of dishonesty on fairness views
and distributional preferences of unaffected bystanders.

We document a strong and significant shift in fairness
views across treatments. We use a discrete choice random
utility model to estimate three types of spectators (Cappelen
et al., 2007, 2013): Libertarians are spectators who never
redistribute, independent of the degree of income inequality
between stakeholders. Egalitarians always redistribute re-
sources equally, while Choice Egalitarians redistribute only
among stakeholders who chose the risky investment but do

4Their paper and ours were developed at the same time and indepen-
dently of each other.

5We enlarge the choice set by having a safe option, whereas in Cappelen
et al. (2023) all group members were asked to work on a real effort task
and were then paid according to a lottery system. Having a safe option is
intended to mimic different types of behavior in the field, such as in educa-
tional or professional choices, and it allows examining whether spectators
condition redistribution choices on stakeholders having made the same de-
cisions or not.
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not redistribute if one stakeholder chose the risky option and
the other the safe option. The share of Libertarians is prac-
tically the same across all treatments, capturing about 40%
of spectators. However, the other types differ sharply across
treatments. The share of Egalitarians is three to four times
larger in Self-Report and Externality than in Nature. Hence,
if income inequalities might have been generated from cheat-
ing behavior, the fraction of egalitarian fairness views in-
creases substantially. At the same time, Choice Egalitari-
ans are much more frequent in Nature than in the treat-
ments where the shadow of cheating prevails. Overall, there-
fore, the shadow of cheating leads to a strong polarization
of fairness views where two diametrically opposing views—
Libertarians who never redistribute and Egalitarians who al-
ways redistribute equally—become about equally strong in
the population of spectators.

Notably, beliefs about risktaking and cheating are not dis-
tinguishable across types. Libertarians, Choice Egalitarians,
as well as Egalitarians infer that cheating is present and
a nonnegligible share of stakeholders did not legitimately
earn their fortune. However, fairness views are not driven
by beliefs—it is not the case that Libertarians do not antic-
ipate cheating whereas Egalitarians expect a disproportion-
ate level of misbehavior on the side of the rich. This finding
suggests that different types of spectators react in contrasting
ways to an otherwise equal level of dishonesty in the society.

The remainder of the paper is organized as follows. Sec-
tion II describes the experimental design and data collec-
tion. Section III presents the aggregate results for both
stakeholders and spectators. Section IV focuses on
individual-level behavior and reports the results of a discrete
choice random utility model estimating fairness views. Sec-
tion V concludes.

II. Experimental Design

Our design builds on Cappelen et al. (2013). We have two
types of players, stakeholders and spectators, and two stages.
We start by presenting the details of the first stage, in which
stakeholders made their decisions. After that, we introduce
the three experimental treatments. We then explain the sec-
ond stage where spectators made a series of redistributive
decisions. Finally, we describe the experimental procedures.

A. Stage 1: Stakeholders’ Risktaking Decisions

Each stakeholder independently had to make five ordered
decisions between a safe and a risky option. The risky op-
tion paid either a high income of 800 tokens or a low income
of zero tokens. While the risky option remained fixed in all
five decisions, the intermediate income paid by the safe op-
tion varied across decisions. This amount increased linearly
from 100 tokens in the first decision to 500 tokens in the
fifth decision, making the safe option more attractive as the
stakeholders proceeded through the five decisions. After all
five decisions had been made, the risky option—if chosen—

was resolved for each decision separately. The resolution of
the risky option and its consequences depended upon the ex-
perimental treatment.

B. Experimental Treatments

We ran three between-subjects treatments: Nature, Self-
Report, and Externality. The first two, Nature and Self-
Report, differ only in the way in which the outcome of
the risky option was determined. The Externality treatment
builds on Self-Report and imposes a negative externality on
another player in the case of cheating.

• In the Nature treatment, the outcome of the risky op-
tion was determined by a random draw performed by the
computer. The probability of the high or low income was
50% for each level. The outcome of each random draw
was shown to the stakeholder after all decisions between
the safe and risky option had been made.

• In the Self-Report treatment, the outcome of the risky
option was determined by a self-reported coin toss. The
coin tosses had to be performed only after all five de-
cisions had been made. Stakeholders were asked to get
a coin or to use an online website (justflipacoin.com) to
flip a coin for each decision in which they had chosen the
risky option. We explicitly requested stakeholders to re-
port the results of the coin tosses truthfully (see Instruc-
tions in the online appendix). Misreporting was hence
a clear violation of the rules. Under the assumption of
honest reporting, our procedure guarantees the same
likelihood (of 50%) of earning the high income across
treatments, conditional on choosing the risky option.
However, our request for honest reporting could not be
enforced as there was no possibility to detect lies at the
individual level (for further details, see the experimental
procedure below). This setup mimics situations in which
rules are not enforceable or the cost of monitoring is too
large.

• In the Externality treatment, the outcome of the risky
option was determined by a self-reported coin toss as
in Self-Report. This time, we built in an externality of
cheating. Each stakeholder was matched with an idle
player whose earnings might depend on the choices of
the stakeholder. The idle player was informed about the
rules but was not eligible to make any decision. Stake-
holders knew that the idle player received a bonus pay-
ment of either zero or 800 tokens, which was determined
as follows:

(i) If the matched stakeholder chose the safe option, the
earnings of the idle player were independently deter-
mined by a random draw of the computer, and both
outcomes (0 and 800 tokens) were equally likely.
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(ii) If the matched stakeholder chose the risky option,
the earnings of the idle player were negatively cor-
related with the ones of the stakeholder. This means
that if the stakeholder reported a winning coin toss,
the matched idle player received the low income of
zero tokens. If the stakeholder reported a losing coin
toss, the matched idle player received the high in-
come of 800 tokens.

Whereas the latter two treatments, Self-Report and Ex-
ternality, both allow for cheating, it is important to remark
the differences between the two. In the Self-Report treat-
ment, one might see cheating as a rather innocent deviation
from the rules, as it does not entail any loss for any other
player. In the Externality treatment, falsely reporting a win-
ning coin toss yields a high income for the stakeholder at
the expense of the idle player’s earnings. In this case, stake-
holders are imposing a negative externality on someone to
(illegitimately) seek their own profit.6

Note that in all treatments the rules used to resolve the
outcome of the risky option were common knowledge from
the beginning of the experiment — that is, before stakehold-
ers made any decision. We also informed stakeholders at the
beginning of the experiment that the study comprised two
stages. For comparability, we use the same wording as in
Cappelen et al. (2013): “Stage 2 of the experiment concerns
the distribution of earnings from Stage 1. Details of the sec-
ond stage will be provided after the first stage is complete.”
Only at the end of a session were stakeholders informed
about the rules of stage 2.

C. Stage 2: Spectators’ Redistribution Decisions

In stage 2, spectators decided how to redistribute the sum
of earnings within a pair of stakeholders. Each spectator
had to make twenty redistribution decisions (see table A3
in the online appendix). One of these redistribution choices
was payoff relevant for a pair of stakeholders, but spectators

6Technically, a negative externality is always imposed on the idle player
when a lucky draw is reported (regardless of the true outcome). Here we
refer to externalities with a narrower meaning and consider the increase in
the probability of imposing a negative externality. If there was no change
of misreporting the outcome of the coin flip, the possibility of imposing an
externality on the idle player would be 50%. When deciding to misreport
the outcome of the draw, the stakeholder increases such a probability to
100%. In addition, note that a fair-minded stakeholder would not choose
the risky option and purposefully report a losing coin toss. In the absence
of lying costs, when choosing the lottery the stakeholder faces the choice
to allocate 800 tokens to either him- or herself or to the idle player. Models
of inequity aversion would predict that the stakeholder would keep the
800 tokens (Fehr & Schmidt, 1999). When lying costs are high enough,
instead, the stakeholder would not misreport the outcome of the coin, and,
hence, he or she would never lie downwards. If instead stakeholders have
reputational concerns, they may report a losing coin toss when choosing
the lottery. In such a case the choice of the safe option is preferable for fair
minded stakeholders because it removes the reputational concerns and, at
the same time, it gives a higher payoff and reduces inequality. A sufficient
condition is that advantageous inequality is disliked at most as much as
disadvantageous inequality.

were not informed which one was relevant. For each pair,
the spectator was informed about the stakeholders’ choices
(safe vs. risky) and of the outcomes if the risky option had
been chosen. It is important to notice that spectators always
redistributed between two stakeholders who faced the same
initial situation, meaning that the amount associated with the
safe option was the same for both stakeholders in the pair:
the safe amount can change from one decision to the other,
but not within the same redistribution decision.7

In the Externality treatment, for stakeholders who chose
the risky option, the earnings of the idle player were re-
ported. If the stakeholder chose the safe option, the conse-
quences for the idle player read: “outcome determined by the
computer.” No further information about the exact amount
for the idle player was given in this case. When redistribut-
ing money between the two stakeholders (not between the
idle players with which the two stakeholders were paired),
spectators could redistribute the sum of the earnings of the
two stakeholders from stage 1 in steps of 25 tokens. The
payment for spectators themselves was a fixed amount, and
they were not affected by the stakeholders’ decisions, and
hence had no material self-interest at stake. This avoids any
kind of personal self-serving bias on the part of spectators
and allows us to elicit impartial and unbiased fairness views
(Konow, 2000, 2009).

In the Nature treatment, spectators were informed that the
mechanism used to determine the outcome of the risky op-
tion was a random draw performed by the computer, yield-
ing the high or low income with equal probability. In the
Self-Report and Externality treatments, instead, they were
informed that stakeholders had to self-report the outcome of
a coin toss to resolve the risky option and that stakeholders
were requested to report their coin toss truthfully. In the Ex-
ternality treatment, spectators were also informed about the
idle players and how their earnings were determined.

D. Experimental Procedures

Stakeholders. Stakeholders were recruited via Amazon
Mechanical Turk (MTurk) using the behavioral research
platform TurkPrime (Litman et al., 2017).8 For our study,
we recruited a total of 600 online participants: 120 in Na-
ture and 240 each in Self-Report9 and in Externality. In

7Different safe levels were introduced for comparability with Cappelen
et al. (2013) and to test the robustness of fairness types estimated in sec-
tion IV.

8MTurk participants—often referred to as “workers”—represent a mas-
sive data set of potential participants from a wide range of countries and
with diverse backgrounds. Monetary incentives for MTurk workers are of-
ten lower (at least in absolute terms, much less so in relative terms) than
in the laboratory; however, evidence suggests that reduced incentives have
little or no effect on behavior (Buhrmester et al., 2011; Horton et al., 2011;
Litman et al., 2015).

9Initially, we had 120 online stakeholders in Self-Report, as in the other
two treatments. After feedback from seminar participants, we added 120
more participants in Self-Report because we wanted to collect beliefs
among spectators. That also required additional data collection of stake-
holders on MTurk.
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Externality, 120 online participants were assigned to the role
of stakeholders and the other 120 to the role of idle players.
The latter were asked to read the instructions given to the
stakeholders and to answer the same control questions. They
were made aware of how their potential bonus payment was
generated but had no decision to make.

Participation was restricted to subjects from the United
States with a high completion rate to minimize attrition.10

Decisions were collected via SoSci (Leiner, 2014). Only par-
ticipants who were able to answer all control questions cor-
rectly were allowed to participate. After two incorrect tri-
als, stakeholders were automatically excluded from the study
and were prevented from retaking it. The stakeholders’ av-
erage payment was about $2, including a $0.60 participa-
tion fee. The task lasted on average 8 minutes (implying an
average hourly rate of about $15, which is comparable to
many laboratory experiments). Idle players spent on average
7 minutes until completion, and earned on average $1.20,
including a $0.30 participation fee.

We believe the task in Stage 1 is particularly well suited
for MTurk for two main reasons. First, the task is extremely
simple and short, hence reducing potential concerns about
understanding and concentration. Second, conducting the
experiment on MTurk grants a degree of privacy to partic-
ipants that would be difficult to achieve in the lab. Stake-
holders were identified by a code, and they completed their
assignment over the internet from home or a place of their
choice. Hence, there was no possibility for the experimenter
to observe the result of the coin toss used in the Self-Report
and Externality treatments to determine the outcome of the
risky option. Given the complete separation between partic-
ipants and experimenter, stakeholders could easily infer that
the experimenter had no way to detect cheating.

Spectators. A total of 237 students from the University
of Cologne participated in our experiment. We first recruited
117 spectators divided in four sessions over two consecutive
days. Two sessions, with a total of 57 subjects, were assigned
to the Nature treatment.11 Two sessions, with a total of sixty
subjects, were assigned to the Self-Report treatment. On a
later date, we run two additional Self-Report sessions (in-
cluding beliefs) with a total of sixty subjects. Finally, we had
two further sessions, with a total of sixty participants who
were assigned to the Externality treatment.12 All sessions
were conducted at the Cologne Laboratory for Economic
Research (CLER) a few days after collecting data on MTurk.

10We recruited only experienced online workers. All of them had taken
part in at least fifty previous assignments and had successfully completed
at least 95% of these assignments. The average completion rate was 97.5%.

11Because of a low show-up rate in one Nature session, we have only
57 spectators in this treatment. The number of pairs of stakeholders from
MTurk was instead sixty. The three extra pairs were paid exactly the
amount they had earned in Stage 1, as if there was no redistribution.

12Not all sessions and treatments were properly randomized, and so we
present the results of the balance tests in tables A1 and A2 in the online
appendix. In the results section, additional robustness tests are provided to
account for the fact that not all sessions were randomized.

Subjects were recruited using ORSEE (Greiner, 2015), and
the experiment was programmed using z-Tree (Fischbacher,
2007). Upon arrival, subjects were randomly assigned to a
cubicle, and no form of communication was allowed. A pa-
per copy of the instructions was distributed to spectators, and
instructions were read aloud to ensure common knowledge
(see the online appendix). Spectators could proceed to the
proper experiment only after having answered all control
questions correctly. Sociodemographic characteristics and
personality traits (HEXACO Personality Inventory-Revised,
Ashton & Lee, 2009) were collected at the end of the exper-
iment. Spectators were paid a fixed amount of €10 for the
redistribution part, including a show-up fee of €4. The aver-
age session lasted about 45 minutes.

In two of the four Self-Report sessions (sixty spectators)
and in both Externality sessions (sixty spectators), we addi-
tionally elicited beliefs and risk aversion. After making their
redistribution choices, spectators were asked to answer the
two following questions about the stakeholders:

• What is the percentage of participants in the online as-
signment that chose the risky option?

• Consider now only the online participants who have cho-
sen the risky option: what is the percentage of partic-
ipants who reported Heads? Please recall that Heads
yielded an income of 800 tokens and Tails zero tokens.

For the sake of simplicity, we elicited beliefs only for
a safe level of 300 tokens. Beliefs were incentivized with
a stepwise quadratic scoring rule (see Instructions in the
online appendix), and six randomly selected spectators per
session—of thirty subjects each—were paid based on one of
the two questions.

To elicit a spectator’s risk aversion (as a control variable
for the redistribution choices), we followed the task pro-
posed by Eckel and Grossman (2008). Spectators were pre-
sented with five options, of which they had to pick one. In
each option, there was a 50% chance of a low payoff and
a 50% chance of a high payoff. The low and high payoffs
changed for each option. Higher expected payoffs were as-
sociated with higher risk (see figure C5 in the online ap-
pendix). One randomly selected spectator per session was
paid for this task. On average, spectators earned additionally
€4 from the belief-elicitation and risk task.

III. Results: Aggregate Results

A. Stakeholders’ Risktaking and Cheating Behavior

We focus on two main aspects: first, risktaking behavior
and, second, the extent of cheating in treatments where mis-
reporting is possible. The bars in figure 1 show the relative
frequencies with which stakeholders choose the risky op-
tion, conditional on the income from the safe option (ranging
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FIGURE 1.—RELATIVE FREQUENCY OF RISKY CHOICES AND HIGH INCOME

from 100 to 500 tokens) and on the treatment (left for Na-
ture, right for Self-Report, bottom for Externality). We ob-
serve a clear downward trend in the relative frequencies of
choosing the risky option in all treatments, dropping from
75%–79% for a safe income of 100 tokens to 17%–27% for
a safe income of 500 tokens. A series of χ2 tests fail to reveal
any significant difference in risk-taking between Nature and
Self-Report as well as between Nature and Externality for
any safe income level (the p-values range from p = 0.122 to
p = 0.875).13 For the comparison between Self-Report and

13It is interesting to note that the possibility to report a favorable out-
come at one’s discretion does not induce a change in risktaking behavior
in Self-Report and Externality. Compared to Nature, one would think that
stakeholders in the two treatments with cheating opportunities only switch
from the safe option to the risky one, but not vice versa. However, if sub-

Externality, χ2 tests reveal a significant difference only for
the safe income level of 500 (p = 0.042), whereas the other
four comparisons are insignificant. The fraction of stake-
holders who always choose the safe option is also similar
across all three treatments, with 17% in Nature, 20% in Self-
Report, and 18% in Externality. Moreover, stakeholders dis-
play a high degree of consistency in their choices in all treat-
ments, as less than 7% switch more than once between the
risky option and the safe option.

jects have a preference for being seen as honest, even risk lovers could
prefer to choose the safe option to avoid looking dishonest when reporting
a lucky draw. In line with the evidence by Abeler et al. (2019) and Gneezy
et al. (2018), our results suggest that direct costs of lying and reputation
concerns are not negligible for a sufficiently large fraction of stakehold-
ers, which could explain that the relative frequency of choosing the risky
option does not differ between treatments.
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Result 1. The relative frequency of choosing the risky op-
tion is not significantly different between Nature and the
other two treatments. In all treatments, risk-taking drops as
the income from the safe option increases.

Figure 1 also shows the relative frequency of getting the
high income from the risky option (see circles for averages
and whiskers for confidence intervals). On the left-hand side,
we see that in the Nature treatment this relative frequency is
not significantly different from 50%, because the outcome
of the risky option was determined by a random computer
draw. On the right-hand side of figure 1, we note instead
that in the Self-Report treatment stakeholders report having
been lucky in their coin toss significantly more often than
chance would predict (see confidence intervals in figure 1).
In fact, conditional on choosing the risky option, they claim
the high income in 72% of cases. Among all stakeholders
in Self-Report, 32% declared having been lucky in all in-
stances where they chose the risky option. In the bottom part
of figure 1, we can observe that the behavior in the External-
ity treatment is remarkably similar to Self-Report. Among
the stakeholders who chose the risky option in Externality,
76% claimed the high income (significantly more than pre-
dicted by a fair coin) and 35% of the stakeholders report al-
ways to have been lucky. This seems to suggest that the pres-
ence of negative externalities did not deter stakeholders from
cheating.

Result 2. Many stakeholders cheat in the Self-Report and
Externality treatments as the observed fraction of stakehold-
ers reporting the high income from the risky option is above
70% and significantly larger than 50% in these two treat-
ments. Yet stakeholders do not cheat to the full extent, as
in roughly one-quarter of the cases they report the low in-
come (of zero tokens) when they could have easily claimed
the high income.

B. Spectators’ Redistribution Decisions

Our 237 spectators made a total of 4,740 redistribution
decisions. In 316 cases, nothing remained to redistribute be-
cause both stakeholders had earned the low income of zero
tokens from the risky option. In addition, in 1,133 cases both
stakeholders had the same positive income (either by having
chosen the same safe option or by having earned the high
income from the risky option). In virtually all of these in-
stances (97.3%), spectators did not redistribute any income
from one stakeholder to the other, as they had the same in-
come to begin with. Therefore, we have a total of 3,291
(out of 4,740) cases with income inequality between the two
stakeholders. In the majority of these cases (59%), specta-
tors modified the initial distribution of earnings, and their
intervention was almost always aimed at reducing dispari-
ties. Only in less than 5% of cases (169 in total) did they
increase inequality. In this section we focus on cases with
strictly positive inequality and test for treatment differences

FIGURE 2.—REDISTRIBUTION INDEX BY TREATMENT PAIR COMPOSITION

The Redistribution Index compares the extent of redistribution within each pair of stakeholders before and
after redistribution. An index of zero indicates no redistribution, and an index of one indicates that spec-
tators have equally split the pair’s total earnings. The symbol ∗ ∗ ∗ indicates significance at the 1% based
on a GLS regression with individual random effects, where the dependent variable is the Redistribution
Index and the regressor is a dummy for pairs of the Risky-Safe type. We run a regression separately for
each treatment, and we include only pairs with strictly positive preredistribution inequality.

in the extent of redistribution. In section IV we dig deeper
into individual-level behavior and study fairness views.

To gain a first understanding of the effect of the shadow of
cheating on the aggregate level of redistribution, we consider
a simple measure of redistribution that we call Redistribution
Index (RI), which is defined as follows:

RI = πR
pre − πR

post

πR
pre − X/2

,

where πR
t are the earnings for a stakeholder R before (t =

pre) or after (t = post) the redistribution stage, and X are
the pair’s total earnings. We indicate as the richer stake-
holder R the person in the pair with the larger earnings before
the redistribution stage.14 An index RI = 0 indicates no re-
distribution at all, whereas RI > 0 indicates that spectators
have shifted resources to the poorer stakeholder. An RI = 1
means that spectators have implemented an equal split of the
pair’s total earnings. For RI > 1 the preredistribution rank-
ing of stakeholders is reversed—what used to be the richer
stakeholder before the redistribution is now the poorer one.

Following the literature, we distinguish two cases, one in
which the stakeholders made different choices (Risky-Safe),
and one in which both stakeholders made the same risky
choice (Risky-Risky). Figure 2 illustrates the Redistribution
Index by case and treatment. In line with previous evidence
on choice egalitarianism, significantly lower levels of re-
distribution are observed when stakeholders made different
choices (dark gray bars), compared to the cases where both
stakeholders made the same ex ante choice (risky) but ended

14Please recall that we consider only cases with preredistribution inequal-
ity and therefore can always uniquely identify the richer stakeholder in the
pair.
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TABLE 1.—DETERMINANTS OF THE REDISTRIBUTION INDEX

Dependent variable Model 1 Model 2 Model 3 Model 4 Model 5 Model 6
Redistribution Index (RI) Risky-Risky Risky-Safe 0-Safe 800-Safe

Self-report treatment (d) 0.069 0.059 0.162* 0.169* 0.066 0.213*

(0.078) (0.079) (0.097) (0.097) (0.084) (0.118)
Externality treatment (d) 0.160* 0.149 0.305*** 0.315*** 0.160 0.376***

(0.091) (0.091) (0.112) (0.113) (0.098) (0.135)
Male (d) −0.176*** −0.176*** −0.043 −0.042 −0.002 −0.069

(0.066) (0.065) (0.081) (0.081) (0.070) (0.095)
Age (years) −0.011 −0.011 −0.020** −0.021** −0.003 −0.026**

(0.008) (0.008) (0.010) (0.010) (0.009) (0.012)
Safe level 200 (d) 0.009 0.008 0.048 0.000

(0.029) (0.047) (0.071) (0.050)
Safe level 300 (d) 0.030 0.009 −0.043 0.067

(0.033) (0.042) (0.047) (0.060)
Safe level 400 (d) −0.010 0.053 −0.111** 0.074*

(0.044) (0.036) (0.047) (0.040)
Safe level 500 (d) 0.025 0.156*** −0.068 0.230***

(0.046) (0.042) (0.048) (0.046)
Constant 0.920*** 0.915*** 0.799*** 0.748*** 0.478** 0.813***

(0.201) (0.200) (0.249) (0.250) (0.215) (0.295)
Postestimation F-tests
Self-Report = Externality 0.238 0.235 0.132 0.124 0.258 0.145
No. obs. 955 955 2336 2336 594 1742
R2 (overall) 0.039 0.041 0.025 0.031 0.018 0.037

GLS regression with individual random effects. The regressions include only pairs with strictly positive preredistribution inequality. Dummy variables are indicated by (d). Male takes value 1 for males and 0
otherwise. Age is expressed in years. Symbols ∗∗∗ and ∗∗ indicate significance at the 1% and 5% levels, respectively.

up with different earnings (light gray bars). Although this
is the case in all treatments, one can notice some interesting
differences. In particular, in the Nature treatment we observe
that the Redistribution Index is almost double for Risky-
Risky pairs compared to Risky-Safe ones (0.62 vs. 0.32).
This supports the idea that people who went for a safe choice
should not be entitled to enjoy the gains of lucky risk takers
and, at the same time, should not pay the burden of step-
ping up for the misfortunes of unlucky risk takers. However,
the gap narrows as we introduce the possibility to misreport
and externalities, because of a sharp increase in the redis-
tribution in Risky-Safe pairs. In treatments Self-Report and
Externality, the reluctance to redistribute between risk tak-
ers and safe players seems to be less of a concern, and safe
stakeholders might be asked to share their profits with an un-
lucky (and honest) stakeholder. At the same time, safe stake-
holders now might enjoy a share of the profits of the lucky
(and potentially dishonest) stakeholders. Although both ef-
fects are present in our data, the latter is stronger.

Table 1 reports a series of GLS estimations providing sta-
tistical support for the evidence in figure 2. The dependent
variable is the Redistribution Index, and the main explana-
tory variables of interest are dummies for the Self-Report
and the Externality treatment. In the baseline specification,
we also included two control variables, Age (in years) and
Male (d), to account for a slight imbalance in the distribution
of these observable characteristics across treatments (see ta-
ble A2 in the online appendix). Model 1 in table 1 consid-
ers only pairs of the Risky-Risky type. For both Self-Report
and Externality the coefficients are positive, but only for Ex-
ternality is it marginally significant, showing that the level
of redistribution gets only slightly larger when cheating is

associated with externalities on powerless third parties even
for the case when ex ante actions are the same.15 In Model 2,
we control for safe levels by adding a dummy for each level,
and find that the value of the safe level does not affect the
redistribution index. In Models 3 and 4, we repeat the same
analyses for pairs where the two stakeholders made different
choices (Risky-Safe) and confirm that redistribution levels
are higher for both Self-Report and Externality, compared
to the baseline in Nature. Once more, safe levels (Model
4) do not drive our results.16 We further divide Risky-Safe
pairs in two types: in the first type the risk taker reported
an unlucky draw (0-Safe, Model 5) and in the second type
the risk taker reported a lucky draw (800-Safe, Model 6).
In both types, the coefficients for Self-Report and External-
ity are positive, but they are statistically significant only for
the 800-Safe pairs. However, it is important to notice that in
a 0-Safe pair there cannot be any suspicion of self-serving
cheating even in the Self-Report and Externality treatments.
By definition, the stakeholders who chose safe have no pos-
sibility to misreport, and the ones who earned an income of

15As we will discuss later in the individual-level analysis, this finding
is perfectly in line with the estimated distribution of types. In fact, we
will observe that the share of Libertarians is remarkably similar across
treatments, and this is the only fairness type that does not redistribute in
this case. All other types behave in the same way when facing a Risky-
Risky pair.

16In table 1, we pool all the data from all sessions. However, as discussed
in the design section, some treatments were run at a later point in time.
As a robustness check, we rerun the same specification (Model 1 to 4) and
included the subsample of sessions which were properly randomized, that
is, Nature and Self-Report (no beliefs). Results are robust, as shown in
table A4 in the online appendix.
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zero tokens certainly did not lie for their own benefit (as they
earned the lowest possible outcome).17

Result 3. In all treatments, redistribution is higher in pairs
where both stakeholders made the same ex ante risky choice
compared to pairs where one stakeholder chose safe and the
other risky. This general pattern is more pronounced in Na-
ture than in treatments where cheating is an option. In fact, in
Self-Report and especially in Externality, we observe a siz-
able and significant increase in redistribution between rich
and poor even when they made different choices to start
with.

So far we have mostly focused on redistribution at the
aggregate level, and we have established that it depends on
whether both stakeholders made the same choice or not, but
the extent of this phenomenon varies greatly across treat-
ments. This evidence seems to suggest that there should
be more spectators supporting an egalitarian rather than a
choice egalitarian ideal when cheating is possible. However,
to properly test for the distribution of fairness views across
treatments, we need to move to the analysis of the individual-
level behavior.

IV. Fairness Views and the Role of Beliefs

A. Estimation of Fairness Views

Our experimental design allows estimating spectators’
fairness views based on their twenty redistribution choices.
In this subsection, we introduce a discrete choice random
utility model (following Cappelen et al., 2007, 2013) and
then present the distribution of fairness views, showing how
the shadow of cheating leads to a strong shift in this dis-
tribution. In the next subsection, we will examine how the
estimated fairness views depend on spectators’ beliefs.

For the estimation of different types we assume spectators
are motivated only by fairness views, because self-interest
does not play a role in our setup, given the flat payment of
spectators. Specifically, if X is the total income in the pair
of stakeholders to which a spectator is assigned, we assume
that the spectator’s utility from giving y to the first and X − y
to the second stakeholder is given by

V (y; ·) = −β(y − F k )2/2X, (1)

where F k is the fair amount allocated to the first stakeholder
according to the spectator’s fairness view k and where β is
the weight attached to fairness. A spectator’s utility is de-
creasing in the distance between the amount (y) allocated to

17The only reason why one might expect more redistribution in Self-
Report and Externality than in Nature is that there could be a premium for
honest stakeholders that resisted the temptation despite choosing the risky
option. This could be a compelling argument especially when externalities
are present: in fact, a low income in the Externality treatment automatically
grants a high income to an idle player. Such an action can hence be inter-
preted as an additional sign of kindness and not only of honesty, suggesting
that spectators reward kindness. We do find some suggestive evidence in
this direction.

the first stakeholder and the fair amount F k prescribed by the
fairness view k.

Spectators can differ along two dimensions: (i) how much
they care about fairness (β) and (ii) their fairness views (F k).
In line with previous papers (e.g., Cappelen et al., 2013) and
the suggestive evidence presented in section IIIB, we con-
sider three possible types of fairness views:18

• Libertarians never support redistribution, and no matter
what the severity of (or the reason for) the inequality is,
they leave the earnings within a pair of stakeholders un-
altered. If x is the income of the first stakeholder before
redistribution, we have F Libertarians = x, which yields the
optimal choice y = x.

• Choice Egalitarians are an intermediate type and dif-
ferentiate between ex ante and ex post inequality. They
eliminate inequality only when the disparities are gen-
erated by luck in case two stakeholders have chosen the
same option (pair 800-0 where both chose the risky op-
tion), but do not redistribute if inequality reflects differ-
ences in choices (safe option vs. risky option, as in the
pairs 800-Safe and 0-Safe):

FChoiceEgalitarians =
{

X/2 if C1 = C2

x if C1 �= C2
,

where Ci takes value 1 if stakeholder i chooses the risky
option and 0 if he or she chooses the safe option with the
safe income level. The stark difference in the Redistri-
bution Index between pairs of the 800-0 type and pairs
involving a stakeholder with a safe choice suggests that
this intermediate type has some bearing in our data.

• Egalitarians are on the opposite end of the spectrum
compared to Libertarians. They always eliminate in-
equality within a pair and split the earnings equally:
F Egalitarians = X/2, which yields the optimal choice y =
X/2. According to this fairness view, inequality is unjust
both when the stakeholders made the same choice but
ended up with different incomes (pair 800-0) and when
the stakeholders chose different options ex ante (pairs
800-Safe and 0-Safe).

It is important to notice that having multiple safe levels
serves as a robustness check for the estimation of the fairness

18For the sake of simplicity, we define types based on stakeholders’ out-
comes. One could define types based both on the self-reported outcome and
the true state of the world. This would enlarge the set of relevant pairs, as
we should distinguish between genuinely lucky stakeholders and dishonest
stakeholders reporting a high earning despite the unlucky draw. Although
it is plausible that spectators would take into account the true state of the
world if they had a chance to do so, this is not possible in our experiment.
We hence opt for keeping the definition of types tractable and focus only
on outcomes.
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types. The heuristics behind each type are universal and ap-
ply to each situation; for example, Egalitarians always share
equally, and Libertarians never redistribute. However, these
heuristics do translate into action—that is, proposed redistri-
bution of payoffs—which change from pair to pair, depend-
ing on the safe level. For instance, sharing equally in a pair
with Safe = 200 and Risky = 0 means giving 100 tokens to
each stakeholder. This would be different if Safe = 300 and
Risky = 0. Although this distinction is not relevant when
considering a standardized redistribution index (see table 1),
it will become important when moving to the individual-
level data. Looking at the descriptive data, we observe that
73.1% of all decisions correspond exactly to one of the three
types (68.8% in Nature, 75.4% in Self-Report, and 71.5 %
in Externality).19 These fractions correspond to the number
of decisions consistent with the action prescribed by at least
one fairness view, but they do not indicate the fraction of
spectators being classified as pure types.

Since we let all spectators make twenty redistribution de-
cisions, we can estimate the likelihood with which a spec-
tator belongs to any of the three different types of fairness
views. Given a spectator’s fairness view k, we consider a
discrete choice random utility model of the form

U (y; ·) = V (y; ·) + εiy for y = 0, 25, . . . , X, (2)

where εiy is assumed to be i.i.d extreme value distributed,
and, to control for individual heterogeneity in noisy behav-
ior, the β parameter in equation (1) is assumed to be log nor-
mally distributed with log(β) ∼ N (ζ , σ2). Denoting by Li,k

the individual likelihood conditional on being of type k, we
can obtain the total likelihood of an individual by consider-
ing the finite mixture of types Li = ∑

k λkLi,k , where λk is
the probability of being of type k.20

Figure 3 and table A5 in the online appendix report the
estimated proportion of types, λk . Libertarians account for a
fairly large share of the spectators in all treatments, ranging
from 40% in Self-Report and Externality to 46% in Nature.
Apart from this similarity, the distribution of fairness types
differs substantially between Nature and the two treatments
where cheating is possible (likelihood ratio tests: Nature vs.
Self-Report, χ2(4) = 13.696; p = 0.008; Nature vs. Exter-
nality, χ2(4) = 17.468, p = 0.002).

In Nature, a large share of spectators (41%) are Choice
Egalitarians—the intermediate type—and only 12% of spec-
tators are Egalitarians. This pattern is completely reversed
when cheating is possible. In Self-Report, the share of
Choice Egalitarians drops to only 24%, whereas 36% of
spectators are classified as Egalitarians. When cheating
comes with an externality, the reversal becomes even more
striking, as in Externality we classify only 15% as Choice

19Note that our fraction of 73.1% of decisions that match at least one type
is remarkably similar to the 71.1% reported in Cappelen et al. (2013) for
their experiment in Norway.

20For further details on the estimation strategy, please refer to section B
in the online appendix or see Cappelen et al. (2013).

FIGURE 3.—ESTIMATION OF FAIRNESS VIEWS

The bars report the share of λk (in %). The results are based on a discrete choice random utility model.

Egalitarians and Egalitarians are the most prominent type,
with 45%. In other words, under the shadow of cheating
spectators are much less likely to condition their redistri-
bution decision on whether the two stakeholders chose the
same action—that is, the risky option—or not. Rather, un-
conditional egalitarianism becomes much more prominent.
As a consequence, two diametrically opposed fairness views
dominate in the treatments with a possibility to cheat (to get
rich): Libertarians who do not want to redistribute anything,
and Egalitarians who prefer redistribution to the fullest
extent.

We observe a difference also in the distribution of fair-
ness views between Self-Report and Externality, albeit this
difference is much smaller than the one between Nature
and the other treatments. The fact that cheating imposes
negative consequences on an idle player leads to an even
stronger shift in spectators’ fairness views compared to cost-
less cheating (χ2(4) = 9.282, p = 0.054 for Self-Report vs.
Externality). The potentially illegitimate claim of the high
income now intercepts another person’s income, making
cheating not just an unethical, but also harmful, action. This
leads spectators to redistribute more than when stakeholders
only cheated for their own benefit, without causing negative
externalities on others.21

Result 4. The shadow of cheating produces a large and sta-
tistically significant shift in fairness views. Although the
fraction of Libertarians is similar across treatments, the share
of Egalitarians becomes three to four times larger in the
treatments where cheating is an opportunity than when this

21In the estimation of types we pooled data from all treatments. To ac-
count for any possible problem coming from the imperfect randomization
of the sessions, we reran the model limiting our analysis to the subsample
of sessions which were properly randomized. The distribution of types and
the precision of the estimates is qualitatively and quantitatively in line with
the one estimated for the overall sample (table A6 in the online appendix).
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FIGURE 4.—FAIRNESS VIEWS AND POSTERIOR PROBABILITIES

Each vertex of the triangle represents a fairness view, and the bubbles in the corners show the relative frequency of spectators for whom we estimate a posterior probability higher than 90% of holding that particular
view.

is not possible. This implies that the shadow of cheating cre-
ates a polarization of fairness views, even more so in Exter-
nality than in Self-Report.

To test the accuracy of our type classification, we compute
the ex post probability of any specific spectator to belong to a
particular fairness type. Figure 4 reports the simplex with the
posterior probability for each spectator; see Conte and Hey
(2013) for a similar exercise. Each vertex of the triangle rep-
resents one fairness type, and each dot represents one specta-
tor. The bubbles in the corners show the percentage of spec-
tators who have a posterior probability higher than 90% of
being that type. We can observe that the vast majority of the
spectators—79% in Nature, 83% in Self-Report, and 78% in
Externality—are located in one of the three corners, hence
suggesting that types are identified with great precision. The

shift in fairness types from Nature to the other two treat-
ments is illustrated on the horizontal axis at the bottom of
all triangles in figure 4, where we see the shift from Choice
Egalitarians (in Nature) to Egalitarians (in Self-Report and
Externality).22

B. The Role of Beliefs for Fairness Views

A straightforward candidate to drive one’s fairness views
is beliefs. It could be that spectators with different fairness
views hold significantly different beliefs about the likelihood
with which a stakeholder’s high income might have been
caused by cheating. For instance, one could imagine that

22Actual and predicted redistribution choices are reported in the online
appendix in figures A1 to A3.
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FIGURE 5.—SPECTATORS’ BELIEFS ABOUT STAKEHOLDERS’ BEHAVIOR BY FAIRNESS VIEW

The figure shows the distribution of spectators’ beliefs about the percentage of stakeholders choosing the risky option (black) and about the percentage of stakeholders reporting the high income (light gray), by fairness
views. The white line inside the boxes indicates the median of the distribution, the box represents the interquartile range, and the whiskers extend to the most extreme data point, which is no more than 1.5 times the
interquartile range. Dots indicate outliers, that is, data points lying outside the whiskers.

some spectators want to abstain from any kind of redistri-
bution because they expect stakeholders to be (mostly) hon-
est and therefore see no reason to take money away from
them. Similarly, one could argue that others favor exten-
sive redistribution because they expect high income to be
undeserved and (mostly) the result of cheating. Although
this might sound plausible, figure 5 shows that there is no
correlation between beliefs and types.23 This figure is based
on data from two Self-Report and two Externality sessions
in which we asked a total of sixty spectators in each treat-
ment to guess (in an incentive compatible way) the fraction
of stakeholders who choose the risky option and how many
of the latter report the high income. To avoid any priming or
experimenter demand effect, we elicited beliefs only at the
end of the session, after spectators had made all their dis-
tributive choices. For the sake of brevity, we elicited beliefs
only for the income level of 300 tokens in the safe option.

For this safe level, spectators expect 58% of stakeholders
to choose the risky option in Self-Report and 59% in Ex-
ternality. The expected fraction is quite close to the actual
frequency (of 52% in Self-Report and 51% in Externality)
with which stakeholders choose the risky option when the
safe option pays 300 tokens (see right-hand side and bottom
of figure 1). Spectators expect on average that 74% of stake-
holders who choose the risky option in Self-Report report
the high income (70% in Externality), even though truthful
reporting would yield a 50% chance for the high income.
The expected fraction of reporting the high income (74%,

23See also tables A7 and A8 in the online appendix for regressions. In
both figure 5 and tables A7 and A8 we define types based on posterior
probabilities. Each spectator is assigned to a particular type if the posterior
probability of being of that type is at least 0.5. The results are robust to
more demanding cutoffs of 0.7 and 0.9, for instance.

respectively 70%) is again very close to the actual share of
stakeholders reporting the high income (in case the safe op-
tion pays 300 tokens: 67% and 71% in Self-Report and Ex-
ternality, respectively).

Interestingly, figure 5 reveals that there are no differences
in the beliefs of spectators with different fairness views and
this is true for both treatments. We consider this a notewor-
thy finding. For instance, both Libertarians and Egalitarians
expect three-quarters of stakeholders who choose the risky
option to report the high income. The remarkable similari-
ties across types speaks against the idea that spectators could
form some sort of self-serving beliefs aimed at justifying
their distributive behavior; for example, Egalitarians report
high levels of cheating not because they believe that is the
case but just to provide a justification for taking away from
the rich. Evidently, both Libertarians and Egalitarians can
infer from this large fraction of high income that cheating
is going on, but they nevertheless make opposite redistribu-
tion choices. The lack of significant differences in beliefs
across fairness types also implies that there is not a relation-
ship between beliefs and the extent of redistribution. This
stems from the fact that in each pair, the action prescribed
by each type is to either share equally or not redistribute,
and this is indeed what we observe in the majority of the
choices made by our spectators. A series of regressions con-
firms this intuition. This suggests that different people might
have different levels of tolerance toward cheating: for some
it is enough to have a slight suspicion of cheating to become
Egalitarian, whereas for some others, instead, even a reason-
able doubt is not enough to switch type.

To address potential concerns about spectators’ be-
liefs being elicited after twenty redistribution choices, we
also elicited beliefs among students not involved in the
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redistribution task. For that robustness check, we invited 289
additional students from an Introductory Microeconomics
course at the University of Cologne to predict (in an incen-
tive compatible way) the stakeholders’ behavior, conditional
on the different levels of income from the safe option. For
the safe amount of 300 tokens, they expected 66% of stake-
holders to choose the risky option (where the actual rela-
tive frequency is 52%). Students estimated that on average
69% of stakeholders who choose the risky option would re-
port the high income, while, in fact, the actual number is
67%. Hence, these new students who had not taken part in
any of our treatments before were very capable of predicting
the relative frequency of cheating among stakeholders, even
when they were not asked to make redistribution choices
themselves. This evidence suggests that our design did not
induce any bias in spectators’ beliefs.

Result 5. Libertarians, Egalitarians, and Choice Egalitari-
ans hold very similar beliefs about risktaking and cheating
among stakeholders (in the Self-Report and in the External-
ity treatment), but nevertheless make different redistribution
choices.

As a last point, we check to what extent the observable
characteristics of our spectators can explain their posterior
probability of being of one of the three types. We consider
the role of sociodemographic information (age and gender),
political views, tolerance for inequality, and a subscale of the
HEXACO-PI. In particular, we consider the Honesty Humil-
ity subscale, where people with a high score tend to “avoid
manipulating others for personal gain, feel little temptation
to break rules, are uninterested in lavish wealth and luxu-
ries, and feel no special entitlement to elevated social status.”
Table A9 in the online appendix reports three fractional out-
come regression models where the dependent variable is the
probability of being of one type. As one might expect, males
and people with a low Honesty Humility index are more
likely to be Libertarians. Although one might be surprised
by the lack of significance of the political orientation vari-
ables, it is worth mentioning that the distribution is skewed
with 13% of participants reporting to be right wing.

V. Conclusion

The growing gap between the rich and poor members
within our societies has revived a debate about what con-
stitutes a fair level of redistribution to alleviate income in-
equalities. The support for more redistribution, taxation, and
regulation depends largely on the perceived sources of in-
come inequality (Konow, 2000; Alesina & Angeletos, 2005;
Cappelen et al., 2013; Möllerström et al., 2015; Almås et al.,
2020; Konow et al., 2020). Yet it can be difficult to unequiv-
ocally establish the source of inequality and decisions about
what is deemed to be fair are often based on limited infor-
mation.

In this paper, we have introduced the possibility of cheat-
ing as a potentially important source of income inequality

and have focused on situations where it is not clear to what
extent one’s fortunes have been achieved by honest means or
not. We have studied how the shadow of cheating affects re-
distribution when disparities have emerged as a consequence
of risky investments. Studying situations involving risktak-
ing is particularly important, as differences in risktaking be-
havior and in the outcomes of a risky choice can themselves
generate substantial inequality. It is understood that a siz-
able share of people who support redistribution polices in
this context are in favor of a choice egalitarian view of fair-
ness (Cappelen et al., 2013); they tend to reduce inequality
only among people who took a risk in the first place and
ended up with different outcomes due to luck, but draw a
clear line between risk takers and non-risk takers when it
comes to redistribution. By means of a controlled laboratory
experiment, we have tested to what extent fairness views are
affected when high returns on an investment can be due to
luck or dishonesty but one has no means to detect the actual
cause.

We have found a substantial shift in the distribution of
fairness views when spectators know that cheating is pos-
sible. More precisely, under the shadow of cheating, we
have observed a split of the spectators into two diametrically
opposed subpopulations. On one side of the spectrum are
Libertarians who abstain from any redistribution, no mat-
ter what might be the source of income inequalities. On the
other side of the spectrum are Egalitarians who implement
perfect equality.

The polarization of fairness views under the shadow of
cheating is mainly driven by a strong shift from Choice
Egalitarians—who do not redistribute between stakehold-
ers when they have generated their income from differ-
ent actions—to Egalitarians. Under the shadow of cheating,
spectators face the conundrum of whether to take money
away from a rich person who has either rightfully earned
it or who may have purposefully acted dishonestly to profit
from an unobservable situation. The strong increase in egal-
itarian fairness views in such an environment may reflect
the spectators’ wish to have a more progressive taxation
systems where people who do not engage in risky invest-
ments may enjoy a share of the profits of the lucky investors,
but might be asked to contribute when the risky choices did
not lead to a high return. Support for higher taxation might
as well reduce the attractiveness of the risky options and
cheating.

Although the shadow of cheating has led to a large in-
crease in the number of Egalitarians, we find it remarkable
that the proportion of spectators with a Libertarian point of
view has remained practically the same across all treatments.
The fairness views of these spectators have not been signif-
icantly altered by suspected unethical behavior. This sug-
gests that either dishonesty itself is not a good reason for
these spectators to reduce inequality or they are concerned
to wrongfully take money away from truly lucky stakehold-
ers who have truthfully reported their income. This view
should not be too surprising in light of the fact that excessive
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redistribution or regulation of market transactions could lead
to inefficiencies and reduce productive investments.

We can rule out that Libertarians have different beliefs
about the honesty of stakeholders compared to the beliefs
of Egalitarians or Choice Egalitarians. We consider the lack
of differences in beliefs an important finding. Indeed, we do
not find evidence of increased perceived corruption among
those who are more inclined toward redistribution or distort
their beliefs to provide a justification for their redistribution
behavior. Moreover, Libertarians deliberately refrain from
redistributing despite knowing that some of the income dis-
parities are caused by cheating on the part of the rich. Like-
wise, Egalitarians support an equal distribution of income
although they acknowledge that some inequalities were not
caused by dishonesty on the part of the rich. This finding
suggests that people have a different tolerance level for type
I and type II mistakes.

Overall, the shadow of cheating has created a polarization
of fairness views at opposite ends of the spectrum, having
Egalitarians on the one end and Libertarians on the other
end. Although findings should be taken with caution due
to the lack of proper randomization, it is interesting to no-
tice that this tendency is even more pronounced in treatment
Externality, hence suggesting that a considerable portion of
the population might feel especially strongly about support-
ing the welfare state when innocent parties suffer losses as
a byproduct of someone else’s unethical behavior. We con-
sider it a plausible assumption that negative externalities of
cheating are rather the rule than the exception, for which rea-
son we argue that the extent of the polarization of fairness
views observed in Self-Report is most likely measuring a
lower bound.

To summarize, our findings suggest that the shadow of
cheating could lead to increased social tensions and more
disruptive changes in redistribution policies when political
majorities swing back and forth between one camp (Egali-
tarians) and the other camp (Libertarians). Politicians might
want to take this factor into account when establishing the
legal and institutional framework that is intended to prevent
illicit behavior of citizens. In fact, failing to fight dishonesty
not only will cause an increase in illicit activities, but accord-
ing to our findings it will also contribute to a polarization of
fairness views and a demand for redistribution. The latter ef-
fect is likely an overlooked side effect of failed attempts to
fight corruption and illegal activities, which are often at the
root of large income inequalities (Glaeser et al., 2003).
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