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ABSTRACT

The quality of fine-dining restaurant food is complex and presents information issues in customers' quality evaluation, config-

uring this good as a luxury and cultural good. We investigate the role of experts in influencing customers' evaluation and other

stakeholders' characteristics in such a sector by analyzing a dataset of top Italian chefs and restaurants from 2011 to 2019. To

complement these data, we directly surveyed starred chefs to get their self-assessment. We use a structural equation model to

measure cooking knowledge, culinary creativity, chefs’ and restaurants’ names, and experts' and customers' evaluations. We

analyze the relationships between these constructs and variables like meal prices, seating capacity, tourist and resident numbers,

and chef's age. Guides play a significant role in shaping customers' evaluations and influencing prices. Furthermore, fine dining

experts focus more on evaluating the businesses themselves, the supply side, rather than the chefs' creation process, the “creative

side”.
JEL Classification: C10, C21, Z11

1 | Introduction

Fine-dining food consists of refined and elaborate preparations
and presentations of aesthetically satisfying meals, usually of-
fered at a high price, served in gourmet restaurants and luxury
hotels.! In the restaurant industry, fine dining is characterized
by a high economic value and a significant cultural value, put-
ting this sector at the crossroads between the creative and food
service industry (Piano 2021), having features of both cultural
and luxury goods.?

Fine-dining food has already reached the status of culinary
art, for example, in France, where chefs' creations are often
considered artworks, with the chef’s style embedded in the
meal preparation as a creative endeavor (Paris and Leroy 2014).
French gastronomic meals have been added to the UNESCO
Representative List of the Intangible Cultural Heritage of

Humanity. Therefore, haute cuisine chefs seem to share sev-
eral features of those of artists in the art market (Rosen 1981;
Adler 1985; Paris and Leroy 2014), such as the emergence of
superstar chefs or “celebrity chefs” widely observed in the last
years (Yang 2018).3

This paper focuses on Italian haute cuisine restaurants, top
chefs, food experts, and restaurant guides. In the Italian mar-
ket, haute cuisine plays a crucial role in both the food and the
wine industries, as well as in the hospitality and tourism sectors
(Leone 2020). Italian haute cuisine is also a distinctive feature of
the Italian gastronomic heritage, and it is one of the most known
cuisines in the world.

Concerning fine-dining food per se, the quality of fine-dining
restaurants is complex. It presents information issues in the
customers’ quality evaluation, configuring this good as an
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experience or credence good, depending on the ability of the
consumer to understand the quality through consumption. The
agents who can adequately process information are the food
experts, who have accumulated enough educational capital to
be capable of reading the complexity of fine dining quality and
can spread information about their evaluation. These agents can
also be called insiders and consist of professional experts, such
as restaurant guides contributors, and nonprofessional experts,
such as gourmets and experienced consumers, who can evaluate
quality without incurring information costs. Furthermore, the
existence of experts capable of processing information has some
similarity to what is observed in the art market, where experts
play a crucial role in spreading information about artwork
quality and in shaping artists' reputations, together with prizes
and awards (Ginsburgh 2003; Ginsburgh et al. 2019).

As in every complex-good market, only some agents possess
the knowledge and ability to assess food quality. Also, outsiders
exist. Outsiders are agents who need information and support
when choosing which good to consume and when evaluating its
quality. As non-informed agents, outsider customers must use
signals from experts and restaurants to assess quality. They may
incur costs collecting information and are exposed to potential
experts’ and restaurants’ opportunistic behavior. Outsiders
can obtain information about food quality from other sources,
such as social networks and other platforms where consumers
can post restaurant reviews. Electronic word-of-mouth and
platforms like Tripadvisor, Facebook, and Google are popular
media and can help consumers make their choices (Harrington
et al. 2013). These online signaling devices, incorporating
customers’ word of mouth and possibly gourmets' opinions, gen-
erate a ranking of restaurants (Kim et al. 2016).

What motivates this study is the need to investigate how
non-expert customers quest for information about quality
works and how a different type of extrinsic information in the
market influences this information. We do so by considering
the restaurants’ guide evaluations, which are widely recognized
as one of the main signals of food quality in the fine-dining
industry, as well as electronic word-of-mouth and the personal
point of view of celebrity chefs about their creativity, talent, and
management ability. The food quality in this sector is likely to be
linked with latent and observable variables (such as creativity,
food quality, fame, talent, expert evaluation, etc.). Not all of
these have been measured yet.

In our paper, we investigate three main research questions.
First, we ask if the chef's human capital shapes the experts’
evaluation, reflected in the restaurant guides. Second, we ask
whether the experts' evaluation influences customers’ eval-
uation. Finally, we investigate whether experts' evaluation
has a role in forming restaurant prices. These main questions
constitute the primary goal of our paper, namely, investigating
whether the experts in the fine-dining industry play a pivotal
role in assessing complex goods in this market. In other words,
we wonder whether restaurant guides operate as dei ex machina
within this particular market. Our analysis also focuses on a
series of secondary hypotheses, investigating other roles that
chefs, experts, and customers may play in the fine dining restau-
rant market. These hypotheses allow us to place our work among
the first empirical exploration of Italy's entire fine dining market,

examining the role of all its main stakeholders. To answer our
research questions, first, we must establish what variables can
be used to measure latent variables in this sector, such as chef
talent and culinary creativity. Then, we can check the relation-
ships between latent and observable variables, such as restau-
rant features and chef characteristics. We perform our empirical
analysis based on a unique hand-collected dataset of chefs- and
restaurant-specific information on the top Italian chefs between
2011 and 2019. We collected data from restaurants’ guides, cus-
tomers' online reviews, and restaurants’ and chefs' websites.
Furthermore, we surveyed a sample of the best Italian chefs by
administering a questionnaire. We selected 107 top chefs working
in 108-starred restaurants reviewed by experts’ guides and users
of social media. We then estimate a Structural Equation Model
(SEM) to measure latent constructs such as cooking knowledge,
culinary creativity, chef's and restaurant's names, experts' and
customers' evaluations and to identify the primary relationships
between these latent variables and several observable variables
such as average meal price per person, the maximum number of
seats hosted in each restaurant, number of tourist arrivals and
inhabitants per Italian province, and age of the restaurant's chef.
We measure chefs’ human capital and creative talent using a set
of self-evaluation measures of knowledge and creativity for each
chef. On the other hand, we measure a chef’s fame and a restau-
rant's brand using a set of measures of digital exposure of chefs'
and restaurants' names, working as brands. Furthermore, we use
restaurants’ guide ratings as a measure of quality evaluation of
experts and social media votes as measures of consumers' qual-
ity perception. Within this empirical framework, we can test our
research hypotheses and verify that experts' evaluation positively
affects customers' evaluation, restaurants’ prices, and chefs' and
restaurants’ names. Moreover, chefs' culinary creativity posi-
tively affects their cooking knowledge, and chefs' age is positively
related to experts' evaluations.

The remainder of the paper is organized as follows. Section 2
presents the literature review, the conceptual and theoreti-
cal frameworks, and states the research hypotheses. Section 3
describes our data, the measures, and the statistical methods.
Section 4 shows the results. Section 5 concludes.

2 | Conceptual Frameworks and Theories

This section presents a systematic review of the literature on
fine dining, a sketch of the main theories applied in this sector,
and the hypotheses we test with our conceptual model.

2.1 | Literature Review

In this section, we review the fine dining literature, focusing on
three main topics: (i) the role of human capital, talent, fame, and
brand in chefs' careers, (ii) the role of restaurant experts, and
(iii) the role of social media in the fine-dining industry. We then
present the most relevant empirical studies that use qualitative
approaches to these topics. Table 1 contains the empirical stud-
ies mostly related to ours.*

In literature, several scholars consider restaurant food as a
cultural good (Hegarty and O'Mahony 2001; Fogarty 2012;
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TABLE1 | Related literature.

Author(s) Country(es)/year(s) Data/source(s) Method(s)
Chossat and Gergaud (2003) French chefs 185 leading French chefs Ordered logit
(2000) (Gault Millau)

Gergaud et al. (2007)

Ehrmann et al. (2009)

Fogarty (2012)

Aubke (2014)

Olders (2014)

Gergaud et al. (2015)

Clarke et al. (2016)

Kim et al. (2016)

Ganzaroli et al. (2017)

Chen and Peng (2018)

Yi et al. (2018)

Paris restaurants

(2002)
German restaurants

(2007)

French chefs Australian
restaurants

(2006-2007)

German chefs

(2011)

French chefs

(1999-2004)

New York City restaurants

(2003-2006)

US and non US chefs

(2015)

US restaurant

(2015)

Venice restaurants

(April-June 2015)
Luxury restaurants
(2017)

Miami restaurants

571 Paris restaurants surveyed

(Zagat)
Germany's 204 star-rated restaurants

and the 229 restaurants
with at least 16 points

(Michelin and Gault Millau)

523 restaurants in Victorian and
in New South Wales restaurants

(The Age Good Food Guide

and The Sydney Morning
Herald Good Food Guide)

Career trajectories of 262 German
Michelin-starred chefs

(Michelin)

569 biographies of star-
rated French chefs

(Michelin)

471 nonrandomly selected restaurants

(Michelin)

A census of the world's top 48 celebrity
chefs' diffusion of social media

(Facebook, YouTube, Twitter,
Google+, Instagram, LinkedIn,

Pinterest, Blog, App, and Tumblr)

About 7,910 reviews on 70 restaurants
in 16 states in the United States

(TripAdvisor, Urbanspoon,
and Foursquare)

About 126,500 reviews on
575 restaurants in Venice

(TripAdvisor)
Survey on 361 Taiwanese tourists
(32-question survey)

Survey on 363 restaurants in North and
South Beach areas of the city of Miami

Spatial econometric
models

OLS

Hedonic price
regression

Network analysis

OLS

Difference-in-
differences and

propensity score
matching approach

Content analysis

Hierarchical
multiple regression

SEM

SEM

SEM

(2017) (Self-administered questionnaire)
Clauzel et al. (2019) Relais Bernard Loiseau 665 online reviews Regression and
ANOVA
(Continues)
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TABLE1 | (Continued)

Author(s) Country(es)/year(s) Data/source(s) Method(s)
(2004-2007) (TripAdvisor) Correspondence
analysis,

Gergaud et al. (2020) French chefs

(1980-2001)
Onorati and Giardullo (2020) Aosta Valley Restaurants

(June 2015-June 2017)

Fang (2022) Restaurant industry
in Texas
(January 1995-
December 2015)
This paper Fine-dining sector in Italy

(2011-2019)

(Google Trends, Yelp, and TripAdvisor)

Google, Facebook, and TripAdvisor)

automatic textual
and content analysis

Probit and ordered
probit analyses

Career of 1000 starred and
not starred chefs
(Michelin)

1673 reviews on 100 restaurants Content analysis

(TripADvisor)

Structural
demand model

15,417 restaurants

with consumer
learning

Structural
equation model

108 restaurants

(Survey; Michelin and other guides; with chefs', experts/,
and consumers'

evaluation

Waldfogel 2020). Indeed, restaurant food—and fine-dining
restaurant food in particular—presents all the three neces-
sary conditions to be called a cultural good introduced by
Throsby (2001): (i) It incorporates creativity, that is, the chef’s
culinary creativity; (ii) it contains some type of intellectual
property, even though haute cuisine food is not defended by any
copyright law (Presenza et al. 2017); (iii) it conveys symbolic
messages, related to the food and restaurant's place and culture
of origin (Barrére et al. 2012).°

2.1.1 | Chefs' Careers

Within the stream of literature that analyzes the chefs’ career
and their human capital, talent, fame, and brand as deter-
minants of their income and success, Ehrmann et al. (2009)
analyze whether superstar effects exist in the market of the
best German restaurants, where the stars are chefs and the
superstars are international chefs. They analyze which factors
determine the stars’ rents and find that higher performance
quality increases chefs' revenues, but not disproportion-
ately and without a direct superstar effect. Gergaud et al.
(2011, 2020) analyze a large sample of top French chefs' ca-
reers over more than 20 years and investigate the determi-
nants of their success, such as quality of apprenticeship and
mentoring, and the dynamics of performance and reputation
of the restaurants where the chefs worked. In particular,
Gergaud et al. (2011) analyzes how chefs' reputations are made
and unmade and how much human capital, or talent, can be
transferred from a mentor to their apprentice. They show
that measures of accumulated human capital are a crucial
determinant of performance (chef de cuisine), and the qual-
ity of apprenticeship is more critical at the end of the appren-
ticeship (sous-chef). At the same time, it turns out to be less

important at the intermediate and entry levels (chef de partie
and commis de cuisine). Gergaud et al. (2020) shows that the
prestige of the restaurant where individuals work affects the
chefs' career, though it is declining throughout their career.
They also find that the quality of apprenticeship is strongly
related to future success as a chef, even when controlling for
unobserved heterogeneity. These results suggest that human
capital is partially transferable between mentors and appren-
tices. Aubke (2014), through the analyses of the careers of 262
German chefs using social network analysis, finds that the cu-
linary network comprises a dense core. However, some chefs
can be found at the periphery or isolated. Ties between chefs
with different star ratings occur more often than between
chefs with similar star ratings. Fewer ties are more beneficial
for individual creative productivity, and knowledge transfers
are more likely between chefs with different levels of expe-
rience, skills, and creative ability. Olders (2014) studies 569
biographies of French chefs and argues that high-quality ex-
periences at the early stages of a chef’s career are essential to
accumulate the skills needed to cook professionally. However,
popularity seems more important than talent among acquired
taste or knowledge, except for superstars. Yi et al. (2018) in-
vestigate how brand image and price affect three primary
restaurant selection attributes: that is, ambiance, food quality,
and service quality. They found that the brand image signifi-
cantly affected customers' preference over the restaurant at-
tributes, while the status of residents versus tourists partially
affected customers' preference over the restaurant attributes.
Restaurant operators attract new customers and retain their
customers by improving these attributes.®

All these studies introduce measures related to chefs' character-
istics, but these are only partially linked with the restaurants’
pricing and performance in the analyses. The same holds for the
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relationship with experts’ evaluation. Our paper considers these
relationships within a unique model, helping to shed light on the
role played by those chefs’ characteristics that are more related
to their creativity in influencing other stakeholders’ evaluation
and choices.

2.1.2 | Experts

Several scholars have analyzed the importance of food ex-
perts both from the supply side (Cotter and Snyder 1998) and
the demand side of haute cuisine restaurants (Balazs 2002).
According to Surlemont and Johnson (2005), restaurant guides
are essential in reducing information asymmetries since they
help build restaurants’ reputations. In fact, due to the cru-
cial role of reputation in this sector, people are more likely
to consult an expert's review when they want to consume a
fine-dining meal (Piano 2021). Guides, as experts, managed
to be recognized as such, with the consequence of influenc-
ing the perception of food quality (Gergaud et al. 2015) and
acting as gatekeepers in the sector, imposing a standard for
quality (Chossat and Gergaud 2003). At the same time, the
restaurant guides, which are then taste-makers, together with
other influential individuals who operate outside the guides
market, also worked as attributors of aesthetic value to haute
cuisine food (Lane 2013). Chossat and Gergaud (2003) identify
the main determinants of the experts' quality evaluations and
estimate their impact on the success of chefs. According to the
experts, the art of cooking is the only determinant they con-
sider when selecting and evaluating chefs. In contrast, chefs
consider the setting at least as necessary as the art of cooking.
Among these two strategies to become a first-rate chef, the
art of cooking seems to prevail over the setting, even though
some gourmet restaurants tend to over-invest in luxurious
surroundings. Gergaud et al. (2007) use spatial econometric
models, applied to the case of Paris gastronomic restaurants,
to understand the influence of expertise in the fine-dining in-
dustry. They aim to test if the attribution of Michelin stars is
related to non-artistic determinants, such as the percentage
of starred restaurants in the neighborhood. They show that
location matters in attributing stars, even if Michelin claims
the opposite. Measuring how prices depend on stars awarded
and the number of starred restaurants in the neighborhood,
they find that rewards allow the awarded chefs to charge a
price premium of about 25%. This premium is shown to spread
over all restaurants in the neighborhood. Independently of the
level of perceived quality, the likelihood of being awarded a
Michelin star is more significant in arrondissements where the
share of starred restaurants is higher. Fogarty (2012) uses the
hedonic price approach to investigate the role of experts' opin-
ions, cuisine reputation, and the value of different objective
attributes in the market for restaurant meals in New South
Wales and Victoria (Australia). The implicit price of individual
reputation indicators, cuisine type reputation indicators, and
other objective indicators suggest that individual restaurant
reputation and cuisine type reputation are essential. Other im-
portant factors include the quality of the restaurant wine list,
the availability of private dining rooms, and whether there is
an outdoor dining option. Investing in the restaurant wine list
is rewarded with higher prices. Furthermore, European and
modern food attracts higher prices than Asian food. Gergaud

et al. (2015), employing a difference-in-differences and a pro-
pensity score matching approach, find significant Michelin
treatment effects on food and décor quality. Based on consum-
ers’ quality perception and producer investment in New York
City restaurants, they find a Michelin-induced price increase
of approximately 30% per Michelin star. So Michelin-reviewed
restaurants are more likely to improve food and non-food
quality, leading to significant price increases and investing in
their wine list more than other restaurants.”

The studies we reviewed strongly helped the understanding
of experts' role in spreading information and quality recogni-
tion. However, none of these studies empirically considered
chefs' characteristics (but reputation) in their framework in a
systemic way. Our paper analyzes the expert role in evaluat-
ing the whole experience of high-quality food consumption,
considering chefs' creativity and restaurants' performance as
food suppliers.

2.1.3 | Social Media

An emerging vein in literature explores the role of social media
in representing the customers' preferences over restaurants
and restaurants' performances.® Kim et al. (2016) examine
the influence of social media reviews and operating efficiency
metrics on restaurant financial performance and explore the
moderating role of an excellence certificate. They find that
the number of online reviews customers make has a signif-
icant positive impact on restaurant performance. Ganzaroli
et al. (2017) investigate the efficiency of TripAdvisor in help-
ing tourists make informed decisions and increasing the pop-
ularity of restaurants that offer higher expected quality. They
study how TripAdvisor in Venice contributes to strengthening
the popularity of known restaurants, despite their rating in
terms of quality, or restaurants that are less known but ac-
credited for higher quality. Their findings suggest that, al-
though TripAdvisor's algorithm is designed to reward quality,
it does not adequately meet this goal. Clauzel et al. (2019)
study the Relais Bernard Loiseau that was downgraded from
a three-star to a two-star restaurant by the Michelin Guide in
2016. They analyze how the downgrading rating influences
the consumers' legitimacy judgments. Based on the quantita-
tive and qualitative analyses of the 665 online reviews on the
TripAdvisor website from 2004 to June 2017, they find a null
effect on the rating (as the quantitative component of the eval-
uation) and a non-linear influence on their online comments
(as the qualitative component). Onorati and Giardullo (2020)
analyze TripAdvisor's reviews of the restaurants in the Italian
region Aosta Valley over 25 months. Their analysis highlights
the process of food taste re-mediation played by social media
and the emergence of a culinary capital based on “plastic
habitus” and plural socialization of food that ranges from TV
“foodtainment” to digital narratives to new patterns of “aware
eating.” Fang (2022), using a dataset containing restaurant
revenues and information from major online review platforms
and building a structural demand model with social learning,
quantifies the effects of online review platforms on restau-
rants and consumer welfare. Their empirical evidence shows
that online review platforms help consumers learn faster about
restaurant quality, affecting restaurant revenues and survival
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rates. Still, online review platforms do not significantly affect
chains’ and old independent restaurants’ revenues or survival
rates. However, online review platforms have little impact on
the total industry revenue.’

A comprehensive analysis of the relationship between experts’
and customers' evaluation is still missing in this literature. In
fact, to the best of our knowledge, only Clauzel et al. (2019)
studied such a relationship, limiting the analysis to a single
restaurant in a particular situation (a reduction of the number
of Michelin stars). In our analysis, we will study such a relation-
ship considering a higher number of restaurants so that a link
between evaluations from insiders and evaluations from outsid-
ers can be estimated.

2.1.4 | Other Empirical Studies

Several authors use qualitative approaches, such as inter-
views, surveys, or case studies, to analyze issues addressed
by quantitative empirical studies. For instance, Surlemont and
Johnson (2005) and Surlemont et al. (2005), by using 20 ex-
ploratory field interviews of chefs belonging to the star system
in France, Switzerland, and the United Kingdom, analyzed
how the Michelin guide star system operates as a signaling de-
vice in the fine-dining industry and how secrecy contributes
to preserving chefs’ creativity for the benefit of customer satis-
faction. Also, they studied the chefs' strategies and identified
the most successful in terms of Michelin rating and profitabil-
ity. Lane (2013), by using 30 in-depth interviews with chefs
and two interviews with Michelin inspectors in Britain and
Germany, examined the roles played by gastronomic critics
as tastemakers in the fine-dining restaurant industry of these
countries. Analyzing 170 head chefs from the Republic of
Ireland, Allen and Mac Con Iomaire (2017) explored the fac-
tors for success within the Irish culinary industry. Eren and
Giildemir (2017), by using semi-structured interviews con-
ducted with award-winning Turkish chefs, identified the op-
erational and cultural factors related to the absence of Turkish
chefs and restaurants in the culinary world.°

Although previous studies have analyzed starred chefs as part of
a complex system like the one we are examining in this paper,
they have not implemented a quantitative model to effectively
operationalize all the agents' choices and characteristics within
it. In contrast, our model, which we will describe in Section 3,
takes into account potential feedback between variables and
controls for possible endogeneity, resulting in an improved anal-
ysis of the complex interactions between observable and latent
variables.

2.2 | Theoretical Background

Before presenting our conceptual model and the correspond-
ing hypotheses in detail, we give some background on the
fine-dining sector and some definitions we rely on through-
out the paper. We base our conceptual model on several latent
theoretical constructs: opinions and evaluations of experts and
customers; human capital, talent, and fame of chefs; brand of
restaurants.

2.2.1 | Experts Evaluations

According to Surlemont and Johnson (2005), restaurant
guides as food experts and tastemakers can contribute to solv-
ing the problem of experience goods in the quality evaluation
of restaurants by building the restaurants’ reputation. In addi-
tion, experts as gatekeepers influence the perception of food
quality (Gergaud et al. 2015) or the emergence of a standard
for quality (Chossat and Gergaud 2003). In our framework, we
define the ranking of restaurant guides as a credible signal
by providing reliable and trustworthy advice on the quality of
restaurants.!!

2.2.2 | Customers' Evaluations

Gourmets, as nonprofessional experts in the fine-dining indus-
try, can evaluate the restaurants’ quality and release signals
about the restaurant quality through online social media re-
views on hotels and restaurants. Furthermore, all these signals
incorporate customers’ word of mouth and gourmets' opinions
to generate a ranking of hotels and restaurants (Kim et al. 2016).
So, we define the social media ranking on restaurants as another
signal of the quality of restaurants provided by both gourmets
and customers.

2.2.3 | Chef's Human Capital and Knowledge

Crook et al. (2011) define human capital as a complex inter-
play of knowledge, skills, and abilities. Following Gomez
etal. (2003), in this work, we define cooking knowledge as a set
of subjective and objective competencies, technical skills, and
rules enforcement embedded in physical activities. Gergaud
et al. (2011) show that measures of accumulated human cap-
ital are a crucial determinant of chefs' performance.'> While
the concepts of human capital and talent may seem the same,
they are considered separately in the literature. In particu-
lar, human capital stems from various sources, mostly from
formal education and training. Still, it is also influenced by
culture, family background, social context, and innate abil-
ities (Folloni and Vittadini 2010). Goode (1959) states that
“Human capital can be defined as knowledge, skills, attitudes,
aptitudes, and other acquired traits contributing to produc-
tion.” Towse (2001) states that “Creativity, talent, skill, craft
are all aspects of human capital,” and a distinction between
the two concepts is also found in the analysis by Bryant and
Throsby (2006). Hence, in this paper, we will treat human cap-
ital as distinguished from talent.

2.2.4 | Chef’s Talent

According to Stierand et al. (2008), a creator is guided by
personal creativity, which consists of talent and experience.
Talent is primarily an “innate ability” (Towse 2006).!3 On the
other hand, experience leads to perfect talent via “acquired
ability.” We regard a chef's talent as a form of artistic talent.
Thus, we agree with Menger (2014), who defines talent as “the
expression of abilities that seem to originate in the genetic lot-
tery (especially if they manifest themselves early in the artist's
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life) as well as in the interaction between this genetic capital
and a family and social environment that can bring it to frui-
tion.” In line with that, studies by Towse (2001, 2010) suggest
that, although creative talent can be cultivated through train-
ing, it is not generated through such means but it is rather in-
nate. Chefs use their creative talents to innovate the cooking
processes (Drew 1987).

When it comes to evaluating oneself, it can be argued that ex-
perienced chefs should have a better understanding of their
abilities and talent and therefore be more accurate in their
self-evaluation. However, this may not be the case for younger
chefs who are new to the industry and may require external
validation of their skills, such as awards or recognition from
experts.!4

2.2.5 | Chef's Fame

Celebrity chefs enjoy widespread fame and popularity. Their pro-
fessional background drives their public recognition locally and
possibly globally (Henderson 2011; Yang 2018). Fogarty (2012)
finds that individual reputation is critical to the restoration mar-
ket. According to Slavich et al. (2014), top chefs invest in entre-
preneurship to maximize their reputation for greater profits. In
this spirit, we follow Giousmpasoglou et al. (2019) and define
a chef’s fame as the result of a “celebrification” process, trans-
forming a chef's name into an authentic human brand. Here,
we intend the human brand as the “intangible asset linked to
a person, which generates economic and social value through
its visibility as a result of a personal branding process” (Scheidt
et al. 2020).

2.2.6 | Restaurant's Brand

A physical product's intrinsic and extrinsic characteristics
are mainly summarized by its brand (Richardson et al. 1994).
Likewise, the name of a restaurant can be viewed as a prod-
uct brand. In the following, we use a restaurant's brand as a
unique identifier that leads to perceiving one restaurant as
distinct.

2.2.7 | Chef's Seniority

According to the literature on human capital, learning by cook-
ing is the key to becoming a top chef (Gergaud et al. 2011). A chef
operating in the haute cuisine market accumulates experience
and renown over time. The more years a chef is active in the sec-
tor, the more likely they will be renowned and known by experts
and customers.

2.2.8 | Restaurant's Longevity

Similar to what happens to a chef's fame, a restaurant that re-
mains active and continues offering high-quality dishes over the
years is more likely to have a stronger brand. This relationship
can be even stronger given the more long-lasting investments in

building a brand, as consumers may perceive brand longevity as
an indicator of quality (Baumert and de Obesso 2021).

2.3 | Testable Hypotheses

In this section, we list the most relevant hypotheses we tested
with our data by dividing them into the core and collateral
hypotheses. Since we mainly focus on the expert's role in the
fine-dining sector, in the first group, we consider how the chefs'
ability can influence the experts’ evaluations and the effects of
these evaluations on the restaurant's prices and customers’ eval-
uations. Among the collateral hypotheses, we test major and
minor hypotheses directly and indirectly connected with our
research questions. Focusing on the major hypotheses, we are
interested in the effects of the experts’ evaluations on the chefs’
fame and restaurants’ brands and how the chefs’ experience can
affect the experts' evaluations. The minor hypotheses regard po-
tential links between chefs' talent and their human capital and
the restaurants’ size, the relationship between chefs’ experience
and fame, the link between restaurants’ longevity and brands,
and the relationship between market size, restaurant prices, and
customers' evaluations.

2.3.1 | Core Hypotheses

Hyphothesis 1a. Hla A chef’s human capital positively affects
experts’ evaluations.

Experts should be able to identify better the chef's ability and
skills in the creation of dishes and in proposing quality food.
This idea is indeed in line with what Durand et al. (2007) found,
namely, that the number of Michelin stars (as an external expert
evaluation) is positively related to education level (among other
variables). If so, this hypothesis should be supported by the data.

Hyphothesis 1b. H1b Experts’ evaluations positively affect a
chef's human capital.

Hyphothesis 1c. Hlc Experts’ evaluations positively affect a
chef's talent.

It is worth considering alternative hypotheses to Hla when chefs
self-evaluate their abilities. For instance, expert evaluations may
influence how chefs perceive and evaluate their human capital
and talent. This effect may be stronger for less established chefs
than those who have already earned Michelin stars. However,
even Michelin-starred chefs may be influenced by this inter-
nationally recognized award. Michelin stars are a measure of
social comparative performance because they place chefs in a
group of the world's top chefs, allowing them to be compared
with others within this high-quality group. Being part of such a
group may boost self-evaluation, and the strength of the signal
(i.e., the number of stars and other ratings from guides) may fur-
ther enhance this effect.!

Hyphothesis 2. H2 Experts’ evaluations positively affect cus-
tomers' evaluations.
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Guides act as gatekeepers in the fine-dining sector by imposing
a standard for quality (Chossat and Gergaud 2003), so their eval-
uations are recognized as quality signals and can influence the
perception of food quality (Gergaud et al. 2015). Restaurant guides
and other influential individuals outside the guides market are the
tastemakers who attribute aesthetic value to haute cuisine food
(Lane 2013). Hence, customers’ evaluation will likely consider
these nputs when evaluating their consumption experience.

Hyphothesis 3. H3 Experts’ evaluations positively affect restau-
rant prices.

As a quality signal that explicitly communicates a restaurant's rel-
ative quality level and allows consumers to rank restaurants based
on their levels of quality, one can expect to observe a price pre-
mium for each additional Michelin star a restaurant is endowed
with. This link between stars and price has already been found
in the literature for France (Snyder and Cotter 1998), Germany
(Ehrmann et al. 2009) and, more recently, for France and the
United Kingdom (Craig et al. 2023). It can be explained by the ex-
istence of a bandwagon effect (more stars, more demand, higher
prices), but also of a snob effect (more stars, more high-income de-
mand, higher prices), and even by a hedonic benefit (more stars,
more perceived benefit derived from the dishes, higher prices).

2.3.2 | Major Hypotheses

Hyphothesis 4. H4 Experts’ evaluations positively affect a
restaurant’s brand.

According to Surlemont and Johnson (2005), restaurant guides
are essential in reducing information asymmetries since they
help build the restaurants’ reputation. In fact, due to the crucial
role of reputation in this sector, people are more likely to con-
sult an expert's review when they want to consume a fine-dining
meal (Piano 2021). Since the restaurant brand is related to its
reputation, one can claim that experts’ evaluations have a role in
building the restaurants’ brands.

Hyphothesis 5. H5 Experts’ evaluations positively affect a chef's
fame.

Critics have a crucial role in reputation and fame building in
cultural markets (Cameron 1995; Debenedetti 2006). This ap-
plies to the fine-dining restaurant sector as well, where experts
and guides are essential in drawing attention towards a chef's
name.®

Hyphothesis 6. H6 A chef's seniority positively affects experts’

evaluations.

Experts and critics reward quality, and they are active in spot-
ting restaurants that propose quality. However, an emerging
chef must be outstanding to be noticed by experts and critics.
In contrast, a more established chef might find it easier, not be-
cause of fame per se but because of the longer active period in
the market. This point is in line with what Durand et al. (2007)
found, namely, that Michelin stars are positively related to the
chef's age.

2.3.3 | Minor Hypotheses

Hyphothesis 7. H7 A restaurant’s longevity positively affects its
brand.

The ratio behind this hypothesis is that the longer a restaurant is
active, the longer the time devoted to building its brand (Baumert
and de Obesso 2021). As found by Laukkanen et al. (2016), older
firms are generally more oriented towards brand strategies and
more effective than younger ones.

Hyphothesis 8. H8 A chef's talent positively affects her human
capital.

This hypothesis is grounded on previous studies on human cap-
ital, such as Rosen (1987) and Towse (2006). Human capital can
be defined as the stock of skills and product knowledge people
embody. It can be seen as a complex concept given by inherited
characteristics, innate ability, and acquired skills and knowl-
edge. If we think about talent and creativity as natural abilities
(Angelini et al. 2023), it is easy to spot the link between these
concepts and human capital, with a positive relationship. A more
talented person will also find it easier to accumulate experience
on the job and will face lower costs of investment in schooling.

Hyphothesis 9. H9 The number of seats in a restaurant nega-
tively affects a chef’s human capital.

In the restaurant industry, where quality is produced through
variable costs, the number of varieties and the maximum quality
increases, as well as the market fragmentation, as size increases
(Berry and Waldfogel 2010). However, in the fine-dining indus-
try, the head chef determines product quality, and their human
capital is the main source of the restaurant's quality. If we
consider seating capacity as a proxy of restaurant size, a lower
number of seats could signal more service quality and refined
cooking, which are likely to be positively related to a higher
human capital of the chef.!”

Hyphothesis 10. H10 A chef’s seniority positively affects her
fame.

Based on the definitions of fame in the literature,'® fame is
strongly linked to recognition and renown. Hence, the longer
a chef has been active in the market, the higher the likelihood
of higher fame. Candela et al. (2016) and Angelini et al. (2023)
indeed use longevity to measure an artist's fame.

Hyphothesis 11. HI11 Restaurant prices negatively affect cus-
tomers’ evaluations.

In high-tier markets such as the fine-dining sector, consumers
expect a high-quality level that matches the information col-
lected through experts and other sources. Higher quality should
be reflected in a higher price. Otherwise, the price would not be
a good signal for the consumers. As found by Liu et al. (2022),
this holds if a relationship exists between perceived luxurious
value and willingness to pay a price premium. However, if there
is no alignment between price and quality, the consumers’ eval-
uation will likely be lower.
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Hyphothesis 12. H12 The number of inhabitants and tourists
positively affects restaurant prices.

The idea behind this hypothesis is that the price setting in the
fine-dining sector is based on a standard demand-supply rela-
tionship. Since these restaurants have a fixed number of seats
and often have long booking lists (even longer than 1 month),
a higher number of inhabitants and tourists is likely to be re-
flected in higher demand that, given a fixed supply, would gen-
erate pressure on prices.!’

In what follows, we will refer to model 1 when considering
H1a together with the Hypotheses H2-H12, while we will refer
to model 2 when considering H1b and Hlc together with the
Hypotheses H2-H12.

3 | Methodology
3.1 | Data and Sample

We perform our empirical analysis using a unique hand-
collected dataset, including information on top chefs and starred
restaurants in Italy between 2011 and 2019. As detailed in
Appendix B.2, data come from several sources, including restau-
rant guides, websites reporting customers’ reviews, restaurant
and chef websites, and memberships to professional associa-
tions. Additional data comes from the Italian National Institute
of Statistics (ISTAT).

We complement our dataset by administering a questionnaire
and gathering information on a sample of 107 top chefs work-
ing in 108 starred restaurants. The questionnaire was issued in
2019. Chefs were interviewed using a computer-assisted tele-
phone interviewing (CATI) approach based on the script pro-
vided by a software application. Before the questionnaire, the
interviewer educated the chefs on the importance of timely and
accurate responses. The interviewer annotated the degree of
comprehension, interest, and facility in answering questions
during the questionnaire. The registered awareness and interest
levels were high, and the questions were perceived as easy to
understand. Interviews took 15 min on average.

The questionnaire, available on request, is divided into three
sections. In the first section, we ask the chefs to self-evaluate
their skills in several dimensions compared to the other starred
chefs. The second section of the questionnaire is about a chef's
intentions and motivations. The third section collects general in-
formation about chefs' education, training, and job experiences
to complete and double-check public information collected from
other sources.?°

3.2 | Variables and Measures

The hypotheses presented in Section 2.3 describe the structural
relationships between a set of observable and latent variables. In
the empirical application, observable variables can be directly
replaced by their empirical counterpart. On the other hand, la-
tent variables need to be “extracted” from observable variables.
In this section, we describe all observable variables and discuss

how they can be directly used in the empirical model or com-
bined to extract the underlying latent variables.

Observable main variables. The main variables with a directly
observable counterpart are restaurant prices, the number of
seats, a chef’s seniority, a restaurant’s longevity, and the num-
ber of inhabitants and tourists. All these observable variables,
except the prices, are exogenous.

The first variable of interest in our work is the average meal
price. For each restaurant, we calculate the average between
the price of a complete d la carte meal (maximum price) and the
price of a tasting menu (minimum price). These prices average
about €99 and exhibit significant variability ranging from €51 to
€188. To mitigate heteroscedasticity and interpret estimated co-
efficients as elasticities and semi-elasticities, we log-transform
this variable and indicate it as Price.

A restaurant's production capacity can be measured by its max-
imum seats. This variable has an average value of 42 and a stan-
dard deviation of about 16. We indicate the log-transformed
variable in the empirical model as Size.

We proxy chef seniority by their age. On average, chefs are
about 45 years old, with a standard deviation of about 11. In
the empirical model, we log-transform this variable and indi-
cate it as Seniority. We also asked chefs about their years
of professional experience in the questionnaire. Age and expe-
rience exhibit a high correlation of about 0.73. This is some-
what expected since both these variables are linear functions
of time.

A restaurant’s age measures its history and longevity. This vari-
able has an average value of about 22 years and a standard devi-
ation of about 16 years. In the empirical model, we log-transform
this variable and indicate it as Longevity.

The number of tourist arrivals and inhabitants of each Italian
province is a good measure of the potential flow of a restaurant's
customers in a specific destination (Feruzzi 2017). The mean
and the standard deviation of this variable are about four mil-
lion. We log-transform this variable and use it in the empirical
model as Population.

The upper panel of Table 2 shows descriptive statistics on the
main observable variables (after the log transformation).

Observable control variables. To recreate an ideal ceteris pari-
bus condition and facilitate the economic interpretation of the
results, we include several control variables in our empirical
model. These variables are meant to control for chef-specific and
restaurant-specific effects.

Chef-related variables indicate if a chef attended cooking schools
or is self-taught (Selftaught), if she is the restaurant owner
(Patron), and gender (Gender).?!

Several dummy variables consider restaurant characteris-
tics. A set of dummy variables indicate a restaurant cuisine
style (Classic, Creative, or Modern) as indicated by the
Michelin classification. We also control for the restaurant
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TABLE 2 | Descriptive statistics of observable variables.

N Mean SD Min Max

Main variables

Price 108 98.86 30.15 51.00 187.50
Size 108 3.65 0.40 2.48 4.50
Seniority 108 3.29 0.39 2.30 4.16
Longetivity 108 2.75 0.93 0 4.08
Population 108  14.66 112 12.27 1649
Control variables

Selftaught 108 36.11 0.48 0 1
Patron 108  62.04 0.49 0 1
Gender 108 16.67 0.37 0 1
Classic 108  18.52 0.39 0 1
Creative 108 47.22 0.50 0 1
Modern 108  34.26 0.48 0 1
Multiunit 108  34.26 0.48 0 1
Multiproduct 108 71.30 0.45 0 1
Hotel 108  37.96 0.49 0 1
Central 108 23.15 0.42 0 1
Island 108 8.33 0.28 0 1
Northeast 108  25.00 0.44 0 1
Northwest 108 2593 0.44 0 1
South 108  17.59 0.38 0 1

Note: The table shows, for observable variables, the number of observations
(N), means, standard deviations (SD), minima (Min), and maxima (Max) for
continuous variables and relative frequencies (%) for dummy variables. Values
are rounded to the second digit.

being located in more than one place (Multiunit) and if it
provides delivering, catering, banqueting, or similar services
(Multiproduct). We further consider if the restaurant is
part of an accommodation complex with rooms for the night
(Hotel) and in which part of Italy is located (Central,
Island, Northeast, Northwest, and South).

In our sample, 36% of the chefs are self-educated, 62% are
restaurant owners, and 83% are males. Nineteen percent of
the restaurants offer classic cuisine, 47% creative cuisine, and
34% modern cuisine. Furthermore, 34% of the restaurants are
multi-unit, 71% are multi-product, and 38% offer hotel rooms.
Finally, regarding geographical location, 23% of the restau-
rants are located in central regions, 8% in the main islands,
25% in the north-east area, 26% in the north-west part, and
18% in the southern regions.

The lower panel of Table 2 shows descriptive statistics on the
control variables.

Measures for latent variables. The hypotheses in Section 2.3 in-
volve several latent variables. Latent variables are not directly
observable. However, we can extract the signal underlying latent

variables from a set of observable measures retrieved from the
questionnaires or collected from public sources of information.
To do so, we first present which observable variables are suppos-
edly correlated with latent variables. In the following sections, we
explain our statistical approach and comment on whether the em-
pirical results are compatible with our assumptions.

Our conceptual framework places emphasis on six latent
variables: a chef's human capital (labeled Human), talent
(Talent), and fame (Fame), a restaurant's perceived brand
(Brand), and aggregate evaluations of a restaurant by experts
(Expert), and customers (Customer). None of the above
variables are directly observable. However, we can find ob-
servable variables associated with or influenced by these la-
tent variables. To give a simple example, although a chef's
talent is not directly measurable, we could infer it by observ-
ing variables such as her ability to innovate and adapt that can
be seen as measures of talent.

More specifically, we use self-evaluation measures of a chef's
knowledge regarding cooking operations (Operations), tech-
niques (Tecniques), recipes and menus (Recipes), and ingre-
dients and raw materials (Ingredients) to define her human
capital. The questionnaire asked all chefs to rate their knowl-
edge on the previous four items compared to other starred chefs
using a 5-value scale where 1 indicates definitely worse than the
others and 5 definitely better than the others.

Similarly, a set of self-evaluation measures of a chef's creativ-
ity, including culinary innovation (Innovation), adaptation
(Adaptation), and mutation (Mutation), defines a chef's cre-
ative talent.

Finally, a measure of digital exposure of a chef's name
(Googleclick) and her association memberships
(Membership) define her fame. Specifically, Googleclick is
the logarithm of the number of results for the query “name of
the chef” on Google.?? Membership isadummy variable indi-
cating if a chef is a member of at least one of the following pres-
tigious clubs: Relais & Chateaux, Jeunes Restaurateurs (JRE),
Le Soste Association, Associazione Italiana Ambasciatori del
Gusto (AIAG), and Charming Italian Chef (CHIC).

We measure a restaurant's brand using social media (Review)
and internet (Googlehit) references. Review is the total num-
ber of reviews on a restaurant posted on Tripadvisor, Facebook,
and Google. On the other hand, Googlehit is the total number
of results for the query “name of the restaurant” and “restau-
rant” on Google. Both variables are log-transformed.

The food experts' evaluations are measured by the number of
stars by the Michelin guide (Stars), the number of forks by the
Gambero Rosso guide (Forks), and the number of toques by the
LEspresso guide (Toques), the most important gastronomic
guides in Italy. Finally, we consider social media average rates
and scores from Tripadvisor (Triprate), Facebook (Facerate),
and Google (Googlerate) as measures of quality perception by
consumers.

Table 3 shows descriptive statistics on all measures of latent
variables.
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TABLE 3 | Descriptive statistics of the measures for latent variables.

Measures N Mean SD Min Max

Chef's human
capital (Human)

Operations 108 3.67 0.76 2 5
Technique 108 3.67 0.83 2 5
Recipes 108 3.77 0.85 2 5
Ingredients 108 3.93 0.86 2 5
Chef's talent

(Talent)

Innovation 108 3.69 0.83 2 5
Adaptation 108 4.06 0.93 1 5
Mutation 108 3.95 0.88 1 5
Chef's fame (Fame)

Googleclick 108 9.20 1.49  4.09 13.20
Membership 108 0.49 0.50 0 1
Restaurant's brand

(Brand)

Review 108 6.34 0.67 4.74 8.36
Googlehit 108 7.01 1.55 449 10.08
Experts’ evaluation

(Expert)

Stars 108 1.22 0.50 0 3
Forks 108 2.02 0.45 0 3
Toques 108 1.95 0.97 0 5
Customers’

evaluation

(Customer)

Triprate 108 4.44 0.25 0 5
Facerate 108 4.81 0.18 0 5
Googlerate 108 4.57 0.22 0 5

Note: The table shows, for latent variables, the number of observations (N),
means, standard deviations (SD), minima (Min), and maxima (Max) for
continuous variables and relative frequencies (%) for dummy variables. Values
are rounded to the second digit.

3.3 | Statistical Methods

The set of hypotheses in the theoretical section describes the
structural relationships between different observable and latent
variables. Using the definitions in the previous section, we can
conveniently represent the entire hypothesis system through
a graphical representation. Figure 1 presents the conceptual
model underlying our hypotheses in model 1, while Figure 2
presents the conceptual model in model 2.

Assuming that, at least as a first-order approximation, the
relationships represented in Figures 1 and 2 are linear, we
can test our models using a structural equation modelling

Size
Ho(—)
Human
‘ Hg(+)
—
Hia(+) Talent
Customer <— Hz(+) —— Expert <— Hs(+) —— Seniority
Hu‘(*) Hs(+) Ha(+) Hs(+) Hio(+)
Price Brand Fame
Hi2(+) Hr(+)
Population Longevity

FIGURE 1 | Conceptual model for model 1. Figure contains the
structural relationships between latent and observable variables in our
model 1. Each arrow representing a relationship has the corresponding
theoretical hypothesis reported, with the sign we expect to observe.

Size
Hy(—)
Human
T Hg(+)
—
Hyp(+) Talent
Hic(+)

Customer <— Hz(+) —— Expert <— Hs(+) — Seniority
Hn‘(—) H3(+) Hy(+) Hs(+) Hio(+)
Price Brand Fame
Hia(+) Hz(+)

Population Longevity

FIGURE 2 | Conceptual model for model 2. Figure contains the
structural relationships between latent and observable variables in our
model 2. Each arrow representing a relationship has the corresponding
theoretical hypothesis reported, with the sign we expect to observe.

(SEM) approach. SEM is a specialized approach designed to
manage multivariate equations involving latent and observ-
able variables adeptly. The framework of a typical SEM model
consists of two integral components: the structural part and
the measurement part. The structural facet elucidates the in-
terplay between endogenous and exogenous variables, which
may be observable or latent. Conversely, the measurement
part is focused on gauging latent variables through observable
measures.

SEM is a comprehensive statistical methodology amalgam-
ating elements from factor analysis, multiple regression, and
path analysis. Its primary purpose is to scrutinize intricate
relationships among variables. SEM is widely employed to as-
sess and refine theoretical models across diverse disciplines,
such as psychology, sociology, economics, management, and
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biology. The methodology visually encapsulates the relation-
ships between latent and observed variables through graph-
ical representations, utilizing paths or arrows to denote the
direction of influence.

A distinctive strength of SEM lies in its capability to handle con-
current relationships among variables. In conventional statisti-
cal methods like regression, variables are typically categorized
as either predictors or outcomes. SEM, however, accommodates
bidirectional relationships, feedback loops, and simultaneous
influences among variables. Estimating SEM models involves
various techniques, with maximum likelihood (ML) estimation
emerging as the most prevalent.?* While the structural and mea-
surement parts are estimated simultaneously, we separate the
explanations for simplicity.

As for the measurement part, we retrieve all six latent variables
by estimating the following system of equations:>*

Operations =a;;+a,Human+e;
Techniques =a,; +a,,Human+e,
Recipes =ua3 +ajz,Human+e;
Ingredients =ay +ay,Human+e,
Innovation =as +as,Talent+e;g
Adaptation =ag +agTalent+eg
Mutation =a; +a,,Talent+e,
Googleclick =ag +ag,Fame+eg
Membership =ay, +ag,Fame+eqg (@)
Review =aq +a;p,Brand+e
Googlehit =ay;; +a;,Brand+ey;
Stars =, +anExpert+ey,
Forks =a;3 +a;3,Expert+e;
Toques =y +a 4 Expert+ey
Triprate =a5 +a;5,Customer+e;;
Facerate =ua4 +a4,Customer+eyg

Googlerate =a;;, +a,,,Customer+e,;

The structural part of our SEM model for model 1 includes the
following 6 equations:
Human =p,+y,Talent+y,5ize+¢,
Expert =pf,+y;Human+y,Seniority+e,
Brand =p;+ysExpert+y¢Longevity+e,
Fame =pf,+y,Expert+ygSeniority+e, @
Customer =pfs+y Expert+y Price+e;

Price =p¢+y, Expert+y,,Population+egg

So, the complete set of hypotheses for the model 1 can be mapped
to the following expected signs for the coefficients:

- Hla (Human-'Expert) implies y; > 0;

- H2(Expert-'Customer) implies 7o > 0;

- H3(Expert-'Price)impliesy,; > 0;

- H4 (Expert—'Brand)impliesys > 0;

- H5(Expert-'Fame)impliesy, > 0;

- H6(Seniority-*'Expert)impliesy, > 0;
- H7 (Longevity-*Brand)impliesy, > 0;
- H8(Talent-"Human)impliesy, > 0;

- H9 (Size- Human)impliesy, <0,

- H10(Seniority-'Fame)impliesyg > 0;
- H11 (Price-"Customer) impliesy;, <0,

- H12(Population-"Price)impliesy,, > 0;

Conversely, the structural part of our SEM model for model 2
requires the following changes:

Human =p,+y,Talent+y,Size+y,;Expert+¢,;
Expert =p,+y,Seniority+¢, ©)
Talent =p,+y;Expert+e,

So, the corresponding hypotheses can be mapped to the follow-
ing alternative expected signs for the coefficients:

- H1b (Expert-*Human) implies y; > 0;

- Hlc(Expert-'Talent)impliesy,; > 0;

In the equation system (2) (which is referred to as model 1), all
latent variables, except for Talent, are endogenous. This is be-
cause talent is considered a natural trait of chefs, something they
are born with, which is difficult to change in the short term.
In contrast, model 2 treats the variable Talent as a reflection
of the chef's self-evaluation, which means it can be influenced
by expert evaluation. Therefore, in model 2, the variable is no
longer exogenous. Both models share the same endogenous ob-
servable variable, Price.

Coefficients are estimated via maximum likelihood (ML).
Results are presented in tables and path diagrams.

4 | Empirical Analysis

We estimate the relationships of interest using the SEM ap-
proach detailed in the previous section. We show the results
of the structural part of the model in Table 4 and Figure 3 for
model 1 and in Table 5 and Figure 4 for model 2. The mod-
el's measurement section in Appendix C shows that all the la-
tent variables significantly impact the observable measures.
Figures 3 and 4 are path diagrams that represent the empirical
counterparts of Figures 1 and 2. While continued arrows in-
dicate significant relationships, dashed arrows indicate non-
significant relationships. All coefficients are standardized.
Standardized coefficients are transformed values derived
from the original coefficients to express relationships between
variables on a standardized scale. These coefficients, obtained
by dividing the original coefficients by the standard devia-
tion of the corresponding variable, facilitate the comparison
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TABLE 4 | Estimated coefficients of SEM structural equations of
model 1.

Variable Talent Size
Human 0.598%** —0.173*
(0.113) (0.092)
Human Seniority
Expert —0.09 0.343%%*
(0.139) (0.121)
Expert Longevity
Brand 0.552%%* 0.219
0.207) (0.136)
Expert Seniority
Fame 0.775%#* —0.192
(0.160) (0.180)
Expert Price
Customer 0.509** —0.291*
(0.215) (0.172)
Expert Population Controls
Price 0.447%%* 0.129 Yes
(0.121) (0.082)
N 108

Note: The table shows ML estimates of the structural part of an SEM model to
test Hypotheses 1a and 2-12. Robust standard errors are in parentheses. Values
are rounded to the third digit.

*p < 0.10.

**p < 0.05.

#HED < 0,01,

of relationship strengths across different variables within
the model.

The empirical results of model 1 support all our hypotheses, ex-
cept hypotheses Hla (the relationship Human-*Expert), H7
(Longevity-Brand), H10 (Seniority-*Fame), and H12
(Population—"Price). In model 2, we obtain similar results,
namely, all hypotheses, but H1b, Hlc, H10, and H12 are sup-
ported. In this formulation of the model, the relationship be-
tween price and customers' evaluation (H11) remains negative,
but it is slightly non-significant.

The post-estimation indicators evaluating the overall system
of equations and individual equations indicate a noteworthy
degree of explanatory efficacy for the endogenous variables
within the systems of both models. Specifically, the chosen
specifications explain a substantial part of the variance of the
latent variables in the two models. RMSEAs falling within an
acceptable range and the high coefficient of determination for
the two model specifications attests to a substantial explana-
tory capacity: they indicate significant associations between
observed and predicted values. Lastly, both systems adhere to
stability conditions.

Size
—0.173
Human
0.598
—0.090 Talent
-
Customer <——0.509 Expert <—0.343—— Seniority
—0.291 0.447 0.552 0.775 —0.192
7 l .
Price Brand Fame
A A
0.129 0.219
Population Longevity

FIGURE 3 | Estimated structural paths of model 1. Estimated struc-
tural paths of model 1. Solid lines indicates a statistically significant re-
lationship and dashed lines a non statistically significant relationship.
Coefficients reported over the arrow indicate standardized estimated
direct effects.

Table 4 and Figure 3 (for model 1) and Table 5 and Figure 4
(for model 2) show standardized direct effects. Direct effects
measure how much a change in a variable impacts a depen-
dent variable while keeping all other variables in the system
constant. Thus, they are partial effects. However, consider-
ing total effects could be very interesting when analyzing a
multivariate system of equations with more than one endoge-
nous variable. Total effects measure a change in a dependent
variable, allowing all variables in the system to vary. For ex-
ample, considering Figure 3, Expert has a direct effect on
Customer of 0.509. However, it also has an indirect effect
of —0.130 (Expert) through Price. The total effect is thus
the sum of the direct and indirect effects mediated by Price
—0.379 (0.509 — 0.130). Tables 6 and 7 show all the total effects
implicit in our system, for models 1 and 2, respectively. Notice
that also total effects are standardized to facilitate compari-
sons. The variables that influence the system the most in both
models through their direct and indirect effects are Expert,
Talent, Size,and Seniority.

Our findings reveal intriguing insights into the distinctive
features of fine-dining restaurants. Primarily, experts play
a pivotal role akin to a deus ex machina within this market.
This assertion is based on the relationships between their
quality assessments and various factors involving stake-
holders, such as chefs' renown, restaurant brands, customer
reviews, and food prices. While some of these associations
are not groundbreaking in empirical studies, our model con-
solidates and validates them, incorporating causality and
potential feedback loops. Consequently, this enhances the
reliability of prior findings. Further research on the central
role of experts is needed to understand the origins of this re-
sult. This could involve analyzing the degree of experts’ in-
dependence in their evaluations and determining whether an
unobservable central variable—such as the actual quality of
products and services—plays a dominant role in shaping their
judgments.?®
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TABLE 5 | Estimated coefficients of SEM structural equations of
model 2.

Variable Talent Size Expert
Human 0.620%*** —0.174** —0.103
(0.100) (0.087) (0.136)
Expert
Talent 0.017
(0.186)
Seniority
Expert 0.334%%*
(0.127)
Expert Longevity
Brand 0.565%** 0.225*
(0.206) (0.136)
Expert Seniority
Fame 0.781%** —0.194
(0.158) (0.178)
Expert Price
Customer 0.496** —0.281
(0.228) (0.181)
Expert Population Controls
Price 0.434%%* 0.128 Yes
(0.141) (0.083)
N 108

Note: The table shows ML estimates of the structural part of an SEM model to
test Hypotheses 1b, 1c, and 2-12. Robust standard errors are in parentheses.
Values are rounded to the third digit.

*p < 0.10.

#p < 0.05.

#HEp < 0,01,

Simultaneously, our analysis highlights that the role of experts
as the market's dei ex machina is predominantly observed on the
“supply side,” referring to restaurants functioning as firms pro-
viding high-quality food. This contrasts with its impact on the
“creative side,” which revolves around chefs as creative agents,
the entire creative process, and the significance of inputs. This
conclusion remains consistent regardless of the interpretation
assigned to variables like Human and Talent-derived from self-
evaluation responses in our survey. Whether considered as mea-
sures of actual human capital and talent or as self-evaluations
influenced by expert opinions, these variables consistently dis-
tinguish between the two facets of the market.

This intriguing outcome prompts further exploration, particularly
concerning the nature of experts' evaluations. Their assessments
may be more reflective of how restaurants produce the cultural
goods they serve rather than serving as a gauge of chefs' creative
prowess. While this insight adds depth to our understanding, addi-
tional investigations are warranted to grasp its implications fully.

Size
—0.174
Human
~
0.620
—0.103 Talent
L
0.017 "~
Customer <——0.496 Expert <— 0334 —— Seniority
~
—0.281 0.434 0.565 0.781 —0.194
/ \L \ .
Price Brand Fame
A
0.128 0.225
Population Longevity

FIGURE4 | Estimated structural paths of model 2. Estimated struc-
tural paths of model 2. Solid lines indicates a statistically significant
relationship and dashed lines a non statistically significant relationship.
Coefficients reported over the arrow indicate standardized estimated
direct effects.

The analysis of model 2 reveals an interesting observation: es-
tablished chefs in the Italian fine-dining sector appear to re-
main unaffected by expert evaluations when assessing their
own human capital and talent. This discovery, to the best of our
knowledge, introduces a new dimension to empirical investiga-
tions in the haute cuisine market.?

This outcome may be attributed to the chefs’ self-evaluation pro-
cess, which seems less susceptible to external influences such
as evaluations from guides or other experts. Alternatively, chefs
can accurately self-assess their talent and human capital. In
this scenario, their self-evaluations align closely with the actual
values of these attributes, making them unreceptive to external
evaluations.

The implications of these findings prompt further exploration
along this avenue. Additional investigations are warranted to
delve deeper into the dynamics of chefs' self-evaluation and its
potential impact on their perception of human capital and talent
within the context of the haute cuisine market.

5 | Conclusions

The fine-dining restaurant sector overlaps with other areas, such as
the food service and creative industry, and configures its products
as luxury and cultural goods with complex quality. Several insider
and outsider agents are active with different roles in this sector.
Among insiders, there are chefs and experts, and among outsiders,
the non-expert customers are the main ones. Understanding the
relationships between their evaluation of quality and their choices
is key to having a clear view of how this sector works.

In this paper, we empirically study how quality and price in this
sector interact with chefs’ characteristics and experts' evalua-
tion, also considering other agents' actions, such as the electronic
Word Of Mouth (eWOM) of non-expert consumers' evaluation
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TABLE 6 | Estimated total effects in structural equations for model 1.
“«— Human Expert Price Talent Size Seniority Longevity Population
Human 0.598%** —0.173*
Expert —0.090 —0.054 0.016 0.343%*
Brand —-0.050 0.552%** —-0.030 0.009 0.189** 0.219
Fame -0.070 0.775%* —0.042 0.012 0.074
Customer —0.034 0.379* -0.291 —0.020 0.006 0.130 —0.038
Price —0.040 0.447** —0.024 0.007 0.153** 0.129
i\lote: The table reports the standardized total effects of the structural part of model 1. Values are rounded to the third digit.
<005
Ep < 0.01.
TABLE 7 | Estimated total effects in structural equations for model 2.
“« Human Expert Price Talent Size Seniority Longevity  Population
Human —0.093 0.620%*** —0.174** -0.031
Expert 0.334%*
Brand 0.565%** 0.188** 0.225
Fame 0.781** 0.066
Customer 0.374 —0.281 0.125 —0.036
Price 0.434%* 0.145* 0.128

Note: The table reports the standardized total effects of the structural part of model 2. Values are rounded to the third digit.

*p < 0.10.
**p < 0.05.
***p < 0.01.

and geographical and socio-economic characteristics of the
places hosting the restaurants. This paper is the first attempt to
quantitatively measure these relationships in a complex frame-
work, using a methodology that allows for feedback among vari-
ables and can consider causality and reverse causality. We do
so by using Italian data on Michelin-starred restaurants, from
guides and surveys to starred chefs and other sources such as
digital platforms with consumer reviews. We build a structural
equations model to study the relationship between latent vari-
ables such as chefs' talent, fame, and human capital, restaurants’
brand and market longevity, and experts' evaluation, testing a
total of 14 hypotheses about relationships between them.

Experts act as dei ex machina in this sector, confirming the im-
portance of restaurants’ guides as gatekeepers. Their evaluation
influences prices, customers' evaluation, the chef's fame, and the
restaurant’s brand. We also measure the importance of chefs’ char-
acteristics in influencing these evaluations, with repercussions on
prices and customers' evaluations. Experts in the food industry
evaluate the sector in two parts: one focuses on the chef's creativity
and ingredient choices, while the other focuses on the restaurant
as a business. The evaluation process is more influenced by the
business aspect, and established chefs are not affected by experts’
evaluations. Further research is needed to confirm these findings.

While this result is limited to established chefs, an interest-
ing path for future research could investigate whether chefs

entering the fine dining sector may be susceptible to external
viewpoints, an intriguing aspect that remains unexplored in the
existing literature to the best of our knowledge.

An intriguing aspect of fine-dining cuisine is its complexity, both
in terms of quality and preparation. As the preparation becomes
more complex, it takes more time to cook the food. Investigating
how this affects the choices of consumers, similar to the research
conducted by Ekelund and Watson (1991) on fast food and ethnic
food, could be an interesting avenue for future research.

The study offers a detailed and nuanced perspective on the po-
tential paths for the fine-dining market. This information can be
useful for stakeholders such as chefs and guides who are interested
in quality assessment and improvement. The existing paradigm in
this market is similar to an advertising market, where guides hold
a prominent position. This paradigm suggests that restaurants can
benefit from understanding and emulating the strategies of higher-
quality ones. However, an alternative paradigm could propose a
shift towards more established review methods, such as the sci-
entific publication reviewing system based on blind peer review.
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Endnotes

!In 2019, fine dining was estimated to account for $476.74 billion
and growing by 4.4% over the same period. Italian cuisine was
worth €236 billion in 2019, representing 18% of the global full-
service restaurant market and growing by 6.3% (Deloitte 2021).
See Appendix B.1 for additional stylized facts about the fine dining
industry.

2 Chen and Peng (2018) suggested that the symbolic value of luxury
goods such as haute cuisine restaurants is one of the main reasons
why consumers purchase these goods, and they found that consum-
ers' perceptions of the symbolic value of luxury restaurants positively
affect their preferences towards luxury restaurants, in line with
Bourdieu's idea of distinction (Bourdieu 1984).

3 Henderson (2011) defined a celebrity chef as “someone with a profes-
sional background who enjoys a certain element of recognition do-
mestically and possibly globally, unconfined to the world of expensive
restaurants.” As a result of their “celebrification,” some of the most
famous chefs became holders of a (human) brand, that is, their names
(Giousmpasoglou et al. 2019), which can have an impact not only in
influencing food cultures and consumption practices but also public
policy (Phillipov and Gale 2020).

4For a general investigation of the evolution of restaurant research
over the past decades, see Rejeb et al. (2023).

5 According to Barrére et al. (2012), food is the culinary common,
with recipes and ways of using natural resources that can be seen as
shared resources. However, some foods are protected by designation
(such as Protected Designation of Origin in the EU) that identifies
their creation process, area of origin, and ingredients.

¢ Fine-dining restaurants are at the crossroad between creative and food
service industries (Piano 2021), so one has to consider that the chefs
are comparable to artists (Paris and Leroy 2014), as happens in the art
market (Rosen 1981; Adler 1985) where many scholars have studied the
relationship between artists' brand and their fame and talent (Candela
et al. 2016; Angelini and Castellani 2019; Angelini et al. 2023).

7The fine-dining experts can process the information correctly as
they accumulated enough educational capital to be capable of
reading the complexity of fine dining quality and can spread in-
formation about their evaluation, similar to what is observed in the
art market, where art experts play a crucial role in disseminating
information about artworks and in shaping artists’ reputation, to-
gether with prizes and awards (Ginsburgh 2003; Wijnberg 2003;
Frey and Gallus 2017).

8 Clarke et al. (2016) report a pilot study of how celebrity chefs have ad-
opted and implemented social media, especially Pinterest, using the
diffusion of innovations as a theoretical framework. They find that
all the top 48 chefs adopted Facebook, followed closely by 47 chefs
adopting Twitter and just 17 adopting Pinterest.

9 In the economics of movies, several studies have examined the effect
of user reviews relative to expert reviews on movie-looking decisions,
showing that experts tend to be more critical but more consistent in
their reviews than users but experts' reviews, even if there is no evi-
dence that ratings of the most famous movie review aggregator affect
box office performance (Basuroy et al. 2020; Nishijima et al. 2022).
For a survey about the economics of the motion picture industry, see
McKenzie (2023).

101n literature, there are many case studies on the most famous inter-
national chefs such as Ferran Adria (Svejenova et al. 2007; Svejenova
et al. 2010; Opazo 2012), Gordon Ramsay (Jones 2009), and René
Redzepi (Messeni Petruzzelli and Savino 2014). Other case studies
focused on Italian-starred chefs such as Moreno Cedroni and Davide
Scabin (Slavich et al. 2014), Niko Romito (Presenza and Messeni

Petruzzelli 2019a; 2019b), and Italian restaurants awarded with three
Michelin stars such as Al Sorriso, Dal Pescatore, Le Calandre, La
Pergola, and Da Vittorio (Messeni Petruzzelli and Savino 2015). Within
this framework, Goodsir et al. (2014) focus on the critical perspective
of Peter Calder, one of New Zealand's most well-known restaurant re-
viewers, to understand the importance of restaurant critics.

11 Appendix A describes the guides covering Italian restaurants that we
will use in our empirical analysis.

12.0n a side note, Gergaud et al. (2020) point out that human capital is
partially transferable between mentors and their apprentices.

13 See Angelini et al. (2023) for several definitions of artists' talent,
which can be applied to chefs too.

14 All the chefs we analyze in this paper can be considered established
chefs since they all received at least 1 Michelin star between 2010 and
2019.

15 Such a hypothesis has been investigated and partially confirmed
within the academic world (Bosch and Wilbert 2023).

16 Indeed, from 2010, haute cuisine has been recognized as a creative
and cultural industry (Abbate et al. 2019). However, only French gas-
tronomic meals are part of the UNESCO Representative List of the
Intangible Cultural Heritage of Humanity.

17 Note that if larger markets would allow larger investments in the
human capital of head chefs and if the fixed cost of the human capital
dominated the impact of the marginal costs, we could see the frag-
mentation in restaurants decreases as their markets size increases
(Berry and Waldfogel 2010).

18 See Table 1a in Angelini et al. (2023).

19 Rationing by waiting lists is alternative to equilibrium prices for de-
mand rationing (Oberholzer-Gee 2006).

20 See Appendix B.3 for further information about the questionnaire
design.

21 Piano (2021) shows that quality, measured by the number of Michelin
stars, pairs with higher levels of chef ownership.

221t is worth noting that this measure could potentially reflect the im-
pact of television on fame, as certain programs like MasterChef,
which feature renowned chefs as hosts, are frequently covered by
various websites and blogs. To the best of our knowledge, there
have been no studies conducted on the role of TV show exposure
on fame. However, we do recognize other analyses that have ex-
plored the impact of tense situations in these programs, where
performance may be influenced by fear of failure (Chong and
Chong 2023) or the existence of racial bias in participant evalua-
tions (Chong and Chong 2022).

23 Various software packages are commonly utilized for SEM estima-
tion, with popular options including LISREL, R, and Stata (our pre-
ferred software).

24 Notice that the measurement part is the same for the two models.
25 We thank an anonymous reviewer for this suggestion.

26 We are indebted to an anonymous referee for suggesting to investi-
gate possible feedback going from experts’ evaluation to chefs’ self-
evaluation of talent and human capital.

27 Several features made the Michelin guide a signal of reliable and
trustworthy advice. Despite its prominent role among gastronomic
guides, the Michelin guide has been criticized in several aspects. See
Lane (2013).

28 In our analysis, we standardized the pre-2017 toques in the range of
0-5 to make the two periods' evaluations comparable.

29 In our sample, only three chefs appear in six restaurants since we
have considered the possibility of a chef changing a restaurant during
the period. Note that we collected the latest evaluations of the guides
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published in 2019 for 2018, that is, the latest evaluations available in
2011-2019 for restaurants that have changed chefs or ceased to oper-
ate in that period.

30 The questionnaire is available on request from the authors.
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Appendix A
The Italian Guides

In this section, we present the guides we used in our dataset.

Michelin

Michelin guide is based on the famous Red Stars and is the most im-
portant guide in the world, covering over 15 European countries with
the same restaurant ranking system. Since the 2000s, Michelin has ex-
panded outside Europe, publishing guides for the United States, Japan,
and other Asian countries. Michelin's quality ranking system is orga-
nized along several attributes, such as cuisine quality and comfort.
Regarding cuisine quality, Michelin's ranking is based on the quality of
the ingredients, mastery in controlling flavors and cooking techniques,
chef's personality and creativity, cooking regularity, and consistency in
the various tests. This ranking ranges from no star to three stars. One
star indicates very good restaurants in their categories, a two-star rating
means an excellent-cooking restaurant worth a detour, and a three-star
rating means an exceptional cuisine worth a special journey. In addition
to the star ranking system, the Michelin Guide also reviews restaurants
that did not obtain a star but are worth visiting because of the quality of
their food through the use of two symbols: the Big Gourmand and the

Plate. Recently, Michelin has introduced the Green Star as an annual
award highlighting restaurants at the forefront of the industry regard-
ing their sustainable practices.?’

Espresso's Ristoranti d'Ttalia

Ristoranti d'Ttalia by LEspresso is a guide founded in December 1978 by
Federico Umberto d’Amato and then directed by the gastronomic jour-
nalists Edoardo Raspelli and Enzo Vizzari. LEspresso's Ristoranti d'Ita-
lia follows the evaluation method of the French guide Gault & Millau.
Over 2000 restaurants, trattorias, and inns have been judged and voted
on by the inspectors of this guide. Still, only 800 top restaurants are
awarded the “toques,” the symbol representing the level of quality, rang-
ing from 0 to 4 up to 2017. As for the evaluation before 2017, the maxi-
mum score was 20, and the best restaurants, reaching a score from 19
to 20, were awarded four toques. Three torques were assigned to the
restaurants with a score of 17 or 18, two torques to those with 15 or 16
points, and one torque to those with 13 or 14 points. Restaurants above
10/20 were awarded a “good cuisine” badge but no toques. Therefore,
the minimum score to enter the guide was 10/20. The threshold of excel-
lence was 13/20 for those restaurants that offered excellent cuisine but
lacked great inventions. Above 15 points, restaurants offered innovative
cuisine, while above 17 points, there were only great restaurants. From
19 points, we have only the best restaurants with leaders and master
chefs. In October 2007, Enzo Vizzari published a decalogue for the new
Italian cuisine with the criteria that the guide would have followed to
evaluate the quality of the restaurants. In 2017, the guide introduced the
five toques as the highest restaurant rating, abolishing the score out of
20. Starting from the 40th edition of the guide, the Golden toques were
awarded to the restaurants that have made the history of Italian gas-
tronomy in recent years.?8

Gambero Rosso Ristoranti d'Italia

Gambero Rosso Ristoranti d'Italia is a guide started in November 1990
thanks to the gastronomic experts Francesco Arrigoni, Stefano Bonilli,
and Daniele Cernilli. Since the first year of publication, a complex eval-
uation system was introduced, consisting of the inspectors’ evaluation
of the cooking quality and other restaurants’ features, such as the cellar,
the service, and the environment. These latter features were not eval-
uated in other guides before. The greatest weight was assigned to the
kitchen (up to 60 points), while up to 20 points were assigned to the
cellar, up to 10 to the service, and up to 10 to the environment. In some
cases, an extra score was added to the evaluation limit. This bonus was
an index of pleasantness assigned to various factors (such as the owner's
kindness, the place's extreme pleasantness, and the overall atmosphere)
whose value could vary from 1 to 5 points. The best restaurants were
distinguished by one, two, or three forks, depending on the degree of ex-
cellence: 70 points were the minimum threshold for obtaining a fork, 80
points to get the second fork, and 90 points were needed to get the third
fork. In 1991, only around a thousand restaurants passed the inspectors'’
examination, while nowadays, there are almost 2500 venues reviewed.
Since 2013, the guide has also rewarded breweries, ethnic restaurants,
wine bars, and trattorias with ratings ranging from one to three jugs,
globes, bottles, and prawns, respectively.

Appendix B
Data and Questionnaires

This section presents some stylized facts on the Italian fine dining sec-
tor, the data sources, and the questionnaire design.

B.1 | Stylized Facts About the Fine Dining Sector

In 2016, Feruzzi (2017) estimated the economic value of a starred chef
for Italian restaurants, considering both the economic externalities lo-
cally generated in Italy and restaurant revenues. From the first point
of view, about 6318 customers visited a starred restaurant in 2016, of
which 1015 were foreign customers and 870 were Italian guests staying
at least one night in the destination of the restaurant. Being the aver-
age overnight, equal to 1.2 and 1.7 for foreign and Italian customers,
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each starred restaurant generated about 2770 overnight stays in its des-
tination. As regards the restaurant revenues for the main restaurant
business (excluding the catering and banqueting), the average expen-
diture of a customer in these restaurants was equal to 112.00 euros for
restaurants with one star, 178.00 euros for restaurants with two stars,
and 243.80 euros for restaurants with three stars. The average revenues
of the three groups of restaurants were 708,247.80 euros, 1,124,604.00
euros, and 1,540,328.00 euros, respectively. In 2016, the total revenues
of 334 starred restaurants in Italy were 259 million Euros. The total
expenditure of tourists visiting a starred restaurant during their trips
was 282 million euros. The value brand for a destination hosting a
three-starred restaurant with a famous chef was between 76 and 214
million Euros. The value brand for a destination hosting a two-starred
restaurant with an emerging chef has been estimated between 7 and 32
million euros. The value brand for a destination hosting a one-starred
restaurant with a rising chef has been estimated between 3 and 12 mil-
lion euros. Finally, obtaining the first star is worth about 212,000 euros
for a restaurant without a star, with an increase in turnover of 53.2%,
while the increase in turnover for the second and third star would be
18.7% and 25.6%, respectively.

B.2 | Data Sources

Our information comes from three Italian restaurant guides (Michelin
Italy, Gambero Rosso Restaurants, and Ristoranti d'Italia L'Espresso),
from three websites of customers' reviews (Facebook, Google, and
Tripadvisor), from restaurants, chefs’ websites, and restaurants and
chefs' memberships (Relais & ChA%teaux: Boutique hotels and gourmet
restaurants, JRE-Jeunes Restaurateurs, AIAG - Associazione Italiana
Ambasciatori del Gusto, CHIC - Charming Italian Chef, Le Soste). We
build our dataset with personal information about chefs on the web,
such as biographies and interviews (Identitagolose.it, Alimentipedia.
it, Dissapore.com, scattidigusto.it, reportergourmet.com, etc.).
Furthermore, in 2019, we surveyed by administering a questionnaire
to a sample of over 100 chefs, and we collected data by Google search
on the names of chefs and restaurants to estimate their digital exposure
(Garcia-del-Barrio and Pujol 2007; Candela et al. 2016; Angelini et al.
2023). In particular, we selected 107 top chefs working in 108 starred
restaurants reviewed by expert guides and users of social media.?’ To
complete our dataset, we also collected data from ISTAT (e.g., tourist
arrivals and inhabitants per Italian province in 2011-2019).

In 2019, Italian restaurants with three stars were 10, those with two
stars were 39, and those with one star were 318, while in our sample, we
have two restaurants with three stars, 22 with two stars, and 84 with
one star. Regarding the distribution of starred restaurants in the Italian
territory, in 2019, they were located in all 20 Italian regions. Following
the Nomenclature of Territorial Units for Statistics (NUTS), we aggre-
gated all Italian regions in 5 macroregions following NUTS 1 level, so
in North West (NW), there were 113 restaurants, in North East (NE),
there were 96 restaurants, in Center-Center (CC), there were 72 restau-
rants, in South-South (SS), there were 61 restaurants, and in Insular
(IN), there were 19 restaurants. In our sample, only 17 regions are repre-
sented (small regions such as Valle d'Aosta, Umbria, and Basilicata are
excluded). The distribution of the starred restaurants over the five mac-
roregions is the following: 28 restaurants in NW, 28 restaurants in NE,
25 restaurants in CC, 18 restaurants in SS, and eight restaurants in IN.

B.3 | Questionnaire Design

Through the administration of our questionnaire, we wanted to find
out the skills and competencies of the chefs as well as the chefs’ inten-
tions and motivations using a comparative self-assessment process.
Furthermore, we aimed to extract the chefs' choices, such as chefs' edu-
cation and experiences (Balazs 2002; Zopiatis 2010; Allen and Mac Con
Tomaire 2017). The final objective of the questionnaire was to identify
valuable measures to reconstruct the chefs' creative talent and human
capital. For this reason, the questionnaire was divided into three sec-
tions. In the first section, we asked the chefs to self-evaluate their cre-
ative talent compared to the other starred chefs along four dimensions:

innovation, mutation, adaptation, and imitation. Thanks to their an-
swers, we have constructed measures of a chef's talent as self-assessed
creativity.

The second section of the questionnaire was dedicated to self-evaluating
the chef's technical (culinary-specific) competencies, interpersonal and
communication skills, and professional capacity compared to the other
starred chefs. This part of the survey was aimed at building measures of
a chef's human capital as self-assessed knowledge.

The third section collected some general information about the chefs'
education, training, and job experiences to check the reliability of public
information.

Direct interviews with a representative sample of 108 Italian-starred
chefs were conducted in the autumn-winter and spring-summer seasons
of 2019. We interviewed the chefs using computer-assisted telephone in-
terviewing (CATI), so the interviewer could educate the respondents on
the importance of timely and accurate data, following a script provided
by a software application. In addition, the interviewer annotated the
degree of comprehension, interest, and facility in answering questions
(the level of comprehension and interest was high, and the answers were
easy enough). Each interview took an average of 15 min.3°

Appendix C

Additional Tables

Table Al reports the measurement part of the model, as in Equation (1),
estimated under the hypotheses of model 1. Table A2 reports the same
measurement part of the model, estimated under the hypotheses of
model 2.
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TABLE A1l | Estimated coefficients of the SEM measurement

equations in model 1.

Measure Constant Human
Operations 6.1927%%* 0.853*+*
(0.734) (0.043)
Techniques 5.694%%* 0.798***
(0.695) (0.055)
Recipes 5.492%%% 0.653*+*
(0.571) (0.069)
Ingredients 5.797%%* 0.746%**
(0.659) (0.052)
Measure Constant Talent
Innovations 4.496%*** 0.538%+*
(0.234) (0.101)
Adaptation 4.397%* 0.707***
(0.293) (0.084)
Mutation 4.156%* 0.874%**
(0.402) (0.069)
Measure Constant Fame
Googleclick 5.771%%* 0.584%**
(0.952) (0.141)
Membership 0.547 0.598%**
(1.039) (0.175)
Measure Constant Brand
Review 8.421%+* 0.463%+*
(1.055) (0.155)
Googlehit 3.104%** 0.623%%*
(0.523) (0.162)
Measure Constant Expert
Stars 0.345 0.7027%**
(0.941) (0.113)
Forks 3.262%%* 0.403%**
(0.826) (0.134)
Toques 0.194 0.605%**
(0.670) (0.110)
Measure Constant Customer
Triprate 19.350%** 0.465%*
(1.798) (0.161)
Facerate 28.371%** 0.465%+*
(3.952) (0.158)
(Continues)

TABLE A1 | (Continued)

Measure Constant Customer
Googlerate 22.361%** 0 .567***
(2.532) (0.163)

Note: The table shows ML estimates of the measurement part of an SEM model
to test the hypotheses of model 1. Robust standard errors are in parentheses.
Values are rounded to the third digit.

*p < 0.10.

#p < 0.05.

D < 0,01,
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TABLE A2 | Estimated coefficients of the SEM measurement TABLE A2 | (Continued)
equations in model 2.

Measure Constant Customer
Measure Constant fuman Googlerate 22,363 0.568%+
Operations 6.394%** 0.851%** (2.544) (0.164)
(0'715) (0'044) Note: The table shows ML estimates of the measurement part of an SEM model
rechniques 5895 05007+
(0.692) (0.054) :fp<<061.8'5.
Recipes 5,667+ 0.659%#+ P < 00L
(0.566) (0.067)
Ingredients 5.988*** 0.750%**
(0.661) (0.051)
Measure Constant Talent
Innovation 4.470%F* 0.539%**
(0.367) (0.102)
Adaptation 43574 0.714%**
(0.531) (0.076)
Mutation 4.475%* 0.857%**
(0.675) (0.074)
Measure Constant Fame
Googleclick 5.866%** 0.598*+*
(0.968) (0.164)
Membership 0.657 0.584%*
(1.017) (0.190)
Measure Constant Brand
Review 8.445%* 0.466***
(0.999) (0.151)
Googlehit 3.156%** 0.618%*
(0.495) (0.158)
Measure Constant Expert
Stars 0.531 0.6971%**
(0.991) (0.134)
Forks 3.334%%x 0.409%**
(0.836) (0.131)
Toques 0.290 0.619%**
(0.626) (0.126)
Measure Constant Customer
Triprate 19.346%** 0.464%*
(1.819) (0.161)
Facerate 28.366%** 0.474%%*
(3.939) (0.157)
(Continues)
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