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Abstract

High cognitive demands may impact (trainee) interpreters’ performance when interpreting
simultaneously, and computer-assisted interpreting (CAl) tools like InterpretBank seek to improve
their term-rendering accuracy and efficiency. Part of a PhD research project, this paper reports on
term rendering accuracy of Chinese interpreting trainees using CAI tools in remote interpreting
tasks, and other cognitive effects. We adopted a control pretest-posttest design over three cycles.
After an initial data-collection round (baseline), participants were split into either Excel or CAI-
tool-trained groups for two more rounds, each with two tasks: glossary compilation and interpreting.
We found noticeable improvements in term accuracy in both groups, but especially with the CAI
tool, and complex interactions of CAIl tool use with cognitive effort. InterpretBank, the CAl tool
tested, seems to enhance term precision, decrease response times, and to support multitasking in
remote interpreting, thereby improving interpreting quality. Yet results also reveal the cognitive
challenges of information searching when the source speech delivers high-density information.

This paper reports on part of a PhD research project focused on the cognitive aspects of CAI-
tool supported, simultaneous interpreting (SI) in remote environments. After reviewing the
literature on CAI use (8§ 1), the paper describes the research methods and dwells on some
innovative details in data collection and constructs (8 2). This is followed by data analysis (8
3), and a summary of provisional results (§ 4).

1 Introduction

Computer-assisted interpreting (CAI) tools aim to enhance interpreters’ work when extracting
technical terms from documents, compiling glossaries, and retrieving terms from them
(Fantinuoli 2018, p. 4). CAI tools such as InterpretBank (IB) have sparked considerable
expectations—particularly, in simultaneous interpreting (SI)—due to their potential to support
more accurate output and more efficient term management. In remote SI, CAI tools are
expected to assist interpreters and ease continuous speech delivery by removing the need to
search for pre-selected terms previeushy-entered in a glossary beforehand.

The literature mainly focuses on term rendering accuracy, response time, and multitasking.
Only accuracy is a typical indicator in studies of SI quality, particularly when Sl is supported
by CAl tools. Atabekova et al. (2018), Prandi (2018, 2020), and Defrancq & Fantinuoli (2021)
have studied the use of IB and its reception among practitioners using European languages. In
China, three masters’” theses—Zhou (2019), Zhang (2021), and Ge (2023)—investigate its
effects on trainee interpreters’ performance and conclude that they improve term accuracy. Ge
(2023) used a pretest-posttest design and reported a 23.1% improvement in term retrieval
efficiency and 16.7% in term rendering accuracy in eight MA interpreting trainees, as judged
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by four professional interpreters, who checked the matches of selected output terms in the
glossary. These results suggest the benefits of using CAl tools and raise the question of whether
to introduce it in Sl training.

As for response times, time latency has become an important indicator for studying
multilectal mediation tasks, and eyetracking and keylogging are popular tools for measuring it.
In Sl, ear-voice span (EVS) is deemed a useful measurement for assessing the effects of latency
on interpreting quality. Timarova et al. (2011) found an average EVS of 4.1 seconds in 16
professional interpreters with Czech or Dutch as L1. Su (2020) compared the EVS of
simultaneous interpreters working from English into Chinese, and found averages of between
0.93 and 3.25 seconds for novices and between 1.17 and 3.93 seconds for professionals, which
suggests that experience may allow for a slight increase in time latencies.

Task conditions may also play a role and researchers of other tasks have drawn from EVS to
develop parallel measurements. For instance, Chmiel & Lijewska (2022) examined eye-voice
span (IVS)—the time latency in sight translation between output and eye movements—and
found the average IVS in 24 conference interpreters to be over 8 seconds. Regarding CAI tool
use, Fantinuoli & Montecchio (2023) contend that, when integrating automated suggestions,
latency should not exceed the interpreters’ average EVS as the limit for acceptable latency.
They found that interpreters welcome automated suggestions and that, indeed, such prompts
extend their EV'S up to 2 seconds, i.e., just below their average EVS.

As for multitasking, as well as listening and talking at the same time, SI demands nearly
flawless coordination of additional activities, e.g., with hands and eyes, such as interpreting
visual signals from speakers, reading slide presentations, and managing consoles. This
multitasking places high cognitive demands on interpreters, especially when (sub-)tasks share
cognitive resources, potentially diminishing performance (Stachowiak 2014). In remote
settings, an additional technical dimension becomes part of the SI workflow. In spite of the
interest, progress in this area has been scarce. Human communication in digital environments
can be studied as embedded in a broader, more complex process of human-computer interaction
(HCI). From a cognitive-situated perspective, however, EVS only captures a single moment in
time and does not adequately reflect the dynamic nature of tasks as they unfold or their full
relationship with source speech delivery. Zhou et al. (2021) compared sentence-initial EVS
with sentence-final EVS, yet this approach still falls short of providing a comprehensive view
from an HCI perspective. On its own, EVS offers a limited snapshot of the broader cognitive
processes, which are inherently parallel and involve multiple simultaneous activities. Relying
exclusively on EVS risks overlooking the intricate interplay of tasks that extend beyond that
specific moment.

By integrating current digital tools, we can enhance data quality and expand research
possibilities. For example, glossary hits are typically assessed as correct or incorrect by
matching the interpreter’s recorded output with glossary entries, ignoring the fact that some
hits may not be due to CAI tool support. Term repetitions highlight this issue, as repeated
searches are treated as if the interpreter has no memory of previous glossary hits. Addressing
these limitations will lead to a more accurate and nuanced understanding of interpreter behavior
and cognitive processes in digital environments. As for expanding possibilities, keylogging
makes it possible to cross-reference Sl output with the activities of interpreters at the keyboard.
Studying the quality, timeliness and success of searches and their use in the booth become
possible. Eyetracking was not possible in this project, which collected data remotely.



This research project aimed to further investigate how interpreters use IB when confronted
with technical terms. We were particularly interested in the timeline and interaction of
interpreting subtasks when confronted with targeted terms. When using CAI tools, searches
may coincide with the delivery phase, notably when the paired languages are distant and
matching renderings may be more complicated, as in interpreting between English and
Chinese.

This study focused on such instances, through features such as the length of source-speech
segments. Longer segments compel informants to handle more information at once and this, in
turn, may increase cognitive demands when using the CAl tool. Specifically, we studied those
overlaps when the informants searched for terms within IB while they were presumably
listening to the source speech. Given the variation in individual response times to problems,
such overlaps capture the relative placement of actions in time regardless of whether they are
considered swift serial activities or real multitasking, i.e., concurrent (sub-)task performance.
This approach highlights the complex interplay between CAI tool use and the cognitive
demands potentially placed on informants in SI.

To sum up, this study investigates the dynamics of using IB to support Sl through ear-key
span, search behaviors, and eye-voice span of Chinese interpreting trainees during term-
intensive remote Sl tasks. It seeks to shed light on how IB may impact their performance and
to explore whether CAI tools might be a welcome addition in interpreter training programs.
Thus, the research question is: How does IB influence the efficiency of term retrieval during
remote interpreting sessions with term-dense source speeches? In other words, we want to
determine whether IB improves Chinese interpreting trainees’ handling of speeches rich in
specialized terms.

2 Materials and methods

InterpretBank (IB) was chosen as representative of recent CAI tools. The feature of voice
recognition and display of automatic retrieval was set to off to avoid additional variables that
would have added further complexities to the design and perhaps mask some results.

2.1 Informants

Availability was an important criterion for the choice of informants, but not the main one.
Trainees were preferred to professionals to foster comparisons with the three closest
precedents, Zhou (2019), Zhang (2021), and Ge (2023). Furthermore, the trainees’ lack of
experience might foster higher frequencies of inefficient phenomena and breakdowns. Results
in this project might lead to refining the methods, toto better capture the potentially smaller
effects in experts.

Professional interpreters often express concerns about participating in studies where they
perceive their performance might be evaluated. (Englund Dimitrova et al., 2000). In contrast,
students were easier to recruit and had more flexible schedules and thus were more available
to participate in the study. Therefore, participant recruitment was conducted as convenience
sampling among volunteering interpreting trainees. Informants were personally recruited by
the researchers, but there was no prior acquaintance between anyone involved in the project.

The study involved 22 Chinese L1 and English L2 informants whose average age was 24.7
years (s.d. 2.9). All informants were trainees in MA’s programs for conference interpreting at
leading Chinese universities who had completed at least one year of Sl training prior to this
study. They were treated as a single group in the first data-collection round (baseline) and later
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split into two groups, an InterpretBank group (1B, experimental) and an Excel group (XL,
control, see 8 2.3). The groups had 12 and 10 informants, respectively.

In cycle 3 (2" post-test) the informants were allowed to use the tool of their choice. This
resulted in one member in each group using a tool other than the one assigned to their group
for cycle 2. To preserve the integrity of the data, these two informants were removed from the
analysis of cycle 3, toto ensure that the results accurately represented each group’s consistent
and intentional use of either Excel or InterpretBank throughout the study.

The informants’ names have been replaced by nicknames in alphabetical order: A to L (Alex
to Lee) belong to the IB group and M to VV (Morgan to Val), to the XL group. Graphics and
tables may show either the name or the initial, for reasons of space. In the text, full nicknames
will be used.

2.2 Materials

Three texts on common health issues were selected from one English-language podcast series
(Table 1). An L1 English professor, translator, and interpreter meticulously revised and vetted
the shortened transcriptions of these texts to ensure their logical and natural flow and thematic
unity. For consistency in interpretation standards, source speeches were recorded by three
American interpreters who are L1 English speakers. Table 1 summarizes a few of the source
speech recordings’ features. The acoustic properties, namely the number of syllables (nsyll),
duration in seconds (dur(s)), and speech rate (nsyll/dur), were computed using the Praat
software, following the script provided by de Jong et al. (2021).

speech  topic word count  nsyll  dur(s)? speech rate (nsyll/dur)
1 perception of time 1686 2558 776.35 3.29
2 immune system 1673 2383 793.75 3
3 emotions 1752 2470 777.53 3.18

Note. nsyll = number of syllables, dur = duration
& start from the initial syllable to the final syllable

Table 1. Features of source speech recordings for booth tasks.

We introduced (potential) problem triggers—specialized terms and phrases of kinds known to
cause interpretation difficulties—to focus the analysis. These triggers comprised 33 newly-
presented terms. Furthermore, three of the terms were repeated twice in each text, so as to
examine the effects of IB on the informants’ memories. This strategy aimed to mirror the
complex conditions interpreters often face, to support empirical validity. All in all, and
unknown to the informants, 39 technical terms were the targets to test the informants’ SI
performance.

The study was conducted remotely due to COVID-19 restrictions. Participants needed a
computer with headphones and a reliable Internet connection. They also installed a Python-
based keylogging application and TechSmith screen recording software, both compatible with
various operating systems, in their computers. These measures contributed to ensure a
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controlled, noise-free, but quite natural task environment for high-quality data collection. 1B
was provided only after C1, and only to the IB group members, before they completed a training
workshop on its use.

2.3 Methods

The study had a control pretest-posttest design, spanning three cycles (C1, C2 and C3), to
analytically compare the effectiveness and user experience of InterpretBank and Excel in
assisting term retrieval during Sl tasks, and its potential progression through the cycles. Each
cycle comprised a glossary-building task and an SlI task, but here only the booth task will be
addressed.

The primary independent variable was the use of technological aids for term retrieval during
Sl tasks. In C1, all informants used whichever information sources they preferred to build
glossaries in Excel, a typical way to compile Sl glossaries. Subsequently, the C1 data was used
as a baseline of the performance of all informants. Based on the informants’ experience with
IB, they were divided into two cohorts: the group with no 1B experience used it in C2 and C3,
while those with some IB experience were assigned to the control group and continued with
Excel in C2 and C3.

Data analysis was further developed for the IB group during C2 and C3 because an additional
goal was to understand how the experimental informants’ behavior evolved in a second post-
test round (while helping to discern any impact derived from the novelty of using the tool,
rather than from the tool use itself). Data for the XL group required the manual collection of
data from screen recordings. The tasks in Excel often involved participants scrolling through
entries or changing the targeted term during their search, which complicated the identification
of precise moments associated with term retrieval due to factors such as screen size and width
of visual field. This study aimed to favor ecological validity by not employing intrusive
methods such as eyetracking devices that would have introduced additional variables or stress
factors, potentially affecting informants’ performance.

Procedures in C1, C2 and C3 were identical. Three distinct but similar speeches were
interpreted across cycles (available upon request). In advance, the informants had compiled
and sent their own glossaries on similar texts. They later received and adjusted a compiled
master glossary 30 minutes before each Sl task that included the relevant 33 problem triggers.
Each glossary had ca. 100 terms altogether, with all lemmas that appeared at least in two
individual glossaries.

The informants activated the screen recording and keylogging software before they began
the Sl task. Then they interpreted a single-play English speech recording and stopped
interpreting at a designated end signal, 10 seconds after the source speech ended. C2 and C3
only differed in that about half of the informants used InterpretBank and the other half Excel.
The IB group attended an online training workshop on the use of InterpretBank and engaged
in self-directed trials to familiarize themselves with the use of the CAI tool during SI. They
were allowed to choose when and how to employ it for term retrieval when encountering
difficult terms in SI.

In this study, each informant accessed the source speech web player independently across all
cycles, resulting in varying timelines in each screen recording and keylogging file. To make
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comparisons possible, we synchronized all screen recording and keylogging timelines, plotting
these events onto a universal timeline for each cycle.

2.4 Indicators

Performance was measured in various ways. For term accuracy, each rendering in a recording
was classified as correct (term rendered with the glossary solution), adequate (good solution
but not identical to the one in the glossary), wrong, or dropped (not rendered). Dropping
source-text segments concerned only full clauses and sentences, since they are less likely to be
the result of a strategic decision or choice by the interpreter. The indicators included eye-key
span and eye-voice span. Ear-key span is defined as the latency between the end of the
soundwave of the source speech utterance of a potentially problematic terminological unit
(often plurilexical) to keydown of the informant’s first related keyboard action. Eye-voice span
(cf. Chmiel & Lijewska 2022) in our study measured the latency between onscreen display of
a glossary entry and the start of the soundwave by the informant vocalizing the corresponding
Chinese voice rendition. Both indicators could only be measured in the IB group—this was not
possible with the Excel setup. Additionally, we measured the duration of search activities and
the length in milliseconds of dropped source speech segments, as uniformly chunked
beforehand by the researchers (most of them sentences).

3 Results and discussion

The analysis is grounded on aligned keylogging and screen recording data, and aims to explore
the influence of using a CAl tool (InterpretBank) on the informants’ SI output and cognitive
processes during the Sl tasks across cycles.

3.1 Term accuracy

The 33 targeted potential problem triggers appearing in the source speech for the first time are
referred to here as normal terms. Figure 1 displays the distribution of rendering quality
categories in percentages. The IB group enjoyed a significant improvement over the cycles.
InC1, only about 19.8% of the terms were correctly interpreted, establishing a relatively low
baseline for the group. In C2, the percentage of correctly interpreted terms increased to
approximately 34.7%—almost 15% increase from C1 in absolute terms, and 57% in relative
terms). There was also a rms, so that they can be said to have displayed an overall improvement
in their performance. The IB group performed even better in C3, with approximately 50.4% of
the terms interpreted accurately, reinforcing the upward trend observed between C1 and C2.

The XL group, in contrast, also showed steady improvement although it was more modest.
In C1, they correctly interpreted 22.2% of the terms. In C2, the figure increased to slightly
more than one out of four (28.3%). In C3, the XL group managed to correctly interpret around
37.7% of the terms, or about two out of five, revealing a comparatively smaller but steady
improvement. In brief, both groups improved between C1 and C3, but the IB group showed a
more significant increase in correctly interpreted terms. The data thus suggests that
InterpretBank may be an effective resource in helping interpreters achieve higher accuracy with
unfamiliar terms during interpretation.
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Figure 1. Stacked percentage bar plot of normal terms by cycle and group.

Let us now turn to repetitions. Three of the normal terms discussed above were intentionally
repeated twice throughout each source speech. The first instance is labeled normal+rep in
Table 2, to remind the reader that they were also part of the 33 terms discussed in Table 1. Repl
refers to the first repetition of the term, i.e., when it appeared for the second time in the source
speech. These terms are repeated once after their initial occurrence. Rep2 refers to the second
repetition or third time the term was uttered.

Excel users InterpretBank users

percentage

2

Y Y Y
normal+rep rep 1 rep 2

B correct adequate [ wrong [JJj] dropped
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Figure 2. Stacked percentage bar plot of repetition terms by cycle and group.

Figure 2 shows that the XL group experienced improvements when interpreting the
normal+rep terms, confirming that their behavior was similar to that with the rest of the terms
appearing for the first time. The figures are different, but the small sample does not allow us to
draw any further conclusions beyond the upward tendency. Starting at a modest 11.1% rate in
C1, the XL group improved to 29.6% in C2 and reached 33.3% in C3. In repl, the group
experienced a sharp rise from a low 7.4% rate in C1 to 22.2% in C2, before tempering down
or leveling off at 25.9% in C3. This suggests a likely adaptation to the task during C1 or else a
learning curve that gained momentum in C2, whose improvements either diminished or started
to plateau. For rep2, the group made a dramatic improvement from C1’s 11.1% rate to C2’s
40.7%, to their peak of 48.1% correct term renderings in C3. This suggests a sustained progress
across the cycles. More importantly, repeated terms might have a different impact than when
repeated for the first and second times (second and third appearances).

The IB group’s percentage of correct interpretations in the normal+rep (first time) displayed
a bell curve. The group began at 24.24% in C1, peaked at 45.5% in C2, and then fell to 33.3%
in C3. Interestingly, the same happened in C2 and C3. The repl category experienced a peak
in C2 with 39.4% correct interpretations, a significant leap from C1’s 18.2%. However, the
group’s performance then experienced a decline, settling at 21.2% in C3. In rep2, the IB group
displayed an upward trend that peaked at 48.5% in C2, and more or less plateaued at a strong
performance of 42.4% in C3. This might be interpreted as effective learning or adaptation
across the cycles as well.

The performance patterns across the three cycles were thus different between the groups.
The correct output from the XL group generally yielded a progressive increase (normal terms)
while the IB group showed higher improvements overall. In any case, the combined data
displayed in Figures 1 and 2 suggests that both groups improved in all types of terms across
the cycles.

However, with repeated terms (i.e., normal+rep, repl, rep2) the performance of 1B group
peaked at C2 but experienced a decline in C3. Initially, we would expect the informants to take
the first repetition (second appearance) of a term as a strong hint to keep it active in working
memory for future needs. That is, our expectation was exactly the opposite, that the 1B group
informants would tend to use InterpretBank’s prompts less while rendering more terms well.
A possible explanation is that the informants might have remembered the glossary equivalent
at repl but, now confident that they could rely on the glossary, they might have wiped the term
out of their working memories as they went on—or, rather, let it naturally fade away, reassured
as they were that they could rely on InterpretBank. Their attention might have shifted
elsewhere, as they presumed that the term was no longer problematic.

In contrast, the XL group might have relied more on term recognition—that is, on keeping
repeated terms active in memory. This analysis hints at a potentially nuanced impact of tool
use on cognitive engagement with repetitive terms, and how the choice of tool could influence
memory retention and attention allocation during the interpreting task. However, the data does
not allow us to discern whether the IB informants actually used InterpretBank’s prompted
output or just proceeded without it. They might have felt prompted to continually type the
words, thereby enhancing their memory retention of repetitive terms. The bottom line is that
this scenario suggests that using InterpretBank does not necessarily guarantee that repeated
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source speech terms will be rendered correctly, indicating an area that deserves further
research.

3.2 Ear-key span and eye-voice span

Ear-key span measurements shed light on the informants’ auditory processing speed,
comprehension, and decision-making in terms of whether to resort to a CAl tool, such as
InterpretBank, for assistance. A shorter ear-key span is interpreted to indicate faster
comprehension or decision-making processes, whereas a longer span may suggest challenges
in understanding or a slow realization that some kind of support is necessary.

Eye-voice span is hypothesized to measure the informants’ visual processing speed and their
ability to synthesize and integrate the displayed translation suggestions into their outputs. A
shorter eye-voice span is taken to suggest swift assimilation of visual rendering suggestions
from 1B or rapid articulation into the target speech, while a longer span could hint at challenges
in synthesizing the information retrieved or in fluently delivering it.

Shapiro-Wilk
(not ms)
Cycle Mean Median Mode SD* Minimum Maximum W p
gg;'r:(ey 2 1925 1805 1078° 1392 —1498 8701 0948  <0.05
3 1639 1083 —0797% 2227 1272 8858 0865  <0.05
ggz;]vo'ce 2 2309 2019 1214° 1785 -2600 8732 0954  <0.05

3 1503 1689 1515* 2299 7778 7473 0.821 <0.05

Note.  More than one mode exists, only the first one is reported.
b SD = standard deviation

Table 2. Descriptive statistics and Shapiro-Wilk test results of ear-key spans and eye-voice
spans, in milliseconds.

The mean ear-key span value for C2 was 1925 ms (Table 2)—slightly higher than the median
of 1805 ms. This suggests a fairly regular data distribution, but the standard deviation of 1392
ms indicates moderate variations within the data. The range of values stretched from a
minimum of —1498 ms to a maximum of 8701. The Shapiro-Wilk test for normality indicated
that the data are not normally distributed. For C3, the mean ear-key span dropped to 1639 ms,
with a median of 1083 ms, and the main (most usual) mode was reported at =797 ms, although
multiple modes exist. The standard deviation increased to 2227 ms, showing greater variations
among the informants. The Shapiro-Wilk test resulted in a W-value of 0.865 (p < 0.05), which
confirms a non-normal distribution.

As for the eye-voice span, in C2 the mean was 2309 ms; the median, 2019 ms; and the main
mode, 1214 ms, with the caveat that multiple modes exist. The standard deviation was 1785
ms, and the values ranged from —2600 ms to 8732 ms. The Shapiro-Wilk test (W = 0.954, p <
0.05) strongly suggested a non-normal distribution. In C3, the mean eye-voice span was lower
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at 1503 ms, with a median of 1689 ms and a mode of 1515 ms. The standard deviation here
was 2299 ms, i.e., there was a broader spread of data, ranging from —7778 ms to 7473 ms. The
Shapiro-Wilk test for this cycle pointed to a W-value of 0.821 with p lower than the
conventional alpha of 0.05, so the data were not normally distributed. Overall, the statistical
metrics confirmed non-normal distributions and different degrees of variation for both ear-key
span and eye-voice span across the two cycles. The means and the medians suggest a shift in
central tendencies between the cycles, and the significant p-values from the Shapiro-Wilk tests
underscore the need for non-parametric analyses (e.g., Kendall’s Tau-b below).

Figure 3. Scatter plots of ear-key and eye-voice span across C2 and C3.

The scatter plots in Figure 3 offer complementary perspectives on the relationship between ear-
key span and eye-voice span across Cycles 2 and 3. C2 displayed a wide distribution of data
points. The broad 95% confidence interval suggested a high degree of variation and
uncertainty. To explore the correlation between ear-key span and eye-voice span, we conducted
a Kendall's Tau-b statistical test, which yielded a value of —0.103, p = 0.048. These figures
point to a weak but statistically significant negative correlation between the two variables.
Additionally, the wide 95% confidence interval on the scatter plot signaled a considerable level
of uncertainty. The right scatter plot for C3 also showed a widely dispersed range of data points,
and the 95% confidence interval corroborated the high level of variation observed in C2.
Kendall's Tau-b was —0.228, p < 0.01, which implies a weak to moderate but statistically
significant negative correlation between the two variables. That is, the longer they took to start
searching for a term, the shorter they needed to then integrate the IB’s prompt into their output.

While the scatter plots for both C2 and C3 suggest weak correlations, the Kendall's Tau-b
values and p-values provide a clearer picture: they confirm a statistically significant negative
correlation, weaker in C2 than in C3, though still weak to moderate in the second case. Thus,
the decrease in mean ear-key span between C2 and C3 suggests that informants might have
become more efficient at processing auditory cues or more resolute in deciding when to use
IB. This could be the result of increased familiarity with the experimental task procedures or
enhanced proficiency with the tool.

3.3 Search duration and dropped chunks

Recordings from the IB group in both C2 and C3 were aligned on their respective universal
timelines. In C2, the common timeline spanned from 0 to 803.804 seconds. In C3, the common
timeline extended from 0 to 788.577 seconds.
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Figure 4. Individual distribution of search events and durations with overlaps in Cycles 2
and 3.

In Figure 4, the yellow blocks represent the time spans (duration) of each search in shared
(aligned) timelines, while the blue areas denote chunks of the source speech that were dropped.
Overlaps between searches and dropped source-speech fragments are marked by pink dots and
are interpreted as failed as attempts to interpret the sentence. that failed

In Figure 4, the upper diagram represents the second cycle. C2 exhibited a distinctive
distribution of overlaps (pink dots). Notably, the session began with 14 overlaps, then 10 in the
middle and, intriguingly, showed a slight uptick with 16 overlaps towards the end. On the other
hand, C3—with a timeline close to 789 seconds—told a different story. Overlaps were notably
sparse at the beginning of the SI task, with just a single occurrence; this increased moderately
to 5 in the middle, and escalated to 8 towards the end. The combined figures show that overlaps
were not uniformly distributed across the interpreting sessions. While C2 presented a fairly
balanced distribution with a slight skew towards the end, C3 markedly shifted this balance, the
end phase of the task now critical.

The informants also presented unique patterns in their individual performances. For instance,
Alex had eight dropped chunks and nine searches, with three overlaps occurring at 50.43,
205.86, and 635.98 seconds. Erin, on the other hand, exhibited seven dropped chunks and
eighteen searches, and also experienced three overlaps at 413.49, 647.10, and 698.23 seconds.
These individual patterns varied not only between dropped chunks and searches but also in the
frequency and timing of their overlaps. We cannot here discuss these interesting results in
further detail.

A particular trend emerged across both cycles, where searches often closely corresponded to
dropped chunks, especially in C2. This suggests that term retrieval, more or less facilitated
depending on the tool they used, may have played a role, alongside other cognitive factors.
These observations show that searches and dropped chunks frequently occurred
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simultaneously. Their co-occurrence probably reflects the multitasking demands placed on the
informants when performing two subtasks at once, namely processing the source speech while
searching for terms. Of course, the impact of this multitasking might vary depending on the
type of speech, and its impact on the informants is very likely related to factors such as
experience and expertise. But the sample interpreted the same speeches in the same order and
all other testing conditions were very similar, if not identical, so that tentative explanations for
variation might rather link to aspects such as working memory, processing speed, strategies to
cope with stress, and even personality.

4 Conclusions

A control pretest and posttest study examined the performance of interpreting trainees as they
engaged in remote simultaneous interpreting with different CAIl tools (Excel and
InterpretBank) in three task cycles—baseline (pre-test) and two post-test rounds—under
otherwise identical conditions. The results as regards term accuracy revealed that, compared to
the Excel group (XL), the InterpretBank (IB) group showed higher improvements in the correct
rendering of terms they faced for the first time. However, repeated terms revealed a different
pattern: the XL group tended to improve through the three cycles whereas the 1B group bounced
back to a more modest performance from cycle 2 to cycle 3.

To the best of our knowledge, this study was the first one to incorporate keylogging into
interpreting studies. Thanks to the time-stamps of keystroke and mouse events, we used ear-
key span and eye-voice span as indicators, which decreased through the cycles in both groups
and showed a weak negative correlation with each other. This trend suggests that informants
become increasingly apt at quickly identifying problem triggers, and at making rapid decisions
as to whether they should seek support to render them.

Behavioral patterns also suggest that informants may rely on InterpretBank when they feel
challenged by cognitive demands. Individual behavior revealed substantial variations in terms
of the number and duration of search events across cycles. These variations were closely
aligned with the unfolding of the speech. Specifically, in C2, searches increased in number at
certain spots at the beginning (25%), middle (50%), and end (25%) phases. In contrast, in C3,
searches concentrated on spots predominantly in the middle and towards the end of the speech.
We were very careful to avoid differences between texts, but an impact cannot be ruled out.
This variation highlights the dynamic nature of the interactions between informants and
InterpretBank.

This report is necessarily limited, but it clearly suggests that this research question deserves
further study. A situated perspective on CAl-tool supported remote Sl as an instance of human-
computer interaction permits a more complete and rigorous analysis with increased data
accuracy. Combining keylogging with screen and sound recording captures relevant aspects of
SI multitasking and fosters new hypotheses and research paths.
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